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Abstract
THINK TWICE BEFORE YOU POST: THE IMPACT OF ONLINE SELF-PRESENTATION
ON THE SELF-CONCEPT
by

Guido Lang

Advisor: Marios Koufaris, PhD

The present work investigates the impact of online self-presentation on the self-concept. Online
self-presentation is the goal-directed activity of publishing information on the Internet in order to
influence the impressions formed by an online community about oneself. Web-based
applications such as personal homepages, blogs, and social network sites facilitate online self-
presentation. Prior studies found that the content of one’s online self-presentation is influenced
by various internal and external demands. Moreover, research has shown that self-presentation in
non-mediated, face-to-face environments, can change one’s self-concept. In this context, the
present work addresses the following questions: How does the way one presents oneself online
affect one’s self-concept? Under what circumstances is a person’s online self-presentation likely
to lead to a self-concept change? What are the potential consequences of an altered self-concept?
I develop a theoretical model based on self-identification theory, which suggests that self-
presentation impacts the self-concept through a process of inference and spreading memory
activation. I propose that the impact of online self-presentation on the self-concept is moderated
by system factors (i.e. visibility, identifiability, and restrictiveness), online community factors
(i.e. size and importance), and user factors (i.e. self-monitoring and self-concept clarity). In three

sequential experiments (total N = 969), I test the proposed relationships by inducing participants

v



to present themselves online as a risk-seeker while manipulating system and online community
factors. Subsequently, I measure participants’ risk self-concept using self-report, behavioral, and
social perception measures. Results suggest that online self-presentation can change one’s
domain-specific self-concept — an outcome referred to as carryover effect — if people are led to
recall and share specific memories relating to a particular content domain. Moreover, I found that
system, online community, and user factors do not significantly influence the carryover effect.
Lastly, my findings suggest that the self-concept has domain-specific consequences for one’s
behavior as well as for one’s social perception. However, these consequences are greatly
influenced by the characteristics of a given sample. Given the nascent stream of research on
online self-presentation, the present work makes significant theoretical and practical

contributions while opening multiple avenues for future research.
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Introduction

Personal homepages, blogs, social network sites, and other forms of social media are
technologies that facilitate online self-presentation. I use the term online self-presentation to
refer to the goal-directed activity of publishing information on the Internet in order to influence
the impressions formed by an online community about oneself (based on Schlenker, 2003). In the
early days of the Internet, solid knowledge of hypertext markup language (HTML) was required
to create and maintain a personal homepage. Now, using such services as Wordpress, Tumblr,
Twitter, or Facebook, anyone can begin to present himself' online, within a matter of minutes
and with limited computer skills. The significantly lowered barrier to entry spurred a tremendous
growth in social media usage over the last few years. Social media are web-based applications
that allow users to share and discuss information (Cortizo, Carrero, & Gémez, 2011).
Information in social media is often textual in nature, but can also include various forms of
multimedia such as photo, video, or audio. Examples of popular social media include blogs
(Blogger, Wordpress, Tumblr), microblogs (Twitter), social network sites (Facebook, LinkedIn),
as well as photo (Flickr) and video sharing sites (YouTube). As of the writing of this work,
nearly two thirds of Internet users worldwide use some form of social media (McCafferty, 2011).

The way we present ourselves online is not always an accurate representation of who we
really are. As previous research has shown, people tend to share information about themselves
online that highlights or exaggerates positive aspects, such as their professional
accomplishments, while downplaying or altogether omitting negative sides (Ellison, Heino, &

Gibbs, 2006; Jung, Youn, & McClung, 2007; Papacharissi, 2002; Turkle, 1995). This behavior is

! For the sake of brevity, I use the male pronoun throughout the paper to refer to either men or

women.



not surprising, given that self-presentation in traditional face-to-face environments is often
motivated by the desire to create a favored identity image in the eyes of others (Schlenker, 1980,
2003; Schlenker & Weigold, 1989). Moreover, adolescents have been found to engage in online
self-presentation for the purpose of exploring new identities and developing their ideal self
(Boyd, 2008; Ito et al., 2009; Stern, 2008). Due to their computer-mediated nature, web-based
applications allow individuals to present themselves in a number of different ways. Online, the
technical capabilities of the system expand and at the same time limit the users’ ability to present
themselves — through forms of text, photo, video, and audio (Walther, 1996, 2007). In addition,
companies are increasing their spending on social media marketing campaigns, which aim to
encourage people integrating a brand or advertising message into their online self-presentation
(Edelman, 2010). As a result, the content of peoples’ online self-presentation is subject to a
growing number of external influences.

Moreover, on the Internet, due to its ability to enable computer-mediated communication
on a global scale, traditional notions of anonymity and audience change. Whereas it used to be
the case that most of the interaction on the Internet was anonymous (e.g. on Usenet or Bulletin-
Board Systems), the advent of social media has led to an increased reliance on identified
communication. Through profiles on online social networks, such as Facebook or Twitter, people
can communicate with anyone in a way that is fully identified, as it includes one’s real name,
photos, and connections to one’s social network. As a result, the notion of anonymity on the
Internet is changing. As poignantly summarized in a now classic cartoon of a dog using a
computer in 1993, it used to be that case that “on the Internet, nobody knows you’re a dog”

(Steiner, 1993). In the age of identified communication and social media, this is no longer the



case. Thus, one of the goals of the present work is to better understand people’s sense of being
identified while communicating on the Internet.

The content of one’s online self-presentation has potential consequences for the
presenter. A number of studies in social psychology found that the content of one’s self-
presentation in a face-to-face environment shapes one’s self-concept, or how one sees oneself
(Kelly & Rodriguez, 2006; McKillop, Berzonsky, & Schlenker, 1992; Rhodewalt &
Augustsdottir, 1986; Schlenker, Dlugolecki, & Doherty, 1994; Tice, 1992). Specifically, it was
found that after presenting oneself with a certain trait in an interview (e.g. as extraverted), people
subsequently shift their self-concept in the same direction (e.g. they see themselves as more
extraverted). The impact of self-presentation on the self-concept has been referred to as the
“carryover effect” (Jones, Rhodewalt, Berglas, & Skelton, 1981). A study in social psychology
replicated the carryover effect in a computer-mediated environment (Gonzales & Hancock,
2008). The authors found that after inducing subjects to present themselves as extravert or
introvert in a public blog post, they subsequently changed their self-concept to be more in line
with their online self-presentation. Since the self-concept exerts a powerful regulatory force on
behavior and perception, understanding changes in the self-concept is both theoretically and
practically important. Inspired by the seminal work on the carryover effect, the present work
aims to address the following research questions: (1) How does the way one presents oneself
online affect one’s self-concept? (2) Under what circumstances is a person’s online self-
presentation likely to lead to a self-concept change? (3) What are the potential consequences of
an altered self-concept?

To address the above questions, I draw from social psychology literature, specifically

self-identification theory (Schlenker, 1982, 1985, 1986; Schlenker & Weigold, 1989). Self-



identification theory suggests that self-presentation influences the self-concept through a process
of inference and spreading memory activation, the outcome of which is referred to as the
carryover effect. Moreover, self-identification theory proposes that the strength of the carryover
effect depends on factors related to the situation, audience, and person of the self-presentation.
However, self-identification theory does not make any specific predictions as to if and how
certain situation, audience, or person factors moderate the carryover effect in a given
environment. As a remedy, I propose to extend self-identification theory with public
commitment theory (Kiesler, 1971), psychological ownership (Pierce, Kostova, & Dirks, 2003),
and social impact theory (Latané, 1981). Together, these theoretical perspectives allow me to
hypothesize how online self-presentation impacts the self-concept and how specific factors
related to the system, online community, and user moderate this effect. Specifically, I propose
that visibility, identifiability, restrictiveness, online community size, online community
importance, self-monitoring, and self-concept clarity moderate the impact of online self-
presentation on the self-concept. I test the proposed relationships in three sequential
experimental studies (total N = 969). In contrast to prior work in social psychology, which
focused on the malleability of extraversion and introversion, I focus on the manipulation of the
risk self-concept. I induce subjects to present themselves online as a risk-seeker under varying
system and online community conditions. Subsequently, I assess subjects’ risk self-concept using
direct self-report and indirect behavioral and social perception measures.

My findings suggest that online self-presentation can lead to changes in one’s domain-
specific self-concept. However, such changes only occur if people are led to recall and share
specific memories relating to a particular content domain. The key is to activate unique

memories, which are likely to trigger the spreading memory activation process underlying the



carryover effect. Moreover, I find that system, online community, and user factors do not exert a
significant influence on the carryover effect. Furthermore, my results suggest that the self-
concept has domain-specific consequences for one’s behavior as well as for one’s social
perception. However, these consequences are highly domain-specific and are subject to
influences by the characteristics of a given sample.

This study makes several important theoretical contributions to the field of information
systems and beyond. It applies and extends a novel theoretical framework, self-identification
theory (Schlenker, 1982, 1985, 1986; Schlenker & Weigold, 1989), to explain the significant
consequences of an online behavior that millions of people engage in on a daily basis. Thus, it
introduces a novel theory to a nascent stream of research on online self-presentation. In addition,
it extends and tests self-identification theory in the context of online self-presentation. Moreover,
it integrates public commitment theory (Kiesler, 1971), psychological ownership theory (Pierce,
Kostova, & Dirks, 2003), and social impact theory (Latané, 1981) with self-identification theory
to predict specific system, online community, and user factors that are particularly relevant in the
context of online self-presentation. In addition, it advances our understanding of the malleability
of the risk self-concept. Lastly, it lends empirical support to prior research extending the theory
of planned behavior (Ajzen, 1985, 1991) with measures of the self-concept (Fekadu & Kraft,
2001; Hagger & Chatzisarantis, 2006; J. R. Smith et al., 2007; Sparks & Guthrie, 1998;
Thorbjernsen, Pedersen, & Nysveen, 2007).

Furthermore, this study has important implications for practitioners. It suggests that brand
marketing should focus on connecting with consumers through shared memories. The recall of
memories is a powerful method to influence one’s self-concept. Thus, online marketing

campaigns might be geared towards having consumers relive past positive experiences with a



brand. Such activities are likely to have a significant impact on the consumers’ self-concept, as
well as subsequent behavior and social perception. Moreover, this study suggests that the
Internet is largely perceived to be public and anonymous. Thus, companies aiming to create a
sense of privacy have to engage in considerable amounts of consumer education in order to
convince consumers that their behavior truly is private. In addition, companies aiming to create a
sense of being identified online should integrate additional measures, such as third-party
authentication through online social networks (e.g. Facebook, Twitter, Google+), in addition to
simple identification through name and email address. My findings also suggest that audience
perception is severely limited online. Specifically, people do not differentiate audience sizes well
online, especially when they are just informed about the audience size in writing. Therefore, [
suggest using additional visual cues to influence perceptions of audience size online. Lastly, this
work suggests personalizing online experiences by gender. In three experiments, I found
consistent differences among gender with regards to risk self-concepts. Given that risk and other
traits seem to differ systematically by gender, it is surprising that not more e-retailers offer
simple, gender-based personalization options on their websites.

The discipline of information systems is well positioned to conduct research on online
self-presentation. Given the importance of the information technology artifact in this context
(Orlikowski & Tacono, 2001), as well as the overwhelming engagement in online self-
presentation on a global scale, it is surprising that researchers in information systems have not
yet investigated the potential consequences of online self-presentation. In fact, the present work
addresses a recent call for research in information systems, which suggests that “research in

information systems needs to evolve to encompass new theories and methodologies that can



address questions posed by social computing, which extends the scope of usage of information
and computing tools to the realm of social endeavor” (Parameswaran & Whinston, 2007, p. 337).
The remainder of this paper is structured as follows. First, prior work on online self-
presentation is reviewed. Then, the research model and hypotheses based on self-identification
theory and its proposed extension with public commitment theory, psychological ownership
theory, and social impact theory are developed. Subsequently, the methods, results, and
discussion of the three experimental studies are presented. Finally, the paper closes with a

general discussion of its findings, limitations and opportunities for future research.



Prior Research on Online Self-Presentation

Based on Schlenker’s (2003) original definition of self-presentation, I use the term online
self-presentation to refer to the goal-directed activity of publishing information on the Internet in
order to influence the impressions formed by an online community about oneself. It is evident
from this definition, that controlled act of publishing information on the Internet is central to the
activity of online self-presentation. Facebook’s “News Feed” controversy in 2006 nicely
illustrates the importance of online self-presentation for the social network site’s millions of
users (for a description of the controversy, see Boyd & Hargittai, 2010; Debatin, Lovejoy, Horn,
& Hughes, 2009). The “News Feed” was a new feature introduced by Facebook in 2006, which
automatically broadcasts users’ actions (including profile changes and application-specific
activities) to their network of friends. Although this information had previously been accessible
on each individual user’s profile page, the “News Feed” actively publishes it, thus rendering the
information more visible to the online community. Since users had no control over if and how
their online self-presentation was published in the “News Feed,” a significant backlash quickly
ensued.

Despite the technical shortcomings of certain social media applications and the overall
reduction in media richness and social presence immanent in computer-mediated communication
(Daft & Lengel, 1986; Short, Williams, & Christie, 1976), a growing amount of research in
information systems and related disciplines shows that people use the Internet in general, and
social media in particular, to engage in online self-presentation (DeAndrea & Walther, 2011;
DeAndrea, Shaw, & Levine, 2010; Gibbs, Ellison, & Heino, 2006; Jung, Youn, & McClung,
2007; H. Kim & Papacharissi, 2003; J. Kim & Lee, 2011; Marwick & Boyd, 2010; Mehdizadeh,

2010; Papacharissi, 2002; Raban, 2009; Schau & Jensen, 2003; Toma & Hancock, 2010). Prior



work in this realm can be categorized as focusing either on the antecedents, strategies, or
consequences of online self-presentation.

Among the first investigations of online self-presentation were studies focusing on self-
presentation strategies in personal homepages (Papacharissi, 2002; Schau & Jensen, 2003). Their
findings suggest that individuals use a variety of design tools to strategically present themselves
and “‘stage an online performance through which the individual’s personality or aspects of it were
revealed” (Papacharissi, 2002, p. 654). Subsequent research focused on the identification of
antecedents to online self-presentation strategies. Findings highlight the importance of motives
(e.g. entertainment, self-expression, professional advancement, see Jung et al., 2007), cultural
backgrounds (DeAndrea et al., 2010; H. Kim & Papacharissi, 2003), physical attributes (Toma &
Hancock, 2010), personality traits (Mehdizadeh, 2010), and imagined audiences (Marwick &
Boyd, 2010) for the choice of a particular online self-presentation strategy. Additional research
focused on the potential consequences of online self-presentation. Results of these studies
indicate the importance of online self-presentation for subjective well-being (Kim & Lee, 2011),
knowledge contribution to online communities (Ma & Agarwal, 2007; Raban, 2009), and online
dating success (Gibbs et al., 2006). Furthermore, a recent study revealed the detrimental
consequences of inconsistencies between the contents of online and offline self-presentations on
trust towards friends and acquaintances (DeAndrea & Walther, 2011).

In line with research in information systems on the consequences of online self-
presentation and highly relevant to the present work is a study in social psychology by Gonzales
and Hancock (2008), which investigates the impact of computer-mediated self-presentation on
the self-concept. The authors compared the impact of self-presentation in a public and identified

blog post vis-a-vis self-presentation in a private and anonymous Word document on the self-



concept. Subjects were randomly assigned to present themselves as extravert (introvert) in a
public and identified blog post or a private and anonymous Word document. Subsequently, a
self-report measure evaluated subjects’ level of extraversion. Interestingly, subjects in the public
and identified blog post condition later rated themselves as more (less) extravert than subjects in
the private and anonymous Word document condition. Unfortunately, the authors confounded
the medium (blog vs. Word document), the visibility of the online self-presentation (public vs.
private), and the anonymity of the user (anonymous vs. identified). The present study partially
aims to address these shortcomings and expand the seminal research by Gonzales and Hancock
(2008).

To gain a richer understanding of how online self-presentation impacts the self-concept
and which potential consequences might arise out of a self-concept change, I draw from self-
identification theory (Schlenker, 1982, 1985, 1986; Schlenker & Weigold, 1989). Moreover, to
understand under what circumstances online self-presentation is likely to lead to a self-concept
change, I extend self-identification theory with theories of public commitment, psychological
ownership, and social impact. The following section introduces, expands, and applies self-

identification theory to the context of online self-presentation.
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Self-Identification Theory

Self-identification theory (Schlenker, 1982, 1985, 1986; Schlenker & Weigold, 1989)
aims to explain the interplay between the expression of the self and the construction of the self. It
builds on a long tradition of research in social psychology, including early work on symbolic
interactionism (Cooley, 1902; James, 1890; Mead, 1934), which acknowledges the importance of
social interaction in shaping the self. Self-identification is the process, means, or result of
constructing one’s identity through self-presentation (Schlenker, 1986, p. 23). In essence, self-
identification theory proposes that the expression of self, also known as self-presentation, has an
influence on the self-concept.

The self-concept” is a cognitive schema that encompasses all knowledge about who one
is, including beliefs about one’s traits, physical characteristics, roles, values, goals, etc. (Markus
& Kunda, 1986). Early research held the self-concept to be a unitary, monolithic entity — a
generalized and average view of the self — that resists change and maintains stability (Sullivan,
1953). However, subsequent work found that the self-concept is best viewed as a multifaceted
phenomenon, a dynamic structure that contains a multiplicity of self-beliefs (Burke, 1980;
Higgins, Klein, & Strauman, 1985; Hoelter, 1985; Schlenker, 1980; Stryker, 1980). Due to its
vast nature, only a subset of all self-beliefs is active in the self-concept at any point in time.
Aspects of the self that are important to the individual are more likely to be part of the self-
concept at any moment. Moreover, the content of the self-concept also depends on “what has
been invoked by the individual as a result of an experience, event, or situation” (Markus &

Kunda, 1986, p. 859).

? In line with Schlenker (1986), I use the terms self-concept, self-knowledge, self, and identity

interchangeably.
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A comprehensive review of psychological and sociological research on the self-concept
found it to be “one of the most significant regulators of behavior” (Markus & Wurf, 1987, p.
300). The self-concept influences how information is perceived, processed, and recalled. In
addition, the self-concept has been shown to influence how people perceive others — also known
as social perception (Dunning, 2003). Furthermore, it also guides and regulates one’s thoughts,
feelings, and actions. In fact, a growing amount of current research suggests extending the theory
of planned behavior (Ajzen, 1985, 1991) to include the self-concept, which has been found to be
a significant and independent predictor of behavioral intentions in addition to attitudes and social
norms (Fekadu & Kraft, 2001; Hagger & Chatzisarantis, 2006; J. R. Smith et al., 2007; Sparks &
Guthrie, 1998; Thorbjernsen et al., 2007). Self-identification theory suggests that the contents of
the self-concept are especially malleable to self-presentational activities.

Self-presentation refers to “the goal-directed activity of controlling information in order
to influence the impressions formed by an audience about oneself” (Schlenker, 2003, p. 492). It
is a particular form of impression management, which is a more general term that refers to the
goal-directed activity of controlling information in order to influence the impressions formed by
an audience (e.g. about a person, group, object, event, or idea). Self-presentation has emerged as
an important topic in social psychology after being popularized by sociologist Erving Goffman
in his classic The Presentation of Self in Everyday Life (1959). Although early work on self-
presentation focused solely on motives of deception and manipulation, where individuals are
pretending to be someone they are not (Buss & Briggs, 1984), subsequent research suggests that
self-presentation, like any social activity, is guided by a whole range of motives (Schlenker &

Weigold, 1992). Thus, self-presentation is best viewed as a pervasive component of any social
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activity, occurring among strangers, friends, and in long-standing relationships such as marriage
(Schlenker & Wowra, 2003).

A number of studies have shown that self-presentation can influence the contents of the
self-concept, an outcome referred to as “carryover effect.” The term carryover effect was coined
by Jones and colleagues (Jones et al., 1981) in response to the surprising finding that people
change their self-concept in the direction of their self-presentation. In their seminal study,
subjects were instructed to present themselves either in a self-enhancing or self-deprecating way
during a fictitious job interview. Subsequent measures of self-esteem found that subjects that
were instructed to be self-enhancing showed higher self-esteem than subjects that were instructed
to be self-deprecating. Ensuing studies confirmed the generality of the carryover effect by
inducing subjects to present themselves with a certain personality trait (e.g. independence,
emotional stability, extraversion, and sociability) and later measuring their self-concept (Kelly &
Rodriguez, 2006; McKillop et al., 1992; Rhodewalt & Augustsdottir, 1986; Schlenker,
Dlugolecki, & Doherty, 1994; Tice, 1992).

Self-identification theory proposes that the process by which self-presentation influences
the self-concept depends on the discrepancy between the self-presentation and prior self-beliefs.
When self-presentations are highly discrepant from prior self-beliefs that are important, strong,
and well defined, they are likely to initiate an active process of rationalization. In contrast, when
self-presentations are fairly corresponding to prior self-beliefs or when prior self-beliefs are
trivial, weak, and ambiguous, they are likely to initiate a passive mode of inference and memory
activation. Since most of the time in everyday life, peoples’ self-presentations do not involve

gross misrepresentation, but rather nuanced exaggerations or understatements (Schlenker,
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Dlugolecki, & Doherty, 1994), the present work focuses on the passive mode as an explanation
for the carryover effect.

Drawing from prior work on self-perception theory (Bem, 1972), self-identification
theory suggests that the carryover effect is due to a process of inference and memory activation.
People infer aspects of their self-concept on the basis of their behavior. In essence, people look at
their own behavior as seen from an imaginary third person’s perspective. By presenting oneself
in a certain way, one infers to possess the personality traits underlying the self-presentation.
Subsequently, related cognitions about past behaviors and experiences become salient, making
them more accessible in memory. The heightened salience of these cognitions shifts the content
of the self-concept to be in line with the content of the self-presentation. For example, a person
has relatively ambiguous self-beliefs regarding his health consciousness (e.g. importance of good
diet, regular exercise, personal hygiene, etc.). In a group of health-conscious people, that person
wants to blend in and talks about himself as someone who is health conscious. Self-identification
theory suggests that as a result of his self-presentation, the person infers that he is in fact more of
a health conscious person than he previously thought. In the process, the person begins to
remember more and more instances, in which he behaved health-consciously, e.g. when he last
exercised or ate a healthy meal. Subsequently, the person’s self-concept changes and he ends up
seeing himself truly as a health conscious person. Schlenker and colleagues (Schlenker,
Dlugolecki, & Doherty, 1994) provide empirical support for the memory activation explanation.
They examined the impact of self-presentation on the self-concept and recall. Subjects that were
instructed to present themselves as sociable in a fictitious job interview later reported higher
levels of sociability and recalled experiences that were more sociable (as rated by judges) than

subjects that did not present themselves. Additional support for the memory activation
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explanation comes from a study, which investigated the ability to memorize words that are
related to the content of a prior self-presentation (Kiesler, 1971, p. 109-121). In line with self-
identification theory, subjects that presented themselves were subsequently able to memorize
more words related to their self-presentation than subjects that did not present themselves.

I propose to apply self-identification theory to the context of online self-presentation.
Although self-identification theory was originally developed to explain the impact of face-to-
face self-presentation on the self-concept, I suggest that online self-presentation can also lead to
a self-concept change. Self-presentation is fundamentally concerned with the control over
information and its influence on the impressions formed by an audience. The same fundamental
activity of self-presentation has been shown to take place online. Self-identification theory
proposes that the act of self-presentation leads to a process of inference and spreading memory
activation. Self-identification theory does not specify if and how computer-mediated
communication would interfere with this process. Although computer-mediated communication
is different from face-to-face communication in that it is less rich and lower in social presence, I
suggest that the actions we take online are still subject to our basic cognitive functions. In fact,
people have been shown to engage in very deliberate acts of online self-presentation, which
require significant investments of time and energy.

Direct empirical evidence for the impact of online self-presentation on the self-concept
comes from a study in social psychology (Gonzales & Hancock, 2008). As discussed earlier, the
authors compared self-concept change following a self-presentation in a blog post vis-a-vis a
self-presentation in a Word document. The fact that the study found support for a self-concept
change following the self-presentation in a blog post provides initial empirical support for my

basic proposition. Therefore, I suggest that online self-presentation will lead to a process of
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inference and spreading memory activation. As a result, online self-presentation, just like face-
to-face self-presentation, will bring about a self-concept change in line with the contents of the
online self-presentation. Thus, I hypothesize:

HI: Online self-presentation changes the self-concept in the same direction.

I further propose that changes in the self-concept as a result of online self-presentation
will affect changes in related behavior. As discussed above, the self-concept has been found to
be a significant regulator of behavior (Markus & Wurf, 1987). In fact, prior research suggests
extending the theory of planned behavior (Ajzen, 1985, 1991) to include a measure of the self-
concept in order to more accurately predict behavioral intentions and behavior (Fekadu & Kraft,
2001; Hagger & Chatzisarantis, 2006; Smith et al., 2007; Sparks & Guthrie, 1998; Thorbjernsen
et al., 2007). Moreover, changes in the self-concept as a result of self-presentation have been
shown to influence behavior in new situations and with different audiences (Kelly & Rodriguez,
2006; Schlenker, Dlugolecki, & Doherty, 1994; Tice, 1992). These behavioral carryover effects
are due to a continued activation of the self-concept change in memory. In these studies, subjects
were instructed to present themselves as extraverted or introverted and were later unobtrusively
observed while interacting with a confederate in a waiting room. Supporting self-identification
theory, the studies found that subjects that were instructed to present themselves as extraverted
subsequently behaved more extraverted (sitting closer, speaking sooner, longer, and more often)
compared to subjects that had presented themselves as introverted.

To the best of my knowledge, this is the first study to investigate the behavioral carryover
effect as a result of online self-presentation. I propose that the consequences of a self-concept
change resulting out of online self-presentation are equivalent to the consequences of a self-

concept change resulting out of face-to-face self-presentation. In essence, online self-
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presentation changes the self-concept due to spreading memory activation. Continued memory
activation, in turn, alters one’s behavior because people’s behavior is consciously or
subconsciously influenced by their self-concept. As mentioned above, the regulating influence of
the self-concept for behavior has been proposed in the context of the theory of planned behavior
(Fekadu & Kraft, 2001; Hagger & Chatzisarantis, 2006; J. R. Smith et al., 2007; Sparks &
Guthrie, 1998; Thorbjernsen et al., 2007). Similarly, I suggest that the self-concept regulates
behavior. Stated in process terms, online self-presentation changes the self-concept, which in
turn influences associated behavior. Thus:

H?2: Self-concept is positively related to associated behavior.

In addition to regulating behavior, the self-concept plays a significant role in influencing
the perception and processing of information (Markus & Wurf, 1987). Particularly, the self-
concept influences social perception — how one perceives others (Dunning, 2003). It has been
suggested that the self-concept influences social perception by being a common reference point
against which to judge others. For example, when evaluating the degree of athleticism of
someone who plays two hours of basketball every week, people rely to a large extent on the
recollection of their own behavior. Those who think of themselves as devoting a lot of time
every week to athletics will evaluate the target to be less athletic than those who think of
themselves as not participating in any athletic activity. Such contrast effects in social perception
of traits and abilities have been found for a number of domain-specific self-concepts, including
math skills, intelligence, punctuality, and studiousness (Dunning, 2003; Dunning & Cohen,
1992; Dunning & Hayes, 1996).

A recent study (Gibson & Poposki, 2010) provides support for the hypothesis that similar

contrast effects can arise out of self-presentation in computer-mediated, non-face-to-face
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communication. The study found that subjects who presented themselves with a certain trait (e.g.
as introverted, extraverted, smart, confident, or happy) in a one-to-one video chat, subsequently
rated themselves as possessing more of the trait in question — thus exhibiting the carryover effect.
In addition, the subjects rated their video chat partner (actually a pre-recorded neutral
confederate) as possessing less of the trait in question — thus exhibiting a contrast effect between
the self-concept and social perception.

However, it is still unknown if online self-presentation in social media (e.g. blogs, social
networks), which are characterized by one-to-many and largely text-based communication, can
lead to similar contrast effects. I propose that the self-concept influences social perception also in
the present context of online self-presentation. In essence, online self-presentation impacts the
self-concept, which in turn influences social perception through the above-described continued
memory activation. As people change their self-concept following an online self-presentation,
their perception of a third person changes in the opposite direction. For example, people that
become more risk-seeking following an online self-presentation as a risk-seeker should
subsequently view a third person as less risk-seeking than they would prior to the online self-
presentation. This contrast effect is due to a continued memory activation following an online
self-presentation. Therefore, I suggest that the same contrast effect, which has been documented
in related areas, i.e. the self-concept negatively influencing social perception, also holds in an
online self-presentation setting. Thus, I hypothesize:

H3: Self-concept is negatively related to associated social perception.

Self-identification theory suggests that factors related to the situation, audience, and
person moderate the strength of the carryover effect. However, self-identification theory does not

make any predictions regarding which situational, audience, and personal factors are relevant in
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any given situation. Thus, I suggest expanding self-identification theory with additional
theoretical perspectives in order to derive specific insights into which factors are particularly
important in the context of online self-presentation. In the context of online self-presentation, the
situation is largely characterized by the system that facilitates the online self-presentation.
Similarly, the online community serves as the audience for an online self-presentation. Lastly,
the person relates to the specifics of the user in the online self-presentation. Therefore, the
following sections discuss theoretical perspectives and develop hypotheses regarding the
moderating roles of factors related to the system, online community, and user of the online self-
presentation.
System Factors

Self-identification theory proposes that the situation, which is characterized by various
environmental-level factors, influences the impact of self-presentation on the self-concept. As
mentioned before, self-identification theory does not make any specific predictions regarding
which situational factors are particularly relevant in any given situation. In the context of online
self-presentation, the situation is captured to a large extent by the characteristics of the system,
which serves as a medium for the online self-presentation. In order to gain a deeper
understanding of which aspects of the system are important for the strength of the carryover
effect, I propose to expand self-identification theory with insights from public commitment
theory (Kiesler, 1971) and psychological ownership theory (Pierce et al., 2003).

Public commitment theory (Kiesler, 1971) was originally developed to explain the impact
of public, or overt, behavior on attitudes. It proposes that public behavior creates commitment,
1.e. it pledges or binds the individual to behavioral acts (Kiesler, 1971, p. 30). Building on

cognitive dissonance theory (Festinger, 1957), Kiesler (1971) suggests that individuals are
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motivated to resolve any inconsistencies between the attitudes they hold and the behavioral acts
they are induced to perform. Because public behavior is explicit and known to others, individuals
tend to resolve inconsistencies by changing their attitudes. In the case of an act being
inconsistent with one’s previous beliefs, commitment to an act leads the person to change
attitudes towards greater consistency with the act. However, if an act is consistent with one’s
previous beliefs, commitment to an act further solidifies attitudes and makes them more resistant
to subsequent attack. Similar to self-identification theory, public commitment theory relies on an
explanation of cognitive salience and memory activation. As stated by Kiesler (1971, p. 109),
“commitment makes salient to the individual those cognitions related to his attitudes.”

Kiesler (1971) suggests several routes to increase the degree of commitment to an act,
such as by increasing the explicitness, importance, degree of irrevocability, and number of
attitudinally-relevant acts performed by an individual. However, at the heart of public
commitment theory is the publicness of one’s behavior. What determines the degree of
publicness is the extent to which the behavior is both (1) visible to an audience and (2) linked to
an identity (Salancick, 1977). Thus, in order for behavior to create commitment, it needs to be
visible and identified (or non-anonymous). Applied to self-identification theory and the present
context of online self-presentation, public commitment theory suggests that system factors
related to the visibility and identifiability of one’s self-presentation will influence the impact of
self-presentation on the self-concept. Visibility will moderate the impact of self-presentation on
the self-concept, because public behavior creates a greater sense of commitment to the self-
presentation than private behavior (Kiesler, 1971). Public and overt behavior is more difficult to
revoke and offers greater possibility for contemplation than private behavior (Goffman, 1959;

Schlenker, 2003). Similarly, identifiability will moderate the impact of self-presentation on the
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self-concept. Identifiability provides individuals with less freedom to revoke or renounce a self-
presentation, thus rendering it more representative and more important to the individual.

Gonzales and Hancock (2008) found support for the foregoing arguments. Subjects were
randomly assigned to present themselves as extravert (introvert) in a public and identified blog
post or a private and anonymous Word document. Subsequently, a self-report measure
determined subjects’ level of extraversion. In line with public commitment theory, subjects in the
public and identified blog post condition subsequently rated themselves as more (less) extravert
than subjects in the private and anonymous Word document condition. Unfortunately, the
authors confounded the two system factors of visibility and identifiability. Subjects’ self-
presentation in the blog post was public and included personally identifiable information. In
contrast, subjects’ self-presentation in the Word document was private and did not include
personally identifiable information. Although conceptually independent and theoretically
important, the impacts of visibility and identifiability on the carryover effect have not yet been
studied separately.

[ use the term visibility to refer to the degree to which other users have access to one’s
online self-presentation. In essence, visibility is the result of a lenient access restriction.
Visibility can be conceptualized as a privacy setting, or technological method, which influences
the extent to which one’s online self-presentation is shared with other users. It is thus closely
related to the concept of information privacy, which refers to the desire of individuals to control
or have some influence over data about themselves (Clarke, 1999). Hence, prior research on
privacy provides empirical evidence for the importance of visibility as a system factor. A recent
comprehensive literature review of published articles on information privacy suggests that users’

privacy concerns are a key driver shaping both consumer behavior and personal information
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sharing on the Internet (Bélanger & Crossler, 2011). In fact, previous research has shown that the
perceived visibility of one’s information directly impacts self-disclosure behavior in social
network sites (Bateman, Pike, & Butler, 2011).

I propose that visibility is also a key driver and significant moderator in the context of
online self-presentation. Specifically, I suggest that visibility is crucial in determining the impact
of online self-presentation on the self-concept. A highly visible online self-presentation will
create a greater sense of commitment, will be more difficult to revoke, and will offer greater
possibility for contemplation than a less visible online self-presentation (Goffman, 1959; Kiesler,
1971; Schlenker & Wowra, 2003). Thus, the more a user perceives his online self-presentation to
be highly visible to others, the more he will be affected by it. Stated differently, I propose that
greater visibility increases the impact of online self-presentation on the self-concept because of
an increased sense of commitment to the online self-presentation. Thus:

HA4: Visibility positively moderates the impact of online self-presentation on the self-
concept.

I propose that identifiability will moderate the impact of online self-presentation on the
self-concept. Identifiability is important because it influences the link between an online self-
presentation and a person. An identified online self-presentation can be attributed to an
individual. As such, the author feels more attached, or as proposed by public commitment theory,
more committed to an identified online self-presentation than an anonymous online self-
presentation. Identifiability should matter to an author, even in the absence of an external
audience, because the author himself is still and always part of the audience. As proposed by
self-identification theory, people look at their own actions as seen from a third-person’s

perspective. Thus, identifiability influences the author’s commitment to his own online self-
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presentation, just as it would when an external audience is present. Nevertheless, factors related
to identifiability and visibility could potentially interact, as suggested by Gonzales and Hancock
(2008).

Early work on group decision support systems (GDSS) provides empirical evidence for
the importance of identifiability as a system factor (Pinsonneault & Heppel, 1997). For example,
when members of a group in a GDSS are anonymous, they generate more comments, are more
critical and probing, and are more likely to embellish ideas proposed by others than are those
whose contributions are identified by name (Jessup, Connolly, & Galegher, 1990). Similarly,
anonymity was found to increase group members’ ability to express true feelings without fear of
social disapproval, thus neutralizing the effects of authority and hierarchy in a group
(Nunamaker Jr., Applegate, & Konsynski, 1987). Furthermore, research in computer-mediated
communication found that anonymity increases group polarization (Choon-Ling, Tan, & Kwok-
Kee, 2002). Lastly, anonymity has been found to significantly influence the development of trust
in virtual communities (Leimeister, Ebner, & Krcmar, 2005).

Therefore, I suggest that identifiability is an important system factor, which influences
the impact of online self-presentation on the self-concept. As mentioned above, identifiability
affects commitment, which in turn influences the resulting self-concept change. Although neither
self-identification theory, nor public commitment theory were originally developed to account
for online self-presentation, I propose that the effect of identifiability also occurs in this context.
Prior work on GDSS and virtual communities lend empirical support for this proposition.
However, if identifiability in the context of online self-presentation has a similar moderating
influence on the carryover effect has not yet been empirically established. In line with public

commitment theory, I suggest that individuals who are identified will be more committed to their
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online self-presentation, which will subsequently increase the impact on the self-concept, than
individuals who are anonymous. Thus I hypothesize:

H5: Identifiability positively moderates the impact of online self-presentation on the self-
concept.

Scholars from various disciplines have long explored the psychological aspects of
ownership (e.g. Etzioni, 1991; Furby, 1991; Heider, 1958; Litwinski, 1942). However, Pierce
and colleagues (Pierce et al., 2003) were the first to develop a comprehensive theory of
psychological ownership. They define psychological ownership as “the state in which individuals
feel as though the target of ownership or a piece of that target is theirs” (p. 86). It reflects a
relationship between an individual and an object, which can be material or immaterial in nature.
In contrast to legal ownership, which is specified and protected by the legal system,
psychological ownership only manifests itself in the individual who holds this feeling.
Psychological ownership theory (Pierce et al., 2003) provides a rich theoretical basis upon which
to predict additional system factors that might be particularly relevant in the context of online
self-presentation.

Psychological ownership of a target object helps people define themselves and express
their identity to others (Pierce et al., 2003, p. 89). The target of psychological ownership can
“come to objectify aspects of self-definition” (Dittmar, 1992, p. 85) and even allows people to
learn something about themselves. This reasoning is in line with the symbolic interactionist
tradition, which suggests that possessions play an important role in the process of developing and
shaping the self-concept (Mead, 1934). Thus, the development of psychological ownership of a
target object is likely related to changes in the self-concept, as certain aspects of the target object

come to be transferred and included in the self-concept. Applied to the present context, this
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would suggest that a user’s psychological ownership of an online self-presentation increases its
impact on the self-concept.

The theory of psychological ownership (Pierce et al., 2003) proposes several key
processes through which psychological ownership emerges. The first process, labeled “investing
the self in the target” (Pierce et al., 2003, p. 93), suggests that individuals are likely to feel
ownership of the things they put effort into creating. The proposition that investing the self in the
target leads to psychological ownership is rooted in early work by Locke (1690) and Sartre
(1943), which suggests that since we own our labor, we are likely to feel ownership of the things
and ideas we create. As stated by Pierce and colleagues, “the most obvious and perhaps the most
powerful means by which an individual invests himself or herself into an object is to create it.
Creation involves investing time, energy, and even one’s values and identity” (p. 93). Since the
creation of a self-presentation can involve varying amounts of time, energy, and especially one’s
values and identity, I suggest that the effort a person puts into creating an online self-presentation
influences its resulting impact on the self-concept.

The second route to the emergence of psychological ownership is labeled “controlling the
ownership target” (Pierce et al., 2003, p. 92). Prior work in developmental psychology suggests
that the control a person has over an object is directly related to the experience of ownership of
that target (Furby, 1978; McClelland, 1951). Objects that are controlled by others or that cannot
be controlled will not become part of the individual’s sense of self. Psychological ownership
theory proposes that similar to body parts, material objects can become regarded as part of the
self, if one has sufficient control of them. Therefore, “the greater the amount of control a person

can exercise over certain objects, the more they will be psychologically experienced as part of
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the self” (Pierce et al., 2003, p. 92). Applied to the present context, I suggest that control
influences the impact of online self-presentation on the self-concept.

In the present context, the amount of effort and control a person invests in the creation of
his online self-presentation is influenced by the system restrictiveness (Silver, 1988, 1990). In its
original definition, system restrictiveness refers to “the degree to which and the manner in which
a decision support system restricts its users’ decision-making process to a particular subset of all
possible processes” (Silver, 1988, p. 52). In essence, system restrictiveness recognizes that users’
actions are limited by the system’s functional capabilities. System restrictiveness is reflected in
the set and sequence of activities that users can engage in while using a certain system (Silver,
1990). The fewer the activities supported by a given system, the higher is its restrictiveness.
System restrictiveness has been shown to influence users’ cognitive effort in decision support
systems (Wang & Benbasat, 2009). Specifically, systems that are more restrictive, that is they
allow less user input, give less control to the user and subsequently reduce the cognitive effort
exerted by the user. Applied to the context of online self-presentation, I propose that
restrictiveness decreases the impact of online self-presentation on the self-concept. Since
restrictiveness decreases control, which has been shown to decrease effort, and since effort and
control are key factors in the development of psychological ownership, the result of a more
restrictive system is lower psychological ownership. Psychological ownership, in turn, influences
the degree to which an online self-presentation becomes part of the self-concept. Therefore,
restrictiveness has a negative moderating influence on the carryover effect. Stated differently, I
hypothesize:

H6: Restrictiveness negatively moderates the impact of online self-presentation on the

self-concept.
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Online Community Factors

Self-identification theory proposes that the audience of one’s self-presentation influences
the impact of a self-presentation on the self-concept. Examples of audience factors that have
been found to strengthen the carryover effect are power, attractiveness, and expertise (Schlenker
& Weigold, 1992). However, self-identification theory does not explain or make any specific
predictions regarding which audience factors might be relevant in any given situation. Moreover,
in the context of online self-presentation, the audience consists of an online community. In order
to understand which factors of an online community might influence the impact of online self-
presentation on the self-concept, I draw from social impact theory (Latané, 1981).

In 1981, Latané proposed a mathematical theory of social impact in which he specified
the factors leading to “the great variety of changes in physiological states and subjective feelings,
motives and emotions, cognitions and beliefs, values and behaviors, that occur in an individual,
human or animal, as a result of a real, implied, or imagined presence or actions of other
individuals” (p. 343). Latané (1981) describes social impact in terms of social force fields
comparable to physical force fields that govern the transmission of light, sound, gravity,
magnetism, etc. In physics, the amount of light that falls on a surface is a multiplicative function
of the number of light bulbs that shine on the surface, their intensity, and their distance from the
surface. Similarly, Latané (1981) suggests that the amount of social impact experienced by an
individual is a multiplicative function of the strength, immediacy, and number of individuals in
the audience. Mathematically, social impact is expressed in the formula I = f(SIN), where S is
the strength, / the immediacy, and N the number of individuals in the audience. As the strength
(e.g. status, power, ability, etc.), immediacy (e.g. physical distance between an individual and the

audience), or number of individuals in the audience increases, the greater the social impact on
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the individual. Moreover, the multiplicative relationship between the variables suggests that the
effect of any one variable will be greater the greater the value of the other variables. Social
impact theory further proposes that as the number of individuals in the audience increases, each
additional individual produces less impact than the previous one. Stated differently, the
marginally decreasing impact produces a power function relating the number of individuals in
the audience and the social impact. This power function is represented by = sN¢ | where s is a
scaling constant, N is the number of individuals in the audience, and ¢ the exponent (which is
always < 1). This suggests that although a 5-person audience will produce significantly more
social impact than a 1-person audience, a 105-person audience will produce only slightly more
social impact than a 101-person audience.

Early research on group conformity provides empirical support for the proposition that
social impact increases with an increase in the size of the group. For example, in a replication of
the classic Asch experiments (Asch, 1956), subjects had to choose which set of three disparate
lines matched a standard, after between one and seven confederates gave incorrect answers
(Gerard, Wilhelmy, & Conolley, 1968). In line with social impact theory, subjects increasingly
conformed to the group and agreed with their incorrect answers as the group size increased. In
addition, research on stage fright provides empirical support for the predictions of social impact
theory. Stage fright refers to an anxiety-arousing emotion that occurs under conditions of public
speaking, performing, or when placed in a situation involving self-presentation to an audience
(Hendrikson, 1948). For example, Latan¢ and Harkins (1976) asked students to imagine reciting
a poem in front of audiences consisting of audiences ranging from one to 16 individuals. In order
to help students’ imagination, the researchers presented photos of the audience. The photos

depicted audiences consisting either of teenagers (low status audience) or middle-aged persons
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(high status audience). Subsequently, students rated their tension and nervousness. As predicted
by social impact theory, tension and nervousness increased with the size of the audience.
Moreover, the increase in tension and nervousness followed a power function with an exponent
of less than one. Finally, the size and strength variables interacted multiplicatively, with size
having a greater impact on tension and nervousness when the audience was high status and
strength having a greater effect when audience was large. Subsequent studies investigating the
impact of audience size and importance found additional support for the predictions of social
impact theory (Jackson & Latané, 1981; Seta, Crisson, Seta, & Wang, 1989; Wolf & Latané,
1983).

Applied to the context of online self-presentation, I suggest that the number and
importance of individuals in an online community also affects the impact of self-presentation on
the self-concept. Specifically, I propose that an online self-presentation in front of a large and
important online community exerts a greater social impact and subsequently leads to a stronger
carryover effect, than an online self-presentation in front of a small and unimportant online
community. Obviously, the size and importance of an online community will only matter, if the
online community has actually access to the online self-presentation. Thus, the previously
mentioned system factor of visibility is likely to interact with online community size and
importance. For the following discussion, I assume that the online self-presentation takes place
under conditions of high visibility, which gives the online community access to the online self-
presentation.

Just like the term community, online community seems to mean many things to many
people and there is not one generally accepted definition of online community in the literature. In

fact, scholars in sociology have been debating the meaning of community since the 1950s, which
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has been collectively referred to as the “Community Question” (Wellman, 1979). The
Community Question reveals that the meaning of community is continuously affected by
changes in “informatization, computerization, bureaucratization, industrialization, and
urbanization”, suggesting it will “remain open to the end of time” (Wellman et al., 2003). A
similar debate around the meaning of online community ensued in the early 2000s (Porter, 2004;
Preece & Maloney-Krichmar, 2005). For example, an early definition of online community
refers to a group of people with common interests and practices that communicate regularly and
for some duration in an organized way over the Internet through a common location or
mechanism (Ridings, Gefen, & Bay, 2002). The common location or mechanism can be
implemented technically in a number of different ways, such as through listservs, newsgroups, or
chat rooms (Lazar & Preece, 1998). In line with this definition, research suggests that people in
an online community have some notion of membership and form personal relationships with
others in the community (Sproull & Faraj, 1997). Moreover, prior work found that online
communities often develop unique behavioral norms and expectations (Sproull & Kiesler, 1991).
However, technological developments on the Internet, specifically the rise of social
network sites and blogs, have shaped the meaning of online community once more (Stern, 2008).
Whereas the earlier definition of online community required an organization around common
interests, online communities can now also be organized around people. In essence, novel forms
of online communities place the individual at the center of their own online community, creating
“egocentric” online communities (Boyd & Ellison, 2007). As prior research has shown,
individuals are keenly aware of their audience, or online community, when posting something on

a social network site or a blog (Qian & Scott, 2007). Likewise, I suggest that factors related to
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the perception of an online community are also important for the emergence of the carryover
effect in the context of online self-presentation.

As proposed by social impact theory, the social impact experienced by an individual is
positively related to the number of individuals in an audience. The more people there are in
audience, the more an individual feels pressure to conform to the audience’s expectations.
Applied to the present context, this suggests that the impact of an online self-presentation on the
individual’s self-concept will be positively related to the number of individuals in an audience. A
person who presents himself online in front of a large online community will feel greater
pressure to conform to the audience’s expectations, which in turn are shaped by the online self-
presentation. Thus, a larger online community will increase the social impact, which ultimately
results in a stronger impact of the online self-presentation on the self-concept. Empirical
evidence for the importance of audience size comes both from prior research on online
communities (e.g. Butler, 2001) and virtual teams (e.g. Alnuaimi, Robert Jr., & Markuping,
2010; Chidambaram & Tung, 2005; Suleiman & Watson, 2008, Valacich et al., 1995), which
found that membership size is a key factor influencing an individual’s intended and actual
communication behavior. In the context of online self-presentation, I propose that audience size
influences the carryover effect on the self-concept due to the audience’s social impact, with a
larger audience resulting in a stronger impact. Thus:

H7: Online community size positively moderates the impact of online self-presentation on
the self-concept.

In addition to number of sources, social impact theory also proposes that the strength of
the sources influences social impact. Strength of the sources refers to the perceived importance

of the individuals in the audience. According to social impact theory, factors that influence the
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importance of an audience are the individuals’ status, age, socio-economic factors, prior
relationship with, and future power over, the target. As mentioned above, research on stage fright
provides empirical evidence for the influence of audience importance on social impact. In a
follow-up study to Latané and Harkins (1976), Jackson and Latan¢ (1981) asked students to
imagine themselves singing “Star Spangled Banner” in front of a variety of different audiences.
Again, the subjects were shown photos of the audiences, which consisted of between one and
nine undergraduate students (low-status condition) or professors from the music department
(high-status condition). Subjects provided ratings of their tension and nervousness. The findings
replicate those of a prior study, which indicate that important audiences produce greater tension,
nervousness, and potential embarrassment than unimportant audiences (Garland & Brown,
1972). Applied to the present context, I propose that online self-presentation in front of an
important audience will lead to a stronger social impact than online self-presentation in front of
an unimportant audience. The increased social impact then translates into a stronger carryover
effect of the online self-presentation on the self-concept. Thus:

HS8: Online community importance positively moderates the impact of online self-
presentation on the self-concept.
User Factors

Self-identification theory suggests that the impact of self-presentation on the self-concept
differs from person to person. Responsible for this difference are individual-level characteristics
related to one’s personality traits. Because self-identification theory does not explicate if, why,
and how certain personality factors might be relevant in a given situation, I propose to focus on

two individual-level differences that have been shown to be highly relevant in the context of self-
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concept change, namely self-monitoring (Gangestad & Snyder, 2000; Snyder, 1974) and self-
concept clarity (Campbell et al., 1996).

A key individual-level characteristic that should influence the impact of online self-
presentation on the self-concept is self-monitoring (Snyder, 1974). The theory of self-monitoring
concerns the “antecedents and consequences of variation in the extent to which individuals
strategically cultivate public appearances” (Gangestad & Snyder, 2000, p. 530). In essence self-
monitoring refers to a trait that determines how much people monitor and regulate their
expressive behavior. High self-monitors are highly responsive to social and interpersonal cues
and actively adapt their self-presentation to create a desired and appropriate public appearance.
In contrast, low self-monitors do not have the same desire for the situational appropriateness and
their expressive behavior is more influenced by their attitudes, emotions, and dispositions. A
plethora of studies have investigated the relationships between self-monitoring and other
concepts, including the ability to accurately perceive social cues (Costanzo & Archer, 1989;
Funder & Harris, 1986), the accessibility of personal attitudes and the self-concept (DeBono &
Snyder, 1995; Kardes, Sanbonmatsu, Voss, & Fazio, 1986), and responsiveness to situational
cues in judgments about the self (Chen, Schechter, & Chaiken, 1996; Jones, Brenner, & Knight,
1990). In the context of consumer behavior, self-monitoring was found to be a significant
predictor of susceptibility to influence by advertisements that appeal to associated images vis-a-
vis product quality (DeBono & Packer, 1991; Shavitt, Lowrey, & Han, 1992). Lastly, self-
monitoring has been applied to the field of group management, where it was found to influence
the emergence of leaders in groups (Anderson & Tolson, 1989; Cronshaw & Ellis, 1991).

Self-monitoring should also influence the impact of online self-presentation on the self-

concept. Because people high in self-monitoring are more concerned with their online self-
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presentation and the image they give off, they are subsequently also more likely to be influenced
by it. In essence, self-monitoring influences the attention one gives to an online self-presentation,
which influences both its antecedents (e.g. how much time and effort is spent on creating the
online self-presentation) and its consequences (e.g. how much the online self-presentation
subsequently affects the individual). Initial support for this claim stems from one of the seminal
studies on the carryover effect (Tice, 1992), which found that people high in self-monitoring
were subsequently more likely to shift their self-concept in the direction of their self-presentation
than people low in self-monitoring. Thus, I hypothesize:

HY: Self-monitoring positively moderates the impact of online self-presentation on the
self-concept.

A growing body of research suggests that people differ in the extent to which they have a
clear idea of their self-concept (Baumgardner, 1990; Campbell, 1990; Campbell & Lavallee,
1993; Campbell et al., 1996; Setterlund & Niedenthal, 1993). Thus, people not only differ in
what they think about themselves, but also in how that information is organized and accessible in
memory. Self-concept clarity refers to the extent to which the contents of an individual’s self-
concept (e.g. perceived personal attributes, roles, values, personal goals) are clearly and
confidently defined, internally consistent, and temporally stable (Campbell, 1990). Self-concept
clarity is best characterized as a personality trait, as supported by exhibited test-retest reliability
over five-month intervals. Several studies have investigated the link of self-concept clarity to
personality traits and related concepts. A comparison of North American and Japanese samples
revealed a high correlation of self-concept clarity with self-esteem for respondents in North
America, where a clearly articulated self-concept is culturally encouraged (Campbell et al.,

1996). Moreover, people high in self-concept clarity tend to score high on measures of
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extraversion and low on measures of neuroticism, anxiety, and depression (Smith, Wethington,
& Zhan, 1996). The same study found that people with a clear self-concept tend to prefer active
coping strategies, whereas people low in self-concept clarity prefer more passive coping
strategies.

More closely related to the present context, people high in self-concept clarity have been
found to be more malleable to the foot-in-the-door technique than people low in self-concept
clarity (Burger & Guadagno, 2003). The foot-in-the-door technique is a sequential-request
compliance procedure that has been widely studied in the field of social psychology (for a
review, see Burger, 1999). The foot-in-the-door procedure consists of two sequential requests for
a favor — a small request followed by a related, but much larger one at a later point in time. If
successful, the procedure elicits a higher compliance rate to the larger request than is found in a
control condition in which only the larger request is presented. For example, subjects that agreed
to a request to put a small sign promoting driver safety in their window at home were
subsequently more likely to agree to a request to put a very large sign promoting driver safety in
their front lawn than subjects that only received the request for the large sign (Freedman &
Fraser, 1966).

Similar to self-identification theory, the underlying explanation of the foot-in-the-door
technique is based on self-perception theory (Bem, 1972). Agreeing to a small request, such as
placing a small sign in a window, alters the self-concept by making aspects related to helpfulness
more accessible in memory. In essence, a person looks at his own behavior — agreeing to place
the small sign in the window — and infers that he must be a helpful person. This inference
process, in turn, activates related cognitions, such as memories of other times when he was

helpful. The next time that person is asked for a larger request, such as putting a very large sign
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on the front lawn, he is more likely to agree since he already sees himself as more of a helpful
person than someone who has not been asked for a small request first. As found by Burger and
Guadagno (2003), for people with a clearly defined self-concept, the influence of spreading
memory activation on the self-concept is stronger than for people with low self-concept clarity,
since the latter are less able to rely on clearly organized memory during the spreading memory
activation process. As a result, people with high self-concept clarity were found to be more
susceptible to the foot-in-the-door technique (Burger & Guadagno, 2003).

Likewise, self-concept clarity should influence the impact of online self-presentation on
the self-concept. People high in self-concept clarity should be more prone to self-concept change
as a result of online self-presentation than people low in self-concept clarity. The reasoning is
equivalent to the foot-in-the-door effect outlined above. For people high in self-concept clarity
have a clearly and confidently defined self-concept, their online self-presentation should bring
about a stronger and more effective process of memory activation, resulting in a more
pronounced self-concept change. Thus, I hypothesize:

H10: Self-concept clarity positively moderates the impact of online self-presentation on
the self-concept.

In summary, to address the questions of how online self-presentation affects the self-
concept, under what circumstances this is likely to occur, and what potential consequences might
follow from a self-concept change, I apply and extend self-identification theory. Applied to the
present context, self-identification theory suggests that online self-presentation influences the
self-concept through a process of inference and spreading memory activation, an outcome
referred to as the carryover effect. Moreover, self-identification theory proposes that the strength

of the carryover effect depends on factors related to the situation, audience, and person of the
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self-presentation. However, self-identification theory does not make any specific predictions as

to if and how certain situation, audience, or person factors moderate the carryover effect in any

given environment. As a remedy, I draw from various theories, including public commitment,

psychological ownership, social impact, self-concept clarity, and self-monitoring, to extend self-

identification theory. Figure 1 depicts the research model reflecting the carryover effect of online

self-presentation on the self-concept (H1), its impact on behavior (H2) and social perception

(H3), the moderating influences of system factors (H4: visibility; H5: identifiability; H6:

restrictiveness), online community factors (H7: size; H8: importance), and user factors (H9: self-

monitoring; H10: self-concept clarity).
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Figure 1. Research Model
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Study Overview and Operationalization

The purpose of this study is to examine the impact of online self-presentation on the self-
concept and its consequences on behavior and social perception. In this context, this study
investigates the moderating influence of system factors (visibility; identifiability; restrictiveness),
online community factors (size; importance), and user factors (self-monitoring; self-concept
clarity) on the relationship between online self-presentation and the self-concept. Although a full
factorial design would be advantageous to gain a complete understanding of all possible
interactions between the five moderating factors with at least two levels (e.g. low vs. high), the
resulting 2 (32) conditions would require a large number of subjects. Moreover, some factor
combinations, such as large community size under low system visibility, do not make sense.
Lastly, no specific hypotheses regarding the interactions between the moderating factors were
made, which further reduces the need for a full factorial design.

Therefore, the present study employs an incomplete factorial design (Trochim &
Donnelly, 2007). In an incomplete factorial design, not all factor level combinations are
examined. Instead, some factor levels are held constant, thus reducing the total number of
conditions considerably. As a result, I conducted three sequential experiments, which — taken
together — provide a test of the full research model. Specifically, Experiments 1 and 2 manipulate
online self-presentation, visibility, and identifiability while measuring a user’s degree of self-
monitoring. Both of these experiments use samples of undergraduate students. Experiment 3
manipulates online self-presentation, visibility, restrictiveness, and online community size, while
measuring both a user’s degree of self-monitoring as well as his self-concept clarity. In contrast

to the first two experiments, Experiment 3 uses a sample of adults from over 30 different
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countries, recruited through Amazon Mechanical Turk. Table 1 summarizes the overall study

design of the present work.

I adapt the experimental procedure from prior work on the carryover effect (Kelly &

Rodriguez, 2006; Schlenker, Dlugolecki, & Doherty, 1994; Tice, 1992). Given that these studies

successfully replicated the carryover effect in different conditions, I adhere to the basic

experimental procedure as much as possible, while adapting it to the present context of online

self-presentation.

Table 1. Study Design

Independent Variable

Experiment 1

Experiment 2

Experiment 3

Online Self-Presentation
Visibility

Identifiability

Restrictiveness

Online Community Size
Online Community Importance
Self-Monitoring

Self-Concept Clarity

Manipulated
Manipulated
Manipulated

Manipulated

Measured

a

Manipulated
Manipulated
Manipulated

Manipulated

Measured

a

Manipulated

Manipulated

a

Manipulated
Manipulated
Measured
Measured

Measured

Note: * Variable not included (i.e. neither manipulated nor measured) in this Experiment.

In prior work, the experimental procedure generally consists of the two steps: (a) subjects

are instructed to present themselves as possessing more or less of a given personality trait during

a self-presentation task; (b) subjects complete a post-test measure of the personality trait that was

part of the self-presentation. Subsequently, researchers evaluated the impact of self-presentation
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on the self-concept by comparing the average of the personality trait measures in the treatment
group with those of a control group (or with additional treatment groups). Since subjects are not
made aware of the true purpose of a study, or of the various between-group conditions,
differences between the groups are attributed to the differences in the treatment conditions.

The cover story in previous work consists of subjects being told that they serve as a
stimulus person for the training of counseling-psychology graduate students (Kelly & Rodriguez,
2006; Schlenker, Dlugolecki, & Doherty, 1994; Tice, 1992). Subjects are informed that the
graduate students would try to determine whether the subject possesses certain personality traits.
In an interview, the subject would be asked to answer several questions about themselves (e.g.
about their past relationships with same- and opposite-sex friends, family plans, extracurricular
activities, and the most important thing learned in college). Ostensibly because the graduate
students need to gain experience in assessing different personality traits, subjects are asked to
present themselves with a certain personality trait (e.g. extraversion or introversion) during the
interview. Thus, in prior studies, subjects were induced to present themselves with a certain
personality trait by making a few statements about themselves.

The present study follows the general experimental procedure and cover story outlined
above. However, in contrast to prior work, which focuses on the malleability of personality traits
such as introversion and extraversion through face-to-face self-presentation, this study focuses
on the malleability of the risk self-concept as a result of online self-presentation. The risk self-
concept refers to the general tendency to take risks, which exposes a person to danger, harm, or
loss (Meertens & Lion, 2008). Risk self-concept is chosen because of its importance in business,
economics, and general decision-making situations and because of the availability of validated

self-report and behavioral measurements (Zaleskiewicz, 2001). Research on risk as a personality
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trait followed a similar pattern as that of personality traits in general (Blais & Weber, 2006).
While first considered a stable personality characteristic, subsequent research suggests a more
complex definition that acknowledges situational determinants while preserving generality in the
way personality traits shape behavior across situations (Mischel & Shoda, 1995).

Moreover, risk has been at the center of several important streams of research in
information systems. Numerous investigations on the impact of risk on e-commerce consumer
behavior found that consumer risk attitude is a significant detriment to the adoption of e-
commerce among consumers (Dinev, 2006; Dinev et al., 2006; Featherman, Valacich, & Wells,
2006; McKnight, 2002; Van Slyke, 2006). Similarly, previous work identified risk perceptions as
an important influence for successful information technology project management, especially as
it relates to escalation of commitment behavior (Keil et al., 2000; Lim, Sia, & Yeow, 2011; Liu,
Zhang, Keil, & Chen, 2009). Moreover, it was found that risk attitudes play a fundamental role
in the decision of if and how companies outsource software development to third parties (Aron,
Clemons, & Reddi, 2005; Baldwin, Irani, & Love, 2001; Gefen, Wyss, & Lichtenstein, 2008;
Ramachandran & Gopal, 2010; Schwarz et al., 2009; Willcocks & Lacity, 1999). Lastly, prior
work found support for the notion that risk attitudes impact companies’ information technology
security management and end-user policies (Guo et al., 2011; Straub & Welke, 1998; Sun,
Srivastava, & Mock, 2006). Given the influence of situational determinants, as well as the central
role of risk in information systems research, a deeper understanding of the malleability of the
risk self-concept in response to online self-presentation is of significant theoretical and practical
importance. The following sections present the methods, results, and discussion for Experiments

1, 2, and 3, respectively.
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Experiment 1
Methods

The purpose of Experiment 1 is to test (a) if online self-presentation as a risk seeker
impacts one’s risk self-concept, (b) if visibility, identifiability, and restrictiveness of one’s online
self-presentation moderate its impact on the self-concept, (c) if self-monitoring moderates the
impact of online self-presentation on the self-concept, and (d) if risk self-concept is related to
risk behavior and social perception of risk. Whereas visibility, identifiability, and restrictiveness
are all manipulated independent variables, self-monitoring is a measured independent variable.
Thus, there are 2 (visibility: public vs. private) x 2 (identifiability: identified vs. anonymous) x 2
(restrictiveness: restricted vs. unrestricted) (8) treatment conditions. In addition, there is a control
group, which does not engage in online self-presentation. Table 2 provides an overview of the
treatment conditions in Experiment 1.

After completing a pretest measure of general risk self-concept, participants were
randomly assigned to treatment or control conditions. Participants in the treatment conditions
were asked to create an impression of being a risk-seeker while introducing themselves on a
blog. Depending on the treatment condition, participants’ online self-presentation differed with
regards to its visibility, identifiability, and restrictiveness. Participants in the control group did
not get a chance to introduce themselves on the blog. Subsequently, all participants completed
posttest measures examining their domain-specific risk self-concepts, risk-related behavior, and

social perception.
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Table 2. Treatment Conditions in Experiment 1

Manipulated Variable
Group Visibility Identifiability = Restrictiveness
1 Public Identified Unrestricted
2 Public Identified Restricted
3 Public Anonymous Unrestricted
4 Public Anonymous Restricted
5 Private Identified Unrestricted
6 Private Identified Restricted
7 Private Anonymous Unrestricted
8 Private Anonymous Restricted
9 Control (No Online Self-Presentation)

Participants

Four hundred fifty six participants, who were students at a large urban, Northeastern
American university, participated in exchange for partial course credit (worth 2.50% of the final
grade) as part of a departmental subject pool. I removed 50 (12.32%) participants because they
did not follow the study instructions. Specifically, 32 (7.88%) participants did not write anything
on the blog, 12 (2.96%) did not complete all dependent variables, and 6 (1.48%) did not write
about the assigned topic. In order to determine if the participants I removed were randomly
distributed across all treatment conditions, I conducted independent sample ¢-tests for each
treatment condition using dummy variables for participants (coded “1” if removed and “0”

otherwise) (Hair et al., 2009). None of the tests reached significance (p > 0.10), suggesting that
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participants who did not follow the study instructions were equally likely to be among the
different treatment conditions. Subsequently, I was left with 406 usable responses. Forty-seven
percent of the participants were male and participants’ mean age was 23 years (SD = 4.57). The

distribution of participants between experimental groups was roughly equal (see Table 3).

Table 3. Number of Participants per Group in Experiment 1

Group (n)
1 2 3 4 5 6 7 8 9 Total (N)
43 45 44 45 45 48 44 48 44 406

Procedure

The purpose of the study was described to participants broadly as “understanding risk
attitudes.” The study was advertised in the departmental subject pool management system and
participants completed the study in groups of maximum 30 students in a computer lab on
campus. Upon arriving at the lab, participants received written instructions that guided them to
the online survey. After giving informed consent, participants answered a one-item general risk
self-concept measure (“I view myself as a...””) on a scale from 0 (“Risk Avoider”) to 100 (“Risk
Seeker”). The following task induced subjects to engage in the online self-presentation.

Online self-presentation was manipulated by having participants write about themselves
on an experimental website. Participants were informed that the researchers are interested in
“understanding how well you can create an impression of being a risk-seeker when introducing
yourself on a blog.” They were asked to visit the Personality Research Blog, purportedly a
“popular blog on research in personality and social psychology.” Unbeknown to the participants

was the fact that the researchers created the Personality Research Blog for the purpose of this
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study. To increase realism, the blog included numerous blog posts that were in line with the
overall theme of the blog. Participants were asked to use the comment form on the blog and
introduce themselves as they would when meeting someone for the first time. Their goal was to
create as strong of an impression of being a risk-seeker as possible, while still being relatively
honest about themselves. To further increase realism, the Personality Research Blog was pre-
populated with three comments, supposedly written by other study participants, which talked
about the joys of taking risks in such activities as skydiving, gambling, and snowboarding.
Appendix A provides a detailed description of the experimental instructions as seen by the
participants.

Participants were randomly assigned to one of nine conditions: eight treatment conditions
and one control group. For participants in the control group, the Personality Research Blog did
not have a comment form, but instead displayed a statement announcing that the researchers had
received enough responses and that they were to continue with the survey. Thus, participants in
the control group visited the Personality Research Blog but did not get a chance to engage in
online self-presentation. For participants in any of the eight treatment conditions, the Personality
Research Blog displayed a comment form at the bottom of the page. Publicness, identifiability,
and restrictiveness of the online self-presentation were manipulated as follows.

Publicness was manipulated by making participants’ responses publicly visible on the
Personality Research Blog. In the private condition, participants were informed that their
response would not be posted on the blog, but only be visible to the researchers. After submitting
their response, participants were redirected to a confirmation page, which stated that their
response was sent to the researchers. In the public condition, participants were informed that

their response would be posted on the blog and be visible to 1000 study participants from their
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university. After submitting their response, participants saw their own comment posted on the
blog. Unbeknown to the participants was the fact that each participant received an individualized
link to a different page on the Personality Research Blog. Although all pages on the Personality
Research Blog looked identical, this ensured that every participant would only see his comment
in addition to the three prepopulated comments. Thus, participants in the public condition were
led to believe that their comment would be visible to anyone participating in this study, when in
fact their comment was only visible to themselves and the researchers.

Identifiability was manipulated by requiring participants to provide their name and email
address. In the anonymous condition, participants were asked not to reveal their name or any
personally identifiable information. Consequently, the comment form did not include name or
email fields, but consisted only of one main comment field. In the identifiable condition,
participants were asked to provide their name and university email address. Consequently, the
comment form included mandatory name and email fields in addition to the main comment field.

Restrictiveness was manipulated by limiting the length of participants’ responses on the
Personality Research Blog. In the unrestricted condition, the default size of the comment field
was 18 lines, with the option to add more text through scrolling. Thus, participants in the
unrestricted condition were not restricted with regards to their response length. In the restricted
condition, participants were informed that their response length was limited to 160 characters, or
about 2 lines. In addition, the restriction was technically implemented by strictly enforcing a
maximum comment field length of 160 characters. The choice of 160 characters as a maximum
length was influenced by popular short-messaging platforms, such as Twitter messages and

Facebook status updates.
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After completing the online self-presentation task on the Personality Research Blog, the
participants returned to the online survey. They were informed that, for the remainder of the
survey, the researchers were interested in how the participants really viewed themselves, as this
might have affected their ability to create an impression of being a risk-seeker on the Personality
Research Blog. Participants subsequently completed the following dependent measures in
random order.

Risk behavior was measured by asking participants to play a computer game and perform
as best as they can. The computer game was in fact the Balloon Analogue Risk Task (BART;
Lejuez et al., 2002), a behavioral measure of risk taking. In the game, participants are asked to
pump up several balloons and accumulate virtual money for each pump. However, if a balloon
explodes, participants loose their virtual money. Each balloon explodes after a random number
of pumps (min. 25, max. 70), which is unknown to the subjects, but constant between subjects.
Behavioral risk is measured as the average number of pumps on unexploded balloons. Risk
attitudes as measured by the BART have been associated with real-world risk-related behaviors,
including drinking, smoking, drug use, gambling, stealing, and unprotected sexual intercourse
(Lejuez, Aklin, Zvolensky, & Pedulla, 2003). In line with previous work on the carryover effect
(e.g. Tice, 1992), the present work does not include a filler task before measuring the dependent
variables.

Social perception of risk was measured by asking participants to carefully read a
description of a fictitious person, Jack, and subsequently rate how they view Jack (“I view Jack
as a...”) on a scale from 0 (“Risk Avoider”) to 100 (“Risk Seeker”). Participants rated Jack

based on the following description:
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Jack is 21 years old and an undergraduate student in business at a public university in
the Northeastern United States. In his free time, he likes to hang out with friends. On the
weekends, he enjoys going to bars and occasionally clubbing. He is an avid soccer player
and a member of his university's soccer team. In the winter, Jack enjoys skiing in the
nearby mountains. He lives in the city, sharing an apartment with two roommates. He
works part-time as a retail associate and has saved several thousand dollars. Part of his
savings he invested in the stock market, while keeping the majority in a savings account.

Upon graduation, Jack plans to get an entry-level position in a large accounting firm.

The description of Jack aimed to stimulate a relatively neutral social perception of risk in
order to capture any potential increases or decreases in social perception of risk as a result of a
change in the risk self-concept.

Risk self-concept was measured using the Domain-Specific Risk-Taking Scale
(DOSPERT; Blais & Weber, 2006). The DOSPERT consists of 30 statements and asks subjects
to indicate the likelihood that they would engage in the described activity if they were to find
themself in that situation. I adopt the DOSPERT as a measure of risk self-concept because it
assesses general risk tendencies as opposed to behavioral intentions. The statements cover six
risk domains: ethical risk (e.g. “passing of somebody’s work as your own”), investing risk (e.g.
“investing 5% of your annual income in a very speculative stock™), gambling risk (e.g. “betting a
day’s income on the outcome of a sporting event”), health/safety risk (e.g. “driving a car without
wearing a seatbelt”), recreational risk (e.g. “bungee jumping off a tall bridge™), and social risk
(e.g. “disagreeing with an authority figure on a major issue”).

After the dependent measures, participants completed the 18-item self-monitoring scale

(Gangestad & Snyder, 2000). Following the recommendations outlined by Gangestad and Snyder
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(2000), I created a single self-monitoring score for each participant by scoring each true/false
item per the authors’ guidelines and summing the resulting scores. As a result, participants have
a single self-monitoring score from “0” (i.e. low self-monitors) to 18 (i.e. high self-monitors).
Lastly, participants answer manipulation checks and demographic questions. After completing
all dependent measures, participants were fully debriefed, thanked for their participation, and
dismissed.

Results

Since I only collected a posttest measure of the domain-specific risk self-concept, |
cannot directly test if and to what extent subjects changed their domain-specific risk self-
concepts over the course of the experiment. I can, however, compare average differences in
domain-specific risk self-concepts across experimental groups. This analysis, however, assumes
that the experimental groups did not differ with regards to domain-specific risk self-concepts at
the onset of the experiment. In order to account for potential pre-existing differences in domain-
specific risk self-concepts, I include age, gender, and the pretest general risk self-concept
measure as covariates. This allows me to partial out the variance due to potential pre-existing
differences and treatment effects between the experimental groups. Thus, I compare differences
in domain-specific risk self-concept between experimental conditions after controlling for pre-
existing differences due to age, gender, and general risk self-concept.

Following the recommendations by Gefen, Straub, and Boudreau (2000), I considered
three different statistical methods — namely linear regression, partial least squares (PLS)
regression, and covariance-based structural equation modeling (SEM) — to analyze the data. In
contrast to linear regression, both PLS and SEM can simultaneously assess the loadings of

observed items on their expected latent constructs while testing the assumed causation among a
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set of dependent and independent variables. Thus, PLS and SEM provide a more rigorous
analysis of a proposed research model than linear regression. More recently, Gefen, Rigdon, and
Straub (2011) suggest that PLS and SEM “are very different in their underlying philosophy,
distributional assumptions, and estimation objectives” (p. v). Specifically, the authors argue that
PLS is better suited for exploratory research as it shares the modest distributional and sample
size requirements of ordinary least squares linear regression. Although I build on a relatively
well-established theoretical base with measures that have been used in prior research, my sample
size in each experimental group is relatively small (i.e. less than 50 per cell). Thus I believe that
PLS is the best statistical method available to test the hypothesized relationships. A recent
literature review of top information systems journals reveals that PLS has been previously used
in experimental research (Qureshi & Compeau, 2009).

In order to examine the hypothesized relationships between online self-presentation and
self-concept, as well as the moderating roles of visibility, identifiability, and restrictiveness using
a PLS approach, I created several dummy variables and included them in the path model.
Previous experimental work in information systems using PLS regression analysis also employed
dummy variables to code manipulated, independent variables (Cyr et al., 2009). In order to test
HI, the impact of online self-presentation on the self-concept, I created a dummy variable that is
coded “0” for participants in the control group (i.e. that did not create an online self-presentation)
and “1” for participants in the treatment groups (i.e. that created an online self-presentation). Just
like in linear regression analysis, a path coefficient in PLS regression analysis from the treatment
dummy variable to a dependent variable indicates a mean difference between participants in the
control and treatment groups (for an overview of the use of dummy variables in PLS, see e.g.

Henseler & Fassott, 2010). Three additional dummy variables were contrast-coded to capture the
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hypothesized differences between participants in the two visibility conditions (i.e. private = “-17,
public = “1”), two identifiability conditions (i.e. anonymous = “-1”, identified = “1”"), and two
restrictiveness conditions (i.e. restricted = “-1”, unrestricted = “1”), representing H4, H5, and
H6, respectively. Note that the dummy variables for visibility, identifiability, and restrictiveness
are all coded “0” for participants in the control group, and either “1” or “-1” for participants in
the treatment groups. Thus, they are interpreted as interactions between online self-presentation
and visibility/identifiability/restrictiveness, respectively. Table 4 depicts the different

experimental groups and the dummy variable coding.

Table 4. Dummy Variable Coding for Experiment 1

Group

Dummy Variable 1 2 3 4 5 6 7 8 9

Online Self-Presentation (OSP) I 1 1 1 1 1 1 1 0

Visibility (VISI) 1 1.1 1 -1 -1 -1 -1 0
Identifiability (IDEN) 1 1 -1 -1 1 1-1-1 0
Restrictiveness (REST) lr -1 1-1 1-11-10

I followed the guidelines for modeling and testing of moderation effects in PLS proposed
by Chin, Marcolin, and Newsted (2003). In essence, the authors suggest applying a moderated
regression analysis approach to PLS. Thus, in a first step, I mean-centered the indicators of the
two interacting constructs. Specifically, I mean-centered the indicators of self-monitoring and
self-concept clarity, since the dummy variables need no further standardization (Henseler &
Fassott, 2010). In a second step, I created a latent interaction term by cross-multiplying the

indicators of the two interacting constructs. Third, I included the interaction term in the PLS path
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model and performed a path analysis and bootstrapping procedure with 500 resamples. The path
coefficient from the interaction term to the dependent variable indicates the statistical
significance of the proposed interaction. In the case of a significant interaction, I evaluated the
effect size of the interaction by comparing the difference in the squared multiple correlation (R?)
for the main effects model (including the interacting constructs, but excluding the actual latent
interaction term) with the interaction model. The difference in R” is then used to estimate
Cohen’s f (1988). In the case of non-significant interactions, I refrain from reporting effect
sizes.

Manipulation checks

To assess how far participants perceived that their response on the Personality Research
Blog is public, they indicated their agreement with the statement “my response on the blog is
visible to anyone who participates in this study” on a scale from 1 (“strongly disagree™) to 7
(“strongly agree”). As predicted, participants in the public condition perceived their response to
be more public (M = 5.54, SD = 1.89) than participants in the private condition (M = 3.66, SD =
2.24, 1(360) = 8.60, p <.001). To evaluate the extent to which participants perceived that their
response on the Personality Research Blog is identified, they indicated their agreement with the
statement “my response on the blog is anonymous” on a scale from 1 (“strongly disagree™) to 7
(“strongly agree”). As predicted, participants in the identified condition perceived their response
to be less anonymous (M = 3.28, SD = 2.52) than participants in the anonymous condition (M =
5.64, SD = 1.85, t(360) = 10.87, p <.001) To determine if participants perceived that the
Personality Research Blog restricted their ability to write a response, they indicated their
agreement with the statement “the blog restricted my ability to write a long response” on a scale

from 1 (“strongly disagree”) to 7 (“strongly agree”). As predicted, participants in the unrestricted

52



condition perceived the blog to be less restrictive (M = 2.29, SD = 1.50) than participants in the
restricted condition (M =4.76, SD = 2.12, t(360) = 12.75, p <.001). In addition, participants also
wrote longer responses (measured in characters) in the unrestricted condition (M = 552.08, SD =
258.16) than in the restricted condition (M = 148.50, SD = 68.35, #360) = 20.53, p < 0.001).
Lastly, participants in the unrestricted condition spent more time (measured in minutes)
completing the experiment than participants in the restricted condition (Myprest = 21.40, SDyprest =
6.19, Mest = 18.46, SDyeit = 5.91, 1(360) = 4.63, p < 0.001).

Measurement model

Following the guidelines for PLS-based confirmatory factor analysis provided by Gefen
and Straub (2005), I evaluated item loadings and cross-loadings, average variance extracted
(AVE), as well as composite reliability for all latent constructs in the study. An initial assessment
revealed that three items related to social risk (i.e. “Starting a new career in your mid-thirties”,
“Choosing a career that you truly enjoy over a more secure one”, “Admitting that your tastes a
different from those of a friend”), three items related to health/safety risk (i.e. “Sunbathing
without sunscreen”, “Walking home alone at night in an unsafe area of town”, “Drinking heavily
at a social function”), and three items related to ethical risk (i.e. “Leaving your young children
alone at home while running an errand”, “Revealing a friend's secret to someone else”, “Taking
some questionable deductions on your income tax return’) exhibit relatively low factor loadings
(< 0.50) and high cross-loadings (> 0.30). In the case of social risk, two of the three problematic
items are related to career decisions. Given that the participants in this study are undergraduate
students who have yet to make career decisions, it seems likely that these items have relatively
little meaning to them. In the case of health/safety risk, the problematic items might have simply

not been risky enough to be considered risks related to health/safety. Lastly, in the case of ethical
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risk, I believe that the participants could not relate well to these items, since many undergraduate
students do not have children, nor are they familiar with deductions on income tax returns. Based
on these statistical and theoretical considerations, I decided to remove these items from all
further analyses. All items, including their respective construct loadings, can be found in
Appendix B.

After removing the aforementioned items, all latent constructs exhibit adequate
convergent and discriminant validity as well as reliability. As can be seen in Table 5, all items
load significantly on their theoretically assigned constructs — a necessary and sufficient condition
to establish convergent validity (Gefen & Straub, 2005). Moreover, all item loadings on their
respective constructs are an order of magnitude larger (> 0.10) than any other loading. In
addition, the square root of every AVE (shown in Table 5 on the diagonal) is larger than 0.50 and
also larger than any correlation among any pair of latent constructs. According to Gefen and
Straub (2005), the latter two conditions together establish discriminant validity. Lastly, the
reliability measures for all latent constructs (also displayed in Table 5) are larger than the

suggested cut-off of 0.70 (Straub, Boudreau, & Gefen, 2004).
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Table 5. Construct Reliabilities and Inter-Construct Correlations for Experiment 1

Construct Reliability 1 2 3 4 5 6 7 8

1. Age n/a* 1.00

2. BART n/a’ -0.07 1.00

3. Pretest’ n/a’ 0.10 0.12 1.00

4. ETH 0.79 -0.13 0.21 0.17 0.75

5. GAM 0.90 -0.03 0.09 0.23 039 0.87

6. HS 0.81 -0.10 0.17 0.20 047 040 0.76

7. INV 0.87 0.02 0.13 036 022 045 027 0.83

8. REC 0.89 -0.04 025 039 029 034 038 038 0.77
9. SOC 0.78 0.02 0.14 037 022 032 035 039 043
10. Gender n/a’ 0.12 -0.12 -0.12 -0.24 -0.15 -0.10 -0.25 -0.16
11. SM n/a’ -0.17 0.08 0.24 0.17 0.12 0.11 0.11 0.23
12. SP n/a’ 0.01 -0.02 0.05 -0.03 -0.03 -0.07 -0.07 -0.02
13. OSP n/a’ 0.03 -0.08 -0.07 0.02 0.01 -0.05 0.08 -0.04
14. IDEN n/a’ -0.05 0.01 0.07 0.07 0.11 0.09 0.04 0.03
15. VISI n/a’ 0.02 0.00 0.02 0.03 -0.01 -0.08 -0.07 -0.01
16. REST n/a’ -0.05 -0.02 0.01 -0.01 0.01 -0.02 -0.04 -0.03
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Table 5. (continued)

Construct Reliability 9 10 11 12 13 14 15 16

9. SOC 0.78 0.73

10. Gender n/a’ -0.05 1.00

11. SM n/a’ 0.20 -0.20 1.00

12. SP n/a’ -0.03 0.09 0.04 1.00

13. OSP n/a’ -0.06 0.02 -0.03 -0.05 1.00

14. IDEN n/a’ 0.10 -0.07 0.01 -0.06 0.00 1.00

15. VISI n/a’ -0.06 0.05 0.04 0.00 -0.01 -0.01 1.00

16. REST n/a’ -0.04 0.02 0.02 -0.02 -0.01 -0.01 0.01 1.00

Note: N =406. Bold-faced number on diagonal is the square root of average
variance extracted. * Reliability not calculated because construct consists of
a single indicator. ® Pretest measure of general risk self-concept. BART =
Balloon Analogue Risk Task, ETH = Ethical Risk, GAM = Gambling Risk,
HS = Health/Safety Risk, INV = Investment Risk, REC = Recreational
Risk, SOC = Social Risk, SM = Self-Monitoring, OSP = Online Self-
Presentation, IDEN = Identifiability, VISI = Visibility, REST =
Restrictiveness.



Structural model

Results of the PLS regression analysis are presented in Figure 2. Note that the full PLS

model allows for a simultaneous evaluation of all hypothesized relationships.
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Figure 2: Results of PLS Regression Analysis for Experiment 1

Lastly, the pretest general risk self-concept measure is positively related to all domain-

specific risk self-concepts. In other words, participants that rated themselves as more risk-

seeking in general at the beginning of the experiment also rated themselves as more risk-seeking

in all specific domains of risk at the end of the experiment.
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Table 6. Select PLS Regression Path Coefficients for Experiment 1

Dependent Variable

Independent Variable ETH GAM HS INV REC SOC
Age -0.10*  -0.03 -0.10 0.01 -0.05 0.01
Pretest” 0.14%*  0.21%*%* (.19%** (.34%** (. 35%** ().33%**
Gender -0.20*** -0.11*  -0.05 -0.21*** -0.09 0.02
SM -0.08 0.06 0.03 -0.05 0.11 0.21
OSP 0.03 0.03 -0.03 0.11*  -0.01 -0.03
OSP x SM 0.16 -0.02 0.02 0.05 0.01 -0.08
IDEN 0.04 0.09 0.07 0.01 0.00 0.07
VISI 0.04 -0.01 -0.08 -0.07 -0.02 -0.07
REST -0.02 0.00 -0.03 -0.03 -0.03 -0.04
R’ 0.11 0.08 0.07 0.19 0.18 0.16

Note: N =406. All path coefficients are standardized. Statistical significance is
evaluated based on bootstrapping with 500 resamples. * Pretest measure of
general risk self-concept. ETH = Ethical Risk, GAM = Gambling Risk, HS =
Health/Safety Risk, INV = Investment Risk, REC = Recreational Risk, SOC =
Social Risk, SM = Self-Monitoring, OSP = Online Self-Presentation, IDEN =
Identifiability, VISI = Visibility, REST = Restrictiveness.

*p <.05. **p <.01. ***p <.001.

To test H1, the impact of online self-presentation on the self-concept, I evaluated the
statistical significances associated with the six path coefficients from the online self-presentation
dummy variable (labeled “OSP”) to the domain-specific risk self-concept constructs. The
significances associated with the path coefficients represent six tests of the null hypothesis that

the means of the constructs do not differ between the treatment and control groups. Only one of
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the six paths, to investment risk self-concept, is significantly different from zero (f=0.11, ¢ =
2.32, p <0.05). On average, participants in the treatment groups rated themselves as more risk
seeking when it comes to investment risk than participants in the control group, after controlling
for differences due to age, gender, and general risk self-concept. Thus, H1 is supported for
investment risk self-concept. To test H2, the relationship between self-concept and behavior, I
examined the significances associated with the six path coefficients from domain-specific risk
self-concept to BART. Two of the six path coefficients are significantly different from zero:
ethical risk self-concept (f =0.15, t =2.88, p <0.01) and recreational risk self-concept (5 = 0.20,
t=3.55, p <0.001). In other words, ethical risk self-concept and recreational risk self-concept
are both positively related to risk behavior. Note that the R* value associated with the BART
measure is relatively small (i.e. 0.09). However, this does not undermine the model’s validity. It
has been suggested that the actual amount of association between constructs is, in fact, greater
than the proportion of variance accounted for by R* (Cohen, 1988). Moreover, low R? values are
not uncommon in behavioral research, as evidenced by a methodologically comparable
experimental study using PLS regression analysis (Cyr et al., 2009). Thus, H2 is supported for
ethical and recreational risk self-concepts. To test H3, the negative relationship between self-
concept and associated social perception, I examined the six paths between the domain-specific
risk self-concept constructs and social perception of risk. None of the path coefficients is
significant (p > 0.10), suggesting that H3 is not supported. To test H4, H5 and H6, the
moderating roles of visibility, identifiability, and restrictiveness, I evaluated the statistical
significance associated with the paths from the respective dummy variables to the posttest
domain-specific risk self-concept constructs. None of the hypothesized paths reached commonly

accepted significance levels (p > 0.10). Thus, H4, HS, and H6 are not supported. Lastly, to test

59



HO, the moderating role of self-monitoring, I analyzed the significance of the six paths from the
interaction of self-monitoring and online self-presentation on the domain-specific risk self-
concept constructs. Again, none of the hypothesized paths reached an acceptable significance
level (p > 0.10). Thus H9 is not supported. A summary of all hypothesis tests for Experiment 1 is

provided in Table 7.

Table 7. Results of Hypotheses Tests for Experiment 1

Hypothesis (Main Variable) Result

HI1 (Online Self-Presentation) Supported
H2 (Behavior) Supported
H3 (Social Perception) Not supported
H4 (Visibility) Not supported
H5 (Identifiability) Not supported
H6 (Restrictiveness) Not supported

H7 (Online Community Size) --
H8 (Online Community Importance) --
HO (Self-Monitoring) Not supported

H10 (Self-Concept Clarity) --A

Note: * Hypothesis was not tested in this Experiment.

Post-hoc analysis
A post-hoc analysis revealed that participants wrote about different domains of risk (e.g.
investment, gambling, recreational risk) on the Personality Research Blog. Thus, it is possible

that participants exhibited domain-specific changes in their self-concepts following their online
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self-presentation. In order to test if the content of one’s online self-presentation is related to
one’s domain-specific risk self-concept, I performed a quantitative content analysis of the
responses on the Personality Research Blog. Specifically, I developed an automated keyword
detection script that coded participants’ responses as belonging to one or several of three
categories: investment risk, gambling risk, or recreational risk. These three categories were
chosen because they are the most well defined risk categories in terms of being able to automate
content categorization. For example, a response involving social risk (e.g. revealing a friend’s
secret to someone else) would be very difficult to code automatically using a simple keyword
detection script. Thus, the script searched for keywords that clearly belonged to a risk domain
and categorized responses using three dummy variables (coded “1” if a response includes a
keyword and “0” otherwise). The keywords were taken from the domain-specific risk self-
concept scales and included, for example, “investing, stock, bonds” for investment risk,
“gambling, betting, casino” for gambling risk, and “camping, rafting, skiing, skydiving, bungee
jumping” for recreational risk. As a result, 146 (40%) out of 362 responses were categorized as
belonging to at least one of the three categories. Among the categorized responses, 94 (64%)
mentioned recreational risk, 50 (34%) mentioned gambling risk, and 19 (13%) mentioned
investment risk.

Subsequently, the dummy variables were entered as independent variables in a PLS
regression analysis. The PLS model tests the extent to which the content of one’s online self-
presentation predicts the six domain-specific risk self-concepts, after controlling for differences
due to gender, age, and general risk self-concept. In addition, the post-hoc PLS model tests the
relations from the domain-specific risk self-concepts to risk behavior and social perception of

risk. The results are shown in Figure 3.
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Figure 3. Results of Post-hoc PLS Regression Analysis for Experiment 1

Because the dummy variables were entered in the model in addition to the control

variables, their path coefficients can be interpreted as mean differences in domain-specific risk

self-concepts after accounting for differences due to gender, age, and pretest general risk self-

concept. An analysis of the path coefficients reveals that the content of participants’ online self-

presentations is indeed related to participants’ domain-specific risk self-concept. Specifically,

participants who presented themselves online as an investment risk-seeker subsequently rated

themselves as more investment risk-seeking than all other study participants (= 0.12,t=2.37,p

< 0.05). Similarly, participants who presented themselves online as a gambling risk-seeker

subsequently rated themselves as more gambling risk-seeking than all other study participants (S
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=0.11, t=2.22, p <0.05). Lastly, participants who presented themselves online as a recreational
risk seeker subsequently rated themselves as more recreational risk-seeking than all other study
participants (f = 0.22, t = 4.82, p < 0.001). Given the highly significant relationship between
online self-presentation as a recreational risk-seeker and recreational risk self-concept, I further
analyzed the content of the 94 responses that were categorized as pertaining to recreational risk.
Interestingly, among those 43 (46%) specifically mentioned skydiving.
Discussion

The results of Experiment 1 provide initial support for the hypothesis that online self-
presentation changes the self-concept in the same direction (H1). Specifically, participants who
presented themselves online as a risk-seeker subsequently rated themselves as more investment
risk-seeking than participants who did not present themselves online. However, the observed
change in the self-concept was confined to the domain of investment risk. Several explanations
could account for this finding. First, it might be the case that the investment risk self-concept is
particularly malleable to online self-presentation. Given that my sample consists exclusively of
undergraduate students, it is possible that this domain of the self-concept less clearly defined
than other risk domains of the self-concept. Second, the self-report measures of the domain-
specific risk self-concepts might not be sensitive enough to detect changes in other domains of
the risk self-concept. Thus, participants might have exhibited changes in other risk domains, but
the measures failed to capture that change. Additional indicators of the various domains of risk
coupled with a larger sample size could help alleviate this shortcoming. Third, the domain-
specific risk self-concept measures might not assess what they attempt to assess. Recall that the
domain-specific risk self-concept measures ask for participants’ likelihood to engage in a certain

activity if they were to find themselves in that situation. I adopted that measure as an indicator of
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self-concept because it captures the extent to which one views oneself as the kind of person who
would engage in a certain risky activity. Note that the domain-specific risk self-concept measures
do not aim to capture behavioral intentions. However, it is possible that participants understood
the questions as a measure of behavioral intention — i.e. how likely they are to engage in a certain
activity. If that was the case, then the domain-specific self-concept measures were in fact
measures of behavioral intention, which would explain the non-significant findings in the
majority of risk domains.

Results of the post-hoc analysis lend additional support to H1. Specifically, the post-hoc
analysis suggests that the content of one’s online self-presentation is significantly related to
one’s domain-specific risk self-concept. Participants who presented themselves as investment,
gambling, or recreational risk-seekers subsequently rated themselves more investment, gambling,
or recreational risk-seeking than all other participants. These relationships are significant even
after accounting for differences due to gender, age, and general risk self-concept. However, since
participants were not randomly assigned to present themselves online as a domain-specific risk-
seeker (e.g. as a recreational risk-seeker), but freely chose to present themselves as any kind of
risk-seeker, one cannot infer that online self-presentation caused the differences in domain-
specific risk self-concept. After all, it is just as likely that participants who were e.g. recreational
risk-seekers simply chose to present themselves as such. Thus, the promising results of the post-
hoc analysis need to be further investigated.

The hypothesis that self-concept is positively related with associated behavior (H2) is
supported by the results of the first experiment. I found that both ethical risk self-concept and
recreational risk self-concept are positively related with performance on the BART. The finding

that other domains of the risk self-concept, specifically gambling risk self-concept, are not
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significantly related to BART is surprising. However, the fact that participants completed the
BART without any kind of monetary reward might explain why it was not related to gambling
risk self-concept. It would be interesting to investigate how the introduction of monetary rewards
alters the relationships between BART and the domain-specific risk self-concepts.

The non-significant finding regarding the relationship between self-concept and social
perception (H3) might be due to the measure of social perception not being sensitive enough to
changes in domain-specific risk self-concepts. Given that the measure of social perception
assesses participants’ overall perception of a person engaging in a variety of relatively risk
neutral activities (albeit covering several domains of risk), it might be the case that changes in
one particular domain of risk are not strong enough to affect the overall social perception of risk.
Thus, a more focused, domain-specific social perception measure might have captured domain-
specific changes in the risk self-concept.

The lack of empirical support for the moderating effects of visibility, identifiability, and
restrictiveness on the relationship between online self-presentation and self-concept (H4-6)
might be partially attributed to the conditional nature of the main effect. Given that participants
only exhibited changes pertaining to specific domains of their individual risk self-concepts, any
potential interactions with system factors might have been too subtle to be measured at an
adequate level of statistical significance. Although the manipulations successfully produced the
psychological states of perceived visibility, identifiability, and restrictiveness — as measured by
the manipulation checks — it is possible that the manipulations were not strong enough to create a
significant interaction and ultimately impact the domain-specific risk self-concept measures.
Furthermore, the potential problems with the measurement of the domain-specific risk self-

concepts (as discussed above) could have amplified the lack of significant findings.
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Lastly, Experiment 1 does not provide support for the hypothesis that self-monitoring
moderates the impact of online self-presentation on the self-concept (H9). Again, it is possible
that the domain-specific nature of the main effect negatively impacted my ability to detect a
statistically significant interaction. Although it is possible to have no main effect but a significant
interaction (Hair et al., 2009), this is not the case here. Additional problems might stem from the
way self-monitoring is measured. There is a long-standing debate in the field of psychology
regarding the measure of self-monitoring (Briggs, Cheek, & Buss, 1980; Gabrenya & Arkin,
1980). Numerous studies have questioned the uni-dimensional nature of the self-monitoring
construct and instead proposed that self-monitoring is in fact multidimensional and covers such
factors as acting, extraversion, and other-directedness (see Briggs & Cheek, 1986; Gangestad &
Snyder, 1985; Hosch & Marchioni, 1986; Lennox & Wolfe, 1984; Nowack & Kammer, 1987;
Riggio & Friedman, 1982; Snyder & Gangestad, 1986; Sparacino, Ronchi, Bigley, Flesch, &
Kuhn, 1983). Thus, it is possible that certain sub-dimensions of self-monitoring might have
interacted with the online self-presentation manipulation. Maybe future work on self-monitoring
will develop more refined measures that can be used to evaluate this question.

Given the mixed findings of Experiment 1, I decided to conduct a follow-up experiment
(Experiment 2) changing the online self-presentation manipulation and social perception
measure. The post-hoc analysis of Experiment 1 reveals that a large amount of participants chose
to present themselves as recreational risk-seekers by writing about a skydiving experience. Thus,
in Experiment 2, I asked participants to present themselves online as recreational risk-seekers by
writing about an imaginary skydiving experience. I reasoned that presenting oneself as someone
who engages in skydiving should alter one’s recreational risk self-concept. I also changed the

social perception measure to focus on recreational risk as exhibited by skydiving.
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Experiment 2

Methods

Overview

The purpose, design, and procedure of Experiment 2 are identical to Experiment 1, except
for the manipulation of online self-presentation and the measure of social perception.

Participants

Three hundred seventy two participants, who were students at a large urban, Northeastern
American university, participated in exchange for partial course credit (worth 2.50% of the final
grade) as part of a departmental subject pool. I removed 93 (25.00%) participants because they
did not follow the study instructions. Specifically, 68 (18.28%) participants did not write
anything on the blog, 20 (5.28%) participants did not complete all dependent measures, and five
(1.34%) participants clearly did not write about the assigned topic. In order to test if the
participants I removed were randomly distributed across the experimental groups, I conducted
independent sample #-tests for each independent variable using dummy variables for participants
(coded “1” if removed and “0” otherwise). Results indicate that participants who did not follow
the study instructions were more likely to be assigned to the identified condition (M = 63.44%)
than regular participants (M = 45.16%) (1(370) = 2.46, p < 0.05). Thus, the pattern of missing
data is non-random and any conclusions drawn from the data analysis must be interpreted in light
of this finding. My final sample size consisted of 279 usable responses. Fifty-four percent of the
participants were male and participants’ mean age was 22 years (SD = 4.19). The numbers of

participants in each group are shown in Table 8.
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Table 8. Number of Participants per Group in Experiment 2

Group (n)
1 2 3 4 5 6 7 8 9 Total (V)
31 33 31 30 31 31 31 32 29 279

Procedure

In contrast to Experiment 1, online self-presentation was manipulated by having
participants write about an imaginary skydiving experience on an experimental website called
Skydiving.com. Participants were led to believe that Skydiving.com has about 10,000 visitors per
month and that it is one of the most popular skydiving sites on the web. Moreover, participants
were told that “Skydiving.com is currently developing a new marketing campaign to encourage
more people to try skydiving” and that participants are asked to help with the campaign by
writing about an imagined skydiving jump on Skydiving.com. Participants were given the goal
“to convince others to also try skydiving.” Unbeknown to the participants was the fact that the
experimental website was created by the researchers for the purpose of this study. To increase
realism, the Skydiving.com website was pre-populated with a comments, supposedly written by
other study participants, which talked about how they enjoyed their skydiving experience. The
detailed experimental instructions, including the confederate responses, are provided in
Appendix C. Visibility, identifiability, and restrictiveness were manipulated similarly to
Experiment 1.

After completing the online self-presentation task on the Skydiving.com website,
participants returned to the online survey where they completed all dependent measures in

random order. Social perception of risk was measured by asking participants to carefully read a
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description of a fictitious person, Jack, and subsequently rate how they view Jack (“I view Jack
as a...”) on a scale from 0 (“Risk Avoider”) to 100 (“Risk Seeker”). Compared to Experiment 1,
the description of Jack was altered to reflect the focus on recreational risk in general, and
skydiving in particular. Participants read the following description of Jack:

Jack is 21 years old and an undergraduate student in business at a public university in

the Northeastern United States. In his free time, he likes to go skydiving. He did his first

tandem skydive, in Long Island, when he was 18 years old. Since then, Jack has
completed over 25 jumps. Last month, Jack received his skydiving license from the

United States Parachuting Association (USPA), which allows him to jump without

supervision and pack his own parachute. He plans to complete another 10 jumps before

the end of this year.

Lastly, I made a minor adjustment to the domain-specific risk self-concept measure. After
receiving complaints from participants in Experiment 1 about two questions that probe rather
intimate topics (“Having an affair with a married man/woman” and “Engaging in unprotected
sex”), I decided to remove these questions from all following experiments.

Results

The PLS regression analysis, including the creation of dummy variables, followed the
same steps for as described in Experiment 1.

Manipulation checks

To examine how far participants perceived that their response on Skydiving.com is
public, they indicated their agreement with the statement “my response can be read by anyone
visiting Skydiving.com” on a scale from 1 (“strongly disagree”) to 7 (“strongly agree”). As

predicted, participants in the public condition perceived their response to be more public (M =
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5.57, 8D = 1.77) than participants in the private condition (M =4.61, SD = 2.16, #(248) =3.85, p
<.001). To determine the degree to which participants perceived that their response on
Skydiving.com is identified, they indicated their agreement with the statement “my response on
Skydiving.com is anonymous” on a scale from 1 (“strongly disagree”) to 7 (“strongly agree”). As
predicted, participants in the identified condition perceived their response to be less anonymous
(M =3.31, SD = 2.28) than participants in the anonymous condition (M = 5.64, SD = 1.69, #(248)
=9.14, p <.001) To determine if participants perceived that the Skydiving.com website
restricted their ability to write a response, they indicated their agreement with the statement “the
Skydiving.com website restricted my ability to write a long response” on a scale from 1
(“strongly disagree”) to 7 (“strongly agree”). As predicted, participants in the unrestricted
condition perceived the website to be less restrictive (M = 2.20, SD = 1.51) than participants in
the restricted condition (M =4.97, SD =2.27, t(248) = 11.33, p <.001). Furthermore,
participants in the unrestricted condition wrote longer responses (M = 505.93 characters, SD =
282.29) on Skydiving.com than participants in the restricted condition (M = 132.68 characters,
SD =43.67, 1(248) = 14.66, p < 0.001). However, a comparison of the time spent (in minutes) to
complete Experiment 2 revealed no significant difference between participants in the restricted
and unrestricted conditions (M, = 16.85, SDyess = 5.72, Mypress = 18.28, SDyyprest = 6.28, 1(248) =
1.84, p =0.07).

Measurement model

To evaluate the measurement model, I compared item loadings and cross-loadings,
average variance extracted (AVE), as well as composite reliability for all latent constructs with
the guidelines suggested by Gefen and Straub (2005). After an initial review of the measurement

model, I removed the following items because of relatively low factor loadings (< 0.50) and high
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cross-loadings (> 0.30): two items related to ethical risk self-concept (i.e. “Revealing a friend's
secret to someone else,” “Not returning a wallet you found that contains $200”), three items
related to health/safety risk self-concept (i.e. “Drinking heavily at a social function,” “Driving a
car without wearing a seat belt,” “Riding a motorcycle without a helmet”), one item related to
recreational risk self-concept (i.e. “Going down a ski run that is beyond your ability”), and three
items related to social risk self-concept (i.e. “Choosing a career that you truly enjoy over a more
secure one,” “Moving to a city far away from your extended family,” “Starting a new career in
your mid-thirties”). Similar to my reasoning in Experiment 1, I believe that the undergraduate
student sample in my study could not relate well to the majority of these questions. Appendix D
provides an overview of all items included in this experiment, as well as their construct loadings.
After removing these items, all latent constructs exhibit adequate convergent and
discriminant validity as well as reliability. Table 9 displays the construct reliabilities and inter-
construct correlations. As can be seen in Table 9, all items load significantly on their
theoretically assigned constructs, which establishes convergent validity (Gefen & Straub, 2005).
Moreover, all item loadings on their respective constructs are an order of magnitude larger (>
0.10) than any other loading. Moreover, the square root of every AVE (displayed on the diagonal
in Table 9) is larger than 0.50 as well as larger than any correlation among any pair of latent
constructs. Following the recommendations by Gefen and Straub (2005), I conclude that the
constructs exhibit adequate discriminant validity in order to continue with the PLS regression
analysis. Finally, the reliability measures for all latent constructs (also shown in Table 9) are

larger than the suggested cut-off of 0.70 (Straub, Boudreau, & Gefen, 2004).
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Table 9. Construct Reliabilities and Inter-Construct Correlations for Experiment 2

Construct  Reliability 1 2 3 4 5 6 7 8
1. Age n/a* 1.00
2. BART n/a’ -0.01 1.00
3. Pretest’ n/a’ 0.08 0.02 1.00
4. ETH 0.78 -0.13 0.03 0.15 0.74
5. GAM 0.91 0.03 0.11 024 036 0.87
6. HS 0.74 -0.12 0.14 0.29 027 032 077
7. INV 0.83 0.15 0.10 025 022 030 021 0.79
8. REC 0.85 -0.09 0.09 037 022 025 044 023 0.73
9. SOC 0.83 -0.07 0.15 0.23 0.12 0.12 034 022 0.32
10. Gender n/a’ 0.05 -0.14 -0.18 -0.17 -0.25 -0.24 -0.16 -0.12
11. SM n/a’ -0.06 004 0.19 006 0.11 0.15 0.14 0.13
12. SP n/a’ 0.10 0.01 0.02 -0.18 -0.13 -0.13 -0.01 -0.16
13. OSP n/a’ 0.03 0.06 0.09 -0.08 0.01 0.00 -0.02 0.04
14. IDEN n/a’ 0.05 0.02 0.00 0.01 -0.09 0.03 0.02 0.01
15. VISI n/a’ 0.09 0.04 -0.03 0.02 0.00 0.01 0.04 o0.01
16. REST n/a’ -0.11 0.04 -0.06 0.12 0.03 0.11 0.00 0.06
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Table 9. (continued)

Construct Reliability 9 10 11 12 13 14 15 16
9. SOC 0.83 0.79

10. Gender n/a’ -0.13  1.00

11. SM n/a’ 0.15 -0.23 1.00

12. SP n/a* 0.02 0.15 -0.08 1.00

13. OSP n/a* 0.09 0.03 -0.09 0.05 1.00

14. IDEN n/a* -0.03 0.01 0.0 0.00 0.00 1.00

15. VISI n/a* -0.05 -0.03 -0.03 -0.18 0.00 0.02 1.00

16. REST n/a* -0.02 -0.08 0.05 -0.04 0.00 -0.01 0.00 1.00

Note: N =279. Bold-faced number on diagonal is the square root of average
variance extracted. * Reliability not calculated because construct consists
of a single indicator. ® Pretest measure of general risk self-concept. BART
= Balloon Analogue Risk Task, ETH = Ethical Risk, GAM = Gambling
Risk, HS = Health/Safety Risk, INV = Investment Risk, REC =
Recreational Risk, SOC = Social Risk, SM = Self-Monitoring, OSP =
Online Self-Presentation, IDEN = Identifiability, VISI = Visibility, REST

= Restrictiveness.
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Structural model

Figure 4 depicts the results of the PLS regression analysis. Equivalent to Experiment 1,
the model assesses all hypothesized relationships simultaneously.
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Figure 4: Results of PLS Regression Analysis for Experiment 2

Detailed results of all paths from the independent variables to the domain-specific risk

self-concept constructs are presented in Table 10. As in Experiment 1, age is again negatively

related to ethical risk self-concept (5 =-0.12, #(499) = 2.00, p < 0.05). Thus, participants who are
older rated themselves as less risk seeking with regards to ethical risk than participants who are
younger. In addition, age is also positively related to investment risk self-concept (5 = 0.14,

1(499) = 2.46, p <0.05). Participants who are older rated themselves as more investment risk-
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seeking than participants who are younger. None of the other relationships between age and
domain-specific risk self-concepts are significant (p > 0.10). Gender (coded “0” for male and “1”
for female) is negatively related to ethical risk self-concept (f = -0.14, #(499) = 2.28, p < 0.05),
gambling risk self-concept (5 =-0.21, #499) = 3.52, p <0.001), and health/safety risk self-
concept (f =-0.16, #(499) = 2.57, p <0.01). Thus, female participants rated themselves as less
risk-seeking with regards to ethical, gambling, and investment risk than male participants. In
contrast, gender is not significantly related to investment, recreational, or social risk self-
concepts (p > 0.10). Lastly, the pretest general risk self-concept measure is positively related to
all domain-specific risk self-concepts, including ethical risk self-concept (5 = 0.15, #(499) = 2.45,
p <0.05), gambling risk self-concept (f = 0.19, #(499) = 3.06, p < 0.01), health/safety risk self-
concept (= 0.26, 1(499) =4.22, p < 0.001), investment risk self-concept (5 = 0.20, #499) =

3.11, p <0.01), recreational risk self-concept (5 = 0.37, #(499) = 5.88, p <0.001), and social risk
self-concept (f = 0.19, #(499) =2.88, p <0.01). In other words, participants who rated
themselves as more risk-seeking in general at the beginning of the experiment also rated

themselves as more risk-seeking in all specific domains of risk at the end of the experiment.
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Table 10. Select PLS Regression Path Coefficients for Experiment 2

Dependent Variable

Independent Variable  ETH GAM HS INV REC SOC
Age -0.12*  0.04 -0.11 0.14* -0.11 -0.08
Pretest” 0.15*  0.19** 0.26%**  (0.20%* (0.37*** (.19%*
Gender -0.14*  -0.21***  -0.16¥* -0.11  -0.03 -0.07
SM 0.62 0.48 0.33 0.32 0.06 0.28
OSP -0.03 0.03 0.01 -0.01 0.01 0.10
OSP x SM -0.66  -0.25 -0.47 -0.28  -0.02 -0.19
IDEN 0.02  -0.09 0.04 0.01 0.02 -0.02
VISI 0.03 0.00 0.02 0.03 0.03 -0.04
REST 0.11 0.03 0.09 0.01 0.07 -0.03
R’ 0.11 0.13 0.15 0.11 0.16 0.09

Note: N =279. All path coefficients are standardized. Statistical significance is
evaluated based on bootstrapping with 500 resamples. * Pretest measure of
general risk self-concept. ETH = Ethical Risk, GAM = Gambling Risk, HS =
Health/Safety Risk, INV = Investment Risk, REC = Recreational Risk, SOC =
Social Risk, SM = Self-Monitoring, OSP = Online Self-Presentation, IDEN =
Identifiability, VISI = Visibility, REST = Restrictiveness.

%p < .05, **p < 01, **%p < 001,

To test HI, the impact of online self-presentation on the self-concept, I evaluated the
statistical significances associated with the six path coefficients from the online self-presentation
dummy variable (labeled “OSP”) to the domain-specific risk self-concept constructs. Identical to

Experiment 1, the significances associated with the path coefficients represent six tests of the
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null hypothesis that the means of the constructs do not differ between the treatment and control
groups. None of the paths are significantly different from zero (p > 0.10). This suggests that
participants in the treatment groups do not systematically differ from the control group with
regards to their posttest domain-specific risk self-concepts, after controlling for gender, age, and
pretest general risk self-concept. Thus, H1 is not supported. To test H2, the relationship between
self-concept and behavior, I examined the significances associated with the six path coefficients
from domain-specific risk self-concept to BART. None of the six path coefficients are
significantly different from zero (p > 0.10). This suggests that neither of the domain-specific risk
self-concepts is related to performance on the BART. Thus, H2 is not supported. To test H3, the
negative relationship between self-concept and associated social perception, I evaluated the six
paths between the domain-specific risk self-concept constructs and social perception of risk. As
predicted, the path coefficient from recreational risk self-concept to social perception is negative
and significant (f =-0.14, #499) = 2.01, p < 0.05). Thus, participants who are more recreational
risk-seeking perceive someone else to be less recreational risk-seeking than participants who are
less recreational risk-seeking. None of the other domain-specific risk self-concepts are
significantly related to social perception (p > 0.10). Given that the measure of social perception
was specifically altered to capture recreational risk, it is not surprising that none of the other risk
self-concepts are related to it. Therefore, H3 is supported. To test H4, HS and H6, the moderating
roles of visibility, identifiability, and restrictiveness, I assessed the statistical significance
associated with the paths from the respective dummy variables to the posttest domain-specific
risk self-concept constructs. None of the hypothesized paths reached commonly accepted
significance levels (p > 0.10). Thus, H4, HS, and H6 are not supported. Lastly, to test H9, the

moderating role of self-monitoring, I analyzed the significance of the six paths from the
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interaction of self-monitoring and online self-presentation to the domain-specific risk self-
concept constructs. Again, none of the hypothesized paths reached significance (p > 0.10). Thus

HO is not supported. Table 11 provides a summary of all hypothesis tests for Experiment 2.

Table 11. Results of Hypotheses Tests for Experiment 2

Hypothesis (Main Variable) Result

H1 (Online Self-Presentation) Not supported
H2 (Behavior) Not supported
H3 (Social Perception) Supported
H4 (Visibility) Not supported
H5 (Identifiability) Not supported
H6 (Restrictiveness) Not supported

H7 (Online Community Size) --
HS8 (Online Community Importance) --
HO (Self-Monitoring) Not supported

H10 (Self-Concept Clarity) --A

Note: * Hypothesis not tested in this Experiment.

Discussion

The results of Experiment 2 suggest that writing about an imaginary skydiving
experience online does not affect one’s domain-specific risk self-concept, which I interpret as not
lending support to H1. However, recall that I defined online self-presentation as the goal-directed
activity of publishing information on the Internet in order to influence the impressions formed by

an online community about oneself. Also note that I asked participants to influence the
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impressions formed by an online community about skydiving — not about themselves. Thus,
strictly speaking, one could argue that participants in Experiment 2 did not actually engage in
online self-presentation. Participants instead managed the impressions of skydiving as a
recreational activity. This would explain the non-significant finding for H1. In addition, it is
possible that all participants, including those in the control group, exhibited domain-specific
changes in their risk self-concept. It is possible that the mere act of trying to imagine oneself as
skydiving activates related cognitions about risky activities, which subsequently affects related
domain-specific risk self-concepts. The additional activity of writing about that experience,
which participants in the treatment groups underwent, might simply not have been strong enough
to activate additional cognitions in the participants’ memory. This would also explain why there
is no difference between participants in the control group and the treatment groups.
Furthermore, the results of Experiment 2 do not support the hypothesis that self-concept
is related to behavior (H2). This result is surprising, given that Experiment 1 found support for
H2. Although, the two samples of undergraduate students in Experiment 1 and Experiment 2
should be very similar, it is important to note that I had to discard 25.00% of the data in
Experiment 2 due to participants not following the instructions. This is more than twice the
amount of Experiment 1 (12.32%) and severely impacts my ability to derive meaningful
conclusions from this experiment. Moreover, participants were significantly more likely not to
follow the study instructions in the identified condition. It is possible that asking participants to
lie about an experience online — especially while being identified — might have irritated them to
such an extent that their self-report and behavioral measures were distorted. Alternatively, it is

also possible that asking participants to lie during their online self-presentation made them also
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respond untruthfully in the self-report and/or behavioral measures. This would explain why I did
not find support for H2 in Experiment 2.

Experiment 2 provides support for the hypothesis that self-concept is negatively related
to social perception. Whereas the description of the fictitious person upon which the measure of
social perception is based was very general in Experiment 1, I created a domain-specific
description focusing on recreational risk (specifically skydiving) for Experiment 2. This result is
encouraging and suggests that social perception is indeed influenced by the self-concept.
Specifically, this finding supports the theory that the self-concept serves as a reference point
from which others are judged. However, Experiment 2 also suggests that the relationship
between the self-concept and social perception is domain-specific. Thus, one’s perception of
others is uniquely influenced by one’s domain-specific view of oneself. The fact that the other
domain-specific risk self-concepts are not related to recreational social perception further
supports the domain-specific interpretation of the negative relationship between self-concept and
social perception.

Experiment 2 does not support the hypothesis that visibility moderates the relationship
between online self-presentation and self-concept (H4). However, it is possible that participants
in the private condition perceived their responses to be too public in order to create a significant
impact on the self-concept. Although the manipulation check for visibility found a significant
difference in perceived visibility between the public and private conditions, it is important to
note that participants in the private condition still perceived their responses to be relatively
visible (M =4.61, on a scale from 1-7). In comparison, participants in the public condition
perceived their responses to be only marginally more public (M = 5.57, AM = 0.91). The online

self-presentation manipulation informed participants in the private condition that their responses
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would be visible to the researchers and the marketing team at Skydiving.com. In contrast,
participants in the public condition were informed that their responses would be visible to
anyone on the web, including the researchers, marketing team, and anyone of the 10,000 monthly
visitors to Skydiving.com. It is possible that the additional audience of 10,000 monthly visitors
was not enough to create a meaningful difference in perceived visibility to subsequently affect
domain-specific risk self-concepts.

The hypothesis that identifiability moderates the impact of online self-presentation on the
self-concept (HS) is also not supported by Experiment 2. In hindsight, it is possible that this
finding is due to a general feeling of being anonymous among the participants in both
Experiments 1 and 2. Despite the fact that the manipulation check for anonymity found a
significant difference between participants in the identified and anonymous conditions, it is
important to note that participants in the identified condition still felt relatively anonymous (M =
3.31, on a scale from 1-7). Although participants in the anonymous condition felt more
anonymous (M = 5.64, AM = 2.23), 1 still believe that the lack of identifiability in the identified
condition contributed to this non-significant finding in Experiment 2. Moreover, as discussed
above, it is possible that participants felt generally uneasy about lying while being identified.
This could have further distorted the moderating role of identifiability.

Contrary to H6, I did not find that restrictiveness moderates the impact of online self-
presentation on the self-concept. Although the manipulation check confirmed that participants in
the restricted condition felt more restricted in their ability to write a long response than
participants in the unrestricted condition, I theorized that restrictiveness moderates the impact of
online self-presentation on the self-concept because it influences the psychological ownership of

one’s online self-presentation. Specifically, I suggested that restrictiveness influences
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psychological ownership because participants in the restricted condition have less control over
their online self-presentation and also spend less effort creating their online self-presentation
than participants in the unrestricted condition. However, my findings suggest that participants in
the unrestricted condition did not spend significantly more time completing the experiment than
participants in the restricted condition. Thus, it is possible that participants in the unrestricted
condition did not put more effort into creating their online self-presentation — measured by time
spent — and thus did not perceive greater psychological ownership over their online self-
presentation than participants in the restricted condition. This would explain the insignificant
finding with regards to restrictiveness in Experiment 2.

Lastly, Experiment 2 did not find support for the moderating role of self-monitoring
(H9). Similar to Experiment 1, it is possible that the multidimensional nature of the self-
monitoring construct severely hindered my ability to detect a moderating effect. Moreover, given
the questionable nature of the online self-presentation manipulation in Experiment 2, it might
have been the case that self-monitoring does not operate when participants are asked to lie or
write about an imaginary experience.

In order to address the mixed results and shortcomings of Experiment 2, particularly with
regards to the online self-presentation manipulation, I decided to conduct a follow-up experiment
(Experiment 3), which combines the lessons learned from Experiments 1 and 2. Particularly, |
decided to have participants write about a real experience (similar to Experiment 1), but limited
to “outdoor sport activities” (similar to Experiment 2). Thus, in Experiment 3 participants were
free to write about the most dangerous thing they have ever done — as long as it is an outdoor
sport activity. I theorized that the increased realism found in Experiment 1 combined with the

focus on recreational risk found in Experiment 2 should result in a strong main effect of online
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self-presentation on recreational risk self-concept in Experiment 3. In addition, I decided to
manipulate online community size, measure online community importance, and measure self-
concept clarity in order to test the full research model as depicted in Figure 1. Lastly, I decided to
broaden the sample, and thus increase the generalizability of the findings, by recruiting
participants through Amazon Mechanical Turk. Because researchers recruiting participants
through Amazon Mechanical Turk are not allowed to collect any type of personally identifiable

information, I had to drop the identifiability manipulation from Experiment 3.
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Experiment 3

Methods

Overview

The purpose and procedure of Experiment 3 were identical to Experiment 1, except for
the manipulation of online self-presentation, the manipulation of online community size, the
measure of online community importance, and the measure of self-concept clarity. Experiment 3
is a 2 (visibility: public vs. private) x 2 (restrictiveness: unrestricted vs. restricted) % 2 (online
community size: large vs. small) incomplete factorial design, since online community size was
not manipulated for participants in the private condition. Table 12 shows the experimental

groups and their respective treatment configurations.
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Table 12. Treatment Conditions in Experiment 3

Manipulated Variable

Group Visibility Online Community Size  Restrictiveness

1 Public Large Unrestricted
2 Public Large Restricted

3 Public Small Unrestricted
4 Public Small Restricted

5 Private n/a* Unrestricted
6  Private n/a” Restricted

7 Control (No Online Self-Presentation)

Note: * Participants in the private visibility condition were not
exposed to an online community.

Participants

Three hundred sixty four participants participated in the Experiment in exchange for a

$0.50 payment each. I removed 79 (21.70%) participants, because they did not follow the study

instructions. Specifically, 36 (9.89%) participants did not write anything on the website, 22
(6.04%) participants clearly did not write about the assigned topic, and 22 (6.04%) participants

did not complete all dependent measures. Consequently, I was left with 284 usable responses.

Testing for systematic patterns of removed participants, I found that removed participants were

equally likely to be among any of the treatment conditions (p > 0.10). Thus, the removed
participants can be considered missing at random (Hair et al., 2009). The distribution of

participants across experimental groups is depicted in Table 13.
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Table 13. Number of Participants in Experiment 3

Group (n)
1 2 3 4 5 6 7 Total (V)
39 41 37 31 42 40 54 284

The sample characteristics are summarized in Table 14. Note that the majority of

participants were male and based in India.

Table 14. Sample Characteristics of Experiment 3

Characteristic Number Percentage
Age
18-24 104 36.62%
25-29 72 25.35%
30-39 69 24.30%
40-49 18 6.34%
50-59 12 4.23%
60 and over 9 3.17%
Education
Some high school 2 0.70%
High school diploma 54 19.01%
2-year college degree 39 13.73%

4-year college degree 117 41.20%



Table 14. (continued)

Characteristic Number Percentage
Master degree 68 23.94%
Doctorate degree 5 1.76%
Gender
Male 173 60.92%
Female 111 39.08%
Location
India 151 53.17%
USA/Canada 92 32.39%
Europe 24 8.45%
Other 17 5.99%

Note: N =284. Location based on participant’s Internet

Protocol (IP) address.

Procedure

The procedure followed that of Experiment 1, unless noted otherwise. Online self-

presentation was manipulated by having participants visit an experimental website, called

Daredevils, where they were asked to write about the most daring and dangerous outdoor sport

activity they have ever done. Participants were informed that the researchers are interested in

“understanding how well you can present yourself as a daredevil.” They were also told to “feel

free to exaggerate, but don’t be outrageous, silly, or clearly untruthful.” They were given the

explicit goal “to convince others that you truly are a daredevil.” Again unbeknown to the

participants was the fact that the experimental website was created by the researchers for the
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purpose of this study. Furthermore, to increase realism, the Daredevils website was pre-
populated with one comment, supposedly written by another study participant, which talked
about how the person went heli-snowboarding while an avalanche warning was in effect.
Detailed instructions for Experiment 3 are provided in Appendix E.

Visibility and restrictiveness were manipulated just like in Experiment 1. Online
community size was manipulated by informing participants of the number of other study
participants that can read their response on the Daredevils website. In the small online
community size condition, participants were told that their “response can be read by anyone on
the web, including the 50 other study participants.” In contrast, in the large online community
size condition, participants were told that their “response can be read by anyone on the web,
including the 10,000 other study participants.”

After completing the online self-presentation task on the Daredevils website, participants
returned to the online survey where they completed all dependent measures in random order. The
dependent measures were identical to Experiment 2. In addition, participants completed the self-
concept clarity scale (Campbell et al., 1996), which consists of 12 items measured on a scale
from 1 (“strongly disagree”) to 7 (“strongly agree”). Lastly, I measured perceived online
community importance by asking participants to indicate their agreement with the statement “I
care about who reads my response on the Daredevils website” on a scale from 1 (“strongly
disagree”) to 7 (“strongly agree”).

Results

The data analysis, including the creation of dummy variables, followed the same steps for

PLS regression analysis as described in Experiment 1. Given that participants in Experiment 3

were located in 31 different countries, I categorized them into four different regions: North
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America, Europe, India, and other (or rest of world). Subsequently, I created three additional
dummy variables to control for potential differences in domain-specific risk self-concepts
between North America and Europe (dummy labeled “EUROPE”), between North America and
India (dummy labeled “INDIA”), and between North America and rest of world (dummy labeled
“ROW?”). Thus, North America serves as a reference group against which the other domain-
specific self-concepts are compared. Furthermore, since Experiment 3 manipulated online
community size, I created a dummy variable to capture the moderating effect of online
community size on online self-presentation. The dummy variable for online community size is
labeled “OCS” and coded “-1” for participants in the small online community size condition and
“1” for participants in the large online community size condition. All remaining participants in
the private and control conditions are coded “0.” Thus, the dummy variable OCS contrasts
participants in the small and large online community size conditions.

Manipulation checks

To test if participants perceived that their response on the Daredevils website is public,
they indicated their agreement with the statement “my response on the Daredevils website can be
read by anyone on the web” on a scale from 1 (“strongly disagree™) to 7 (“strongly agree™). As
predicted, participants in the public condition perceived their response to be more public (M =
5.76, SD = 1.60) than participants in the private condition (M = 2.56, SD = 2.07, #(228) = 13.01,
p <.001). To evaluate if participants perceived differences in the online community size, they
indicated their agreement with the statement “Many people will read my response on the
Daredevils website” on a scale from 1 (“strongly disagree”) to 7 (“strongly agree”). Contrary to
expectations, participants in the large online community size condition did not perceive that

more people will read their response (M = 5.29, SD = 1.56) than participants in the small online
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community size condition (M = 5.40, SD = 1.37, t(146) = 0.45, p = 0.65). Although both groups
equally perceived that many people will read their response on the Daredevils website, it is
possible that the word “many” did not properly capture the difference in perceived online
community size between the groups. Nevertheless, the manipulation check failed to show a
significant difference in perceived online community size between the large and small online
community size groups. To test if participants perceived that the Daredevils website restricted
their ability to write a response, they indicated their agreement with the statement “the
Daredevils website restricted my ability to write a long response” on a scale from 1 (“strongly
disagree”) to 7 (“strongly agree”). As predicted, participants in the unrestricted condition
perceived the blog to be less restrictive (M = 2.71, SD = 1.78) than participants in the restricted
condition (M =4.83, SD =2.01, #(228) = 8.47, p < .001). Furthermore, participants in the
unrestricted condition wrote longer (measured in characters) responses (M = 551.04, SD =
529.49) than participants in the restricted condition (M = 136.15, SD = 28.69, #(228) =8.28, p <
0.001). Interestingly, the longer response did not translate into participants spending more time
(measured in minutes) completing the experiment in the unrestricted condition (M = 25.16, SD =
12.46) than in the restricted condition (M = 23.68, SD = 9.58, #228) =1.01, p = 0.32).

Measurement model

Just like in the first two experiments, I evaluated the measurement model by evaluating
the item loadings and cross-loadings, average variance extracted (AVE), and composite
reliability for all latent constructs (Gefen & Straub, 2005). Following an initial review of the
measurement model, I removed the following items due to relatively low factor loadings (< 0.50)
and high cross-loadings (> 0.30): one item related to ethical risk self-concept (i.e. “Taking some

questionable deductions on your income tax return”), two items related to health/safety risk self-
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concept (i.e. “Driving a car without wearing a seat belt,” “Riding a motorcycle without a
helmet”), one item related to recreational risk self-concept (i.e. “Going down a ski run that is
beyond your ability”), and three items related to social risk self-concept (i.e. “Disagreeing with
an authority figure on a major issue,” “Choosing a career that you truly enjoy over a more secure
one,” “Speaking your mind about an unpopular issue in a meeting at work™). Given that this
experiment used a broader sample of adults from different countries, it is possible that some of
the items did not capture the theoretically related risk constructs very well. For example, taking
questionable deductions on an income tax return might not be perceived as an ethical risk across
different cultures. Similarly, issues related to disagreeing with authority figures or speaking up at
work might be perceived very differently across different cultures. A further exploration of the
differences between domain-specific risk self-concepts across cultures is certainly interesting,
but beyond the scope of this work. For the same reason of low factor loadings and high cross-
loadings, I removed two items from the self-concept clarity scale (i.e. “I seldom experience
conflict between the different aspects of my personality,” “In general, I have a clear sense of who
I am and what I am™). In contrast to the remaining ten items of the self-concept clarity scale,
these items are not reverse-coded, meaning stronger agreement indicates greater self-concept
clarity. The remaining items in the scale are all reverse-coded, meaning stronger agreement
indicates lesser self-concept clarity. It is possible that participants did not read these two items
very well and subsequently answered not in line with their actual self-concept clarity. Thus, I
removed these two items from the self-concept clarity scale. Appendix F shows the items and
loadings for all latent constructs in Experiment 3.

After removing the above-mentioned items, all latent constructs exhibit adequate

convergent and discriminant validity as well as reliability. As shown in Table 15, all items load
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significantly on their theoretically assigned constructs. Moreover, all item loadings on their
respective constructs are an order of magnitude larger (> 0.10) than any other loading.
Furthermore, as can be seen in Table 15, the square root of every AVE is larger than 0.50 and
also larger than any correlation among any pair of latent constructs. This leads me to conclude
that the latent constructs in Experiment 3 exhibit adequate convergent and discriminant validity
(Gefen & Straub, 2005). Finally, the reliability measures for all latent constructs (displayed in

Table 15) are larger than the suggested cut-off of 0.70 (Straub, Boudreau, & Gefen, 2004).

92



Table 15. Construct Reliabilities and Inter-Construct Correlations for Experiment 3

Construct ~ Reliability 1 2 3 4 5 6 7 8 9 10 11
1. Age n/a* 1.00
2. BART n/a’ -0.14  1.00
3. Pretest’ na®  -0.03 0.05 1.00
4. ETH 0.81 -0.01 -0.02 0.32 0.72
5. GAM 0.93 0.08 -0.03 0.41 0.53 0.91
6. HS 0.78 -0.04 0.17 0.33 0.49 047 0.74
7. INV 0.88 0.07 -0.01 0.47 0.31 0.46 0.35 0.84
8. REC 0.87 -0.09 0.06 0.48 0.25 0.39 0.34 0.45 0.75
9. SOC 0.76 0.23 -0.01 0.15 -0.01 0.14 0.30 0.29 0.19 0.72
10. Gender n/a’ 0.07 -0.14 -0.14 -0.23-0.20-0.30-0.21-0.17 0.11 1.00
11. EUROPE n/a* -0.09 0.00 -0.17 -0.11-0.06 0.00-0.11 -0.05-0.10-0.09 1.00
12. INDIA n/a’ -0.08 -0.05 0.24 0.37 0.29 0.11 0.35 0.27-0.14 -0.20 -0.32
13. ROW n/a* 0.10 -0.02 0.01 -0.01-0.10-0.15-0.05-0.09 -0.06 0.04 -0.08
14. OCI n/a’ 0.06 -0.12 0.13 -0.01 0.05-0.01 0.05 0.11-0.13 0.05-0.04
15. SCC 0.92 0.16 -0.02 -0.24 -0.47-0.30-0.13-0.11-0.16 0.12 0.09 0.12
16. SM n/a’ -0.08 0.08 0.24 0.06 0.18 0.23 0.15 0.15 0.12-0.12-0.10
17. SP n/a* 0.06 0.03 0.09 -0.11-0.03-0.04 0.04-0.02 0.25 0.04 -0.15
18. OSP n/a’ 0.09 0.06 -0.06 -0.13-0.07-0.02-0.08 0.08 -0.03 0.02 0.08
19. OCS n/a* -0.10 -0.07 0.01 -0.01 0.04 0.00 0.01 0.06 0.13 0.01-0.02
20. VISI n/a* 0.05 -0.07 0.10 -0.09 0.02 0.01-0.05 0.04 0.04 0.09 -0.05
21. REST n/a* 0.02 0.08 -0.03 -0.06-0.12-0.08 -0.13 -0.08 -0.03 0.01 0.13
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Table 15. (continued)

Construct  Reliability 12 13 14 15 16 17 18 19 20 21

12.

13.

14.

15.

16.

17.

18.

19.

20.

21.

INDIA n/a® 1.00

ROW n/a’ -0.27  1.00

OCI n/a’ 0.16 0.04 1.00

SCC 0.92 -0.22 -0.02 0.02 0.73

SM n/a’ -0.07 0.07 0.06 -0.01 1.00

SP n/a’ -0.02 -0.04 0.02 0.05 -0.04 1.00

OSP n/a’ -0.08 -0.03 039 0.14 -0.04 0.0 1.00

OCS n/a’ -0.01 -0.06 0.00 -0.05 0.03 -0.03 0.03 1.00

VISI n/a’ 0.01 0.05 0.71 0.12 0.09 0.09 0.13 0.05 1.00
REST n/a’ -0.12 -0.09 0.02 0.06 -0.03 -0.02 0.01 -0.04 0.00 1.00

Note: N =284. Bold-faced number on diagonal is the square root of average variance extracted. *

Reliability not calculated because construct consists of a single indicator. b Pretest
measure of general risk self-concept. BART = Balloon Analogue Risk Task, ETH =
Ethical Risk, GAM = Gambling Risk, HS = Health/Safety Risk, INV = Investment Risk,
REC = Recreational Risk, SOC = Social Risk, EUROPE = Participants based in Europe,
INDIA = Participants based in India, ROW = Participants based in other countries, OCI =
Online Community Importance, SCC = Self-Concept Clarity, SM = Self-Monitoring, OSP
= Online Self-Presentation, OCS = Online Community Size, IDEN = Identifiability, VISI
= Visibility, REST = Restrictiveness.
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Structural model

Results of the PLS path analysis for Experiment 3 are shown in Figure 5. As in the

previous experiments, I tested the full model, which allows me to test all hypothesized

relationships at once.
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Figure 5: Results of PLS Regression Analysis for Experiment 3

Table 16 presents select results of all path coefficients from the independent variables to
the domain-specific risk self-concept constructs. Age is positively related to gambling risk self-
concept (f =0.18, #(499) = 3.72, p < 0.001). Thus, participants that are older rated themselves as

more risk seeking with regards to gambling risk than participants that are younger. As in

Experiment 2, age is also positively related investment risk self-concept (£ = 0.13, #(499) = 2.10,
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p <0.05). Participants that are older rated themselves as more investment risk-seeking than
participants that are younger. Lastly, age is positively related to social risk self-concept (f =
0.23, #(499) = 4.86, p < 0.001). Thus, participants that are older rated themselves as more social
risk-seeking than participants that are younger. None of the other relationships between age and
domain-specific risk self-concepts are significant (p > 0.10). Gender (coded “0” for male and “1”
for female) is negatively related to ethical risk self-concept (f =-0.11, #(499) =2.11, p <0.05)
and health/safety risk self-concept (f =-0.23, #(499) = 4.12, p <0.001). Thus, female participants
rated themselves as less risk-seeking with regards to ethical and health/safety risk than male
participants. In contrast, gender is not significantly related to gambling, investment, recreational,
or social risk self-concepts (p > 0.10). Pretest general risk self-concept is positively related to all
domain-specific risk self-concepts, including ethical risk self-concept (f = 0.17, #(499) =3.07, p
< 0.01), gambling risk self-concept (5 = 0.29, #(499) = 5.21, p < 0.001), health/safety risk self-
concept (= 0.26, 1(499) = 4.55, p < 0.001), investment risk self-concept (5 = 0.40, #(499) =
7.68, p <0.001), recreational risk self-concept (5 = 0.43, #(499) = 8.01, p < 0.001), and social
risk self-concept (8 = 0.21, #(499) = 3.65, p <0.001). Thus, participants who rated themselves as
more risk-seeking in general at the beginning of the experiment also rated themselves as more
risk-seeking in all specific domains of risk at the end of the experiment. In terms of location-
based differences, I found that the domain-specific risk self-concepts of participants based in
Europe do not differ significantly from those of participants based in North America (p > 0.10).
However, participants based in India rated themselves as significantly more risk-seeking with
regards to ethical (f=0.27, #499) =4.11, p <0.001), gambling (5 =0.19, 1(499) =2.84, p <
0.01), investment (# = 0.25, #(499) = 3.95, p <0.001), and recreational risk self-concept (f =

0.18, 1(499) = 2.74, p < 0.01). In contrast, participants in India rated themselves as less risk-
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seeking with regards to social risk self-concept (f = -0.14, #(499) = 2.10, p < 0.05). Similarly,
participants located in countries categorized as “other” also rated themselves as significantly less
risk-seeking with regards to health/safety risk (£ =-0.17, #(499) = 3.05, p < 0.01) and social risk
(B =-0.13, 1(499) = 2.32, p < 0.05) than participants located in North America. Thus, overall, the
domain-specific risk self-concepts of participants based in North America are significantly

different from those based in Europe, India, and the rest of the world.

Table 16. Select PLS Regression Path Coefficients for Experiment 3

Dependent Variable
Independent Variable ETH GAM HS INV REC SOC
Age 0.09 0.18%**  0.03 0.13*  -0.04 (0.23%**
Pretest” 0.17%* 0.29%**  0.26%**  0.40%** (.43%** (. 2]***
Gender -0.11* -0.08 -0.23*** -0.09 -0.05 0.09
EUROPE 0.05 0.11 0.04 0.06 0.09 -0.09
INDIA 0.27***  0.19**  -0.03 0.25%** (.18*%*  -0.14%*
ROW 0.05 -0.07 -0.17**  0.00 -0.03 -0.13**
SM 0.17 0.21 0.31%* 0.04 0.00 0.15
SCC -0.54**%*%  -0.17 -0.08 0.06 0.03 -0.03
OSP -0.01 -0.02 0.04 -0.07 0.12%* 0.04
OSP x SM -0.17 0.03 0.06 -0.06 -0.08 -0.14
OSP x SCC -0.05 0.00 -0.01 -0.08 0.14 0.18
OCI -0.03 -0.04 -0.10 0.09 -0.02 -0.28%*
VISI -0.04 0.04 0.09 -0.15 0.01 0.16*

97



Table 16. (continued)

Dependent Variable
Independent Variable ETH GAM HS INV REC SOC
OCS -0.01 0.03 -0.02 0.03 0.04 0.14%*
REST -0.01 -0.10 -0.09 -0.10 -0.05 -0.04
R’ 0.35 0.31 0.23 0.34 0.30 0.22

Note: N =284. All path coefficients are standardized. Statistical significance is
evaluated based on bootstrapping with 500 resamples. * Pretest general risk self-
concept. ETH = Ethical Risk, GAM = Gambling Risk, HS = Health/Safety Risk,
INV = Investment Risk, REC = Recreational Risk, SOC = Social Risk, EUROPE =
Participants based in Europe, INDIA = Participants based in India, ROW =
Participants based in other countries, OCI = Online Community Importance, SCC =
Self-Concept Clarity, SM = Self-Monitoring, OSP = Online Self-Presentation, OCS
= Online Community Size, IDEN = Identifiability, VISI = Visibility, REST =
Restrictiveness.

%p < .05, **p < 01, **%p < 001,

To test H1, the impact of online self-presentation on the self-concept, I examined the

significances of the six path coefficients from the treatment dummy variable (labeled “OSP”) to

the domain-specific risk self-concept constructs. The path to recreational risk self-concept is
significantly different from zero (5 = 0.12, #(499) = 2.01, p <0.05). None of the other paths
reached significance (p > 0.10). Given the particular emphasis of Experiment 3 on recreational

risk, this finding is promising. It suggests that participants in the treatment groups rated

themselves as significantly more risk-seeking with regards to recreational risk, after controlling

for gender, age, location, and pretest general risk self-concept. Thus, H1 is supported specifically

for recreational risk self-concept. To test H2, the positive relationship between self-concept and

behavior, I examined the significances associated with the six path coefficients from domain-
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specific risk self-concept to BART. Only the path from health/safety risk self-concept to BART
is significant (f = 0.29, #(499) = 3.95, p < 0.001, all other p > 0.10). This suggests that
participants who rated themselves higher on health/safety risk self-concept also clicked more, on
average, on unexploded balloons in the BART. Thus, H2 is supported for health/safety risk self-
concept. To test H3, the negative relationship between self-concept and associated social
perception, I assessed the six paths between the domain-specific risk self-concept constructs and
social perception of risk. Contrary to expectations, the path coefficient from social risk self-
concept to social perception is positive and significant (f = 0.27, #(499) = 4.13, p <0.001). Thus,
participants who rated themselves as more risk-seeking perceived a fictitious person to be more
risk-seeking than participants who rated themselves as less social risk-seeking. None of the other
paths are significant (p > 0.10). Given that I hypothesized self-concept to be negatively related to
social perception, H3 is not supported. To test H4, the moderating role of visibility, I evaluated
the significance of the paths between the dummy variable (labeled “VISI”) and the domain-
specific risk self-concepts. Interestingly, only the path to social risk self-concept is significant (f
=0.16, #(499) = 2.08, p <0.05, all other p > 0.10). Thus, participants in the public condition
rated themselves as more risk-seeking with regards to social risk than participants in the private
condition, after controlling for differences due to age, gender, location, and pretest general risk
self-concept. Given that the content of the online self-presentation focused on recreational risk, I
believe that a change in social risk self-concept as a result of changes in visibility does not lend
direct support for H4. The path coefficients between the dummy variable labeled “REST” and
the six domain-specific risk self-concepts represent tests of hypothesis H6 — i.e. the moderating
role restrictiveness. None of the path coefficients are significant (p > 0.10), thus not supporting

H6. Next, I evaluated the moderating role of online community size (H7). An assessment of the
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path coefficients from the interaction term (dummy variable labeled “OCS”) to the domain-
specific risk self-concepts revealed only a significant positive interaction on social risk self-
concept (= 0.14, 1(499) = 2.62, p < 0.01, all other p > 0.10). Thus, participants who presented
themselves online as a recreational risk-seeker in front of a large online community subsequently
rated themselves as more social risk-seeking than participants who presented themselves in front
of a small online community. This finding, similar to the one for visibility, is interesting but does
not lend support for H7. To evaluate the moderating role of online community importance, I
evaluated the significance associated with the paths to the six domain-specific risk self-concepts.
Only the path to social risk self-concept was significant (f = -0.28, #(499) = 3.14, p < 0.01, all
other p > 0.10). However, contrary to expectations, online community importance negatively
moderates the impact of online self-presentation on the self-concept. Specifically, the negative
path coefficient suggests that the more a participant cares about who reads his response on the
Daredevils website, the less social risk-seeking he rates himself. This finding clearly does not
support the hypothesized positive moderation in HS. To test H9, the moderating role of self-
monitoring, I analyzed the significance of the six paths from the interaction of self-monitoring
and online self-presentation to the domain-specific risk self-concept constructs. Again, none of
the hypothesized paths reached significance (p > 0.10). Thus H9 is not supported. Finally, I
evaluated the path coefficients from the interaction term of online self-presentation and self-
concept clarity (OSP x SCC) to the six domain-specific risk self-concept constructs in order to
test H10 — the moderating role of self-concept clarity. None of the paths were significant (p >
0.10), thus not lending support for H10. A summary overview of all hypothesis tests for

Experiment 3 is provided in Table 17.
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Table 17. Results of Hypotheses Tests for Experiment 3

Hypothesis (Main Variable) Result

H1 (Online Self-Presentation) Supported
H2 (Behavior) Supported
H3 (Social Perception) Not supported
H4 (Visibility) Not supported
H5 (Identifiability) -f

H6 (Restrictiveness) Not supported
H7 (Online Community Size) Not supported

HS8 (Online Community Importance) Not supported
H9 (Self-Monitoring) Not supported

H10 (Selt-Concept Clarity) Not supported

Note: * Hypothesis not tested in this Experiment.

Discussion

The findings of Experiment 3 — albeit being mixed — provide further support for the main
hypothesis that online self-presentation changes the self-concept in the same direction (H1).
Specifically, participants in Experiment 3 exhibited domain-specific changes in their recreational
risk self-concept following an online self-presentation as a recreational risk-seeker. Similar to
Experiment 1, and in contrast to Experiment 2, participants in Experiment 3 were free to create
an impression of being a recreational risk-seeker by writing about the most dangerous and daring
outdoor sport activity they had ever done. Thus, Experiment 3 — like Experiment 1 — led

participants to activate specific memories related to activities in which they took a big risk. It is
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likely that the hypothesized spreading memory activation led to the observed changes in
participants’ self-concepts.

In addition, Experiment 3 found support for the hypothesis that self-concept is positively
related to behavior (H2). Specifically, health/safety risk self-concept was found to be related
with performance on the BART. Although this particular domain-specific risk self-concept was
not found to be significantly related to behavior in Experiments 1 and 2, it is likely that the
broader sample of Experiment 3 led to this change in relative importance of health/safety risk.
Given that the BART was originally designed to measure health/safety risk, Experiment 3
provides strong support for the hypothesis that both self-report and behavioral measures of risk
tap into a shared risk self-concept.

The hypothesis that self-concept is negatively related to social perception (H3) was not
supported by Experiment 3. In fact, the observed strong negative relationship between social risk
self-concept and social perception is surprising. What could explain this counter-intuitive
finding? Maybe people who are more social risk-seeking tend to perceive others as more like
them than people who are less social risk-seeking. Obviously, it would be premature to draw that
conclusion from the findings of a single experiment. However, this is an interesting research
question, which should be explored further. At this point, it appears that social perception is
highly domain-specific and that it is influenced by factors beyond the domain-specific risk self-
concept.

Experiment 3 did not find support for the hypothesis that visibility positively moderates
the impact of online self-presentation on the self-concept (H4). However, it was found that
participants who presented themselves as recreational risk-seekers online in public subsequently

rated themselves as more social risk-seeking than participants who presented themselves as
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recreational risk-seekers online in private. Two explanations could account for this finding. The
first, which is based on the notion of spreading memory activation, suggests that increased
visibility led to a stronger spreading memory activation process, which subsequently affected a
separate domain-specific risk self-concept. In other words, participants in the public condition
thought more about the dangerous outdoor sport activity they wrote about and subsequently
remembered additional situations in which they took risk than participants in the private
condition. Among those might have been predominantly social risk-taking situations, which then
led to the change in social risk self-concept. Due to the social nature of the public condition, it is
possible that thoughts about social risk were more likely to be activated than thoughts about
other domains of risk. An alternative explanation could be that participants felt that creating an
online self-presentation in front of a large online community is in and of itself a social risk,
which would explain why participants who engaged in that act subsequently rated themselves as
more social risk-seeking. Thus, when assessing their social risk self-concept, participants
consciously or subconsciously looked at their own most recent behavior — that is sharing the
most daring and dangerous outdoor sport activity one has ever done with an audience of 10,000
other people — and concluded that they must be relatively high social risk-seekers. In contrast,
participants in the private condition created an online self-presentation that was only visible to
the researchers. Thus, participants in the private condition might have thought that creating an
online self-presentation in front of anonymous researchers is not an expression of taking a social
risk. These post-hoc explanations raise interesting questions for further research.

Restrictiveness was not found to negatively moderate the impact of online self-
presentation on the self-concept (H6). Similar to Experiment 1 and 2, it is possible that the

manipulation of limiting the text field to 160 characters (in the restricted condition) does not
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reduce the psychological ownership over one’s online self-presentation and thus does not create
the anticipated interaction effect. Although contrary to what I was expecting, I believe the fact
that text field length does not affect the impact of one’s online self-presentation on the self-
concept is an interesting null finding. The finding suggests that participants might have felt
equally in control and used equal effort in the creation of their online self-presentation in both
restrictiveness conditions, so that the impact on their self-concepts was not moderated.

Experiment 3 did not find that online community size positively moderates the impact of
online self-presentation on the self-concept (H7). However, participants who created an online
self-presentation as a recreational risk-seeker in front of an online community of 10,000 people
later rated themselves as more social risk-seeking than participants who created an online self-
presentation in front of an online community of 50 people. Possible explanations for this finding
follow those of H4 (i.e. visibility). In essence, the social nature of the situation might have cued
participants to activate memories predominantly related to social risk. Alternatively, participants
might have felt that the act of presenting oneself in front of a large online community is a form
of social risk-taking. Thus, when assessing their social risk self-concept, participants in the large
online community condition might have had a concrete memory of social risk-taking more
readily available than participants in the small online community condition. Clearly, further
research is needed to understand if and to what extent the act of online self-presentation in front
of a large online community can be considered a form of social risk.

The hypothesis that online community importance moderates the impact of online self-
presentation on the self-concept (H8) was not supported by the data. Interestingly, it was found
that online community importance negatively moderates the impact of online self-presentation

on social risk self-concept. Participants who cared more (less) about who reads their response on

104



the website subsequently rated themselves as less (more) social risk-seeking. It is possible that
people who are social risk-seekers tend to be careless about how they present themselves online.
This explanation is in line with the idea that online self-presentation is in and of itself a form of
social risk. In light of this finding, it is important to point out again that I measured online
community importance with a single item (i.e. “I care about who reads my response on the
Daredevils website” on a scale from 1 = “strongly disagree” to 7 = “strongly agree”).
Unfortunately, this item has ambivalent meaning. On the one hand, the item can be understood as
assessing how much someone cares that anyone reads their response on the Daredevils website,
in general. On the other hand, it can be understood as assessing how much someone cares about
the people who read their response on the Daredevils website, in specific. Naturally then,
Experiment 3 does not provide conclusive evidence for the proposed explanation. Further
research is needed to untangle the relationships between perceived online community
importance, social risk self-concept, and online self-presentation.

Self-monitoring was not found to moderate the relationship between online self-
presentation and self-concept (H9). Again, it is possible that the multidimensional nature of the
self-monitoring construct, which is currently not reflected in the measurement instrument,
contributed to the lack of findings. Once further research identifies and develops more fine-
grained measures for the various aspects of self-monitoring, it would be interesting to replicate
this experiment and probe for potential moderation by specific aspects of self-monitoring.
However, at this point, H9 must be rejected.

Lastly, Experiment 3 tested the moderating role of self-concept clarity (H10). Although
the data do not support the proposed relationship, it is interesting to note that self-concept clarity

is negatively related to ethical risk self-concept. The more participants have a clear and well-
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defined self-concept, the less they rate themselves as ethical risk-seekers. Given that ethical risk
self-concept is measured by such items as “Passing off somebody else's work as your own” and
“Revealing a friend's secret to someone else,” it is very likely that people with a more clearly
defined self-concept are more convinced that they are not the kind of person who would engage
in such activities. Obviously, the observed relationship in Experiment 3 is based on self-report
measures of self-concept clarity and ethical risk self-concept. Thus, this finding might be due to
participants who are high in self-concept clarity wanting to be seen as someone who does not
engage in ethical risk-taking. It would be fascinating to explore if people who are high in self-
concept clarity are actually more likely to refrain from ethically risky activities than people who

are low in self-concept clarity, if they were to find themselves in such a situation.
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General Discussion

Individually, the findings of Experiments 1, 2, and 3 provide mixed support for the
hypothesized relationships. However, when comparing the results across all three experiments,
several strong patterns of results emerge. First, online self-presentation changes the self-concept
in the same direction, if — and only if — people are led to recall and share memories of past
experiences in a particular domain. As Experiments 1 and 3 have shown, people shift their
domain-specific risk self-concepts when asked to recall and share instances in which they took a
big risk. In contrast, Experiment 2 showed that asking people to imagine themselves taking a risk
and sharing that imaginary experience is not enough to affect a change in one’s self-concept.
Given that the reasoning underlying the hypothesis that online self-presentation changes the self-
concept is based on spreading memory activation, the fact that people only changed their self-
concept after recalling actual memories is perfectly in line with theory. Moreover, it is important
to note that the impact of online self-presentation on the self-concept is domain-specific. That is,
following an online self-presentation as, for example, a recreational risk-seeker, only people’s
recreational risk self-concept changes. Thus, the spreading memory activation induced by an
online self-presentation does not lead to drastic changes in all domain-specific risk self-concepts.
A change, if any, is limited to the particular domain upon which the online self-presentation was
focused. Furthermore, it is important to point out that participants in the control groups across all
three experiments underwent the same exact instructions and procedures — except for being able
to engage in the act of online self-presentation — as participants in the treatment groups. Since
participants in the control groups were also asked to prepare for the upcoming online self-

presentation, it is entirely possible that participants in the control group also changed their self-
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concept as a result of spreading memory activation. As this would account for some of the mixed
findings across the three studies, further research should definitely investigate this possibility.
Second, the relationship between self-concept and behavior is highly domain-specific and
moderated by the characteristics of a particular sample. Specifically, among samples of
undergraduate students located in the United States, Experiment 1 found that ethical and
recreational risk self-concepts are related to risk behavior as measured by performance on the
BART. In contrast, for a sample of the same population, Experiment 2 found no relationships
between self-concept and performance on the BART. Yet in a broader sample of adults located
in over 30 countries, Experiment 3 found that health/safety risk self-concept is related to risk
behavior as measured by performance on the BART. Thus, the relationship between self-concept
and behavior is domain-specific — i.e. specific risk self-concepts are related to particular types of
risk behavior. Moreover, unique sample characteristics (e.g. age and location) seem to moderate
this relationship, as evidenced by the contradictory findings across Experiments 1, 2, and 3.
Third, the relationship between self-concept and social perception is domain-specific and
dependent upon prior activation of related cognitions. In Experiments 1 and 3, the measure of
social perception was not content-specific to participants’ online self-presentations.
Subsequently, I did not find a relationship between self-concept and social perception. In
contrast, in Experiment 2 the measure of social perception was specifically tied to the content of
participants’ online self-presentations (i.e. skydiving). Thus, only after imagining themselves as
skydiving, people were receptive to a measure of social perception that was based on skydiving.
Specifically, people who were more recreationally risk-seeking perceived someone who
regularly engages in skydiving as less risk-seeking than people who were less recreationally risk-

seeking. Therefore, it is possible that the relationship between self-concept and social perception
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depends upon the prior activation of domain-specific cognitions. Moreover, the finding of
Experiment 2 suggests that any relationship between self-concept and social perception is highly
domain-specific and a measure aiming to capture the relationship between self-concept and
social perception should be clearly related to the same content domain.

Fourth, visibility does not moderate the impact of online self-presentation on the self-
concept, because people generally feel that their behavior on the Internet is public. As
Experiments 1, 2, and 3 have shown, people generally feel that their behavior on the Internet is
relatively public, even if I specifically told them otherwise. This explains why the manipulation
of visibility (public versus private) did not lead to the expected interaction. In essence, whenever
people visit a website and post something on it, they assume that their response is or will become
public. I believe that the web browser has become a metaphorical window to the public world of
the Internet and people have become accustomed to the fact that their actions on the Internet are
relatively public. Of course, it is possible that some online activities are less public than others,
such as online banking or sending an email. However, given my findings, it seems that posting a
comment on a website is universally considered to be a public act, irrespective of the website’s
promises to treat one’s response as confidential.

Fifth, identifiability does not moderate the impact of online self-presentation on the self-
concept because people generally feel that their behavior on the Internet is anonymous. As
Experiments 1 and 2 have shown, people generally feel that their behavior on the Internet is
relatively anonymous, even when they provide their real name and email address while posting a
comment on a website. Apparently, the identifiers of first name and last name, coupled with
one’s email address, do not create a strong sense of being identified on the Internet. I believe that

this is a direct consequence of the recent trends in online social networks and third-party
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authentication. In essence, people no longer feel uniquely identified by their name or email
address online. Instead, it is possible that true identifiability can now only achieved by requiring
people to login with their personal online social network credentials (e.g. Facebook, Twitter,
Google+). Subsequently, they are uniquely identified by their name, photo, and profile link.
Thus, although someone might have a common name, say John Doe, he becomes uniquely
identified through third-party online social network authentication, because it reveals John Doe’s
personal network of social relationships with friends and family. Thus, online social network
authentication resolves the problem to find out if a particular John Doe is a stranger or a person |
actually know. Given that I did not test if and how authentication with one’s online social
network credentials moderates the impact of online self-presentation on the self-concept, it
would be premature to conclude that third-party authentication would have influenced my
results.

Sixth, restrictiveness does not moderate the impact of online self-presentation on the self-
concept because people put as much effort into creating a short-form online self-presentation as
they put into creating a long-form online self-presentation. In my theoretical development, I
reasoned that the amount of effort and control one has over one’s online self-presentation
influences one’s psychological ownership of the online self-presentation, which in turn
moderates the extent to which one internalizes the content of the online self-presentation.
Subsequently, I aimed to manipulate effort and control by technically limiting the maximum
length of the online self-presentation — i.e. system restrictiveness. However, judging by the non-
significant difference in the time people spent creating their online self-presentation in the long-
form versus short-form conditions, it is possible that people did not actually put in more effort to

create their long-form online self-presentations vis-a-vis their short-form online self-
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presentations. Thus, it is possible that the length of an online contribution does not directly
influence the extent of psychological ownership one perceives to have over it. Hence, people
exhibited equal amounts of psychological ownership across both restrictiveness conditions,
which subsequently led to the observed null finding with regards to changes in the self-concept. I
believe this finding is highly important, especially with regards to the recent trend of short-form
online self-presentation on the Internet (e.g. Twitter, Facebook status updates). If it is indeed the
case that psychological ownership does not depend on the amount of one’s online contribution,
then further research is certainly needed to develop a theory of psychological ownership that
accounts for the specific characteristics of online contributions.

Seventh, online community size does not moderate the impact of online self-presentation
on the self-concept because the social impact of a group of people online is not the same as the
social impact of a group of people being physically present. I theorized that a larger online
community size should create greater social impact, which in turn should increase the effect of
online self-presentation on the self-concept. My theoretical development was based on prior
research using groups of physically present people. However, given the non-significant findings,
it is possible that perceptions of audience size are different online as compared to “offline.”
Online, people do not have a visual imagery of the actual online community size (e.g. 50 or
10,000 people as in Experiment 3) and thus might not be as affected by it. If, on the other hand,
the same self-presentation took place “offline”, for example in a football stadium filled with 50
or 10,000 people, I believe one would have been able to capture a difference — not just in
perceived community size, but also in terms of the impact on the self-concept. Thus, the lack of
visual imagery and resulting sense of online community size might have contributed to the non-

significant finding regarding the moderating role of online community size.
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Eighth, online community importance does not moderate the impact of online self-
presentation on the self-concept, possibly because of a general lack of perceived online
community importance among the study’s participants. However, Experiment 3 suggests that
perceived online community importance is negatively related to social risk self-concept.
Specifically, Experiment 3 found that people who care less about the online community also tend
to rate themselves more social risk-seeking than people who care more about the online
community. Recall that online community importance was not manipulated in Experiment 3. As
a result, one cannot draw conclusions regarding the causal impact of online community
importance.

Ninth, across all three experiments I did not find support for the hypothesis that self-
monitoring moderates the impact of online self-presentation on the self-concept. This finding is
surprising given that self-monitoring has been found to moderate the impact of self-presentation
on the self-concept in face-to-face settings. Maybe the construct of self-monitoring in face-to-
face communication is not the same as self-monitoring in computer-mediated communication.
Although it seems likely that people who are high in self-monitoring also tend to be high in self-
monitoring during computer-mediated communication, it is possible that the two are not
necessarily related. Given that I am not aware of a measure for “computer-mediated self-
monitoring,” such reasoning can only be seen as exploratory in nature. In addition, the measure
of self-monitoring has been criticized for its multi-dimensional nature, which makes additional
research on self-monitoring definitely a worthwhile undertaking.

Tenth, self-concept clarity does not moderate the impact of online self-presentation on
the self-concept. However, given that the relationship between online self-presentation and self-

concept 1s highly domain-specific, it is possible that the general nature of self-concept clarity
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does not account for domain-specific self-concept clarity. Maybe participants who did not have a
well-defined recreational risk self-concept were more likely to change their recreational self-
concept following an online self-presentation as a recreational risk-seeker than participants with
a clear and well-defined recreational risk self-concept. Unfortunately, given the lack of risk
domain-specific self-concept clarity measures, [ was not able to capture these details.

Lastly, across all three experiments I found age and gender to be significantly correlated
with most domain-specific risk self-concepts. In the samples of undergraduate students
(Experiments 1 and 2), I found ethical risk self-concept to be negatively related to age. Thus,
participants that were older rated themselves as less ethical risk-seeking than participants that
were younger. Given the relatively small variance in age among the undergraduate student
samples, this is an interesting finding. In contrast, in a broader sample of adults (Experiment 3), I
found that age was positively related to gambling, investment, and social risk self-concept. In
essence, the older the participants, the more they rated themselves as risk-seeking with regards to
gambling, investment, and social risk. In terms of gender differences, I found that men rated
themselves as more ethical risk-seeking (Experiments 1, 2, and 3), more health/safety risk-
seeking (Experiments 2 and 3), and more gambling risk-seeking (Experiments 1 and 2) than
women. Thus, there were significant effects for gender across all three experiments. Lastly,
based on the findings of Experiment 3, people in India rate themselves as more risk-seeking with
regards to ethical, investment, gambling, health/safety, and recreational risk, but less risk-seeking
with regards to social risk, than people based in the United States. These location-based
differences are interesting as they point towards cultural differences in domain-specific risk self-

concepts that are worthy of further exploration.
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Looking back at my research questions and the results of the three experiments, I can
now offer the following answers: (a) How does the way one presents oneself online affect one’s
self-concept? The content of one’s online self-presentation changes one’s domain-specific self-
concept. A process of inference and spreading memory activation is likely responsible for this
domain-specific self-concept change. (b) Under what circumstances is a person’s online self-
presentation likely to lead to a self-concept change? Although in theory factors related to the
system (i.e. visibility, identifiability, and restrictiveness), online community (i.e. size and
importance), and user (i.e. self-monitoring and self-concept clarity) should influence the self-
concept change, this is not the case. The most important circumstance affecting a domain-
specific self-concept change is the content of one’s online self-presentation: if — and only if —
people are led to recall and share specific memories relating to a particular content domain will
they exhibit a corresponding self-concept change. (¢) What are the potential consequences of an
altered self-concept? The self-concept has domain-specific consequences for one’s behavior as
well as for one’s social perception. However, these consequences are highly domain-specific and
are subject to influences by the particular characteristics of given sample.

Theoretical and Practical Implications

This study makes four key theoretical contributions. First, it applies self-identification
theory to the context of online self-presentation. Self-identification theory was developed to
explain the influence of self-presentation on the self-concept in the context of face-to-face self-
presentation. In this context, it successfully predicted the outcome of self-presentation
experiments, particularly involving the personality trait of extraversion. Moreover, self-
identification theory suggests that factors related to the situation, audience, and person moderate

the impact of self-presentation on the self-concept. These factors were found to be of importance
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in the face-to-face context. Given the widespread behavior of online self-presentation among the
general Internet population, I believe it is very important to understand the implications of such
behavior — not just for business purposes, but for society overall. Self-identification theory seems
to be a natural fit for this undertaking. To the best of my knowledge, this is the first study to
apply self-identification theory to the context of online self-presentation. Second, this study
extends self-identification theory in the context of online self-presentation. Recall that self-
identification theory suggests that factors related to the situation, audience, and person moderate
the impact of self-presentation on the self-concept. Since self-identification does not make
specific predictions regarding moderating factors in the context of online self-presentation, I
integrated insights from public commitment theory, psychological ownership theory, and social
impact theory in order to make predictions regarding factors related to the system (i.e. visibility,
identifiability, restrictiveness), online community (i.e. size and importance), and user (i.e. self-
monitoring and self-concept clarity). Third, in three consecutive experiments (total N = 969), I
tested the hypothesized relationships not just in the novel context of online self-presentation, but
also — for the first time — using risk self-concept as the main dependent variable. Moreover, the
experiments collected self-report as well as behavioral data regarding risk self-concept. Lastly,
while two of the three experiments used undergraduate student subjects in the United States, the
last experiment was conducted using an online sample of adults from 31 different countries.
Overall, findings suggest that self-identification theory can be used to explain domain-specific
changes in the self-concept following an online self-presentation. Moreover, the experiments
found that certain domain-specific self-concepts are positively related to behavior and negatively
related to social perception. Lastly, the experiments suggest that factors related to the system,

online community, and user do not significantly influence the impact of online self-presentation
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on the self-concept. Fourth, the present study refines self-identification theory by proposing that
the content of one’s online self-presentation serves as a trigger for spreading memory activation.
Given the theory’s reliance on inference and spreading memory activation as the key process
underlying self-concept change, I believe it is crucial to understand the particularities of how
inference and spreading memory activation can be triggered. The findings of this study suggest
that people must be led to recall and share memories related to a particular content domain in
order to achieve spreading memory activation. In contrast, a simple imagination exercise coupled
with subsequent self-presentation is not enough to trigger the hypothesized process of inference
and spreading memory activation.

Furthermore, this study makes the following five important practical contributions. First,
this study suggests that brand marketing should focus on connecting with consumers through
shared memories. For example, a powerful way to alter consumers’ self-concepts would be to
ask them to share their first experience with a brand online. Assuming the consumer had a
positive first experience, the act of recalling and sharing these memories should change the self-
concept in the direction of the online self-presentation. This should subsequently alter behavior,
1.e. increasing loyalty, as well as social perception, i.e. perceiving others to be less enthusiastic
about the brand. Obviously, in the case of a negative first experience, the act of online self-
presentation could likewise have negative consequences for the brand. Second, this study
suggests that the Internet is largely perceived to be public and anonymous. Thus, companies
aiming to create a sense of privacy, or confidentiality, have to engage in additional consumer
education in order to earn that perception. Simple instructions and messages on a website are not
enough to convince online consumers that their behavior is truly private. Moreover, it is

important to note that online consumers largely feel anonymous — even when they provide their
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real name and email address. Therefore, companies aiming to create an online environment for
trusted interactions and a sense of being identified need to integrate additional measures, such as
third-party authentication through online social networks (e.g. Facebook, Twitter, Google+).
Third, contribution length does not affect its impact on the self-concept. Thus, services like
Twitter, with its character restriction, are just as powerful when it comes to affecting consumers’
self-concepts than more traditional long-form contributions, like blogs. Fourth, audience
perception is severely limited online. The findings from this study suggest that people have
difficulties differentiating between audiences of 50 and 10,000 online when they are just
informed about the audience size in writing. Thus, it might be important to add visual cues to
influence perceptions of audience size. For example, live counters or automatically updating live
statuses might help alleviate this problem. However, if and how even larger audience sizes can
be successfully indicated online remains an open question. This research suggests that there is a
misperception of audience size taking place online. Lastly, this research suggests personalizing
online experiences by gender and location. My study reveals significant and consistent
differences among gender and location with regards to risk self-concepts. Given that risk and
other traits differ systematically by gender and location, it is surprising that even large and
progressive e-retailers, such as Amazon, do not actively and more openly offer gender-based and
location-based personalization options for their websites. In essence, websites could benefit from
asking a few questions about their visitors in order to personalize the experience — at least to
basic demographic characteristics.
Study Limitations and Future Work

Although the present study makes several important theoretical and practical

contributions, it is not without limitations. The manipulation of online self-presentation focused
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exclusively on risk, which leaves open the question of how other domains of the self-concept
would be affected by online self-presentation. Although the underlying process of the carryover
effect that is proposed by self-identification theory is memory activation, the current study does
not measure memory activation directly. Moreover, the time between the online self-presentation
and the measurement of the dependent variables is relatively short (less than 30 minutes), which
raises the question of whether the carryover effect has any lasting impact on the self-concept. In
addition, the dependent variables are only measured once, which does not allow examining the
development of the carryover effect over time. Similarly, the current work is limited in inducing
the subjects to present themselves online as risk-seeking only once, which leaves open the
question of how repeated or even contrary online self-presentations impact the carryover effect.
Furthermore, subjects are instructed to use an experimentally created website that is not part of
their routinely used outlets for online self-presentation (e.g. Facebook, Twitter). As such, it is not
clear if and how the carryover effect interacts in online environments that are regularly used for
online self-presentation. Also, the present work does not examine feedback or interaction
between the user and his or her online community. Additionally, the online self-presentation is
limited to a textual representation of the self, which leaves open questions regarding other forms
of online self-presentation (e.g. in photos, audio, videos, etc.). In addition, although Experiment
3 made use of a broad sample of adults from over 30 countries, questions regarding the influence
of cultural differences have not been directly addressed.

Future work should use recall or response latency measures in order to understand the
exact process of memory activation that is responsible for the carryover effect. Moreover, future
work should also examine the dependent variables at a later point in time (e.g. after one week or

one month) in order to assess the duration of the carryover effect. In addition, several measures
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of the dependent variables at different points in time would allow examining the development of
the carryover effect. Repeated online self-presentations should also be studied in future work,
which could give insights into the relationship between the number of online self-presentations
and their impact on the self-concept. Similarly, it would be interesting to investigate the impact
of multiple contrary online self-presentations on the self-concept. Furthermore, future work
should aim to study the carryover effect in naturally and routinely used online environments,
such as Facebook or Twitter. Besides, future work could examine the impact of audience
feedback and interaction in the context of online self-presentation. Additionally, the impact of
different forms of online self-presentation, such as through photos, audio, or video recordings,
should be examined. Moreover, future work should integrate additional domains of the self-
concept outside of risk in order to gain a broader understanding of the carryover effect. In
addition, future work should measure cultural values, which would allow examining additional
moderating factors that could influence the carryover effect. Finally, future work should
manipulate online community importance in order to be able to make causal claims about its

moderating influence on the carryover effect.
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Conclusion

The present work investigates the impact of online self-presentation on the self-concept.
Online self-presentation is the goal-directed activity of publishing information on the Internet in
order to influence the impressions formed by an online community about oneself. Numerous
web-based applications, such as personal homepages, blogs, social network sites, and other
forms of social media facilitate online self-presentation. Prior work found that a plethora of
internal motives and external demands shape peoples’ online self-presentations. Moreover,
research in social psychology has shown that self-presentation in non-mediated, face-to-face
environments, can strategically alter one’s self-concept. The self-concept is a multi-faceted
construct that encompasses all beliefs about oneself. In this context, the present work addresses
the following questions: How does the way one presents oneself online affect one’s self-concept?
Under what circumstances is a person’s online self-presentation likely to lead to a self-concept
change? What are the potential consequences of an altered self-concept? To answer these
questions, [ develop a theoretical model that integrates self-identification theory, which suggests
that self-presentation impacts the self-concept through a process of inference and memory
activation, with insights from public commitment theory, psychological ownership theory, and
social impact theory. I hypothesize that the impact of online self-presentation on the self-concept
1s moderated by system factors (visibility; anonymity; restrictiveness), online community factors
(size; importance), and user factors (self-monitoring; self-concept clarity). In three consecutive
experiments (total N = 969), I test the hypothesized relationships by inducing participants to
present themselves online as a risk-seeker while manipulating system and online community
factors. Subsequently, I measure participants’ domain-specific risk self-concepts using self-

report, behavioral, and social perception measures. Results suggest that online self-presentation
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can indeed change one’s domain-specific self-concept if — and only if — people are led to recall
and share specific memories relating to a particular content domain. Although I do not find
support for the moderating influence of system, online community, and user factors, results
suggest that the self-concept has domain-specific consequences for one’s behavior as well as for
one’s social perception. However, these consequences are highly domain-specific and are subject
to influences by the particular characteristics of given sample. Given the nascent stream of
research on online self-presentation, the present work makes significant theoretical and practical

contributions upon which future research can build.
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Appendix A: Task Description for Experiment 1

Instructions: For this task, we are interested in understanding how well you can create
an impression of being a risk-seeker when introducing yourself. Using the form at the bottom of
this page, please introduce yourself as you would when meeting someone for the first time and
try to be convincing that you are a risk-seeking person. For example, you can write about your
hobbies, favorite pastimes, or recreational activities in a way that makes you look risk-seeking.
Feel free to exaggerate how much of a risk-seeker you are, but don’t be outrageous, silly, or
clearly untruthful. Your goal is to create as strong of an impression of being a risk-seeker as
possible, while still being relatively honest about yourself.

[Public condition: Note that your response will be visible to 1000 students from Baruch
College who will participate in this study.] [Private condition: Note that your response will only
be visible to the researchers. ]

[Identified condition: For participation credit, please provide your name and Baruch
student email address.] [Anonymous condition: Do not reveal your name or any personally
identifying information.]

Confederate responses:

Jiawei Cho responded: “Hi! I am Jiawei. One of my biggest hobbies is skydiving!
Skydiving is very risky. You have to sign a bunch of papers which clearly state that there is a
chance the parachute not to open and you are taking the whole responsibility of that. When the
plane is in the air, the door is opened and the cold air rushes in. Your adrenaline starts flowing.
Evertime I jump I am a bit scared. But while flying down towards earth I have a peace of mind.

The best feeling ever. Nothing exists in my mind, only the beaty of Mother Nature and enjoying
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the moment. Its hard to explain. But ever since I am looking for adventures which will get my
adrenaline going.”

Micheal Irwing responded: “My name is Michael and I'm an accounting major. I love
going to the casino. I am Aquarius and it is well known that we love to gamble. I go at least once
a month and spend most time at the blackjack table. Hand after hand I put money down, full well
knowing in the back of my mind that I could loose. However, the rush you get from each hand
and waiting for each card to be overturned is so strong that there is no way I will stop playing!
Last time [ went to Atlantic city was in January. I won almost 500 bucks in one weekend!!! I'll
definitely go back soon again.”

Benjamin Hou responded: “Hello. My name is Benjamin. My favorite sport is
snowboarding. I've been snowboarding for more than 10 years and really enjoy the thrill of
going down double diamond runs! When you stand on top of the mountain and you look down
you get this intense feeling. There’s nothing like it. I usually wear helmet and like to go very fast.

Last winter I went into halfpipe. Of course I fell but I put myself back together and went on. I am

addicted to the adrenaline rush of snowboarding. I can’t wait for winter to come back!”
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Appendix B: Construct Loadings for Experiment 1

Construct Loading Item
Ethical Risk n/a’ Taking some questionable deductions on your income tax
return.
0.85 Having an affair with a married man/woman.
0.71 Passing off somebody else’s work as your own.
n/a’ Revealing a friend’s secret to someone else.

n/a Leaving your young children alone at home while running an
errand.

0.67 Not returning a wallet you found that contains $200.
Gambling Risk 0.84 Betting a day’s income at the horse races.

0.91 Betting a day’s income at a high-stake poker game.

0.85 Betting a day’s income on the outcome of a sporting event

Health/Safety Risk n/a’ Drinking heavily at a social function.

0.70 Engaging in unprotected sex.

0.77 Driving a car without wearing a seat belt.

0.81 Riding a motorcycle without a helmet.

n/a’ Sunbathing without sunscreen.

n/a’ Walking home alone at night in an unsafe area of town.
Investment Risk 0.77 Investing 10% of your annual income in a moderate growth

mutual fund.

124



Appendix B: (continued)

Construct Loading Item
0.85 Investing 5% of your annual income in a very speculative
stock.
0.86 Investing 10% of your annual income in a new business
venture.
Recreational Risk 0.64 Going camping in the wilderness.
0.72 Going down a ski run that is beyond your ability.
0.79 Going whitewater rafting at high water in the spring.
0.85 Taking a skydiving class.
0.82 Bungee jumping off a tall bridge.
0.79 Piloting a small plane.
Social Risk n/a’ Admitting that your tastes are different from those of a friend.
0.77 Disagreeing with an authority figure on a major issue.
n/a’ Choosing a career that you truly enjoy over a more secure one.
0.75 Speaking your mind about an unpopular issue in a meeting at
work.
0.68 Moving to a city far away from your extended family.
n/a’ Starting a new career in your mid-thirties.

Note: * Ttem removed due to low loading (< 0.50) and high cross-loading (> 0.30). All loadings
significant at p < 0.001. Significance evaluated based on bootstrapping with 500

resamples.
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Appendix C: Task Description for Experiment 2

Instructions: Every month, about 10,000 people visit the website Skydiving.com,
making it one of the most popular skydiving sites on the web. Skydiving.com is currently
developing a new marketing campaign to encourage more people to try skydiving. To help with
the campaign, we would like you to write about your imagined skydiving jump using the form
below. Pretend that you have actually done skydiving and describe your experience in as much
detail as possible. Your goal is to convince others to also try skydiving.

[Public condition: Note that your response will be posted on Skydiving.com, where it
will be read by about 10,000 people visiting the website every month!] [Private condition: Note
that your response will be treated confidential and only be used for internal marketing research
purposes. |

[Identified condition: For participation credit, please provide your name and email
address.] [Anonymous condition: Do not reveal your name or any personally identifying
information. ]

Confederate responses:

Jiawei Cho responded: “Hi! I am Jiawei Cho and I remember the first time I went
skydiving. It is one of the most thrilling and risky things I have ever done. Before I got on the
plane I had to sign a bunch of papers which clearly state that there is a chance the parachute
won’t open and I am taking the whole responsibility of that. Once the plane was in the air and
the cold air rushed in, my adrenaline started flowing! Being so high up in the air gave me mixed
feelings of anxiety and freedom. But then I just jumped and while flying down towards earth |

had a peace of mind. It was the best feeling ever. Nothing existed in my mind, only the beauty of
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Mother Nature and enjoying the moment. Its hard to explain. But you definitely have to try
skydiving and experience it for yourself.”

Micheal Irwing responded: “Hey guys! My name is Michael Irwing. Have you ever gone
skydiving? You have got to try it! What a rush! I've only gone twice in my life but boy would 1
love to go again. You get on the plane and it takes you up to 12,000 feet. That takes only 30
minutes or so. As you get ready to jump your adrenaline starts pumping. Then the pilot tells you
to jump and you just go for it. You can’t think twice, you just have to push yourself out of the
plane. Then you 're just free falling! It is an amazing feeling that goes through your whole body!!
I can’t put it in words, you just have to do it! After falling for some time you open your parachute
and glide down to earth. Skydiving is super easy and the kick you get from it is second to none.

So what are you waiting for?”
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Appendix D: Construct Loadings for Experiment 2

Construct Loading Item
Ethical Risk 0.76 Taking some questionable deductions on your income tax
return.
n/a° Having an affair with a married man/woman.
0.65 Passing off somebody else’s work as your own.
n/a’ Revealing a friend’s secret to someone else.
0.80 Leaving your young children alone at home while running an
errand.
n/a’ Not returning a wallet you found that contains $200.

Gambling Risk 0.85 Betting a day’s income at the horse races.

0.89 Betting a day’s income at a high-stake poker game.

0.89 Betting a day’s income on the outcome of a sporting event
Health/Safety Risk n/a’ Drinking heavily at a social function.

n/a" Engaging in unprotected sex.

n/a’ Driving a car without wearing a seat belt.

n/a’ Riding a motorcycle without a helmet.

0.60 Sunbathing without sunscreen.

0.90 Walking home alone at night in an unsafe area of town.
Investment Risk 0.79 Investing 10% of your annual income in a moderate growth

mutual fund.
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Appendix D: (continued)

Construct Loading Item
0.75 Investing 5% of your annual income in a very speculative
stock.
0.83 Investing 10% of your annual income in a new business
venture.
Recreational Risk 0.63 Going camping in the wilderness.
n/a’ Going down a ski run that is beyond your ability.
0.74 Going whitewater rafting at high water in the spring.
0.83 Taking a skydiving class.
0.75 Bungee jumping off a tall bridge.
0.69 Piloting a small plane.
Social Risk 0.77 Admitting that your tastes are different from those of a friend.
0.79 Disagreeing with an authority figure on a major issue.
n/a’ Choosing a career that you truly enjoy over a more secure one.
0.80 Speaking your mind about an unpopular issue in a meeting at
work.
n/a’ Moving to a city far away from your extended family.
n/a’ Starting a new career in your mid-thirties.

Note: * Ttem removed due to low loading (< 0.50) and high cross-loading (> 0.30). ® Item was not
measured in this Experiment. All loadings significant at p < 0.001. Significance evaluated
based on bootstrapping with 500 resamples.
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Appendix E: Task Description for Experiment 3

Instructions: For the following task, we are interested in understanding how well you
can present yourself as a “daredevil.” A daredevil is someone who enjoys doing dangerous
things. Using the form below, please write about the most daring and dangerous outdoor sport
activity you have ever done. Describe the circumstances of what you did, when, with whom, and
where. Feel free to exaggerate, but don’t be outrageous, silly, or clearly untruthful. Your goal is
to convince others that you truly are a daredevil.

[Public/Large online community size condition: Note that your response is public. It
will be posted on this website and can be read by anyone on the web, including the 10,000 other
study participants.] [Public/Small online community size condition: Note that your response is
public. It will be posted on this website and can be read by anyone on the web, including the 50
other study participants.] [Private condition: Note that your response is private. It will not be
posted on this website and only be read by the researchers. ]

Confederate response:

“I'm definitely a daredevil as I've done many crazy things in my life. The most dangerous
outdoor activity I ever did was heli-snowboarding in the Rocky Mountains while an avalanche
warning was in effect! I clearly remember the day: I was in Utah with a couple of friends and we
had perfect conditions. The sun was shining and there was plenty of fresh powder snow. An
avalanche warning had been issued for the region, but we decided to risk it and take off anyway!
Once the heli dropped us near the mountain top, I was both excited and scared: what if an
avalanche goes off? It would take forever for rescue to come, so my chance of survival would be
close to zero. What can I say? I snowboarded all the way down and luckily nothing happened. 1

totally risked my life that day. That makes me a true daredevil.”
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Appendix F: Construct Loadings for Experiment 3

Construct Loading Item
Ethical Risk n/a* Taking some questionable deductions on your income tax
return.
n/a’ Having an affair with a married man/woman.
0.83 Passing off somebody else's work as your own.
0.69 Revealing a friend's secret to someone else.
0.75 Leaving your young children alone at home while running an
errand.
0.59 Not returning a wallet you found that contains $200.
Gambling Risk 0.89 Betting a day's income at the horse races.
0.91 Betting a day's income at a high-stake poker game.
0.91 Betting a day's income on the outcome of a sporting event
Health/Safety Risk 0.67 Drinking heavily at a social function.
n/a” Engaging in unprotected sex.
n/a* Driving a car without wearing a seat belt.
n/a* Riding a motorcycle without a helmet.
0.70 Sunbathing without sunscreen.
0.84 Walking home alone at night in an unsafe area of town.
Investment Risk 0.78 Investing 10% of your annual income in a moderate growth

mutual fund.
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Appendix F: (continued)

Construct Loading Item
0.86 Investing 5% of your annual income in a very speculative
stock.
0.88 Investing 10% of your annual income in a new business
venture.
Recreational Risk 0.54 Going camping in the wilderness.

n/a* Going down a ski run that is beyond your ability.
0.70 Going whitewater rafting at high water in the spring.
0.84 Taking a skydiving class.

0.84 Bungee jumping off a tall bridge.

0.80 Piloting a small plane.

Social Risk 0.71 Admitting that your tastes are different from those of a friend.
n/a* Disagreeing with an authority figure on a major issue.
n/a* Choosing a career that you truly enjoy over a more secure one.
n/a* Speaking your mind about an unpopular issue in a meeting at

work.

0.75 Moving to a city far away from your extended family.
0.69 Starting a new career in your mid-thirties.

Self-Concept Clarity 0.78 My beliefs about myself often conflict with one another.

(Reverse coded)
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Appendix F: (continued)

Construct Loading Item

Self-Concept Clarity 0.70 On one day I might have one opinion of myself and on another
day I might have a different opinion. (Reverse coded)

0.68 I spend a lot of time wondering about what kind of person I
really am. (Reverse coded)

0.71 Sometimes I feel that I am not really the person that I appear to
be. (Reverse coded)

0.66 When I think about the kind of person I have been in the past,
I'm not sure what I was really like. (Reverse coded)

n/a* I seldom experience conflict between the different aspects of
my personality.

0.66 Sometimes I think I know other people better than [ know
myself. (Reverse coded)

0.80 My beliefs about myself seem to change very frequently.
(Reverse coded)

0.76 If T were asked to describe my personality, my description
might end up being different from one day to another day.
(Reverse coded)

0.75 Even if I wanted to, I don't think I could tell scomeone what
I'm really like. (Reverse coded)

n/a* In general, I have a clear sense of who I am and what I am.
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Appendix F: (continued)

Construct Loading Item

0.75 It is often hard for me to make up my mind about things

because I don't really know what I want. (Reverse coded)

Note: * Ttem removed due to low loading (< 0.50) and high cross-loading (> 0.30). ® Item was not
measured in this Experiment. All loadings significant at p < 0.001. Significance evaluated
based on bootstrapping with 500 resamples.
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