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Abstract
PREDICTING WITHIN-SOURCE AGREEMENT IN MULTISOURCE
FEEDBACK RATINGS: AN EXAMINATION OF CHARACTERISTICS OF THE
RATER GROUP AND THE FOCAL MANAGER
by
Christine Schrader Fernandez

Advisor: Professor Karen S. Lyness

Multisource feedback (MSF) involves gathering information about a manager’s
effectiveness from his or her boss, peers, and subordinates. Researchers typically average
MSF ratings within rating sources (e.g., peers or subordinates), which assumes that
agreement within rating sources is relatively high. However, there is little prior MSF
research that has addressed the issue of within-source agreement, and the extant studies
have often used inappropriate statistical techniques such as reliability indices. Moreover,
this research often focuses on assessing the mean level of agreement or reliability within
rating sources but has ignored the variability surrounding these indices. The purpose of
the present study was to identify the predictors of agreement among peer and subordinate
rater groups. Based on Kenny’s (1991) weighted-average model of consensus, it was
hypothesized that within-source agreement would be higher (1) for groups with higher
levels of acquaintance with the focal manager, (2) for groups that were less diverse in
terms of gender, race, age, and education, (3) for peers rather than subordinates, (4) for
rating dimensions that raters have a high opportunity to observe rather than a low

opportunity to observe, (5) for focal managers who are more extraverted, agreeable, and
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conscientious, and (6) for focal managers who are more effective as rated by their
supervisors. These hypotheses were tested with data from 33,696 focal managers who
participated in the Benchmarks® multisource feedback program. The results indicated
that peers had higher agreement than subordinates. Also, there were higher levels of
agreement associated with more effective managers than less effective managers.
Agreement was measured using a,,, and r,,, indices. These two indices were highly
similar. However, a,,, was only calculated for about one-third of rater groups because
many groups were too small or the group mean was outside of the interpretable range.
The implications of eliminating groups are discussed. About three-quarters of peer groups
and almost two-thirds of subordinates had high levels of agreement, however, an average
of 5% of peers and 10% of subordinate groups failed to agree with one another at an
acceptable level. The relevance of within-source agreement for MSF administration and

feedback are discussed.
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Chapter 1: Introduction of problem

Multisource feedback (MSF) or 360-degree feedback programs are a popular
method of managerial evaluation and development in organizations (Chappelow, 2004;
Fletcher & Baldry, 1999). Organizations use MSF systems to gather information from
multiple perspectives regarding a manager’s effectiveness on job-relevant skills.
Specifically, superiors, peers, and subordinates individually rate a focal manager, and
these ratings are compared with the manager’s self-ratings. It is expected that this
multisource feedback will provide a more comprehensive assessment of the manager’s
strengths and weaknesses than ratings from just one superior. This method of gathering
multiple perspectives of feedback is especially valuable for managerial jobs which tend to
be complex (Borman, 1974; Klimoski & London, 1974; Latham & Wexley, 1982; Tsui &
Ohlott, 1988).

After ratings from multiple raters are gathered, the data are typically averaged
within rating sources. For instance, after a group of five peers individually rate the focal
manager, their ratings are combined to form an average peer rating score. This averaged
score is often computed to protect the anonymity of individual raters and to simplify
feedback (Fletcher & Baldry, 1999). In addition, researchers typically average scores
within rating sources to evaluate the similarity of self-ratings with other-ratings, which is
also known as self-other agreement (e.g., Fleenor, McCauley, & Brutus, 1996; London &
Wohlers, 1991; Ostroff, Atwater, & Feinberg, 2004). Regardless of purpose, the result is

an aggregated score that represents the mean rating within each rating source.
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There are two underlying assumptions regarding MSF ratings when they are
averaged within rating sources. The first assumption is that rating sources are likely to
differ in their ratings (Borman, 1997; Bozeman, 1997; Klimoski & London, 1974). One
possible explanation for differences among rater groups is that different rating sources
have unique perspectives of the ratee (Borman, 1991; Landy & Farr, 1980; Murphy &
Cleveland, 1995). In addition, it has been suggested that rater groups have different
opportunities to observe the ratee (Lance & Teachout, 1992; Murphy & Cleveland,
1995), different definitions or implicit theories of job performance (Borman, 1974;
Murphy & Cleveland, 1995; Tsui & Ohlott, 1988), and different rating motives (Conway,
Lombardo, & Sanders, 2001; Murphy & Cleveland, 1995).

Regardless of the reason for the differences between rating sources, a number of
research studies have investigated whether different rating sources provide unique ratings
(e.g., Conway & Huffcutt, 1997; LeBreton, Burgess, Kaiser, Atchley, & James, 2003)
and the findings from this body of research are mixed. For instance, a meta-analysis of
the relationships between different groups’ ratings found relatively low correlations
among groups (e.g., ¥ = .34 for supervisors and peers, » = .22 for supervisors and
subordinates, and » = .22 for peers and subordinates; Conway & Huffcutt, 1997).
Moreover, another meta-analysis found that both peer and subordinate ratings accounted
for incrementally more variance in objective performance measures than supervisory
ratings alone (Conway et al., 2001). In contrast, research that used generalizability theory
and standards of agreement (Greguras & Robie, 1998; LeBreton et al., 2003; Scullen,
Mount, & Goff, 2000) found fewer differences between rating sources and more variance

associated with individual raters. Taken together, there is mixed support that each rater
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group provides a unique perspective. Differences in sample characteristics are unlikely to
be the reason for these different findings because most samples were large and spanned a
number of organizations and industries. However, differing methodologies for calculating
rating similarity may partially explain some of the mixed research findings, and such a
possibility is examined by the present research.

The second assumption underlying MSF is that ratings within a given rating group
are relatively similar (Borman, 1997; Bozeman, 1997; Van Velsor, Taylor, & Leslie,
1993). Many researchers suggest that MSF ratings from the same source should be
similar because group members interact with the focal manager in equivalent settings and
situations (Borman, 1997; Carless, Mann, & Wearing, 1998). For this reason, higher
levels of convergence should occur within rating sources than between them. In general,
there is some support for this assumption, particularly within the multitrait multirater
literature (e.g., Borman, 1974; Kavanaugh, MacKinney, & Wolins, 1971). However,
some recent research has failed to find high similarity in ratings within rating groups
(e.g., Greguras & Robie, 1998; Mount, Judge, Scullen, Sytsma, & Hezlett, 1998; Scullen
et al., 2000). For instance, Scullen at al. (2000) found that considerably more variance
was attributable to the idiosyncrasies of individual raters than to rating sources. Again, it
is possible that different research methods and analytical techniques may be the reason
for differing results.

These mixed research findings are troubling as most researchers and practitioners
would argue that having convergence within rating sources is important for a variety of
reasons. First, the effectiveness of the feedback may decrease when raters do not agree in

their ratings. If a manager receives feedback in the form of an averaged response, but
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there was little underlying similarity among raters, the feedback will not effectively
convey the separate opinions within the rater group that will ultimately guide the
improvement of the manager’s skills. In addition, London and Smither (1995) speculated
that when managers receive information about the variability of their subordinates’
ratings, they may be more apt to dismiss highly divergent ratings as being products of
idiosyncratic ratings, than when there is a high level of convergence in ratings.

Agreement among raters is also important from a statistical standpoint in that it
may not be statistically justifiable to collapse ratings within a rating source when raters
make dissimilar ratings (Chan, 1998; James, Demaree, & Wolf, 1993; London &
Smither, 1995; Mount et al., 1998). Composition models that combine individual-level
data to express the perceptions of the group are only appropriate when ratings are similar
to one another (Chan, 1998; Klein, Conn, Smith, & Sorra, 2001). For instance, if two
peers rate a manager high on self-awareness, but two other peers rate the same manager
much lower, an averaged feedback score will not accurately convey the groups’ ratings,
and therefore is not justified.

Finally, a high level of agreement is also desirable because agreement is often
used as a proxy for the accuracy of the ratings (e.g., Borman, 1997). Researchers and
practitioners associate lack of convergence with rating errors, suggesting that such ratings
are less accurate than ones that are highly consistent among raters (e.g., Borman, 1997;
Byrne, London, & Griffitt, 1968; LeBreton et al., 2003). Thus, reliability and agreement
are often seen as necessary, but not sufficient conditions to have valid or accurate ratings
(Cureton, 1951; Mount et al., 1998; Pedhazur & Schmelkin, 1991). From a classical test

theory perspective, an individual’s underlying true score cannot ever be assessed
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(Crocker & Algina, 1986). Moreover, methods for estimating a ratee’s true score in
organizations are problematic because objective criteria are often inadequate and
subjective ratings, even from trained experts, can be biased (Guion, 1998; Sulsky &
Balzer, 1988). For these reasons, agreement is often used as a proxy measure for the
ratee’s true score on a particular trait (Wherry & Bartlett, 1982).

However, there are some situations where high agreement may actually indicate
less accuracy (e.g., Schmitt, Noe, & Gottschalk, 1986). For example, rating response
biases such as halo or leniency errors, can yield highly similar ratings among raters yet do
not always accurately reflect an individual’s actual behavior (e.g., Phillips & Lord, 1986).
Stereotypes or implicit theories may also cause raters to agree with one another but fail to
accurately capture the behavior of the focal manager (e.g., Lord, De Vader, & Alliger,
1986; Schmitt et al., 1986). In addition, it is important to note that there are situations
where one may not expect raters to agree with one another, such as in the case of rater
groups that have highly differentiated leader-member exchange relationships with the
focal manager (London & Wohlers, 1991).

Thus, the level of convergence in rater groups may impact the effectiveness of
feedback and has implications for the aggregation of individual-level data to group-level
data. Convergence also has implications for assessing the quality of ratings. The present
research takes the perspective that the relationship between within-source agreement and
rating quality is complex. In some instances, high agreement may suggest accuracy and
in others, bias. Of course, the problem of not being able to obtain a focal manager’s
underlying true score on a rating dimension only further compounds this problem. In an

attempt to better understand what characteristics relate to within-source agreement, I
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based my research hypotheses on Kenny’s (1999) weighted-average model of consensus
and accuracy. Kenny’s mathematical model is based on prior work in the person
perception literature (Anderson, 1981) and provides a theoretical rationale for how
characteristics of the rater group and ratee relate to within-source agreement.

Summary of purpose

MSF programs are a popular way to gather feedback from a diverse set of
constituencies. The underlying assumption is that multiple raters will provide a more
comprehensive and more accurate assessment of a focal manager, which will
subsequently help improve the individual’s performance (London & Smither, 1995), and
thus, the effectiveness of MSF programs rests on collecting accurate feedback. Because
directly assessing the accuracy of individual ratings is impossible (Guion, 1998; Sulsky
& Balzer, 1988), less direct methods such as examining the convergence of ratings are
required. Such an investigation is complicated in that high agreement may indicate
accuracy in some cases but not in others.

The present research examined the relationships between characteristics of the
rater group and ratee to within-source agreement. This research was guided by Kenny’s
(1991) weighted-average model of consensus, which identified conditions when raters’
assessments of individuals are more apt to be in consensus with one another. However,
the present research extended this model of rating consensus to the MSF rating context.
Moreover, the present research used a new measure for assessing within-source
agreement (i.e., a,; Brown & Hauenstein, 2005), that had not been applied to MSF
research. The present research was guided by the following questions: What types of rater

groups tend to have a high level of consensus in rating a manager? Do characteristics of
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the focal manager relate to increased within-source agreement? Are certain types of
rating dimensions associated with higher levels of within-source agreement?

The following chapter provides a critical review of research that is relevant to
examining the convergence of MSF ratings within rating sources and the possible
predictors of this convergence. To start, I discuss the importance of accuracy in MSF
ratings and the possible relationships between accuracy and convergence. Next, I review
indices of rating similarity, including the differences between reliability and agreement
and why the use of agreement is more appropriate for the purpose of examining MSF
ratings. I also briefly review the findings from this literature, including studies that have
used multitrait-multimethod studies or Pearson correlations (e.g., Kavanaugh et al., 1971;
LeBreton et al., 2003; Mount et al., 1998), generalizability theory (Greguras & Robie,
1998; Webb, Shavelson, Kim, & Chen, 1989), and intraclass correlations (e.g., Atwater,
Ostroff, Yammarino, & Fleenor, 1998; Fleenor, Fleenor, & Grossnickle, 1996; LeBreton
et al., 2003; Ostroff et al., 2004). I conclude this section by reviewing the few studies that
have specifically examined agreement within rating sources (Fleenor, et al., 1996;
LeBreton et al., 2003); I also recommend the best index of convergence for use as the
dependent variable in the present study. The literature review is generally confined to
managers to reflect the target population of the present research; however, I include other
populations when relevant.

Furthermore, I discuss the importance of studying the predictors of within-source
agreement. This discussion includes why the adoption of a dispersion composition model
(Chan, 1998) advances our understanding of MSF ratings. Then, I introduce a framework

for identifying possible predictors of agreement within rating sources. This framework
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integrates theory of performance rating (e.g., Landy & Farr, 1980; Murphy & Cleveland,
1995; Tsui & Barry, 1986) with Kenny’s (1991) weighted-average model of consensus.
Specifically, I examine how the characteristics of the rater group, the focal manager, and
the dimension being rated may impact within-source agreement. Finally, I review the

empirical support for each predictor of agreement to support my research hypotheses.

8
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Chapter 2: Literature Review and Hypotheses
Accuracy and Convergence

Multisource feedback should provide focal managers with a candid snapshot of
how they are viewed by their colleagues by uncovering their strengths as well as areas for
development (Chappelow, 2004). Consequently, the success of MSF programs partially
rests on the accuracy of the feedback given. Ratings are said to be accurate when they
correspond to another set of measures, which are often referred to as true scores (e.g.,
Guion, 1998; Sulsky & Balzer, 1988). According to classical test theory, true scores are
not attainable (Crocker & Algina, 1986). Thus, methods of approximating the underlying
true score for job performance are necessary, and these often include using expert raters
or averaging ratings (usually from trained experts; Sulsky & Balzar, 1988). For instance,
novice raters’ accuracy can be assessed by comparing their ratings to those of a trained
expert. Because performance ratings are inherently subjective, however, even experts are
susceptible to rating errors. For instance, Cronbach (1955) discussed how rater accuracy
can diminish as a function of rating style (e.g., leniency) and cognitive processes such as
stereotypes.

Because there are challenges in obtaining accurate ratings of job performance,
convergence among raters is another frequently used proxy measure for accuracy (e.g.,
Borman, 1997; Van Velsor & Leslie, 2001). Convergence occurs when raters make
comparable ratings for an individual, and is assessed using indices of reliability or
agreement. Reliability provides information about the consistency of raters within a
rating source, whereas methods of assessing agreement can additionally detect whether

raters assigned the same rating value to the focal manager (Kozlowski & Hattrup, 1992).
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The present research is specifically interested in agreement among raters; the reason for
this decision and the specific computations will be discussed below. However, in this
section, both reliability and agreement are discussed as they pertain to the relationship
between accuracy and convergence.

When raters are in agreement in a MSF context, it suggests that the raters agree
with one another about the strengths and weaknesses of a target. In addition, this
convergence among raters also indicates that their ratings accurately assess the
performance of the focal manager. For this reason, researchers stress the importance of
obtaining relatively high within-source convergence as evidence that the ratings are
accurate (e.g., Borman, 1997; Van Velsor & Leslie, 2001). However, accuracy and
convergence may not always be positively related as is typically assumed (e.g., Borman,
1997). What if the group of raters all applied the same racial stereotypes when making
their ratings? In this case, their ratings would be in agreement but would not be accurate.
Thus, agreement and accuracy may not always be positively related. In this section, I will
present two possible relationships between rater accuracy and convergence which differ
from the classic assumption that convergence implies accuracy. Elaborating on these
relationships is important for the present study because high levels of convergence among
MSF raters may not always indicate accurate ratings.

Because similarity in ratings between raters is often used as a proxy for assessing
rating accuracy, it is often deemed a desirable quality. However, a higher than expected
level of similarity in some cases may indicate bias. Schmitt, Noe and Gottschalk (1986)
used Brunswik’s (1952) lens model to demonstrate this possibility. The key processes in

the lens model are the way that raters synthesize their observations of a ratee to arrive at a
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particular rating and the consistency with which they apply this synthesis in their overall
ratings. The outcome of this model is the predicted level of reliability between two raters,
which is estimated by combining the matching index and the consistency index. The
matching index estimates the extent to which two raters combine rating dimensions
similarly and is computed by correlating the two raters’ predicted values of overall
performance ratings with one another. The consistency index estimates the extent to
which a rater consistently combines individual performance dimensions to arrive at an
overall performance rating across ratees. This index is assessed by correlating the
regression weights for overall performance ratings to determine the extent that each
performance dimension consistently contributes to an overall performance rating. Thus,
according to the lens model, if the predicted level of reliability is lower than the actual
value, bias may be the reason. Bias or the use of information unrelated to performance,
such as shared stereotypes, may actually inflate reliability or agreement because raters are
applying similar information that is not the synthesis of performance dimensions. In this
situation, high levels of interrater reliability could thus result in low validity, or accuracy
in ratings.

Schmitt et al. (1986) used this model to examine the interrater reliability of job
performance ratings for school administrators made by teachers and supervisors. After
computing the estimated interrater reliability based on the calculated matching and
consistency indices, the authors correlated demographic variables that were possible
sources of rating contamination with the residuals of the ratings. If these demographic
characteristics related to higher levels of interrater reliability one could infer that shared

stereotypes, rather than the ratee’s actual performance, influenced ratings. Although they
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did not find indications of bias in their sample, Schmitt et al.’s use of the lens model
(Brunswik, 1952) is valuable in that it illustrated how high levels of reliability can be
undesirable when reliability relates to a characteristic that should not be related to job
performance. Thus, the lens model provides one way to assess whether high levels of
agreement or reliability may indicate bias rather than accuracy.

There are some limitations to the lens model, including the assumption that raters
use the same rating dimensions to arrive at an overall job performance rating. Despite this
major limitation, Schmitt et al.’s (1986) concepts are worth noting. Most important, this
model raises the counterintuitive notion that high levels of interrater reliability or
agreement may be a function of shared stereotypes rather than rating accuracy. Similarly,
theory and research suggest that ‘folk theories’ (Borman, 1983; 1987) and implicit
leadership theories (ILTs) (e.g., Foti & Lord, 1987; Lord, 1985; Lord, Foti, & de Vader,
1984; Phillips & Lord, 1986), may have a similar impact. Folk theories, Borman (1983;
1987) explains, are the idiosyncratic theories that individuals hold about what makes a
person effective in a particular role. For instance, a rater may feel that impeccable
presentation skills are necessary for a manager to be effective. Similarly, ILTs are
individual’s cognitive schemas and assumptions about the characteristics of the ideal
leader (e.g., Foti & Lord, 1987; Lord et al., 1984). In both cases, raters use their
idiosyncratic categories or schemas to guide their ratings. One implication is that these
categories can lead to biased ratings if they overshadow the ratee’s actual behavior or
contain irrelevant characteristics (for review, see Phillips & Lord, 1986). Thus, raters
using similar ILTs to make ratings are likely to be in agreement, but their ratings may not

necessarily be accurate.
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Both the lens model and ILTs imply that high agreement does not necessarily
indicate accuracy, which has implications for the present research. For example, if raters
within a group all hold the ILT that extraverted managers are more effective than
introverted managers, they are likely to have high within-source agreement when rating a
ratee. However, the high level of agreement may not necessarily indicate accurate ratings
if the ILT does not accurately capture managerial performance.

The above scenario was one in which a high level of agreement was not
necessarily desirable. There could also be situations in which a lack of agreement
between raters may also be justifiable. Earlier I presented the idea that reliability is
considered a necessary but not sufficient condition for accuracy (e.g., Cureton, 1951;
Pedhazur & Schmelkin, 1991), suggesting that accurate ratings must also be reliable
among raters. For this relationship between accuracy and agreement to be valid, raters
must base their ratings on identical or fixed information and interpret this information in
the same manner. However, some researchers have discussed the possibility, particularly
in the person perception literature, that the relationship between the rater and the ratee is
not fixed (Kenny & Albright, 1987; Swann, 1984). Specifically, the ratee is likely to
display different behaviors based on the rater with whom he or she is interacting. One
consequence is that individual raters may be justified in rating the ratee differently. For
instance, managers may alter their leadership style to better match the needs of a
subordinate. Also, focal managers may alter their behavior with different colleagues in an
attempt to engage in impression management (London & Smither, 1995). The implication

of these situations is that raters may differ in their rating of a focal manager, but that
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these differences may accurately reflect each rater’s unique relationship with the
manager.

The unique relationship between a rater and ratee can also impact MSF ratings.
For instance, London and Wohlers (1991) found a high level of variance in subordinates’
ratings and speculated that the quality of leader-member exchange (LMX) relationships
(e.g., Dansereau, Graen, & Hage, 1975; Graen & Uhl-Bien, 1995) may have been the
cause. In this case, variability in ratings could accurately reflect each individual’s
appraisal of the leader’s behavior. A member of the leader’s in-group would probably
rate the leader favorably on dimensions such as providing personal development.
However, a member of the leader’s out-group, who probably does not receive as much
personal development from his or her supervisor, would probably rate the leader lower on
this dimension. In this situation, the subordinates’ ratings would not agree yet they would
both reflect an accurate appraisal of the leader’s behavior. Other factors may additionally
impact the relationship between the rater and the ratee. For instance, research on
relational demography suggests that individuals develop higher quality and more positive
relationships with more similar individuals (e.g., Tsui & O'Reilly, 1989) and one
consequence of this tendency is that groups that are heterogeneous are probably less
likely to agree in their ratings of a ratee than a more homogenous group. This lack of
agreement, however, may not reflect a lack of accuracy in the ratings; instead it may
accurately reflect the unique impressions that group members hold toward the focal
manager based on the quality of their relationship.

These two examples, one in which agreement indicates possible biases, and the

other in which disagreements reflect valid differences, help to illustrate the complex
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relationship between rater agreement and rating accuracy. Although it is not possible to
determine with certainty whether agreement is a product of accuracy or bias in a field
setting, such as the case of MSF ratings, the current study used a framework that provides
theoretical explanations about how rater agreement relates to consensus and accuracy.
However, before elaborating on the predictors of agreement, I will provide a discussion
of the level of convergence typically found in MSF contexts. Specifically, I will present
various methods for expressing rater convergence and discuss the extent of convergence
typically found in MSF contexts.

Rating convergence within rating sources

One main assumption underlying multisource feedback, that is central to the
present research, is that ratings within rating groups should be relatively similar (Borman,
1997). However, researchers have come to conflicting conclusions when examining the
extent that raters within the same source provide similar ratings. Some researchers feel
that adequate within-source similarity in ratings exists (e.g., LeBreton et al., 2003) and
others do not (e.g., Greguras & Robie, 1998; Mount et al., 1998). Before examining the
results of such studies, it is first important to examine the different ways in which
convergence within rating groups has been examined.

Research on performance ratings has used two different standards to assess
convergence within rating groups: reliability and agreement. Often these two standards
are used interchangeably and it is possible that most of the disagreement regarding
within-source similarity of MSF ratings is a by-product of using different statistical
methods to measure this similarity. Most prior research used various methods to assess

the reliability of ratings within rating sources (e.g., Greguras & Robie, 1998; Mount,
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1984; Mount et al., 1998). Methods that measure reliability provide information about the
consistency of raters within a rating source, but do not assess whether raters are in
agreement, or assign the same numerical ratings to the focal manager. Less frequently,
research has specifically assessed the agreement, or whether raters provide the same
ratings within rating sources (e.g., Fleenor, Fleenor et al., 1996; LeBreton et al., 2003).
Because understanding the differences between reliability and agreement is essential to
understanding the current research, I first discuss the differences between reliability and
agreement and then review the research that has examined the similarity of MSF ratings
using these different types of standards.

Reliability and agreement. The terms “interrater reliability” and “interrater
agreement” are often used interchangeably when discussing MSF ratings, yet these two
types of indices provide different information about the extent that two raters’ ratings are
similar. This divergence is because reliability indices assess the consistency of ratings
across raters, whereas agreement indices can additionally detect whether different raters
assign different values to their ratings (Kozlowski & Hattrup, 1992). One implication is
that raters that are consistent need only agree in their rank ordering, whereas raters need
to give the same rating values to be in agreement.

It is important to note that reliability and agreement are not necessarily related,
but rather, can be quite independent of one another. One illustration of this notion is
when raters consistently rate an individual yet fail to assign similar values to the ratee.
Take for example two raters rating a focal manager. If the first rater rates the manager a
3,4, and 5 on dimensions 1, 2, and 3, and a second rater gives ratings of 1, 2, and 3 for

the same dimensions, we would find that the raters have high interrater reliability. In
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contrast, we would not find high agreement because they did not give the same rating
value for any of the dimensions.

The opposite scenario, having high agreement but low reliability, is also
possible when there is range restriction among raters across ratees. For instance, if two
peers rate eight focal managers on a 5-point scale (Peer 1: 2,2, 1, 1, 5, 5, 4, 4; Peer 2: 1,
2,1,1,4,5,4,4), one could calculate both the reliability and the agreement of their
ratings (LeBreton & Senter, in press). In doing so, there would be high interrater
reliability (r = .96) and high interrater agreement (r,,, = .97; the ry, agreement index will
be discussed in greater detail later in this paper). However, the values of these two
indices are less related in situations of range restriction. To demonstrate the impact of
range restriction, reliability and agreement could be calculated for the first four and last
four ratings separately. In this example the reliability would be lower ( = .58) whereas
agreement would remain high (r,,, = .97). Kozlowski and Hattrup (1992) explained that
having restriction in range decreases power in indices that assess response consistency
because the reliability indices are essentially calculating consistency with a compressed
scale rather than for all five values of the response scale. Therefore, it is possible to have
high agreement but low reliability in situations with range restriction.

The issue of agreement versus consistency is also important when considering the
hypotheses that one wishes to make. In most prior research, reliability has been used to
assess similarity within rating sources. Although these studies do provide some answers
to questions of rating similarity, Kozlowski and Hattrup (1992) recommend using
agreement standards, rather than reliability standards, when one is aggregating responses

or using composition models. Composition models combine data at one level of analysis
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to represent a higher level of analysis (Chan, 1998; Klein, Dansereau, & Hall, 1994). To
illustrate, individual MSF ratings represent the individual-level of analysis because each
rating represents one individual’s perspective. Yet, if we wanted to capture how the
group rated a particular ratee, we could average individuals’ ratings within the group. In
this case, the averaged score would represent the group-level of analysis. However, an
averaged score will only adequately reflect the perceptions of the group when there is
high agreement within the group. Thus, the level of rater agreement is important when
applying a composition model or aggregating data.

Aside from the issue of aggregation, agreement indices are more appropriate than
reliability indices when the actual rating value is important (Guion, 1998; Kozlowski &
Hattrup, 1992). For instance, the MSF score that a rater assigns to the ratee conveys the
quality of the focal manager, such that the difference between receiving a rating of 4 and
a 5 is likely to be meaningful, assuming that ratings are made on an interval scale.
Because agreement is able to reflect the similarity of actual values given to a ratee by
multiple raters, it is agreement, and not reliability, that should be the standard when
examining within-source convergence.

Although agreement does seem to be the most appropriate type of index to use
when studying the similarity of ratings within rating sources, the bulk of prior research in
this area has employed standards of reliability, through the use of Pearson correlations
(e.g., Mount, 1984), confirmatory factor analysis (e.g., Mount et al., 1998), and
generalizability theory analyses (e.g., Greguras & Robie, 1998). By reviewing these types
of analyses, I will briefly summarize the main research findings and also discuss the

weaknesses that are associated with each type of reliability index. In addition, ICCs
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(intraclass correlations) have been used to provide information about within-source
similarity (e.g., Fleenor et al., 1996). Often there is confusion concerning ICCs because
they can be used to assess reliability and agreement depending on the equation used. I
will explain the different forms of ICC that have been used to assess within-source
similarity of MSF ratings and review studies that have used ICCs to assess within-source
similarity. Finally, I will review and critique different measures that solely assess
agreement among raters, including the standard deviation (SDy), the T index, the Finn
Index, 1y, the average deviation (AD), and a,,,. I will also review in depth the few
studies that have used standards of agreement to examine MSF ratings.
Multitrait-multimethod studies. One of the most frequent methods of assessing the
reliability of raters within a rating group is the multitrait-multimethod (MTMM)
approach (e.g., Kavanaugh et al., 1971; Mount et al., 1998; Scullen et al., 2000).
Generally, this approach examines the variance in performance ratings that is associated
with the dimension being rated and the method of rating, or the rating source (Campbell
& Fiske, 1959). For instance, if relationships are high across sources, it would suggest a
high degree of convergence among rating sources. In addition, if relationships are high
among rating dimensions, it is typically thought to indicate a halo effect, or that raters are
not making distinctions among rating dimensions. Moreover, relationships among rating
dimensions can also be assessed in these types of studies to assess the factor structure of
rating dimensions. There are a variety of statistical methods used in MTMM studies,
including confirmatory factor analysis, correlated uniqueness, and the direct product
model. Although an in-depth review of these methods is beyond the scope of this paper,

Becker and Cote (1994) and Conway (1996) both provide useful discussions of these
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issues. For the present paper, however, I will specifically focus on the reliability within
different rating sources.

One approach to conveying the findings of MTMM studies is to report the
Pearson correlation coefficients that express the strength of relationships between two
variables. The average of the cross-product correlations can be used to estimate the extent
that raters within the same source provide similar ratings (e.g., Kavanaugh et al., 1971;
Mount et al., 1998). The average correlations usually indicate low levels of reliability
within rater groups. For instance, Mount (1984) found that the average correlations
among subordinates’ ratings on various managerial behaviors ranged between .18 and
.28. In addition, Mount et al. (1998) also found that the correlations within rater groups
on the same traits on a developmental MSF instrument were quite low, ranging between
.26 and .31 for peers and between .31 and .34 for subordinates. More recently, LeBreton
et al. (2003) compared Pearson correlations within rating sources and found an average
correlation of .30 for both peers and subordinates.

Together, the findings suggest that reliability is not particularly high within rating
sources. However, it should be noted that these findings may partially result from the
statistical artifact of range restriction (LeBreton et al., 2003). To demonstrate, the formula

for Pearson correlations is:

=X (1)
SXSY

where sy and sy are the standard deviations of variables X and Y, respectively, and sy is
the covariance of X and Y (Glass & Hopkins, 1996). Thus, when the values of a variable
are relatively homogenous, the standard deviations of the variables will be low and the

resulting correlation coefficient will be smaller than in situations with greater variability
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(Alliger & Williams, 1989; Cohen, Cohen, West, & Aiken, 2003). LeBreton at al. argued
that this type of restriction is likely to occur within MSF ratings because of a number of
organizational processes such as recruitment, selection, and training help create high-
performing employees, thus reducing the variability among ratees. Also, subordinates
may be motivated to inflate ratings as a way to maintain favorable relationships with the
focal manager (Murphy & Cleveland, 1995). Prior research has also found evidence that
MSF ratings are restricted in range (e.g., Mount, 1984; Walker & Smither, 1999),
particularly when the instrument is used to give administrative rewards (Greguras, Robie,
Schleicher, & Goff, 2003). As a result, Pearson correlations may provide attenuated
estimates of within-source convergence.

Attenuated estimates of reliability are problematic when assessing convergence
among raters. Although methods for correcting range restriction are often used in
performing meta-analyses and building personnel selection tools (e.g., Hoffman, 1995;
Hunter & Schmidt, 1990; Sackett, 2000; Sackett & Ostgaard, 1994), doing so when
examining the convergence of MSF ratings would be inappropriate. When assessing
rater convergence, researchers are interested in understanding the extent to which raters
agree with one another about a ratee, and for this reason, some degree of range restriction
is expected and even desirable. Although range restriction may be unavoidable in such
situations, its impact on correlation coefficients is important to understand.

Other MTMM methods using confirmatory factor analysis and correlated
uniqueness have also found low levels of convergence within rating sources. For
instance, Mount et al. (1998) performed confirmatory factor analysis (CFA) to examine

the factor structure of MSF ratings to determine whether ratings were unique by rating
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source. They determined the fit of a variety models using MSF ratings from two
supervisors, two peers, two subordinates, and one focal manager. The seven-factor model
that included a separate factor for each rater source (i.e., self, peer, subordinate, and
supervisor) and each of the three rating dimensions (i.e., human relations, technical, and
administrative skills) had a poor fit (RMR = .14; GFI = .67). However, the nine and ten-
factor models had better fits. The nine-factor model, which was comprised of six rater
factors (i.e., two peers, two subordinates, one self, and supervisors combined) and the
three rating dimensions (i.e., human relations, technical, and administrative skills), had
relatively good fit (RMR = .13; GFI = .96). The ten-factor model had even better fit
(RMR = .02; GFI = .99) and was similar to the nine-factor model except the two
supervisor ratings were treated as separate sources. These results suggest that at best,
only supervisor ratings have enough similarity to comprise a rating source. Put another
way, ratings within peer and subordinate groups were not similar enough to form a
unique rating source.

Scullen, Mount, and Goft (2000) investigated the latent relationships in MSF
ratings among supervisors, peers, subordinates, and self ratings using correlated
uniqueness and CFA methods. Their research specifically examined how a ratee’s general
job performance, a ratee’s job facet performance (i.e. human, administrative, and
technical skills), idiosyncratic rating tendencies, rating source, and measurement error
impacted MSF ratings. When they partitioned variance according to these five factors,
they found that the ratee’s general and facet performance only accounted for a combined
average of 21 to 25% of the variance in performance ratings. In addition, they found that

a majority of the variance could be attributed to idiosyncratic rating tendencies. The
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researchers suggested that there are two main types of idiosyncratic errors. First, halo
errors (Balzer & Sulsky, 1992; Thorndike, 1920) occur when ratings are influenced by a
general assessment of a ratee rather than the rater’s behavior on specific dimension that is
being rated. Second, leniency errors (Guilford, 1954) are the tendency for raters to give
systematically favorable (or unfavorable) ratings. However, Scullen et al. were not able
to partition the variance attributable to each type of error.

Together the two studies that used CFA techniques found little indication of
similarity within rating sources. In particular, Scullen et al. (2000) found an indication
that individuals’ ratings were fraught with idiosyncratic rating errors or biases. Because
of this finding, they recommended that future research should investigate possible causes
of these large idiosyncratic rater effects. However, as with other studies based on
reliability, it is possible that range restriction may have impacted these findings of the
above MTMM studies (LeBreton et al., 2003). In addition, it is important to note that
halo and leniency errors that comprise idiosyncratic ratings can be confounded because
rating magnitudes have been shown to relate to some indices of rating variability (Alliger
& Williams, 1989). Therefore, the present research seeks to examine the predictors of
rater group agreement by minimizing this confound. Specifically, I examine agreement in
a manner that is less impacted by rating magnitude than prior research studies.

Generalizability theory. Generalizability theory, or G-theory, is another method
for determining the reliability of MSF ratings (Cronbach, Gleser, Nanada, & Rajaratnam,
1972; DeShon, 2002; Murphy & DeShon, 2000; Shavelson & Webb, 1991). G-theory
diverges from the classical test theory assumption that ratings are composed only of true

scores and random error. Instead, G-theory is based on the idea that the error terms can be
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further deconstructed into systematic and random sources of error using a single research
study (e.g., error attributable to the rater, ratee, and dimension). One can examine the role
that each source of error plays in explaining variance in scores, as well as the interaction
between these sources. Once these variance components are estimated, researchers can
additionally determine the number of raters needed to attain particular levels of
reliability. G-studies are beneficial for these reasons, but they have limited utility with
research designs that are not fully crossed (DeShon, 2002), as is the case with MSF
ratings. Moreover, the present research requires a dependent variable that can express
rater group variability relatively independent of agreement (Brown & Hauenstein, 2006).
For these reasons, I will not be able to use a G-study for the present research. Thus, the
specific steps for computing the variance components of a G-study are beyond the scope
of the current paper (for an in-depth review, see DeShon, 2002; Shavelson & Webb,
1991); however, I will discuss some of the conclusions of within-source reliability that
have been based on G-studies.

Three MSF studies used generalizability theory to examine the reliability of
performance ratings. Kraiger and Teachout (1990) examined self, peer, and supervisor
ratings of Air Force mechanics. They found each rater source to be reliable; however,
only one rater was included in each source. Webb, Shavelson, Kim, and Chen (1989)
similarly examined self, peer, and supervisor ratings of performance for Navy machinists
but included ratings from two peers. The groups of two peers, they found, had relatively
low reliability in the ranking of machinists. They estimated that five peers would be
necessary to reach a generalizability coefficient of .80. The findings of Webb et al.

suggest that ratings within rater groups may not be reliable. Aside from the conflicting
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findings of these two studies, it is important to note that both used military populations in
trade jobs and their findings may not apply to a managerial population.

A study by Greguras and Robie (1998), however, did use managers. Also, unlike
prior generalizability studies, they gathered multiple ratings from supervisors, peers, and
subordinates. They found that the Item and the Ratee x Item effects accounted for little
variance in the ratings across all three groups; this finding indicates that the item variance
does not have a large impact on the reliability of ratings. In addition, the interaction
between specific items and ratees did not account for much variance. However, they did
find a relatively large rater main effect combined with a Rater x Ratee effect for all
groups, with the largest in subordinate groups. This finding suggests that there was little
within-group reliability for all rating groups and that individual raters appeared to make
idiosyncratic ratings. However, because the design was such that raters were nested
within ratees, it is impossible to disentangle the variance attributable to the rater versus
the interaction between the rater and ratee. Despite this limitation, Greguras and Robie
were able to estimate the number of raters needed to attain a generalizability coefficient
that exceeded .70. For a five-item measure nine subordinates, eight peers, and four
supervisors are needed; eight subordinates, seven peers, and four supervisors are needed
for a ten-item measure; seven subordinates, six peers, and four supervisors are needed for
a twenty-item measure. Therefore, even with a twenty-item measure, the desirable
number of raters per rating source exceeds the numbers that are usually used in most
MSF programs (e.g., Chappelow, 2004).

These findings do suggest a lack of within-source consistency. However,

Greguras and Robie found an even larger proportion of variance could be attributed to a
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Rater x Item, Ratee x Rater x Item plus residual error that could not be further
disentangled. To further understand that large Rater x Ratee effect found, they suggested
that future research should examine other contextual factors, such as the rater’s
opportunity to observe the ratee, which may additionally explain variance in MSF ratings.
In addition, they concluded that future research should examine whether characteristics
(e.g., demographic, attitudinal, or rater-ratee relationship) of the raters and ratees help to
explain the lack of convergence within rating sources. Their suggestions raise valid
points and reflect the aims of the present study. By examining the extent to which
variability in ratings is associated with characteristics of the rater and ratees, we can gain
a better understanding of MSF ratings.

The study by Greguras and Robie provides useful information about the
convergence of ratings within rating sources and the possible sources of this variance.
However, in general, G-studies are limited in their utility because of the nested design
(i.e., raters nested in ratees) that is typically used in MSF ratings. This design limits the
extent that variance components can be partitioned (Brown & Hauenstein, 2005;
Greguras & Robie, 1998). Also G-studies cannot provide individual estimates of
agreement for each rating group which is required for the present research.

Intraclass correlations. Unlike interclass correlations (i.e., Pearson’s r) that
compare measures of different classes or metrics, intraclass correlation (ICCs) assess the
relationships between variables that share common metrics and variance (McGraw &
Wong, 1996; Shout & Fleiss, 1979). Specifically, in the case of MSF ratings, ICCs
express the ratio of systematic variance which is attributable to the differences between

ratees to the total variance within MSF ratings. Depending on the form used, ICCs can
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assess both the consistency and agreement in situations with multiple raters (e.g.,
McGraw & Wong, 1996). ICCs that measure agreement (i.e., [CC(A)) differ from
consistency measures (i.e., [CC(C)) in that they include the variance of the column terms
in the denominator that represents the values that raters assign to each item (for a
complete review of all ICC formulas, see McGraw & Wong, 1996). In addition, forms of
ICCs can also differ based on whether the study is a one-way or two-way design. I will
omit further discussion of the various forms of two-way designs, because, for the case of
MSF ratings, a one-way random effects model is appropriate. This design is appropriate
because each ratee is rated by a different set of raters and raters are nested within ratees
(Fleenor et al., 1996; LeBreton & Senter, in press; McGraw & Wong, 1996; Shout &
Fleiss, 1979). In addition, the ratee is typically treated as a random effect.

Although ICCs can measure both agreement and consistency, a one-way random
effects model only assesses the agreement among raters. McGraw and Wong (1996)
explain, “for one-way models there are no C-type coefficients because only absolute
agreement is measurable in this context” (p. 34). Therefore, ICCs used to analyze MSF
ratings only convey information about agreement, but not reliability. The notation for the
one-way random effect ICC differs; Shout and Fleiss (1979) call this form ICC(1, 1),
whereas McGraw and Wong (1996) use the term ICC(1). Using McGraw and Wong’s
notation, ICC(1) is calculated as:

MS, - MS,,

ICC(1) =
MS, + (k —1)MS,,

)

where, k is the number of raters, MSk is the mean square for the row (the ratee), MSy is
the mean square for residual sources of variance. The resulting values of ICC(1) measure

the agreement on a single measurement and can be interpreted as the anticipated level of
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agreement of a single rater across ratees (LeBreton & Senter, in press). However, in
instances where information about the average level of agreement of a group of raters is
more important, the form ICC(k) is appropriate. This metric is also a one-way random
effects model. In the case of the MSF ratings, ICC(k), which is also called ICC(1, k)
according to Shout and Fleiss (1979), can assess the anticipated agreement and reliability
of a group of k raters and is calculated as:

MS, - MS,,

1CC(k) ==~
R

3)

where MSy is the mean square for the row (the ratee) and MS)y is the mean square for
residual sources of variance. Researchers who calculated ICCs for MSF rating groups
tended to find inconsistent results. For comparison, I will review research using ICC(1)
and ICC(k) separately and refer to analyses using McGraw and Wong’s (1996) notations.
In addition, I will note if the original source used a different notation.

A few studies on the agreement of individual raters used the ICC(1) metric. For
example, LeBreton et al. (2003), who used a large sample spanning multiple
organizations and industries, found that the mean ICC(1), which they reference as ICC(1,
1), was .30 for subordinates and .31 for peers. In addition, Fleenor et al. (1996) found
within a single health care organization that ICC(1), which they refer to as ICC(1, 1), for
subordinate raters ranged between .04 and .34, with a median of .20. The reported values
of ICC(1) provide information about the level of agreement found for an individual’s
ratings, and provide some information about the typical stability of individual raters.

In addition, ICC(k), which measures the agreement for k raters, has also been
calculated for MSF rating sources to estimate the stability of ratings for a group of raters

(McGraw & Wong, 1996). This form of ICC is particularly relevant for assessing the
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agreement within rating groups. Typically, researchers express this form of ICC
according to group size, such that ICC(1, 3) estimates the agreement of three raters.
LeBreton et al. (2003) estimated the agreement of five raters from a large and diverse
managerial sample. They found that the average ICC(1, 5) was .68 for peers and .67 for
subordinates. Also using similar managerial samples, two additional studies estimated
ICC (1, 3). One study reported that the agreement among subordinates ranged between
47 and .70 (M = .59) (Fleenor, McCauley, & Brutus, 1996); another study reported that
ICC (1, 3) ranged between .43 and .69 for peer raters (Atwater et al., 1998). Note that
Atwater et al. did not specifically reference the form of ICC used, but they attributed their
method to Fleenor et al. (1996). Ostroff et al. (2004) calculated ICC(1, 3), which they
called ICC(3), for a large sample of managers from a diverse group of organizations; the
average agreement was .64 for subordinates and .61 for peers. In addition, Fleenor et al.
(1996) in a study of a single organization, calculated ICC(1, 3) for subordinate raters; the
values ranged between .12 and .61 with a median of .43.

The ICC values found in these various settings indicate that agreement is variable
within rating groups, suggesting that it is important to further investigate these
differences in levels of agreement. However, conclusions based on the ICC metric are
clouded by a few issues. First, although McGraw and Wong (1996) attempted to
standardize the naming conventions of ICC formulas, which differed from Shout and
Fleiss’s (1979) conventions, there still appears to be some ambiguity in how different
forms of ICCs are reported. In addition, both ICC(1) and ICC(k), are measures of
agreement (McGraw & Wong, 1996), but are sometimes discussed as a measure of

reliability (cf. Fleenor et al., 1996). Also, some of the variability in the ICC coefficients
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reported by researchers may be due to the sensitivity of ICCs to the variability of the
sample (e.g., LeBreton et al., 2003), or the extent that there is variance among ratees.
Moreover, because values of ICCs are attenuated in samples with range restriction, or
when ratings or levels of performance do not vary substantially across ratees, it is
inadvisable to apply specific ranges of what constitutes a ‘high’ level of agreement.
Agreement

With the exception of ICCs, which can assess both reliability and agreement, the
above methods use standards of reliability to assess the convergence of ratings from the
same source. In contrast, there are a number of methods that are specifically designed to
only assess agreement, or measure the extent that raters assign the same values to a ratee.
These indices range from basic measures such as the standard deviation index (Schmidt
& Hunter, 1989), to more complex measures such as the 7 Index (Tinsley & Weiss,
1975), the Finn index (1970), r,,, (James, Demaree, & Wolf, 1984; James et al., 1993;
Lindell, Brandt, & Whitney, 1999), the average deviation index (AD; Burke, Finkelstein,
& Dusig, 1999; Dunlap, Burke, & Smith-Crowe, 2003), and most recently, a,,, (Brown &
Hauenstein, 2005). The following section provides a brief discussion of how indices of
agreement have evolved (for a complete discussion of this evolution, see Brown &
Hauenstein, 2005; Kozlowski & Hattrup, 1992). I confined my review of agreement
indices to those that are appropriate for use with continuous variables in situations where
a single stimulus is rated (Brown & Hauenstein, 2005). In addition, I discuss the
calculations of the most widely accepted measures, and provide a detailed analysis of the
strengths and weaknesses of these measures. Finally, I review the research that has

assessed levels of within-source agreement using various measures of agreement.
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One of the most basic measures of agreement is SDy or, the standard deviation of
the ratings of a ratee across raters (Schmidt & Hunter, 1989), which is calculated as:

(Xk _})2

SD., =
X k-1

(4)

where k equals the number of raters, Xj is the rater £’s rating on X, and X is the mean
rating across the & raters. Schmidt and Hunter additionally recommended calculating the
standard error, SE),, to construct 95% confidence intervals to estimate the error in the
ratings,

D
SE,, = Dy (5)

Vi

where SDy is divided by the square root of & raters. It is important to note that this metric

actually measures dispersion, or the extent to which there is variance among raters (Chan,
1998; Feinberg, Ostroff, & Burke, 2005; Klein et al., 2001), rather than agreement. As
such, values increase with disagreement rather than agreement. A score of zero represents
perfect agreement and lower levels of agreement are represented by larger values. For
this reason, LeBreton and Senter (in press) suggested that this metric may be more
appropriate for dispersion composition models. For example, SDy has been used as a
dependent variable in organizational climate research (Klein et al., 2001). However, this
statistic has some shortcomings. Kozlowski and Hattrup (1992) argued that this metric
fails to consider that some raters may agree based on chance rather than actual
agreement, thus inflating agreement under conditions of response bias. In addition, the
values of SDy vary as a function of the number of raters (fewer raters relate to smaller

values of SDy), and also vary according to the number of response options. Also, unlike
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other indices of agreement that range between zero and one, SDy does not have a fixed
interval, which further complicates interpretation.

Other measures of agreement evolved from indices that were aimed at assessing
agreement on nominal variables and used proportion of agreement as the basis for
computing agreement (e.g., Cohen’s (1960) kappa). These indices were problematic for
assessing agreement for continuous variables, such as performance ratings, because they
express agreement in absolute terms (i.e., yes or no) and could not accommodate varying
degrees of agreement (Kozlowski & Hattrup, 1992). Put another way, these early indices
of agreement could capture the level of agreement for nominal categories, as in the case
of diagnosing a patient’s illness; however, they were problematic when raters have a
greater number of response choices, as is the case with MSF ratings. Kozlowski and
Hattrup (1992) noted that the second generation of agreement indices provided some
improvements on earlier methods of agreement. These indices include those advanced by
Lu (1972), Lawlis and Lu (1972), Tinsley and Weiss (1975), and Finn (1970) and were
able to distinguish varying levels of agreement among raters.

Tinsley and Weiss (1975) proposed the 7' Index, which can account for agreement
based on chance for a group of raters making ratings on an interval scale. The 7 Index is
computed as:

N, — NP
r=—-1—— (6)

N — NP
where N; is the number of agreements among raters, N is the total number of items rated,

and P is the probability of chance agreement on an item. The probability of chance

agreement is determined through the following formula (Lawlis & Lu, 1972):
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(=12 +n
P= -

n

(7

where £ is the number of raters in the rating group and # is the number of points on the
scale. Larger values of the T index represent a greater level of agreement. The range in
values depends on the number of response choices, number of raters, and probability of
chance agreement (Lindell et al., 1999). One of the advancements of the T Index is that
researchers can specify the margin by which raters could differ and still be considered in
agreement. An example is allowing raters to differ in their ratings by one point but still
consider them to be in agreement. However, this method still distills agreement into a
dichotomous process (Kozlowski & Hattrup, 1992).

Another method of assessing agreement is the Finn (1970) index, which assesses
agreement for multiple raters judging a single ratee on an interval scale of measurement.
This statistic is calculated by dividing the observed variance by the expected variance.

The formula for the Finn Index is:

S2

Finn Index =1-—- (8)
62
E

where S} is the observed variance of the ratings for a ratee on item X across a group of

raters, and cé is the expected variance. The term GZE is also referred to as GZEU (James et

al., 1984) to represent the expected variance of a uniform distribution. The expected
variance of a uniform distribution, which is also called a rectangular distribution, assumes
that raters are equally likely to select any of the possible response choices. The expected

variance is calculated as follows (Mood, Graybill, & Boes, 1974):

ol =(4-1)/12 (9)
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where 4 is the number of response options that raters can choose from. Thus, with five
possible response options, the expected variance would be 2.0 (6 = [5% -1]/12). Higher

values of the Finn Index correspond to higher levels of agreement, with an upper limit of
1.0 representing perfect agreement.

The Finn Index is thought to represent “the proportion of non-error variance in the
ratings” (1970, p.72) such that agreement among raters occurs when the variance of their
ratings is less that what would be expected by chance. One problem with this index is that
the assumption of a rectangular distribution is unlikely to be valid because performance
ratings tend to be negatively skewed (LeBreton et al., 2003; Mount, 1984; Murphy &
Cleveland, 1995; Walker & Smither, 1999). The implication is that skewed ratings are apt
to inflate estimates of agreement with the use of a rectangular distribution.

Because ratings are unlikely to be uniformly distributed in most rating conditions,
James, Demaree, and Wolf (1984) adapted the Finn (1970) index to form r,,,. By varying
the expected variance term of this index, researchers are able to account for the
possibility that raters agreed due to chance or because of response bias. To express the

agreement of raters on a single item X, the general formula for r,, is:

S2
wg - Xz (10)

r,, =1
Og

where S is the observed variance for a ratee for item X across a group of raters, and o
is the expected variance of ratings for item X. Similar to the Finn Index, r,, is a ratio of
the observed and expected variance and represents the proportional reduction in error

variance. This measure is able to assess agreement for one-item measures. Values of 7,



Predicting within-source agreement 35

increase with levels of agreement. Values of r,,, range between 0 and 1.0 for dichotomous
variables. With a greater number of response options, negative values can be obtained
when the observed variance is greater than the expected variance. However, 1.0 remains
the upper limit of agreement (Lindell et al., 1999).

One of the main features of the r,,, index is the ability for researchers to specify
what the expected variance among raters should be. When there are theoretical reasons
why raters may be influenced by social desirability or response biases, James et al. (1984)
recommended using a null distribution to appropriately reflect the rating scenario.
Specifically, researchers should specify the smallest and largest expected variances based
on theory and prior research, and then calculate r,,, for those null distributions, and in
essence, create a range of agreement values. To provide some guidance in selecting the
correct null distribution, James et al. provided specific calculations for triangular (central
tendency) and negatively skewed null distributions. In addition, LeBreton and Senter (in
press) provided the expected variance terms for six different null distributions.

James et al. (1984) also developed 7,4 to calculate agreement for scales with J
essentially parallel items by substituting the average item variance for the observed
variance and applying the Spearman-Brown prophecy. The Spearman-Brown formula
illustrates that adding parallel items to a scale will increase reliability and is expressed as

(Crocker & Algina, 1986):

kp

Tl (k-1)p, (b

pxx'

where p . is the reliability of a single test, and & is the number of items in the scale and

P, 1s the predicted reliability of the scale with k items. The resulting r,, statistic is
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calculated as:

Sx,
J 1_ 2;/
GE
rwg(J) - —2 — (12)
Sx Sx,
J1I=——" |+ —
GE GE

<2 . . .
where, S, is the mean of the observed variances for a particular ratee across raters

computed for J essentially parallel items, and o”% is the expected variance of some
specified null distribution. One implication of applying the Spearman-Brown prophecy to
calculations of 7y, is that the resulting agreement coefficients for a scale are higher than
the agreement for the individual items (LeBreton & Senter, in press).

For both the single-item and scale forms of the 7, statistic, the main advancement
over the Finn (1970) index is that researchers are able to specify null distributions other
than the uniform distribution, depending on the rating scenario. This feature is
particularly pertinent when raters are not expected to endorse each response choice
equally. LeBreton and Senter (in press) noted that the uniform null distribution is still
used most often in research. However, they recommended that researchers should use
prior research and theory to select the most appropriate null distribution.

There have been some criticisms of the measure that have lead to subsequent
revisions of the computations of 7, and 7,,4). One of the largest issues concerns the
appropriateness of r,,.). Lindell, Brandt, and Whitney (1999) criticized the calculation of
rwee for incorrectly applying the Spearman-Brown formula. The Spearman-Brown
prophecy is rooted in classical test theory and provides information about the reliability

of the scores from a measure. Lindell et al. argued that the Spearman-Brown correction is
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not appropriate because r,,, and 7,4 are measures of agreement, not reliability. More
recently, however, LeBreton, James, and Lindell (2005), disagreed with Lindell et al.’s
critique. Specifically, they demonstrated that the Spearman-Brown prophecy may indeed
be appropriate for use with agreement indices. Although there does still seem to be some
disagreement about the exact form of r,,) to use, LeBreton and Senter (in press)
recommended that researchers should use James et al.’s (1993) original formulas for most
rating conditions.

Another concern with r,, is regarding the treatment of negative values. Negative
values occur when interrater agreement is less than what would be expected due to
chance. James et al. (1984) suggested that negative values of r,,, should be set to zero.
However, Lindell et al. (1999) argued that just as agreement greater than what is expected
by chance is captured in the values of ,,, so should values that are lower than what is
expected by chance. They suggested that researchers should keep negative values of 7.
As such they advanced the r*,, index, which is computationally equivalent to r,, for
positive values, but allows negative values to remain negative (LeBreton & Senter, in
press).

There are other controversies concerning the use of ry, that do not have
straightforward solutions. First, it is unlikely that a rectangular distribution will be
appropriate; however, correctly specifying the appropriate null distribution is also
problematic (e.g., Brown & Hauenstein, 2005; LeBreton & Senter, in press), which is
ironic because this feature is the main advancement of r,,; over the Finn index. Choosing

the incorrect distribution will either under or overestimate values of agreement. For
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instance, if a researcher uses a moderately skewed null distribution when in actuality
ratings were only slightly skewed, the resulting estimates of agreement will be overstated.

Another problem with 7, is that the observed variance is related to the scale mean
in the form of a curvilinear relationship (Brown & Hauenstein, 2005). Specifically, the
potential variance of responses is the highest at the middlemost response option.
Moreover, the potential variance decreases at both scale endpoints because of ceiling and
floor effects. The implication of this relationship is that it is impossible to disentangle
actual agreement from the function of the mean rating. Consequently values of agreement
are underestimated for the scale midpoint and are overestimated at the low and high ends
of the response scale.

In addition, the recommended number of raters needed to provide stable
agreement estimates with r,,, is unlikely to be attained in most MSF rating scenarios.
Both James at el. (1984) and Lindell et al. (1999) recommend having at least 10 raters,
although this rule of thumb is often violated (Brown & Hauenstein, 2005). Violating the
recommended rater group size can result in attenuated calculations of agreement.

As a consequence of some of the shortcomings associated with ry,, the average
deviation index was created (Burke et al., 1999). This index also assesses agreement
among multiple raters for their ratings of a single ratee on an interval scale. It is
calculated as:

N —
Z ‘X X
k=1

ADy ) = — (13)

where N is the number of raters for an item j, Xj is the kth rater’s rating on item j, and

)_(_,- is the average of the raters’ ratings for the item j. Thus, this index is computed by
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summing the deviation scores for & raters and then dividing this sum by the number of
raters in order to arrive at the average deviation score for a single ratee on item j. Burke
and colleagues also proposed a parallel measure that uses the raters’ median rating rather
than the mean rating. The resulting 4D coefficient is in the units (e.g., five-point or
seven-point) in which a ratee was rated (Burke & Dunlap, 2002; Dunlap et al., 2003).
Similar to SDy, AD is a measure of dispersion, where larger values correspond to greater
dispersion. Also, similar to SDy, the interpretation of results can be difficult because
values of 4D are not confined to a zero to one scale because the range varies according to
the number of response options (Brown & Hauenstein, 2005).

More recently, Brown and Hauenstein (2005) proposed an alternative index of
agreement called a,,, that is meant for use with multiple raters rating a single ratee on an
interval scale of measurement. This index was developed in part because of some of the
shortcomings of r,,,. The index a,,, was derived from Cohen’s (1960) kappa, which was
originally used to determine the agreement of two raters in assigning a ratee to a

categorical condition. Cohen’s kappa is calculated as:

o= Lo~ Pec (14)
I-p.

where p, is the proportion of times that two raters agree and p. is the proportion of times
that agreement would be expected due to chance, which is calculated by summing the
proportions assigned to each category. Because the kappa index cannot be appropriately
applied to continuous data, Brown and Hauenstein (2005) provided an adaptation of the
index that is appropriate for continuous data for assessing rater agreement on a single
ratee. Similar to kappa, this metric expresses agreement as a proportion of agreement

over the maximum disagreement possible at a given observed mean rating. However, the
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ayyg statistic adjusts the possible level of disagreement for a continuous scale. The

calculation of the statistic is as follows:

i 2%§?
[ +L)* M —(M?)—(H * L) [*[k /(k - 1)]

(15)

Ay

where £ is the number of raters, M is the mean rating across raters for a single rater on
item x, H is the maximum possible value of the scale, L is the lowest possible value of the
scale, and S° is the observed variance of the ratings across a group of raters for item X.
Values of a,, range from -1.0 to 1.0, with larger values indicating higher levels of
agreement. However, when the mean rating is equal to the upper or lower boundary, the
denominator of the equation will be zero; in such cases, agreement should be set to 1.0
(perfect agreement). To illustrate the calculation of a,,, consider a group of four raters
who made ratings on a scale that ranged between 1 and 5. The group had an observed
variance of .33 and a mean rating of 3.5. In this rating scenario a,,, would equal .87:

P 2%33 . 66
"o |5+ *3.5-3.5H) -G [F[4/4-D]  [(6)*3.5-(12.25) - (5)]*[4/3]

66 66 66
=1- =l =l =1-13=87.
[21-12.25-5]*[1.33] [3.75]*[1.33] 4.99

Brown and Hauenstein (2005) provided standards for interpreting values of a,,,
based on prior agreement research (e.g., Kozlowski & Hattrup, 1992; LeBreton et al.,
2003). Specifically, they suggested that values between .60 and .69 as should be
characterized as weak agreement, between .70 and .79 as moderate agreement, and values
exceeding .80 as strong agreement. Values less than .60 should be interpreted as
unacceptable levels of agreement; Brown and Hauenstein advised against data

aggregation in such cases.
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Values of a,,, however, can only be interpreted properly for group means that fall
within a specified range. Specifically, for smaller rating groups it is impossible to
compute agreement for an extreme mean rating that includes both the upper and lower
limits of the response choices. Brown and Hauenstein provided the following example,
“consider a 5-point scale used by 10 raters. No set of ratings with a mean of 1.3 can
include a single rating of 5, the maximum rating of the scale (2005, p.174).” They
therefore recommended that the minimum number of raters that researchers should use is
roughly one less than the number of response options (i.e., no less than four raters for a
five-point scale).

Even when using the specified number of raters, it is possible that a group mean
may fall outside of the interpretable range. Brown and Hauenstein (2005) stated that a,,,
cannot be calculated in these instances. The upper and lower boundaries of useable group
means can be calculated with the following two equations:

Lk-1)+H

lower boundary = k

(16)

upper boundary = w (17)

For equations 16 and 17, k is the group size, L is the lowest scale value, and H is the
highest scale value. To illustrate, the interpretable range of means for an instrument with
five response options will be between 2.3 and 3.6 for groups of three, 2.0 and 4.0 for
groups of four, and 1.8 and 4.2 for groups of five. One implication is that for groups
where the mean values fall outside of the specified range, researchers cannot calculate
ayg. Although, it is reasonable to assume that such groups have high agreement, a

quantification of such agreement is not recommended by Brown and Hauenstein.
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To calculate agreement across a series of items, Brown and Hauenstein (2005)
proposed @,y This multi-item version of a,,, is calculated by taking the average of the

individual a,,, coefficients across items. Specifically,

Zawgm

Aoy = T (18)

where J is the number of items and a,,¢(;) is the estimate of agreement for a single ratee on
item x. Individual estimates of a,, that are outside of the useable range are treated as
missing data. Thus, the level of agreement for a scale of items is the average of
interpretable a,,, coefficients.

The a,, index has some advantages over r,,. The a,,, metric adjusts according to
the number of response options such that agreement reflects the possible levels of
variance at different scale points. For instance, a mean rating at the middle of a response
scale is likely to have greater variance than a mean rating at either extreme of the rating
scale. This feature is an advantage over r,,, where mean ratings correlate to values of .
Brown and Hauenstein (2005) demonstrated that a,,, does not have this problem by
examining the ratings of experts in the relevancy of situations for a situational judgment
test. They found that although values of r,, strongly correlated to the mean rating (r =
.63), values of a,,, did not ( = -.03). This finding indicates that values of a,, are not
influenced by the location of the mean to the extent that 7, is.

However, there are some concerns with a,, that are worth noting. As I discussed
earlier, a,,, coefficients can only be calculated for group means that are in the
interpretable range, which is related to rater group size. In instances where there are

relatively small groups, agreement cannot be calculated for extreme ratings. Thus, it may
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not be possible to calculate agreement for a large subset of ratings, particularly when
extreme ratings are present. Moreover, levels of agreement can be influenced by the
number of raters (Roberson, Sturman, & Simons, 2007)

Sampling error and issues of range restriction are also a concern. Sampling error
impacts two of the components of a,,, (observed mean and observed variance), whereas
this is only a concern for the observed variance term when calculating r,,, (Brown &
Hauenstein, 2005). In addition, the issue of range restriction is also a problem with a,,,.
Unlike 4, the impact of response biases such as leniency effects cannot be diminished
through the use of a null distribution. One implication is that the level of agreement for
the a,,, index may be overstated in conditions of range restriction. On the other hand,
selecting the correct null distribution for 7, is controversial and can be problematic
(Brown & Hauenstein, 2005). Another potential problem with a,, is that values cannot be
calculated when group means approach either the upper or lower boundary and are
subsequently outside of the interpretable range. This problem is especially relevant for
small rater groups that have narrower interpretable ranges.

Comparison of methods. Above I outlined some of the advantages and
disadvantages of various estimates of interrater agreement. In addition to those that I
noted, restriction of range is also an issue with all measures of agreement. Earlier, I
criticized reliability measures for being downwardly biased for situations with range
restriction. However, all of the above agreement measures can also be impacted by
restriction of range. When any group of raters agrees on a ratee, the range is necessarily
restricted. In addition, range may also be restricted in the situations of response biases or

leniency. However, unlike measures of reliability, measures of agreement will be
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upwardly biased in situations of range restriction. To illustrate, consider the formulas for
rwg and a,,, (formulas 10 and 15, respectively) which, in their general forms, are
calculated as: 1 — (observed variance/expected variance). If ratings within rating groups
are relatively homogeneous as a result of leniency or another type of response bias, the
resulting observed variance for both r,, and a,,; will be low. Consequently, the ratio
between the observed and expected variance decreases, and the values of a,,; and 7,4
increases. Thus, the resulting estimates of agreement may be overstated if the observed
variance is inflated due to response bias rather than actual agreement. More generally,
range restriction will impact any method of assessing convergence. For this reason,
depending on the method used, researchers should consider the specific impact of range
restriction on their estimates of agreement or reliability.

Bearing these considerations in mind, it was important to choose an index of
agreement that was most appropriate for the present research. The purpose of this
research was to predict agreement among raters and therefore, agreement was the
dependent variable. Some research suggests that alternative methods of assessing
agreement yield similar estimates (Roberson et al., 2007). A Monte Carlo simulation that
compared estimates of agreement (including SD,, 4D, 7y, r*,, and a,,,) yielded highly
consistent results among indices (Roberson et al., 2007). For example, a,,; was highly
consistent with r,,, with a mean correlation of .96.

Despite this finding, there are also some differences between these indices that
make a,,, more suitable for the current research. One advantage of a,, is that fewer raters
are needed to calculate a,,, than r,,, (4 versus 10, respectively; Brown & Hauenstein;

Lindell et al., 1999). Although a,, is unable to account for response biases as r,,, can, the
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process of selecting the correct null distribution for calculations of 7, is often difficult
(Brown & Hauenstein, 2005). Most important, a,,, adjusts the calculation of variance in
relation to the location of the group mean, and thus is less likely than r,, to be affected by
the mean MSF rating (Brown & Hauenstein, 2005). This difference is especially critical
because ry, 1s likely to violate the assumption of homoscedasticity needed for regression
because the residuals are likely to vary according to the group’s mean rating. Although
the violation of homoscedasticity might not be as critical when using agreement to justify
levels of consensus (e.g., Roberson et al., 2007), it is particularly relevant in the present
research where agreement is being used as a dependent variable. Thus, a,,, appears to be
the best measure of agreement for the present research based on the options currently
available.

Level of agreement in MSF research. Although a,,, will be used to assess within-
source agreement for the present study, no prior study has used this index with MSF
ratings to do so. For this reason, I will review in this section the findings of studies that
used other metrics of agreement to examine within-source agreement of MSF ratings.
Because agreement indices tend to yield highly similar results (Roberson, Sturman, &
Simons, 2006), the few studies that have assessed the level of agreement within rating
sources are relevant to the present research.

Fleenor et al. (1996) compared measures of interrater reliability (i.e., Pearson) and
interrater agreement (i.e., ICC and T index) of supervisor and subordinates ratings within
a single health-care organization. They found low levels of reliability within the
subordinate groups (» = .20). In addition, they found low levels of agreement within the

subordinate groups using ICCs (ICC(1, 3) = .43). However, their estimates of agreement
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were higher using the T index. To assess agreement with the T index, they analyzed their
data using a "2-point criterion and a 1-point criterion; these criteria specified the extent to
which a rater’s average rating on a dimension could deviate from that of another rater and
still be considered in agreement. They found relatively high agreement within
subordinate’s ratings; 7 = .63 for the 7 point criterion and 7' = .84 for the one-point
criterion (although they admitted that the one-point criterion was perhaps too generous).
The largest criticism of their study, and the use of the T-index, is that agreement is
characterized dichotomously.

The remaining two studies that have examined within-source agreement both used
Fuwg. Johnson and Ferstl (1999) calculated 7., using a slight skew null distribution (cg” =
1.33) for groups of subordinate raters in a single accounting firm for two different years.
The skewed null distribution represents a rating scenario where ratings are negatively
skewed. They found that the average agreement was .52 with a standard deviation of .16.
However, LeBreton et al.’s (2003) study is perhaps the most comprehensive examination
of both reliability and agreement of MSF ratings within and between groups. The purpose
of LeBreton et al.’s (2003) study was to challenge the assumption that individuals within
rating groups are exposed to similar samples of ratee behavior, and thus, provide more
similar ratings than those from other rating groups (Borman, 1997; Murphy & Cleveland,
1995; Tsui & Ohlott, 1988). Instead, they argued that prior findings supportive of this
view resulted from restriction of variance and not from differences between rating
groups. Restriction of variance in MSF ratings may result both from organizational
processes (e.g., selection, counseling, socialization) and rating biases (e.g., halo,

leniency), resulting in the attenuation of reliability estimates. Consequently, the low
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estimates of within-source reliability may be an artifact of range restriction in ratings and
not actual dissimilarity within rating groups.

To test their restriction of range hypothesis, LeBreton et al. (2003) compared
Pearson correlations and ICCs, which are both downwardly affected by restriction of
variance, with r,,,, an index of agreement. They reported results that supported their
hypotheses based on a Monte Carlo simulation and a study of graduate students’ ratings
on the Leader Behavior Questionnaire. However, their study of MSF ratings based on a
large sample of managers spanning organizations and industries is most relevant to the
present research, and therefore I will discuss it in detail.

In this study, LeBreton et al. (2003) expected that the consistency measures would
indicate a low level of rating reliability both within and between rating groups whereas
rwg Would show high levels of agreement for both. The findings of the study generally
supported their restriction of variance hypothesis. Pearson correlations and ICC(1,1) were
in the low .30s within peer and subordinate rating groups, suggesting low consistency or
reliability. For their measure of agreement, however, they found moderate to high levels
of agreement. To assess agreement they calculated r,,, using three types of null
distributions to approximate agreement for varying levels of response bias: (1)
rectangular distribution (05" =2.00), (2) slight skew (o8> = 1.33), and (3) moderate skew
(05> = 0.90). The rectangular distribution assumes that raters are equally likely to choose
any of the five response options. In contrast, the skewed analyses calculate agreement by
taking into account the fact that performance ratings are often negatively skewed because

raters are more apt to endorse positive response options.
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LeBreton et al. (2003) indicated that the moderate skew scenario is the most
probable case for performance ratings. For this reason, I will only report the results of the
study that are based on the moderate skew condition. Across the 16 dimensions of
managerial effectiveness, they found that the mean within-source agreement ranged
between .52 and .74 (M = .60) for subordinates and between .55 and .76, (M = .64) for
peers. Average agreement between subordinate and peer rating groups was somewhat
lower than the within group analyses; agreement ranged between .48 and .73 (M = .57)
for different rating dimensions, although whether this difference represents a significant
difference from within-source agreement was not reported. Although mean values of
agreement did exceed .70 for some rating dimensions, overall agreement did not. Also,
although LeBreton et al. interpreted these findings as evidence of high within-source
agreement, others might disagree. Specifically, Brown and Hauenstein (2005)
recommended that researchers should classify values of agreement between .60 and .69
as weak agreement, and those between .70 and .79 as moderate agreement. Moreover, as
I discussed earlier, the r,,, index may overestimate agreement in situations of response
bias or when the expected variance is incorrectly specified. Thus, researchers should be
cautioned against directly comparing the magnitudes of different convergence indices
without specifically addressing how the indices are impacted by the rating scenario.

Aside from the magnitude of agreement, it is also possible that the agreement
among groups was variable. For peers, the average standard deviation of r,,, was .16 for
the uniform distribution, .23 for the slight skew, and .28 for the moderate skew. For
subordinates, the average standard deviation of ry, was .18 for the uniform distribution,

.25 for the slight skew, and .30 for the moderate skew (J. M. LeBreton, personal
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communication, May 16, 2006). These findings suggest that significant variability exists
within both peer and subordinate rater groups and further indicate the importance of
examining this variability in the present study.

LeBreton et al.’s (2003) study was an important development in methods of
studying agreement in MSF ratings. The researchers were mainly interested in comparing
the average level of agreement with that of reliability as a way to challenge the
underlying assumption of MSF ratings that different rater groups provide unique
perspectives. In addition, they demonstrated why methods of reliability are inappropriate
for examining within-source similarity. However, LeBreton et al. (2003) did not address
the extent that there was variability in the level of agreement among rater groups. Yet
examining the variability in within-source agreement is particularly important given that
other prior research has found a high degree of idiosyncratic rating tendencies (e.g.,
Greguras & Robie, 1998; Mount et al., 1998; Scullen et al., 2000) which would indicate
some between group variability in within-source agreement.

Although LeBreton et al.’s (2003) study was a good first step in exploring the
level of within-source agreement, additional research is necessary to better understand
agreement, including the extent that the variability surrounding this agreement can be
predicted. For this reason, one goal of the present research was to better understand the
underlying assumption that ratings from the same MSF source are similar (Borman,
1997). Specifically, to address this issue, I examined possible predictors of within-source
agreement, including whether characteristics of the rating group, ratee, and rating
dimension were associated with within-source agreement.

Variability in within-source agreement
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Most research reviewed to this point concerns the extent to which there is
similarity (using either reliability or agreement) within rating groups. Knowing the
degree of within-source similarity in ratings provides some valuable information and can
be used to help justify the aggregation of a group’s ratings. However, this type of
research does not examine the extent that within-source agreement varies across rater
groups. Yet, there does seem to be some variability in the extent that raters agree with
one another, or that some groups rate a focal manager similarly whereas others do not
(Greguras & Robie, 1998). Thus, the present research is aimed at examining the
predictors that are likely to relate to within-source agreement for different rater groups.

One way to think about the variability of agreement across rating groups is in
terms of composition models, or how the relationships between two levels of analysis are
specified (Chan, 1998). In the case of MSF ratings, individual ratings, which are at the
individual level of analysis, are combined to form an averaged rating that is at the group
level of analysis. Most MSF researchers have implicitly proposed what is called an
additive composition model whereby individual ratings are combined to form an
averaged source rating, often regardless of whether adequate convergence is found. An
important consequence of researchers’ use of additive models to study MSF ratings is
that the variance in levels of agreement, which is considered a by-product of error, has
been left unexamined.

Dispersion models, another form of composition models, specifically focus on the
dispersion or agreement of responses. In contrast to additive models which treat variance
as measurement error, dispersion models specifically examine this variance as the

primary construct of interest (Chan, 1998; Feinberg et al., 2005; Klein et al., 2001).
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Specifically, dispersion is a group-level variable that describes the variance of
individuals’ responses within the group. Therefore, research based on dispersion models
specifically tests whether the dispersion in ratings is a product of random error or a
characteristic of the rating environment.

There are few examples of prior research that have specifically adopted a
dispersion model. One such study by Klein et al. (2001) examined the predictors of
agreement about the work environment in a large sample of manufacturing plants.
Although the study of climate perceptions differs from MSF ratings, the design of the
study is applicable. Klein et al. (2001) tested whether demographic homogeneity, work
interdependence, social interaction, and survey wording were related to work group
members’ agreement about their work environment. To operationalize agreement, they
computed the group’s standard deviation on each item and then averaged the standard
deviations for each scale. They also computed 7, as a comparison and found that the
group’s standard deviations correlated between .8 and .9 with values of 7,4, with the
exception of values of 7, that were outside of the range of 0 and 1.0, suggesting that
the two measures offered similar results (note that they did not report how often the
scores fell outside of 0 to 1 range, although LeBreton et al. (2003) suggested that this is a
rare occurrence). Klein et al. also found that perceptions of the work environment were
not related to the demographic characteristics; however, work interdependence, social
interaction and survey wording were related to agreement. Thus, by testing the
hypothesized predictors of the group’s agreement on workplace climate, Klein et al. used

a dispersion model to learn more about the predictors of work climate perceptions.
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In a more relevant study using a dispersion model, Feinberg et al. (2005)
examined how the agreement among subordinates’ leadership ratings related to their
attributions of transformational leadership. The researchers argued that one aspect of
transformational leadership is the ability for leaders to create consensus among their
followers, and for this reason, studying the consensus of followers could provide a better
understanding of how leadership perceptions are formed. They found that within-group
agreement related to their predictors. First, they found a positive relationship between
subordinates’ agreement on ratings of their supervisors’ leadership behaviors (using 7,,)
and subordinates’ mean level of ratings of leader behaviors (» = .50), suggesting that
having consensus about a leader’s behavior is positively related to perceptions about a
leader’s overall level of performance. In addition, they found that subordinates’
agreement on leadership behaviors moderated the positive relationship between the
average ratings of leader behaviors and focal managers’ ratings of their transformational
style. This finding suggests that both the leaders’ behaviors and the extent that
subordinates agree in the perceptions of the leader may be important in understanding
attributions of transformational leadership.

Feinberg et al.’s (2005) study used a dispersion model in leadership research.
They argued that convergence in transformational leadership ratings represented an
important characteristic of a leader. Similarly, within-source agreement may also relate to
the focal manager’s effectiveness. For this reason, the present research will use a
dispersion model to test whether characteristics of the rater group and focal manager
predict consensus on MSF ratings. However, some of Feinberg et al.’s findings may be

inflated because their assessment of agreement and average leadership ratings were from
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the same source. Moreover, the values of r,,, have been demonstrated to correlate with
mean ratings (Brown & Hauenstein, 2005), and thus, one would expect to find a high
level of agreement for high mean ratings or when there was a ceiling effect. Despite these
methodological and statistical limitations, the overarching concepts of the study have
some implications for the analysis of MSF ratings. Moreover, unlike Feinberg et al.’s
study, the present research proposes to use a,,,. Brown and Hauenstein demonstrated that
the location of the group mean does not relate to values of a,,, to the extent that it relates
to values of .

The aim of the present research was to add to our understanding of agreement
within MSF rating groups through the use of a dispersion model. By using a dispersion
model to study MSF, I was able to test whether characteristics, such as those of the ratee
and the rater group, related to the variability in within-source agreement. As I have
discussed earlier, agreement in MSF ratings is important and has consequences for
assessing the quality of the ratings (e.g., Borman, 1997; Schmitt et al., 1986). In the
following section, I discuss the possible predictors of within-source agreement.
Predictors of Agreement

As previously argued, the vast majority of prior MSF research has focused rather
narrowly on comparing the mean level of reliability or agreement between and within
rating groups. Moreover, most prior literature, through the use of additive composition
models, has assumed that within-source agreement is uniformly high among rater groups.
However, there is reason to believe that there is some variability in the extent that rater
groups agree in their ratings (Greguras & Robie, 1998), yet little is known about the

conditions that relate to this agreement. The purpose of the present research was to
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examine the characteristics of the rating group, the ratee, and the rating dimension as
predictors of within-source agreement. To explain how these factors relate to level of
agreement, in this section, I integrate theory and research on agreement of performance
ratings (e.g., Harris & Schaubroeck, 1988; Judge & Ferris, 1993; Landy & Farr, 1980;
Murphy & Cleveland, 1995; Tsui & Ohlott, 1988) with Kenny’s (1991) weighted-average
model of consensus. Specifically, the application of Kenny’s (1991) weighted-average
model of consensus and accuracy provides a framework to analyze within-source
agreement. This section also focuses on identifying characteristics that are likely to relate
to the level of agreement. These predictors are based on Kenny’s (1991) weighted-
average model of consensus along with prior research on interrater agreement and
performance ratings.

Most prior research on the interrater agreement or reliability of MSF ratings has
focused on reasons why agreement or reliability tends to be low between rating sources
(e.g., Borman, 1997; Tsui & Ohlott, 1988), citing reasons such as having a unique
relationship with the ratee and different models of managerial effectiveness. Yet the
finding that agreement or reliability is often low within rating sources has rarely been
discussed. More generally, theory and research on performance ratings posit some of the
possible processes that impact performance ratings. The primary focus of most of the
literature on performance ratings is on the level of the rating given. However, the
discussion of the sources of rating errors provides a foundation for understanding factors
that may relate to within-source agreement. For this reason, I will discuss aspects of the

rating process that are thought to relate to rating errors.
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Landy and Farr (1980) advanced a fairly comprehensive model of performance
ratings to help identify general factors that impact the rating process. They identified four
main categories of factors that can impact performance ratings: (1) vehicle or format of
the rating instrument, (2) rating process (e.g., level of rater training and rater anonymity),
(3) rating context, and (4) roles (e.g., characteristics of rater and ratee, organizational
roles, and quality of rater-ratee relationship).

Although the focus of the present study is on the raters and not the rating
instrument, there is some research that suggests that the vehicle, or the MSF instrument,
impacts within-source agreement. Prior research has generally found that behavioral
rather than general trait items (Kaiser & Craig, 2005) and explicit and objective rather
than implicit and subjective standards (Schrader & Steiner, 1996) yield higher levels of
agreement. In addition, a recent study using a well-established MSF instrument found
higher levels of reliability were associated with single-barreled items rather than multi-
barreled items (i.e., items that ask raters to consider multiple ideas or concepts) (Kaiser &
Craig, 2005). These findings highlight the importance of using a carefully designed MSF
instrument to minimize errors in the rating process that result from problematic item
formats.

The rating process is generally constant within a MSF administration, so the
process should not explain much variation in agreement within rating groups. For
instance, the directions given, the use of the data (e.g., developmental or administrative),
and rater training will likely be the same across raters who complete the same MSF

instrument. For this reason, the rating context should not be a major factor for predicting
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varying levels of agreement among rating groups; however, I will briefly review some of
the major findings concerning the rating process.

Various contextual variables such as the purpose of the rating and the type of
organization have been shown to impact the qualities of MSF ratings. For example,
subordinate ratings used for development were found to be psychometrically superior to
those used for administrative purposes, although a similar effect was not found for peer
raters, who tended to be more reliable (Greguras et al., 2003). Furthermore, when raters
were held accountable for their ratings they tended to be of a higher quality (Curtis,
Harvey, & Ravden, 2005). Also, an examination of the MSF ratings in different
industries found that raters from public sector organizations were more lenient in their
ratings than those from private sectors, and that educational organizations were especially
lenient (Brutus, Fleenor, & London, 1998).

Another contextual factor important to the rating process is the motivational
component of MSF ratings. Murphy and Cleveland (1995) provided a discussion of how
raters often have goals that may differ from the organization’s goal of obtaining accurate
ratings. Raters’ goals may supersede those of the organization, affecting the ratings
given. Most of their discussion about goals pertained to supervisory ratings (but not peer
or subordinate ratings). For example, they suggested that supervisors are likely to have
different motives when rating members of their in- and out-group as well as exceptional,
average, and poor performers. However, the motives of peers and subordinates are more
relevant to the present study and are likely to differ from the supervisor’s motives. For
instance, it is possible that some subordinate raters are uncomfortable providing upward

feedback, perhaps fearing that their ratings may not be anonymous (Conway et al., 2001).
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In this situation, subordinate ratings would be influenced by the goal of maintaining a
positive working relationship with the ratee, resulting in inflated performance ratings.
Conway et al. also speculated that the motives underlying peer ratings are likely to vary
as a function of the organizational culture. If the environment is highly competitive, peers
may be tempted to rate the ratee lower as a strategy to boost their own standing in the
organization. In contrast, for organizational cultures that value teamwork the goals of
peers may be to maintain harmony within the group, which is accomplished through
giving favorable ratings. These examples of rating source-specific goals and
organization-specific goals would both predict that members within the same source
would have similar goals. If goals are indeed similar within rating sources, then the
individual goals of raters may inflate the overall agreement within rating sources but
should not be a significant factor in predicting why some groups of peers and
subordinates agree and others do not.

The roles of the raters and ratees, as defined by Landy and Farr (1980) include a
wide range of personal characteristics (e.g., demographic, personality, and
psychological), organizational roles (e.g., peer or subordinate), and aspects of the rater-
ratee relationship (e.g., level of acquaintance, affect). A vast number of research studies
have investigated this class of variables, particularly in examining the demographic
characteristics of raters.

Landy and Farr (1980) reviewed a number of studies which indicated that
demographic characteristics such as gender, race, and age of the rater and ratee related to
the /evel of performance ratings given. They commented, however, that because these

findings tended to be inconsistent, it was difficult to draw any sound conclusions
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regarding the impact of demographic characteristics on performance ratings. Since then, a
number of studies have examined how demographic characteristics relate to performance
ratings, also with some conflicting results (e.g., Kraiger & Ford, 1985; Mount, Sytsma,
Hazucha, & Holt, 1997; Pulakos, Schmitt, & Chan, 1996; Pulakos, White, Oppler, &
Borman, 1989; Waldman & Avolio, 1991). Research that has used a relational
perspective, which examines the similarity of supervisor’s demographic characteristics in
relation to those of their subordinates, often finds that similarity in demographic
characteristics results in positive outcomes. For instance, Tsui and O’Reilly (1989) found
that supervisors in mixed-gender dyads rated their subordinate’s performance lower than
those in same gender dyads. Therefore, it seems that the characteristics of raters can, in
certain circumstances, impact the level of ratings given, however, less is known about
how similarity in these roles impacts rater agreement. For example, do groups of raters
tend to have higher agreement if they share more similar demographic characteristics?
Another aspect of rater role, the opportunity to observe ratees, has also been
discussed as a possible predictor of the reliability of ratings (Dunnette, 1966; Freeberg,
1969; Landy & Farr, 1980; Rothstein, 1990). The assumption is that raters will have more
information on which to base their ratings when they have a longer working relationship
with the ratee or they have more relevant information about the ratee. When raters lack
sufficient information, they are prone to unreliability and are less likely to be accurate
and more likely to use stereotypes (Dunnette, 1966). In general, there has been some
support for this relationship. When raters have more relevant contact with the ratee, their

ratings tend to be more reliable (Landy & Guion, 1970) and more valid (Freeberg, 1969).
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In addition, Rothstein (1990) found that performance ratings become more reliable as the
opportunity to observe the ratee increased.

The large body of prior research on performance ratings provides a number of
possible factors that may influence MSF ratings. However, what is lacking in this
research is a comprehensive understanding of the specific circumstances that relate to
agreement within rating sources. An integrated theory that includes a number of possible
reasons why two or more raters may or may not agree in their ratings is needed to
identify possible predictors of within-source agreement. Kenny’s (1991) weighted—
average model (WAM) of consensus, which was originally proposed to explain when
raters will agree in their personality ratings of a ratee, provides a comprehensive
framework that can help explain agreement within MSF rating groups. This model has
not been used to predict agreement in the performance rating context. Although rating
personality is somewhat different from rating performance, the processes that lead to
consensus and accuracy may be similar. For instance, some of the predictors of
agreement in Kenny’s model are similar to those that have been related to the reliability
in performance ratings (e.g., acquaintance with the ratee; Rothstein, 1990).

Another benefit to Kenny’s WAM framework is that research on this model has
been primarily confined to a laboratory setting (e.g., Chaplin & Panter, 1993; Malloy,
Agatstein, Yarlas, & Albright, 1997). This controlled environment allowed researchers to
make conclusions regarding not just the consensus of raters, but also their accuracy.
Although directly assessing the accuracy of MSF ratings for the present studies will not
be possible, both Kenny’s theoretical model of consensus and subsequent research using

this model may help to distinguish how predictors of within-source agreement may also
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indicate accuracy or bias. Therefore, for the present research I will combine prior
research regarding interrater agreement and reliability with Kenny’s weighted-average
model of consensus to develop hypotheses and research questions regarding the
predictors of within-source agreement.

Kenny’s weighted-average model of consensus. Kenny’s (1991) WAM of
consensus predicts the extent that two raters will similarly rate a ratee using a
mathematical model. This model is based on an earlier model of interpersonal perception
advanced by Anderson (1981). Although Kenny specifically discussed the WAM as a
model of agreement, in actuality, the model expresses reliability (through the use of
correlation coefficients). However, conceptually the model is relevant to agreement.
Kenny first discussed how individual raters arrive at a rating of a ratee by combining
information about the ratee. Then, his model predicted how the following six parameters,
(1) the acquaintance of the rater to the ratee, (2) the overlap of stimulus among raters, (3)
the shared meaning systems among raters, (4) the communication among raters, (5) the
use of extraneous information or bias when rating the ratee, and (6) the consistency of the
ratee’s behavior, combine to predict the correlation between the ratings of a ratee.

The first stage of person perception, according to Kenny’s (1991) model, is how
an individual rater combines and weights the pieces of information that the rater knows
about a ratee in order to make a rating. Raters incorporate the information that they have
about the ratee to make the rating. This information can be divided into what Kenny calls
‘acts’, which can be based on the ratee’s appearance, verbal, or nonverbal behavior.
These acts are then aggregated with one another when making a rating. However, acts

that are more representative of a trait are given greater weight when making an
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assessment. An example of this process is a rater judging a ratee named Kathy on the trait
of conscientiousness. The rater notices that Kathy arrives fifteen minutes late, is neatly
dressed, and promptly returns a phone call. These pieces of information or acts can be
given scale values for conscientiousness. In this case, being late would have a negative
scale value, whereas being neat and returning the phone call quickly would have positive
values. In addition, these acts could be weighted if one piece of information is considered
to be more or less indicative of conscientiousness. Assessments of ratees may be
influenced by others. For instance, a colleague may tell the rater that the reason that
Kathy was late was because the elevator was broken, which may ultimately impact the
rater’s assessment of Kathy. Thus, communication from others, by sharing their
impressions or providing additional context, may also impact ratings. Finally, error or
bias is likely to be present in ratings. Thus, Kenny states that a rater’s unique impression
of the ratee, which is not based on the ratee’s actual behavior, is also incorporated into
the rating.

This perceptual process that determines a rater’s impression of a ratee, according
to Kenny, can be expressed mathematically. However, Kenny did not include the
weighting process in his equation, and thus, each act is weighted equally. Specifically,

the impression of a ratee for rater i, or /;, is computed with the following equation:

I = Kksm +isi/]/(k+n)}+a]2 (19)

where, k is the weight given to the unique impression of ratee, s,y is the unique
impression for rater i, n is the number of acts that rater i observes, j is the act, s;;is the
scale value given to act j by rater 7, a is the extent that rater i communicates or is

influenced by an outside source, and /, is another person’s impression of the ratee. Note
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that another person’s impression will only have an impact when there is communication
among raters.

In addition to positing how individuals arrive at their ratings of a ratee, Kenny
(1991) also predicted that the extent that two raters make a similar assessment of a ratee
is contingent on six parameters. First, when raters have higher acquaintance with a ratee,
reliability should be greater. Second, the extent of overlap, or the degree that each rater
views the ratee performing the same behaviors, will positively relate to consensus. Third,
when raters have shared meaning systems whereby they interpret and label behavior
similarly, consensus will be high. Fourth, the amount of communication between raters
will increase agreement because they are able to share their impressions of the ratee with
one another. Fifth, the consistency of the ratee will also increase agreement because it is
more likely that raters will base their ratings on similar samples of behaviors when the
ratee is more consistent. Finally, the sixth parameter states that when raters use
extraneous information, or information other than the ratee’s actual behavior, consensus
will be low. Kenny noted that measuring rater’s use of extraneous information is often
difficult to disentangle from their meaning systems. The similarity of two raters’ ratings
can be predicted in two situations. First, equation 20 represents the expected correlation

coefficient between two raters who have not communicated (a = 0):

_qnp,(1-p,)+n’pp,
=
k2 +n(l=p)+n’p,

(20)

where 7 is the number of acts of the ratee that are observed by the raters, ¢ is the extent of
overlap between the raters in viewing the ratee, which is calculated by computing the
proportion of acts in which both raters view the ratee, p; is the correlation between the

two raters’ scale values that they give to the same act to represent the extent of their
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shared meaning system , p; is the consistency of the ratee, and & is the weight for the
unique impression or the extent that raters use extraneous information when rating the
ratee.

In addition, equation 21 represents the convergence of two raters who

communicate with one another:

. r+a’r+2a
P =

21)

1+a’ +2ar
where 7 is computed as shown in equation 20, and « is the amount of communication
between raters. Thus, agreement is predicted to be higher as the communication between
raters increases.

Based on equations 20 and 21, one can predict the extent that two raters will have
similar ratings for Kathy, the ratee. The better acquainted the two raters are with Kathy,
the higher agreement they will have with one another. Also, if they both view Kathy
performing similar acts, they will have higher agreement than if one rater only sees Kathy
at cocktail parties and the other knows her only as a work colleague. The more that the
two raters discuss Kathy, the higher agreement they will have with one another. If Kathy
tends to be an erratic or moody person, agreement among the raters is likely to be lower
than if she is even-tempered and always pleasant. Finally, the raters will have higher
agreement with one another if they are less apt to use extraneous information about
Kathy, such as assuming that she is stubborn because she has red hair.

The example I provided above indicates how Kenny’s (1991) six components
combine to predict the agreement among raters; however, Kenny discussed a number of
assumptions regarding the six parameters. These conditions and the equations are more

useful in laboratory settings where each parameter can be manipulated and quantified
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(e.g., Malloy et al., 1997). In organizational settings, however, it is more difficult to
assess parameters, such as the consistency of the ratee or to know exactly how often two
raters communicate information that may impact MSF ratings. Thus, it is the concepts,
and not the actual equation that Kenny (1991) posited that will be used to specify
possible predictors of within-source agreement. In particular, for the present research, I
think that the level of acquaintance, shared meaning systems, communication, and the
consistency of the ratee are particularly relevant and these constructs will be discussed in
greater detail as they relate to my research hypotheses and prior research.

Taken together, research on the performance rating process and Kenny’s (1991)
weighted-average model can be combined to help identify possible predictors of within-
source agreement. This integration is particularly important because little is known
regarding the dispersion of agreement within rating sources and what factors may help to
partially explain this dispersion. Researchers, when finding somewhat low within-source
agreement, have speculated on reasons for the lack of convergence such as differences in
the opportunities to observe target behavior or variation in leader-member exchange
relationships (Greguras & Robie, 1998; London & Wohlers, 1991; Scullen et al., 2000).
However, no prior research has systematically tested the predictors of within-source
agreement. The following section identifies how the parameters in Kenny’s (1991)
weighted-average model of consensus and prior research on performance rating can be
used to predict levels of within-source agreement.

Acquaintance. The level of acquaintance, or how well a rater knows a ratee has
been linked to the reliability and accuracy of ratings (e.g., Paulhus & Bruce, 1992;

Rothstein, 1990). Individual raters are likely to be more consistent in their ratings when
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they have an adequate level of acquaintance with the ratee. Similarly, Kenny (1991), in
his model of consensus, stated that convergence among raters will increase with higher
levels of acquaintance (which is operationalized as the number of acts that a rater
observes) because raters become more reliable in their assessments when they have more
knowledge about the ratee. Personality research examining the reliability of raters’
ratings of a ratee’s personality has found some support for this relationship (e.g., Funder,
Kolar, & Blackman, 1995; Paulhus & Bruce, 1992). Funder et al. found that sets of raters
who were more acquainted with a ratee had greater consistency in their personality
ratings (r = .20) than pairs of strangers ( = .12). Research in organizations also found a
link between interrater reliability and acquaintance with a ratee (e.g., Rothstein, 1990). In
addition, studies by Landy and Guion (1970) and Freeberg (1969) found more reliable
performance ratings when raters had more relevant opportunities to observe the ratee.

Rothstein (1990) examined the relationship between the interrater reliability of
supervisor ratings and acquaintance with the focal manager. She found a strong
asymptotic relationship between acquaintance, which was measured by the ratee’s length
of supervisory experience, and the reliability of performance ratings made by two
supervisors. The reliability of the ratings increased with higher acquaintance; however,
they leveled off after time. This finding suggests that the level of acquaintance that a
rating group has with the ratee is likely to impact interrater agreement, particularly during
earlier periods of acquaintance. One caveat to note with this study, however, is that
Rothstein used managerial experience of the ratee as a proxy for acquaintance with the
ratee. It is possible that the acquaintance of the rater to the ratee may have been

overestimated, particularly for ratees who reported relatively lengthy managerial
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experience and for those in organizations with high turnover. Other indirect measures of
acquaintance may be flawed as well. For instance, using a time variable (e.g., knowing a
ratee for over a year) to gauge acquaintance may also be defective because it fails to
consider the depth and relevancy of interactions that enable an accurate assessment of an
individual (Freeberg, 1969; Kingstrom & Mainstone, 1985; Landy & Guion, 1970).
Using various operationalizations of acquaintance, prior research in
organizational settings has examined how rater acquaintance impacts the reliability of
supervisory performance ratings, and generally finds that reliability increases when raters
are more acquainted with a ratee (e.g., Rothstein, 1990). In the present research, I
operationalized acquaintance as the average of how well each rater reported knowing the
focal manager. Based on Kenny’s (1991) model and prior research, I would also expect
higher levels of within-source agreement to be associated with greater levels of mean
acquaintance with the ratee.
Hypothesis 1: The mean level of acquaintance within rating groups will be
positively related to within-source agreement of peers and subordinates.
Demographic composition. The demographic composition of the rater group may
also impact the level of within-source agreement for a few reasons. Demography is
defined as “the composition, in terms of basic attributes such as age, sex, education level,
length of service or residence, race, and so forth of the social entity under study” (Pfeffer,
1983, p. 303). The following section will discuss demographic variables and how they are
typically studied in organizational research. Then, I will elaborate in the following two

sections about how the degree of demographic diversity of rater groups may relate to two
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distinct predictors in Kenny’s (1991) model: shared meaning systems and communication
among raters.

To the best of my knowledge, no prior research has examined how demographic
variables relate to agreement in MSF ratings. Instead, most studies of MSF have
examined whether demographic similarity is associated with self-other agreement (e.g.,
Brutus, Fleenor, & McCauley, 1999; Ostroff et al., 2004), which is a fundamentally
different question. Research on self-other agreement focuses on whether demographic
characteristics influence the congruence between a manager’s self-rating and that of other
constituencies whereas the present research is interested in examining how the
demographic composition of the rater group relates to within-source agreement.

Pfeffer’s definition of demography emphasizes the importance of the composition
of the work context. Studying the gender, race or age of a single employee, otherwise
known as the categorical approach (Tsui & Gutek, 1999), does not adequately capture an
individual’s work experience because it is likely that the demographic characteristics of
an individual will interact with those of others. Thus, studying the composition of a work
group addresses how an individual’s characteristics interact with the characteristics of
others to shape organizational experiences and outcomes (Tsui & O'Reilly, 1989).
Similarly, Kanter (1977) explained how skewed representations of women in
organizations can lead to negative experiences for “token” women. Both of these
frameworks discuss ways that the distributions of characteristics can affect outcomes at
the individual, group, and organizational level, and are considered compositional or
structural perspectives (Tsui & Gutek, 1999). In contrast, Tsui and O’Reilly (1989)

introduced the relational approach to studying demography, which focuses on the
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interaction between an individual and the group or another individual as a predictor of
individual, group, and organizational outcomes.

In studying ratings, both perspectives have been used; compositional models
examine how group characteristics impact outcomes, whereas relational approaches
usually focus on how the similarity of supervisor-subordinate dyads relates to work
outcomes. For the present study, the compositional approach will be used to discuss the
processes within groups of raters.

Regardless of whether one takes a relational or compositional approach to
studying the impact of demography, the underlying mechanism of both processes is the
same. At the core, these perspectives state that similar group members tend to be attracted
to one another on the basis of their shared traits. Byrne (1971), explained, with his
similarity-attraction paradigm how demographic attributes of a group can impact group
processes. He stated that similarity in attitudes and personal characteristics leads to
perceived similarity between individuals, which in turn, enhances interpersonal attraction.
Whereas research on the similarity-attraction paradigm first operationalized similarity in
terms of attitudes (e.g., Byrne, London, & Griffitt, 1968; Byrne, London, & Reeves,
1968), additional support for the similarity-attraction paradigm was later found for a
variety of demographic characteristics including gender, race, age, organizational tenure,
and educational level within organizational settings (e.g., Jackson et al., 1991,
McPherson, Smith-Lovin, & Cook, 2001; Mollica & Trevifio, 2003; O'Reilly, Caldwell,
& Barnett, 1989). Moreover, in an organizational context, similarity in demographic traits
has been associated with a number of positive outcomes, including increased affect

(Judge & Ferris, 1993; Tsui & O'Reilly, 1989; Wayne & Liden, 1995), higher
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performance ratings (Wayne & Liden, 1995), and increased communication (Zenger &
Lawrence, 1989).

Additional theories have attempted to further explain how similarity leads to
attraction and these outcomes. Both social identity theory (Tajfel & Turner, 1986) and
self-categorization theory (Turner, 1987) state that individuals seek to define themselves
and do so through the process of social categorization. People choose to belong to or
identify with groups that share similar characteristics with them. People may belong to a
number of social categories, but tend to identify with those that are salient in a given
situation. This group membership allows an individual to satisfy what Tajfel and Turner
believe are basic human motives: to build a positive self-image and to maintain self-
esteem. In identifying with a group, an individual is also identifying with the positive
characteristics associated with the group, which helps to explain why there is attraction
between similar group members (Byrne, 1971) and why people are more likely to form
friendships with those who are similar (Mollica & Trevifio, 2003). In addition to this
preference for similar others, or in-group favoritism, is a tendency to devalue the
characteristics of the out-group. For this reason, individuals who differ from their work
group or supervisor often have more negative work experiences, including higher
turnover (Wagner, Pfeffer, & O'Reilly, 1984), role ambiguity, and role conflict (Tsui &
O'Reilly, 1989).

Researchers have not looked at whether the demographic composition of a rating
group relates to the variance of performance ratings. Instead, most prior research has
examined whether demographic similarity relates to higher mean ratings of performance

or effectiveness. These studies take a relational perspective in that the similarities
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between the rater and ratee are used to predict the level of ratings, which has been
supported in many cases (e.g., Bates, 2002; Kraiger & Ford, 1985; Mount et al., 1997;
Tsui & O'Reilly, 1989). This type of research does suggest that demographic
characteristics relate to the mean level of the rating given; however, there is reason to
believe that these characteristics may also predict the level of agreement within groups.
Demographic homogeneity has been linked to shared meaning among group members
(Rentsch & Klimoski, 2001) and enhanced communication (Zenger & Lawrence, 1989).
Both factors according to Kenny (1991) are predicted to increase the consensus of raters.

Shared meaning systems. Having a shared meaning system is a specific type of
cognitive process that considers how raters label a ratee’s behavior and may be a
predictor of within-source agreement. Kenny (1991) suggests that when raters share
meaning systems, they will similarly interpret and label a ratee’s behavior, which results
in making similar ratings. The concept of having a shared meaning system is similar to
some work in the managerial effectiveness literature that suggests that raters will agree
when they apply similar criteria and weights when making their ratings (Tsui & Ohlott,
1988). Both of these perspectives consider the cognitive processes that are associated
with interpreting a person’s behavior when making ratings.

The extent to which raters share a meaning system, according to Kenny (1991)
can be assessed in one of two ways. The first is the most direct method, whereby
techniques of multidimensional scaling are applied. For example, Chaplin and Panther
(1993) gave participants a series of behavioral descriptions of traits like friendliness and
tidiness and had them rate the extent to which each behavior was indicative of the trait as

well as the difficulty and desirability of the item. From these ratings, the researchers
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identified how similar rater’s profiles were to others by using two Euclidean distance
measures as part of multidimensional scaling procedures. Participants with more similar
conceptualizations of friendliness and tidiness had higher levels of consensus in rating
popular media figures on those traits. Although some researchers have used similar
techniques in balanced human resources scorecards (e.g., Becker, Huselid, & Ulrich,
2001), this onerous method of assessing shared meaning systems may not always be
possible in organizations, particularly for MSF administrations that require managers to
fill out multiple assessments.

However, Kenny suggested that shared meaning systems may also be found
between “friends, married couples, or members of the same culture (p. 161)”, which is
supported by prior research (e.g., Harrison, Price, & Bell, 1998; Rentsch & Klimoski,
2001; Townsend & Scott, 2001). Shared meaning systems or attitudes among similar
individuals may result from the interactions among similar individuals. Or, it is also
possible that people who share similar characteristics such as race, gender, age, or culture
may also have similar upbringings or life experiences that cause them to interpret their
environments similarly (Cox, Lobel, & McLeod, 1991; Townsend & Scott, 2001). In
either case, a person’s demographic traits are likely a proxy for an underlying set of
phenomena or experiences that ultimately shape attitudes or meaning systems (Townsend
& Scott, 2001).

A number of prior studies have examined the relationship between demographic
traits and work-related attitudes. One is a study by Harrison et al. (1998) that investigated
the impact of surface-level (e.g., age, sex, and racial diversity) and deep-level diversity

(e.g., job satisfaction, supervisory satisfaction, work satisfaction, and organizational
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commitment) on work group cohesiveness over time. They found that as the tenure of
employees increased, the influence of surface-level diversity decreased and deep-level
diversity increased. This finding suggests that surface-level diversity may have the largest
impact in the dynamics of relatively new work groups. Although Harrison et al. did not
elaborate on these findings, they also found a relationship between the two types of
diversities. Specifically, organizational commitment was negatively related to age
diversity (-.24) and racial diversity (-.25), suggesting that surface-level attributes also
relate to similarity in attitudes. Therefore, even if time diminished the relative impact of
certain demographic traits, the relationships between these traits and attitudes may still
remain.

A number of other studies have looked at how different demographic groups
differ on various attitudes. Research on racial differences often focuses on differences
between African-Americans and Caucasians (e.g., Chan, 1997; Cox et al., 1991;
Townsend & Scott, 2001). In one such study, Townsend and Scott (2001) found that
African-American employees in a sewing plant had more negative attitudes toward their
team and valued achievement less than their Caucasian counterparts. Cox et al. (1991)
found evidence that African-American team members were more apt to choose
cooperative rewards, unlike white team members who preferred competitive rewards.
Other research suggests that African-Americans also have less favorable views toward
organizational assessment (Chan, 1997; Schmitt & Ryan, 1997). These findings are most
likely the result of shared experiences, such as perceived racism in organizational
processes, yet they suggest how certain attitudes may differ among different racial

groups.
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Investigations of gender differences in attitudes also suggest some differences.
For instance, a study of gender differences in implicit theories showed that the women,
more than men, preferred leaders who were honest, understanding, sincere, non-
manipulative (Epitropaki & Martin, 2004). In addition, another study found that women
preferred leaders who were more interpersonally sensitive, whereas men were more
favorable in their ratings of competitive or aggressive leaders (Deal & Stevenson, 1998).
Also, Letkowitz (1994) found gender differences in job dispositions and attitudes.
Specifically, men reported having greater job autonomy, powers and skill variety in their
jobs than women. However, after controlling for factors such as job level, the gender
differences became non-significant, suggesting that career attainment rather than gender
may ultimately shape job attitudes. This finding is supportive of the proxy argument of
demographic traits (e.g., Townsend & Scott, 2001) which suggests that individuals whose
demographic characteristics differ from one another may also differ in their attitudes.

Other demographic traits such as age, educational, and organizational level also
relate to certain attitudes or values. For instance, a study by Deal (2005) investigated the
similarities and differences between generations of managers. She found that different
age cohorts had unique preferences for their leaders’ characteristics. Although older
managers rated credibility and trustworthiness as being important, their younger
counterparts were more interested in their leader’s ability to provide coaching. Whether
these different preferences were the result of employees being in different age cohorts or
career stages (which is likely to relate to age) is unknown; however, they do suggest that
demographic characteristics relate to beliefs about what characteristics leaders ought to

possess. Also, Rentsch and Klimoski (2001) found that teams who were more
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homogenous in organizational level and educational experience had more similar
schemas of teamwork, although similarity in gender and age did not contribute to these
shared schemas. Taken together, research on a variety of job attitudes has found
significant differences between individuals with different demographic characteristics.
Based on prior research, shared demographic traits should relate to shared attitudes and
meaning systems, whereas groups who are demographically diverse are less likely to
share these similarities.

Communication. The demographic composition of rater groups may also relate to
the extent that group members communicate with one another about the ratee. Kenny
(1991) suggested that the degree that two raters communicate about an individual will
positively impact agreement. Through communicating with one another, raters are able to
share information about the ratee. Thus, communication is a way to fill in another person
who may not have viewed the same set of behaviors, which ultimately results in greater
interrater agreement regarding the ratee. This hypothesis was supported in a series of
three laboratory studies which examined how levels of rater communication, in addition
to other variables, impacted the extent that raters agreed on their ratings of ratees’
personality traits (Malloy et al., 1997).

Kenny’s (1991) model of consensus does not discuss whether certain individuals
are more likely to communicate. However, according to the similarity-attraction
paradigm similar individuals are more likely to interact and converse with one another
than dissimilar individuals (Byrne, 1971). Moreover, homogeneous groups are likely to
share a similar language and common references than more heterogeneous groups

(Zenger & Lawrence, 1989). A few prior studies have found that similarity does indeed
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relate to communication at work. For example, similarity in length of tenure and age
predicted the frequency with which engineers communicated technical information with
other group members (Zenger & Lawrence, 1989). Greater homogeneity in experience, or
functional background within top management teams was also associated with more
informal communication among members (Smith, Smith, Olian, & Sims, 1994). As a
function of the relationship between demographic similarity and communication, it is
possible that rater groups who are similar may have closer relationships and are more apt
to discuss the focal manager than more heterogeneous groups. One implication of these
processes is that within-source agreement should be higher in homogeneous groups than
heterogeneous groups (Kenny, 1991).

Most of the research reviewed above examined how various demographic
characteristics are linked to specific attitudes or perceptions. These studies are at the
individual level of analysis. The present research, in contrast, was specifically designed
to examine how characteristics of the group relate to within-source agreement. If
individuals from different backgrounds are less likely to share similar perceptions and
attitudes than similar individuals, then a logical deduction is that heterogeneous groups
are also less likely to share perceptions than homogeneous groups. One consequence of
this process is that more diverse groups should have lower levels of agreement than less
diverse groups. For the present research, the composition or the diversity of the group in
terms of gender and ethnicity will be assessed by taking the proportion of subgroup
members in the group; this method of assessing heterogeneity is typical in research on
demographic composition (e.g., Jackson et al., 1991; Townsend & Scott, 2001). For

example, a gender-balanced group would have a proportion of .50 women. In addition,



Predicting within-source agreement 76

for the demographic variables of age and education, the coefficient of variation will be
calculated. A more complete discussion of this coefficient is included in the Method
section; however, this variable is essentially the standard deviation of the group on the
variable divided by the group mean; values increase as groups become more diverse. The
coefficient of variation has also been used often in demographic composition research
(Jackson et al., 1991; O'Reilly et al., 1989; Smith et al., 1994), and is recommended by
Allison (1978).

The diversity of groups in terms of demographic characteristics is predicted to
negatively relate to within-source agreement. First, compared to the shared backgrounds
or shared experiences that similar group members are apt have, those from diverse groups
are less likely to share such commonalities (e.g., Cox et al., 1991; Townsend & Scott,
2001). Second, diverse groups may be less likely to communicate with one another as
compared to homogeneous groups who share a common set of experiences and language
(e.g., Smith et al., 1994). Taken together, the findings of research comparing rater
diversity and attitudes, meaning systems, and communication provide reasons to believe
that more diverse MSF rating groups should be less apt to agree in their MSF ratings of a
focal manager than groups who are less diverse.

Hypothesis2: The diversity of the rating group in terms of gender, race,

education, and age will be negatively related to within-source agreement for peers

and subordinates.
Differences between peer and subordinate rating groups
One of the main reasons for gathering feedback from multiple perspectives is that

different constituents are thought to have varying viewpoints of the focal manager
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(Borman, 1997). It is possible that peers and subordinates may approach the rating
process differently and that these different vantage points may relate to the extent that
raters agree with one another. For instance, there is some evidence that subordinates
make less reliable ratings (Greguras, 1998) and may consider more irrelevant
characteristics when making MSF ratings (Bates, 2002).

Rating source and level of agreement. Some researchers have found that peer
and subordinate raters provide ratings of varying quality. For instance, prior literature on
MSF suggests that the two groups differ in the psychometric qualities of their ratings,
with peer ratings being somewhat superior to that of subordinates (e.g., Bates, 2002;
Greguras & Robie, 1998). Greguras and Robie (1998), for example, estimated that eight
peers and nine subordinates were needed to attain an acceptable level of reliability on a
five-item scale. London and Wohlers (1991) also found that the reliability of peers was
higher than subordinates ( = .24 and .18, respectively). The same was true for LeBreton
et al.’s (2003) study of agreement (peers r,,; = .64, subordinates r,,, = .60), although they
did not test whether the difference in agreement between rating groups was significant. In
addition, a study using generalizability theory found that the reliability of subordinate
ratings was impacted by the purpose of the ratings whereas the quality of peer ratings was
unaffected by rating purpose (Greguras et al., 2003). Specifically, subordinate ratings
were more reliable for developmental, rather than administrative purposes. Taken
together, these research findings suggest that the quality of peer ratings is somewhat
higher than that of subordinate ratings, and subsequently I expect to find higher levels of

agreement among peers rather than subordinate groups.
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Alternatively, it is possible that the reason that subordinate raters tend to be in less
agreement is because they have less training or managerial experience to make
psychometrically sound ratings (Bates, 2002). To rule out the possibility that lower
agreement is a function of experience, I plan to control for the average tenure of the rater
group when performing analyses that compare the WSA of peers and subordinates.

Hypothesis 3a: Within-source agreement will be higher in peer, as compared to

subordinate rating groups after controlling for the average tenure of the rater

group.

Another possible reason for the lower reliability and agreement within
subordinate rating groups, compared to peers, is their use of extraneous information.
Recall that Kenny’s (1991) model of consensus states that agreement will be lower when
raters apply extraneous information to their ratings than when they do not. There is some
indication that subordinates may be more influenced by irrelevant factors than peers. For
instance, Bates (2002) found that compared to supervisors and peers, subordinates’
ratings had stronger relationships with irrelevant factors. Specifically, subordinate MSF
ratings were related to their liking and demographic similarity to the ratee, whereas
supervisor and peer ratings were not. This finding provides one explanation for why
subordinates are more variable in their ratings. If subordinates are more likely to
incorporate irrelevant information into their ratings, it makes sense that the relationship
between the rater group’s demographic traits and within-source agreement is likely to be
stronger for subordinates than peers. Specifically, examining the relationships between

demographic characteristics and MSF ratings could indicate that subordinate raters are
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more influenced by their group’s demographic composition (e.g., through group
processes such as communication and liking) than are peers.

Hypothesis 3b: Rater-group source will moderate the relationship between

demographic characteristics and within-source agreement such that the

relationship between demographic diversity and within-source agreement will be
stronger for subordinates than peers.

Opportunity to observe behavior. Although I expect peers to have higher levels of
agreement than subordinates, the level of agreement within each rating source may relate
to the type of behavior being rated. Specifically, the rater group’s opportunity to observe
particular types of managerial behaviors may influence agreement. If a particular rater
group is not able to witness the ratee engaging in a type of behavior, there is apt to be
greater error in their ratings, and therefore, less agreement within the group for that
particular behavioral domain (Kenny, 1991). Moreover, the opportunity to observe
behaviors may be different for peers and subordinates because of their different
perspectives (Borman, 1997). Thus, peers and subordinates may differ in their
opportunities to observe various managerial behaviors.

Peers are in a unique position to view the focal manager’s behavior. For instance,
Organ (1997) stated that peers are particularly well-suited to view organizational
citizenship behaviors because peers may call on each other for help. In addition, peers,
because they often have similar roles and training, are thought to be particularly adept at
judging technical competence and separating effort from performance (Fletcher &
Baldry, 1999; Klimoski & London, 1974). Thus, it makes sense that peers will have

ample information on which to rate an individual in areas such as building relationships,
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flexibility, resourcefulness. However, peers will probably have less information about
how he or she provides development and interacts with his or her direct reports.

Subordinates are likely to have ample experience viewing the ratee’s leadership
ability (Conway et al., 2001). I would expect a high level of agreement among
subordinates on rating dimensions such as hiring a competent staff. On the other hand,
there are other areas where subordinates may not have ample opportunities to observe
behavior. For instance, subordinates are not likely to have adequate information about the
manager’s business acumen, particularly if the ratee has a different skill set from his or
her staff.

Although I have advanced some possible domains in which peers and
subordinates may have high and low opportunities to observe various types of behaviors,
there is not adequate evidence to make specific hypotheses for each rater group’s
opportunity to observe dimensions typical of MSF instruments. For this reason, the
present research gathered data from subject-matter experts about the extent that each rater
group is able to observe specific types of managerial behaviors. These average
opportunity-to-observe ratings were ranked separately for peers and subordinates and
then classified as either a high or low opportunity-to-observe dimension. It was predicted
that rater groups would have higher agreement when they have more opportunities to
observe the behavioral domain being rated.

Hypothesis 4: Within peer and subordinate groups, agreement will be higher for

high opportunity-to-observe rating dimensions as opposed to low opportunity-to-

observe rating dimensions.

Consistency of the focal manager
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Kenny (1991) stated that when raters evaluate more consistent ratees they should
have higher levels of agreement. In the following sections, I discuss two characteristics
that may relate to the consistency of a ratee. First, personality research has discussed the
characteristics of people who are more judgable (e.g., Funder et al., 1995). Judgable
people tend to provide raters with more information and tend to be more open than less
judgable people. However, no prior research has examined the relationship between the
focal manager’s personality and within-source agreement. Second, the overall
performance of the focal manager may relate to the level of agreement among raters
(Feinberg et al., 2005). It is possible that very high and very low performing ratees
deliver consistent levels of performance, whereas mediocre managers may vary in their
results. The variability in rating a mediocre manager may add ambiguity to the rating
process, and subsequently may be associated with less agreement among raters.

Personality of the focal manager. Kenny’s (1991) WAM of consensus predicts
that ratees who are more consistent are easier to rate. The consistency of a ratee is similar
to prior personality research on meta-traits (e.g., Baumeister & Tice, 1988) and the
judgability of a ratee (e.g., Colvin, 1993; Funder & Colvin, 1991). Specifically, these
areas of personality research and theory state that people who have a particular set of
characteristics are easier to rate than those who do not. The ease of rating such people is a
function of the focal manager giving raters relevant or consistent information. However,
another possible relationship between the ratee’s personality and rater agreement is that
some personality traits have higher agreement associated with them as a function of
implicit theories, which associate specific behaviors with the ratings of traits (e.g.,

Borman, 1987; Lord et al., 1984; Phillips & Lord, 1986). Thus these two explanations
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differ. According to Kenny (1991) the judgability of a ratee pertains to the consistency or
amount of information that the individual provides to his or her raters. In contrast,
proponents of implicit theories alternatively explain that agreement among raters is a
function of raters having shared theories about how particular behaviors relate to the
rating domain (e.g., Nathan & Alexander, 1983; Phillips & Lord, 1986).

In both cases, the relationship between personality and agreement presupposes
that a ratee’s personality will impact their behavior to an extent. However, there is some
debate regarding the relative influence of situation and personality in predicting an
individual’s actual behavior (e.g., Kenrick & Funder, 1991; Mischel, 1969, 1977). In
particular, research suggests that when there is a strong situation, or one that has highly
structured rules of behavior, an individual’s personality is less apt to exert influence on
behavior (Mischel, 1977). Although some prescribed behaviors are expected within any
work environment, the strength of these expectations is likely to vary. For instance,
Beaty, Cleveland and Murphy (2001) stated that weak organizational contexts occur
when an organization does not adequately develop their employees, supervisors have
infrequent interactions with subordinates, or when environmental cues about desired
behaviors are sporadic or inconsistent. With larger spans of control, higher turnover, and
more telecommuting in organizations today as compared to the past (e.g., Kurland &
Bailey, 1999; Sullivan, 1999; Thomas, 1999), it is reasonable to conclude that the
situations in many work environments are apt to be relatively weak and that personality
will most likely influence people’s behavior to an extent.

If personality is likely to impact behavior in work contexts, how might the

expression of personality relate to the agreement of MSF raters? Kenny (1991) stated that
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a ratee’s consistency will positively relate to the agreement of personality ratings. For
instance, he theorized that it is easier for raters to judge an individual that is always
agreeable, regardless of the situation, than one who is more variable. Personality research
has also shown that some people express traits more consistently than do others.
Baumeister and Tice (1988) termed the propensity to consistently express a trait as a
metatrait. The concept of metatrait is related to the behavioral consistency and judgability
of a ratee (Funder, 1995); those who have a metatrait tend to act more consistently across
situations, and are therefore more easily judged than those without a metatrait.

This idea of behavioral consistency has some important implications for rater
agreement on MSF ratings. Some may argue that MSF ratings, which are usually based
on behaviors and managerial skills, are different from rating personality traits. This
difference is important to note; however, it is possible that personality traits that impact
the consistency of behavior in general may relate to the consistency of managerial
behavior as well.

Most prior research on metatraits is not relevant to the present study. Many
studies of metatraits were confined to a few behavioral domains that were unrelated to
managerial behavior, and findings were at times contradictory (for review, see Chaplin,
1991). However, a more relevant study by Colvin (1993) provided one of the most
complete investigations about what types of people tend to be more easily judged.

In this study, Colvin (1993) had participants describe themselves using a 100-item
Q-sort that contained personality trait descriptors. Additionally, two well-acquainted
peers rated the ratee, as did coders who viewed videotaped interactions of the ratee. In

comparing self-peer, peer-peer, and peer-coder ratings of the personality profiles, Colvin
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found reliable indications that some individuals were more judgable than others because
the three criterion measures correlated significantly. In addition, behavioral descriptions
significantly related to ratee judgability. More judgable individuals described themselves
as sensitive, warm, compassionate, and socially skilled. In contrast, less judgable ratees
endorsed being distrustful, defensive, and having fluctuations in mood. Similar types of
descriptions emerged from both peer and coder ratings. In addition, the Big 5 factors also
related to judgability. Extraversion, conscientiousness, and agreeableness were positively
related to judgability and neuroticism, negatively. Scores on the Hogan Empathy scale
and femininity also positively related to judgability, but those on masculinity and self-
monitoring did not. Coders, in particular, associated many extraverted types of behaviors
with more judgable ratees, including being socially skilled, talkative, high in energy and
enthusiasm, and making eye contact, whereas the individuals they judged as being
unexpressive, timid, and uninterested had lower levels of judgability. Taken together,
these findings provide rich descriptions of how judgable people describe themselves and
are described by peers and anonymous raters. Also, I should note that Colvin’s research
used correlation coefficients rather than a measure of agreement. However, this
methodology would have more of an impact on the magnitude of his findings than the
specific predictors of judgability.

Funder (1995) integrated findings from Colvin and other research to theorize why
some people are better targets than others. He explained that a ‘good target’ is one who
provides raters with behavior that is both informative and relevant. Informative people
are active and vibrant and give raters more cues about who they are. Less informative

people tend to be passive and quiet. This idea closely relates to Colvin’s findings that
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judgable individuals have more extraverted behaviors. Aside from the number of cues
given, some ratees also give more relevant or truthful cues to others. For instance,
individuals who are defensive because they are less well-adjusted (Colvin, 1993) do not
provide equally relevant information to raters as opposed to those who are more
forthright in their actions. Thus, people who give less relevant behavioral cues are less
likely to have raters agree about their personality.

Based on Kenny’s (1991) WAM of consensus and the research findings of Colvin
(1993) and Funder (1991), there is reason to believe that within-source agreement is
likely to relate to the focal manager’s personality. This is because there is evidence that
links higher expressions of the traits extraversion, agreeableness, and conscientiousness
with the judgability of a ratee. The consistent finding that extraversion is related to
agreement (Colvin, 1993; Funder, 1995) is particularly relevant to the managerial
population. Based on Colvin’s research (1993) and Funder’s (1995) model, it is likely
that more extraverted managers will provide raters with more information about how they
perform at work. For instance, extraverts are talkative and are likely to provide more
information about the projects that they are working on, including the actions that they
are taking and the challenges they are facing. Introverts, in contrast, are less apt to give
the rich details surrounding events at work. As a consequence, co-workers are less apt to
know exactly how an introvert dealt with a conflict or a difficult situation unless they
were able to directly observe the action. This uncertainty associated with rating an
introvert adds error to the rating process, which should increase disagreement among
raters. Thus, the extent that a focal manager is extraverted is likely to impact the level of

agreement within rating sources.
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An alternative explanation of why agreement among raters is associated with the
ratee’s extraversion is related to implicit personality and implicit leadership theories.
Prior research on personality ratings has found that rater’s implicit theories, or
associations of specific behaviors to traits (e.g., talkativeness and extraversion), impacts
personality ratings. For instance, Mehl, Gosling and Pennebaker (2006) found that ratings
of extraversion correlated with the ratee’s amount of talking, laughing, and time alone
(negatively), suggesting that raters’ implicit theories of extraversion were related to the
behaviors of talking, laughing, and level of sociability. Thus, the amount of information
that a ratee provides is apt to be confounded with ratings of extraversion.

In addition, Epitropaki and Martin (2004) examined the factor structure of a
Offermann, Kennedy, and Wirtz’s (1994) ILTs scale. They found that a six-factor
structure of ILTs that was generalizable across different employee groups and time
periods. Specifically, the factor structure suggested that sensitivity, dedication,
intelligence, and dynamism are protypical leader traits and tyranny and masculinity are
anti-protypical, or negatively related to leader prototypes. In particular, the dynamism
factor includes traits such as energetic, strong, and dynamic. These traits are similar to
descriptions of extraversion, and thus, it is certainly reasonable to deduce that
extraversion is a component of rater’s ILTs. Consequently, raters’ agreement for an
extraverted individual may be based on their leader prototypes, rather than the ratee’s
actual behavior.

One implication is that concepts of judgability and implicit theories are
confounded when making ratings of a ratee’s extraversion. An individual who gives

raters more information is also one who fits the prototype of an extraverted manager.
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However, there is less evidence to suggest that extraverted behaviors will strongly relate
to the implicit theories regarding all managerial competencies such as having business
acumen and being self-aware. Put another way, although extraversion has been shown to
relate mildly to overall job performance (Barrick & Mount, 1991) and is a component of
ILTs (Epitropaki & Martin, 2004), it is less likely that extraverted behaviors will be
strongly related to judgments of effectiveness on all facets of managerial performance.
To investigate the possible confound when using extraversion as a predictor of
within-source agreement, I make two hypotheses with competing theoretical
explanations. First, if the trait of extraversion is confounded with ratings of managerial
effectiveness because of the amount of information that extraverts compared to introverts
provide to raters, the addition of other personality traits as predictors can help to
challenge this explanation. Specifically, Colvin’s research suggested that individuals that
are agreeable and conscientious also tend to be more judgable because they provide raters
with truthful or relevant information. The possible confound between extraverted
behaviors and amount of information is not an issue for the traits of agreeableness and
conscientiousness. Extraverted individuals are apt to be more informative than their
introverted counterparts because of the extent that they talk and provide others with
information (Mehl et al., 2006). In contrast, both agreeable and disagreeable individuals
provide raters with similar amounts of information (Paunonen, 1989). An agreeable ratee
may smile, whereas a disagreeable individual may furrow his or her brows or scowl.
Similarly, individuals low and high on conscientiousness also provide similar amounts of

information to their raters. Thus, finding a consistent pattern of agreement associated
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with extraversion, agreeableness, and conscientiousness, would provide more support for
Funder’s model of judgability rather than the implicit theories explanation.

Second, I stated above that ratings of managerial performance are different from
personality ratings, and that extraversion is not likely to relate to some specific
dimensions of managerial behavior. Research on the relationship between the scales of
Benchmarks®, a MSF instrument, and the extraversion of focal managers supports this
assertion (Center for Creative Leadership, 2004). Although the relationships tended to be
small, peer ratings were significantly and positively related to the focal manager’s
extraversion for the scales of Participative Management (r = .16), Change Management
(r=.12), Leading Employees (r = .08), Confronting Problem Employees (r = .08), Doing
Whatever it Takes (r = .06), Decisiveness (r = .06), and Compassion and Sensitivity (r =
.06). These relationships make sense because managers must engage with others to
successfully provide colleagues with information, which is an important component of
participative management. Involving others in change initiatives is also crucial for
responding effectively to change. Also confronting and leading employees require
assertive behaviors and are likely to come more naturally to extraverted individuals rather
than introverts. On the other hand, peer ratings from the nine remaining scales did not
correlate significantly with the extraversion of the ratee: Resourcefulness, Being a Quick
Study, Building and Mending relationships, Balance Between Personal Life and Work,
Self-Awareness, Putting People at Ease, Differences Matter, and Career Management.
The lack of a relationship between these dimensions and extraversion makes sense. For

instance, being resourceful, quickly learning business knowledge, and being sensitive to
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diverse backgrounds or colleagues’ obligations outside of work should not have much in
common with a manager’s level of extraversion.

Correlations between the ratee’s extraversion and managerial competencies were
also computed for subordinates (Center for Creative Leadership, 2004). Subordinate
ratings, however, only related significantly with 2 of the 16 Benchmarks® scales. Similar
to peers, subordinates rated more extraverted managers as being more effective in
Participative Management (r = .09). In addition, they perceived more extraverted
managers as being less effective on Being a Quick Study (r = -.09) (which was unrelated
to extraversion for peers). Perhaps introverts are perceived by their subordinates as
engaging in more introspective behaviors that allow them to quickly learn business-
related knowledge. Ratings from subordinates for the other fourteen scales did not relate
to the extraversion of the focal manager.

The relationships between the focal manager’s extraversion and MSF ratings do
not indicate whether the relationship between ratings of effectiveness and extraversion
are the result of raters’ implicit theories about what makes managers effective at
particular types of behaviors or if extraverted managers are in fact more effective in these
areas. However, these findings suggest that if implicit theories do impact ratings, and the
level of agreement among raters, they should have the largest impact on the rating
dimensions that have shown the strongest relationships with the focal manager’s level of
extraversion. On the other hand, if a focal manager’s extraversion has implications for the
consistency and amount of information that he or she provides, in general and regardless
of what is being rated, then one can expect extraversion to relate to within-source

agreement on all rating dimensions. Moreover, finding similar relationships between
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agreement on agreeableness and conscientiousness would further support Kenny’s (1991)
WAM of consensus. Thus, [ advanced the following two hypotheses with competing
theoretical explanations.

Hypothesis 5a: The level of the focal manager’s extraversion, agreeableness and

conscientiousness will be positively related to within-source agreement of peers

and subordinates for all rating dimensions.

Hypothesis 5b: The relationship between within-source agreement for peers and

subordinates and the focal manager’s extraversion will be stronger for rating

dimensions that have been shown to relate to the focal manager’s extraversion.

No prior research has examined whether rater agreement relates to the focal
manager’s personality traits. In addition to extraversion, agreeableness, and
conscientiousness, it is certainly possible that other personality traits may also relate to
the agreement among MSF raters. Some traits may polarize raters such that some feel that
a trait is an asset to managerial performance and others feel that it is a drawback. For
instance, a manager’s need for control may seem positive to some, but other raters may
feel the trait is detrimental to performance. Also, ratees who are highly self-aware may
have higher levels of agreement associated with them compared to ratees who are less
self-aware because they are better able to adjust their interactions to act appropriately
regardless of the situation (Fleenor, et al., 1996). Because this area has not been studied, I
propose doing some exploratory research to identify other personality traits that relate to
rater agreement in MSF ratings.

Resear ch Question 1: Do other personality traits of the focal manager relate to

within-source agreement of peers or subordinates?
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The level of acquaintance that raters have with the focal manager may also alter
the relationship between personality and within-source agreement. Although ratees that
possess particular personality traits may differ in the amount of information they provide
to raters, the impact of this process is likely to lessen over time. For instance, it seems
reasonable to predict that extraverted ratees are apt to provide colleagues with
information about who they are quickly. In contrast, introverts may not provide
information as quickly, but over time, the amount is likely to approach that of their
extraverted counterparts. For this reason, I predict that the relative impact of a ratee’s
personality in predicting within-source agreement will decline as the level of
acquaintance within the rater group increases. This prediction supports Kenny’s (1991)
model which states that higher agreement should occur when raters have more
information on which to base their ratings.

Hypothesis 5¢: The strength of the relationship between the focal manager’s

personality and within-source agreement will be moderated by the extent that

peers and subordinates are acquainted with the ratee such that the relationship
between personality traits and agreement will be stronger with lower levels of
acquaintance.

Performance of the focal manager. The relative effectiveness of a ratee may also
relate to the level of agreement within rater groups. Very high and very low performing
ratees may be perceived as more consistent in their behavior than mediocre managers.
Whereas very high performing focal managers consistently deliver excellent results, and
very poor performers deliver consistently poor results, mediocre ratees are likely to have

more variable track records. The variance in the effectiveness of these mediocre
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individuals adds a level of complexity to the rating process that may ultimately cause
greater disagreement among raters (Kenny, 1991).

There is some initial support for this relationship between agreement and
effectiveness for ratings of transformational leadership. Feinberg et al. (2005) found a
positive relationship between within-group agreement on ratings of supervisors’
leadership behaviors and mean ratings of leadership behaviors, suggesting that raters
have higher agreement when rating a more transformational leader. However, Feinberg et
al.’s study used r,, to calculate agreement, which has been shown to correlate with the
group mean (Brown & Hauenstein, 2005). Thus, such a relationship may be inflated
based on the scale dependence of r,,. I plan to use a,,, to assess agreement, which is
impacted less by the location of the group’s mean rating. In addition, Feinberg et al.’s
research was confounded because the leadership ratings and estimates of agreement were
both from the same group of raters. However, I plan to use an external measure of
effectiveness from the focal manager’s supervisor, which will be independent of peer and
subordinate ratings. Note that agreement should increase as managers become
progressively better or worse. However, there is likely to be some range restriction in the
managerial population (e.g., Mount, 1984) with very few low performing managers in my
sample. Therefore, I predict finding a direct rather than curvilinear relationship between
agreement and effectiveness.

Hypothesis 6: The within-source agreement of peers and subordinates will be

positively related to the focal manager’s overall effectiveness.

Relative importance of predictors of within-source agreement
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I proposed a number of possible predictors of within-source agreement that relate
to the factors from Kenny’s WAM of consensus (1991), including the level of
acquaintance, shared meaning systems, communication among raters, and the consistency
of the focal manager. As the first study to examine the predictors of agreement within
groups in this manner, it is important to investigate the relative strength of the predictors
discussed. Research on Kenny’s model has typically isolated one or two parameters per
study (e.g., Malloy et al., 1997). Therefore, there is no direct evidence, to the best of my
knowledge, regarding which predictors have stronger relationships with agreement. For
this reason, I will report the relative importance of each predictor in predicting within-
source agreement using relative weights analysis (e.g., Johnson, 2001).

Because prior research has not specifically examined the predictors of within-
source agreement, it is difficult to make predictions about the relative strength of the
various predictors discussed. It is possible that there will be relatively small effects for
the demographic composition variables because they are proxy measures for shared
meaning systems and level of communication, and thus, they do not directly capture these
concepts. Moreover, variability in demographic composition may decrease over time
(Schneider, 1987; Schneider, Goldstein, & Smith, 1995). However, the variables that are
associated with the focal manager’s personality and overall performance are direct
measures, and therefore may be more robust predicators of agreement. In addition,
because the present study used a direct assessment of the quality of the acquaintance,
rather than a specified length of time knowing the focal manager, stronger relationships
between acquaintance and agreement may be found than in prior studies (e.g., Rothstein,

1990).
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Resear ch Question 2: What will be the relative importance of the predictor
variables (i.e., acquaintance, demographic diversity, focal manager personality, focal
manager performance) in predicting within-source agreement of peer and subordinate

groups?
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CHAPTER 3: Method

Sample and Procedures

Data were collected from 33,696 focal managers from private organizations
located in the United States. The managers completed the Center for Creative
Leadership’s (CCL) multisource feedback instrument, Benchmarks® between the years
of 2000 and 2007. In addition to the managers’ self-ratings, developmental feedback
ratings were provided by their supervisors, peers, and subordinates. A subset of 7,257
focal managers provided personality assessments. Because the purpose of this research
was to predict the variability of agreement, it was essential to use MSF data that
minimized the leniency biases that sometimes occur with MSF ratings. For this reason, I
chose to restrict my sample to focal managers from the private-sector because prior
research suggests that MSF ratings from private organizations are less lenient than those
from public organizations (Brutus et al., 1998).

Demographic characteristics of the focal managers in my sample are reported in
Table 1. Of the 33,696 focal managers in my sample, 68% were male and 82% were
Caucasian. Focal managers were on average 42 years old. Participants spanned
organizational levels; 4% were from top management, followed by 25% from the
executive level, 43% from upper-middle management, 36% from middle management,
and 2% from first-level management. Most reported having moderate levels of
experience in their job (56%); 20% reported being very experienced and 24%
inexperienced. The focal managers worked in diverse private industries, including
manufacturing (29%), finance/insurance/banking (23%), health (8%),

transportation/communication/utilities (8%), and wholesale/retail trade (7%).
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Raters reported how well they knew the focal manager on a four-point scale
ranging from 1 (I hardly know this person) to 4 (I know this person extremely well). Of
raters in my sample, most (70% of peers and 69% of subordinates) rated their
acquaintance as a 3, indicating that they knew the focal manager moderately well. Peer
groups ranged in size from 1 to 18, with a median of 4 raters (M = 3.75). Subordinate
groups were similar in terms of size, with a range of 1 to 25 raters and a median of 4
raters (M = 3.83).

Pilot Study. Hypothesis 4 stated that rater groups would have higher agreement
when they have more opportunities to observe the behavior being rated. Moreover, it is
likely that peers and subordinates differ in the extent that they view a focal manager
performing particular types of behaviors. To determine the extent that peers and
subordinates observe each Benchmarks® dimension, I administered a questionnaire to 10
advanced Baruch College Industrial/Organizational Psychology doctoral students with
organizational work experience. The raters received a sample of 40 Benchmarks® items
representative of the 16 Benchmarks® Section 1 scales. I included at least two items per
scale in the questionnaire to achieve reliable estimates of opportunity to observe for each
dimension. Because the questionnaire used copyrighted items from Benchmarks®,
Appendix A is a shortened version of the actual questionnaire.

The students rated how frequently peers and subordinates view specific
managerial behaviors on a five-point scale (1 = very infrequently, 5 = very frequently). 1
averaged their ratings for each dimension to classify the dimension as either a low or high
opportunity-to-observe dimension. One rater failed to complete the survey; subsequently

there are 10 ratings for peer behaviors questions and 9 for subordinates. I calculated two-
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way random effects intraclass coefficients (ICCs), using the agreement standard, to assess
the average agreement of the students’ ratings for each dimension (McGraw & Wong,
1996). The raters failed to agree at an acceptable level for three rating dimensions for the
peer and subordinate perspectives. From the peer perspective, the dimensions with low
agreement were Straightforwardness and Composure, Putting People at Ease, and
Differences Matter (i.e., ICC(2, A) values ranged between 0 and -2.16). Similarly, raters
did not agree about how often subordinates observe their supervisors performing
behaviors from the Building/Mending Relationships, Straightforwardness and
Composure, Balance Between Personal and Work Life dimensions; values of ICC(2, A)
ranged between .05 and -.05. The remaining dimensions had acceptable levels of
agreement (Peers: M = .51, SD = .16; Subordinates: M = .64, SD = .19) and were used to
classify rating dimensions as high and low opportunity-to-observe dimensions.
Measures

Managerial behaviors. Benchmarks® is a multisource feedback instrument that
was designed to assess competencies that are related to managerial development (Center
for Creative Leadership, 2004; Lombardo, McCauley, McDonald, & Leslie, 2001;
McCauley & Lombardo, 1990; McCauley, Lombardo, & Usher, 1989; Zedeck, 1995).
The content of Benchmarks® was based on interviews with executives who discussed
pivotal experiences in their careers and what they learned from these experiences
(Lindsey, Homes, & McCall, 1987). Based on content and factor analysis of these
interviews, researchers at CCL developed Benchmarks®, which is divided into three
main sections. [ used Section I and Section 3 for the present research. Section 1:

Leadership Skills and Perspectives contains 16 dimensions that relate to critical
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developmental experiences. Section 3 asks raters to assess the focal manager on eight
overall effectiveness items. These ratings are for research purposes only and are not used
during the feedback process. Benchmarks® was revised in 2001 to ensure that the items
were not racially biased (Lombardo et al., 2001) as the original instrument was largely
based on the experiences of white males (Lombardo et al., 2001; Zedeck, 1995).

There is evidence that the ratings from Benchmarks® are psychometrically sound
(Center for Creative Leadership, 2004; Lombardo et al., 2001; McCauley & Lombardo,
1990). The Section 1 scale scores have high average internal consistency, with alphas
ranging between .79 and .93 (Center for Creative Leadership, 2004). Benchmarks®
ratings have also been shown to relate to a number of career outcomes. Supervisor ratings
of the focal manager’s ability to be promoted one-level, overall ability to be promoted,
and long-term professional success significantly correlated with all of the 16 dimensions
(Center for Creative Leadership, 2004). Ratings of current performance also related to all
Benchmarks® dimensions with the exception of Balance Between Personal Life and
Work (Center for Creative Leadership, 2004; McCauley & Lombardo, 1990).

The 16 leadership competencies that comprise Section 1 include: Resourcefulness,
Doing Whatever it Takes, Being a Quick Study, Decisiveness, Leading Employees,
Confronting Problem Employees, Participative Management, Change Management,
Building/Mending Relationships, Compassion and Sensitivity, Straightforwardness and
Composure, Balance Between Personal and Work Life, Self-Awareness, Putting People
at Ease, Differences Matter and Career Management. In total, there are 115 items in
Section 1, with each dimension containing between 4 and 14 items. For each item, focal

managers are rated by peers and subordinates on the extent that they engage in a behavior
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ranging on a scale of 1 (not at all) to 5 (to a very great extent). Sample content for
Section 1 items is presented in Appendix B.

For the present research, Benchmarks® ratings from each rater were averaged
within each rating dimension. For instance, the four items that form the Decisiveness
dimension were averaged for each rater. These dimension scores were used to compute
agreement within rating groups. This treatment is identical to LeBreton et al.’s (2003)
study, which also used Benchmarks® data to calculate within-source agreement using
Pg-

Overall managerial effectiveness. Consistent with Graves, Ohlott, and Ruderman
(2007), I measured the focal manager’s overall effectiveness with three items from
Section 3 of Benchmarks®. These items, which were rated by the focal manager’s
supervisor, included the focal manager’s performance as a leader (1 = among the worst, 5
= among the best), performance in his or her job (1 = among the worst, 5 = among the
best), and the likelihood that the focal manager’s career will be derailed (1 = not at all
likely, 5 = almost certain; reverse scored). Ratings for these three items were internally
consistent in the present study (a = .81), although prior research using the same items
found higher levels of internal consistency (Graves et al., 2007; o = .88).

High opportunity-to-observe managerial behaviors. 1 averaged the experts’
ratings from the pilot study to classify each rating dimension as high or low opportunity-
to-observe managerial behaviors. Using a mean split, | coded high opportunity-to-
observe managerial behaviors as 1 (yes) and the low opportunity-to-observe managerial
behaviors as 0 (no). Because there was an uneven number of dimensions after removing

the three dimensions with unacceptable levels of agreement, I classified the seven highest
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dimensions as Aigh and the remaining six as low. For peers, the dimensions of
Building/Mending Relationships (M = 3.7), Decisiveness (M = 3.6), Participative
Management (M = 3.6), Change Management (M = 3.3), Career Management (M = 3.1),
Doing Whatever it Takes (M = 3.1), and Being a Quick Study (M = 3.0) were classified as
high opportunity-to-observe managerial behaviors and the dimensions of Confronting
Problem Employees (M = 2.1), Compassion and Sensitivity (M = 2.1), Self~Awareness (M
=2.5), Leading Employees (M = 2.6), Resourcefulness (M = 2.6), and Balance Between
Personal and Work Life (M = 2.6) were classified as low opportunity-to-observe
managerial behaviors. For subordinates, the dimensions of Putting People at Ease (M =
4.3), Participative Management (M = 3.9), Decisiveness (M = 3.8), Doing Whatever it
Takes (M = 3.8), Change Management (M = 3.8), Leading Employees (M = 3.6), and
Differences Matter (M = 3.5) were classified as high opportunity-to-observe behaviors
and the dimensions of Self~-Awareness (M = 2.6), Career Management (M =2.7), Being a
Quick Study (M = 3.0), Confronting Problem Employees (M = 3.0), Compassion and
Sensitivity (M = 3.1), and Resourcefulness (M = 3.2) were classified as low opportunity-
to-observe behaviors.

Extraversion-related managerial behaviors. 1 classified Benchmarks®
dimensions into those that related to the focal manager’s extraversion, and those that did
not based on prior research (Center for Creative Leadership, 2004). This prior research
examined the correlations between the focal manager’s personality and the magnitude of
peer and subordinate ratings for each rating dimension. Specifically, for peers, the
dimensions of Participative Management, Change Management, Doing Whatever it

Takes, Decisiveness, Leading Employees, Confronting Problem Employees, and
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Compassion and Sensitivity were positively related to the focal manager’s extraversion
and therefore, were coded as 1 (yes), and Resourcefulness, Being a Quick Study, Building
and Mending Relationships, Balance Between Personal Life and Work, Self-Awareness,
Putting People at Ease, Differences Matter, and Career Management were unrelated to
extraversion and were coded as 0 (no). For subordinates, the dimensions Participative
Management and Being a Quick Study (negatively related) were coded as 1 (yes), or as
being related to the focal manager’s extraversion. Resourcefulness, Doing Whatever it
Takes, Decisiveness, Leading Employees, Confronting Problem Employees, Change
Management, Building and Mending Relationships, Compassion and Sensitivity,
Straightforwardness and Composure, Balance Between Personal and Work Life, Self-
Awareness, Putting People at Ease, Differences Matter and Career Management were
coded as 0 (no), or as being unrelated to a focal manager’s extraversion.

Personality dimensions. Focal managers completed two personality profiles: the
Myers-Briggs Type Indicator (MBTI) (Myers & McCaulley, 1985) and the Fundamental
Interpersonal Relations Orientation-Behavior (FIRO-B) (Schutz, 1957). Also, the focal
manager’s self rating on the Self~Awareness dimension of Benchmarks® was used as an
additional personality indicator. The MBTI assesses Jung’s (1971) theory of four
different processes. Each of the four processes is divided into extremes, or pairs of
personal preferences: extraversion-introversion, sensing-intuition, thinking-feeling, and
judgment-perception. The MBTI identifies which trait of the pair an individual prefers in
his or her daily actions. Extraverted (E) individuals tend to engage with their external
environment whereas introverts (I) focus their attention on their inner environment.

Those who have a sensing (S) type of perception are interested in what is concrete and
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practical. In contrast, intuitive (N) types are more comfortable contemplating less
observable processes such as hypothetical and symbolic scenarios. The thinking (T) and
feeling (F) dimension assesses how a person makes a decision. Those who favor thinking
processes arrive at decisions in a logical and rational manner, whereas feeling types use
their values and feelings to make decisions. The fourth process measures whether people
use judgment (J) or perception (P) to assess their external environment. Individuals who
endorse the judgment type tend to organize and plan; they also arrive at decisions easily.
Those who prefer perception processes, however, prefer to continue to receive
information and remain receptive to alternative solutions.

Form M of the MBTI was used. This version is comprised of 93 forced-choice or
dichotomous items where individuals reported whether a particular item does or does not
indicate their preference (Myers & McCaulley, 1985). Each item reflects one of the eight
possible types. The MBTI Form M is typically scored such that individuals are classified
as falling into one extreme of each of the four pairs of types. Unlike other forms of the
instrument (e.g., Form G) that were based on summative scoring, Form M is based on
Item Response Theory (IRT) scoring (Briggs, Myers, McCaulley, Quenk, & Hammer,
1998). This method of scoring is associated with higher reliability and greater
differentiation among types (e.g., fewer individuals receive tied trait preferences with
Form M). The resulting feedback is often expressed through 1 of 16 possible
combinations of preferences, such as ESFP, which represents a combination of
extraversion, sensing, feeling, and perceiving preferences. In addition, the report for

MBTI form M provides information regarding the strength of each preference. For each
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dimension, an individual’s preference score can range from 1 to 30; larger numbers
represent stronger preferences.

The MBTI instrument has been extensively researched. MBTI scores have
acceptable internal consistency (Briggs et al., 1998) and also relate to other well-
established measures of personality. For instance, a study by Furnham, Moutafi, and
Crump (2003) correlated the MBTI with the NEO PI-R (Costa & McCrae, 1992), which
measures the Big 5 personality traits: extraversion, openness to experience,
agreeableness, and conscientiousness. After controlling for gender and age, the NEO PI-
R measure for extraversion had moderate to high correlations with the Myers-Briggs
types E (r=.71) and I (» = -.72). In addition, they found that openness to experience
related significantly to S (» =-.66) and N (r = .64), as did agreeableness to T (» = -.41)
and F (» = .28), and conscientiousness to J (» = .46) and P (r = -.46).

For the purposes of the present research, I converted the eight continuous scores
into four bipolar scales (i.e., EI, SN, TF, JP) based on findings from prior research
(McCrae & Costa, 1989). A binary measure for each type was formed. Types E, S, T, and
J were coded as 0 and I, N, F, and P were coded as 1. A continuous measure of these
bipolar scales was also used. Lower negative numbers represent stronger preferences on
E, S, T, and J whereas higher positive numbers represent stronger I, N, F, and P
tendencies; the range for each scale is -30 to +30. Scores near zero represent an
individual who does not have a strong preference on that particular trait pair. Based on
the findings of Furnham et al. (2003), I tested hypotheses regarding extraversion using EI

scores, conscientiousness using JP scores, and agreeableness using TF scores.



Predicting within-source agreement 104

The second measure of personality, the FIRO-B (Schutz, 1957), measures how an
individual interacts with others and is comprised of three dimensions: inclusion, control,
and affection. Each dimension is also subdivided into expressed behavior (e), or how an
individual acts toward others, and wanted behavior (w), or how an individual would like
to be treated by others. The result is a three by two matrix. For example, the inclusion
dimension assesses the extent that an individual wants to be included and includes others
in interactions. The control dimension measures the extent that an individual controls
others and desires to be controlled by others. The affection dimension assesses the extent
that an individual expresses intimacy and forms personal relationships with others as well
as desires others to form personal relationships with him or her.

The instrument is comprised of 54 Guttman-type items that vary in intensity and
are measured with six-point scales. There is evidence that the scores on the FIRO-B are
internally consistent and demonstrate acceptable levels of test-retest reliability (Schutz,
Hammer, & Schnell, 2000). For the present research, scores for the inclusion, control,
and affection dimensions were used. The scores for each dimension ranged between 0
and 18, with higher numbers indicating a greater interpersonal need in that particular
area.

The focal manager’s self-awareness was measured by his or her self rating on the
Self-Awareness dimension of Benchmarks®. This dimension is the average of four items
that assess managerial self-confidence and knowledge of personal strengths and
weaknesses. The focal manager’s self- rating on these items could range from 1 (not at

all) to 5 (to a very great extent). A sample item is presented in Appendix B.
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Organizational level of focal manager. Focal managers reported information
about the hierarchical level of their jobs. Organizational level was coded as 1 = first
level, 2 = middle, 3 = upper middle, 4 = executive, or 5 = top management.

Organizational tenure of focal manager. Focal managers reported in years the
amount of tenure that they had at their current organization. There were 25 cases with
tenure values that appeared to be miskeyed (i.e., negative numbers, tenure exceeding age
in years, tenure greater than 70). For each of these cases, I recoded tenure as missing.

Rater source. The type of rater group was coded as either 0 for subordinates or 1
for peers.

Demographic characteristics. Focal managers and raters reported information
about their demographic characteristics. This information included their age, education,
gender, and race. The age of the focal managers and raters was reported in number of
years. | recoded age data as missing from three raters that appeared to be miskeyed (e.g.,
ages less than 16). To capture education, participants reported their highest educational
degree that they completed (coded as 1= high school, 2 = associate’s degree, 3 =
bachelor’s degree, 4 = master’s degree, 5 = professional degree/doctorate). The gender of
the focal managers and the raters was coded as 0 for females and 1 for males. The race of
participants was also coded dichotomously. Though respondents had the option to report
whether they belonged to a number of racial and ethnic groups, the sample was
predominantly Caucasian (82%), and therefore, the combination of multiple racial
minorities did not occur with enough frequency to test for meaningful differences.
Moreover, the primary purpose of the present research was to examine diversity within

the group, not the specific effects of different racial groups. Other researchers have
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similarly collapsed race into a dichotomous variable (e.g., Kirchmeyer, 1995; Ostroff et
al., 2004). For this reason, raters who are not Caucasian were coded as 0 and those who
are Caucasian was coded as 1.

Rater group diversity. The diversity of both peer and subordinate rater groups was
calculated individually for the characteristics of age, education, gender and race. These
variables were calculated for groups with demographic information from four or more
group members. To calculate the diversity of continuous and ordinal demographic
variables, the coefficient of variation was used. The coefficient of variation is
recommended by Allison (1978) and is frequently used to represent diversity in research
(e.g., Jackson et al., 1991; Jackson & Joshi, 2004; Klein et al., 2001; O'Reilly et al.,
1989). The formula for the coefficient of variation (V) is:

SD
\ ety 22
< (22)

where SDj is the standard deviation of the rater group on variable X, and X is the overall
mean for the rating group for variable X. This method was used for age (in years), and
education. The coefficient of variation was calculated for each individual rating group. A
score of zero indicates perfect homogeneity or similarity within a rating group on a given
characteristic whereas larger numbers are representative of more diverse groups.

There are some shortcomings to the coefficient of variation. The coefficient of
variation is most appropriate for use with ratio scales with real zero-points (Allison,
1978), but less so for interval-level data. Also, the values of V are related to the mean.
For instance, two groups can have the same standard deviation, but the group with the
higher mean, will have a lower deviation score (Bedeian & Mossholder, 2000).

Moreover, V is impacted by sample size. Larger groups typically have greater variation,
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and thus, values of V' decrease with larger groups (Bedeian & Mossholder, 2000).
However, there seems to be no preferred alternative to V that is without similar
drawbacks.

To calculate the diversity of categorical variables, the proportional diversity
measure was calculated. This method of calculating composition has been used in prior
research (e.g., Randel, 2002; Rentsch & Klimoski, 2001). This measure was calculated by
taking the proportion of women in the rater group to measure gender diversity. Race was
treated similarly. Because I did not make directional hypotheses about composition (e.g.,
that higher agreement would be associated with a particular gender or race), I rescaled the
proportion such that the greatest level of heterogeneity occurs when P = .50. Specifically,
I converted the values of the proportional diversity measure such that .50 was the
maximum value, similar to Klein at al. (2001). For instance, a value of .60 was recoded
40 and .90 was recoded .10. Therefore, a value of 0 represents complete homogeneity
and .50 represents maximum diversity. This method of assessing composition has some
advantages over other measures such as Teachman’s (1980) index and Blau’s (1977)
which both yield scales with unequal intervals that can make theoretical interpretations
difficult (e.g., Williams, 2004).

Rater acquaintance with focal manager. Participants reported how well they
knew the focal manager on a four-point scale ranging from 1 (I hardly know this person)
to 4 (I know this person extremely well). This item was averaged within rating groups to
assess the degree that the rater group was acquainted with the focal manager. Higher
values represent greater average levels of acquaintance. Although acquaintance was

measured with just one item, it was aggregated at the group level. Other researchers
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concluded that one-item measures can be adequately reliable when aggregated at the
group level (Harter, Schmidt, & Hayes, 2002).

Within-source agreement. Earlier I presented the methods for assessing interrater
agreement and I reviewed some of the strengths and weaknesses of each measure.
Although these measures tend to correlate highly with one another (Roberson et al.,
2007), I concluded that a,,, was the best method to assess agreement for the present study
based on some of the advantages over r,,. Specifically, r,,, indices can provide biased
estimates of agreement for groups less than 10 and when the incorrect null distribution is
used (e.g., Brown & Hauenstein, 2005). Perhaps the largest advantage of a,,, over 7, is
that a,,, takes into consideration how the potential variance of ratings can differ along
different points of the rating scale, with the largest potential variance being at the scale
midpoint. Thus, one consequence of using r,, is that the mean rating tends to highly
correlate with estimates of agreement (e.g., Brown & Hauenstein, 2005), whereas the
location of the group mean has less impact on the values of a,,. Given these advantages, I
used a,,, to assess within-source agreement of MSF groups.

To demonstrate how a,,, was calculated for the present study, recall equation 15:

2*%87
o _1_[(H+L)*M—(Mz)—(H*L)J*[k/(k—l)] (15)

For this study, £ is the number of raters in the rating group; M is the mean of the
particular rating dimension across a group of raters. In addition, H is equal to five, or the
maximum possible value of the Benchmarks® rating scale; L is equal to one, or the
lowest possible value of the Benchmarks® rating scale. Finally, S°, is the observed
variance of the ratings for each rating group. I calculated values of a,,, separately for

subordinate and peer groups on each of the 16 Benchmarks® rating scales. Thus, up to 32
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indices of agreement were calculated for each focal manager. In addition, I averaged the
agreement across the 16 scales to arrive at an average agreement for each rating group.
Values of a,,, could range between -1.0 and 1.0, with higher values indicative of higher
agreement.

Because a,,1s a relatively new measure, it has not been applied to MSF ratings.
As the first study to compute a,,, for MSF rating groups, it was important to provide a
comparison with other methods of assessing agreement that have been used in prior
research (e.g., LeBreton et al., 2003). To do so, I calculated r,,, using LeBreton et al.’s
(2003) methodology. I computed r,,, using two rating scenarios: a uniform distribution
(0" =2.00) and a moderately skewed distribution (og>= 0.90) using equation 10.
Sample selection criteria

Size of rater group. As mentioned previously, one potential drawback of
calculating a,,, for MSF rating groups is that an adequate number of raters is needed to
calculate all possible values of a,,,. Brown and Hauenstein (2005) recommended that
groups should be comprised of at least four raters for a scale with five response options,
which the Benchmarks® rating scale contains. Because the present study was the first to
use a,, to calculate agreement for MSF data, I followed these recommendations. The
number of raters per rating group was assessed for each rating dimension. On average,
53% of peer and 56% of subordinate rater groups were removed per rating dimension due
to inadequate group size.

Furthermore, I was not able to calculate agreement for groups with mean ratings
that fell outside of the range of interpretable values which was determined by equations

16 and 17. Specifically, for groups of four with ratings on a five-point scale, I was only
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able to calculate a,,, for group means that fell between 2.0 and 4.0. In addition, I
determined the interpretable ranges for other group sizes (refer to Appendix C). Groups
with mean values that fell outside of these ranges were treated as missing values. One
exception was for groups with a mean equal to 1 or 5 (this occurred for an average of .4
% of peer groups and .8% of subordinate groups). For these groups, agreement was set to
1.0, or perfect agreement. In total, the remaining sample was just over one-third of the
original sample (36% of peers and 34% of subordinates). On average, there were 11,723
peer groups and 10,159 subordinate groups per rating dimension with which I could test
my hypotheses. Table 2 and Table 3 (for peers and subordinates, respectively) present the
number and proportion of rater groups with four or more raters and with observed means
for which a,, could be calculated.

Missing data. It was important that the data set included the relevant variables to
be able to properly test the hypotheses. For this reason, rater groups were excluded if they
were missing Benchmarks® scale scores or if the number of ratings fell below the
minimum of four. For demographic variables, I only calculated demographic composition
indices if there were four or more values for the variables of age, gender, race, and
education; groups with less than four values for a demographic trait were not included in
the analyses. Because demographic information was missing for a number of groups,
composition indices were only calculated for an average of 13,132 (39%) peer groups
and an average of 13,097 (39%) subordinate groups. Personality variables were only
available for a subset of 7,257 focal managers. Of the subset of data with focal manager
personality data, I was able to calculate a,,, for an average of 2,469 (34%) peer groups

and 2,076 (29%) subordinate groups.
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Analyses. To test my hypotheses, I examined the correlations between within-
source agreement and mean acquaintance (Hypothesis 1) and overall managerial
effectiveness (Hypothesis 6). Multiple regression analyses were used to test hypotheses
with multiple predicators (i.e., Hypothesis 2, Hypothesis 5a, and Research Question 1).
Within each block of predictors, I entered variables simultaneously. For Hypothesis Sc,
which predicted an interaction effect between personality and acquaintance, the
personality predictor variables were entered in the first step to assess their relationship
with within-source agreement. In the second step, mean group acquaintance was entered,
and the cross-products of the personality and acquaintance variables were entered in the
third step. [ used #-tests to contrast levels of agreement among different rating sources
(Hypothesis 3a) and rating dimensions (Hypothesis 4).

When testing all hypotheses, the criterion for statistical significance was o = .05; I
used two-tailed tests. Because hypotheses were tested using a very large sample, it was
likely that many findings would be statistically significant but not necessarily practically
significant. As such, effect sizes were classified according to Cohen’s (1988)
conventions. I interpreted a correlation of .10 as a small effect, a correlation of .30 as a
medium effect, and a correlation of .50 as a large effect size. To determine the effect size

from ¢ tests, » was calculated using the following equation (Rosenthal, 1991):

t2
"Nevar )

where ¢ is the ¢ value from the #-test and df is the degrees of freedom from the #-test.
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CHAPTER 4: Results

The correlation coefficients, means, and standard deviations for all predictor
variables and a,,, indices for the 16 Benchmarks® dimensions are shown in Tables 4 and
5, for peers and subordinates, respectively. Examining the Pearson correlation
coefficients revealed that correlations between the agreement indices for the 16
Benchmarks® scales and the predictor variables were very small to small in magnitude,
although many were statistically significant due to the large sample size. The average
intercorrelations among Benchmarks® a,,, indices were large (r = .51 for peers and r =
.56 for subordinates), suggesting that rating groups who agreed about a focal manager on
one rating scale, tended to agree on other scales as well.

Exploratory analyses. 1 expected that some of my independent variables would be
related. For instance, the organizational level of the rater might relate to educational level
as well as other demographic variables. Although I did find some indication of this, the
relationships were not so strong that multicollinearity was a concern. Educational
diversity and age diversity were the most highly correlated of the group demographic
variables; r (12,625) = .11, p <.001 for peers and » (12,599) = .12, p <.001 for
subordinates, suggesting that groups who were more homogeneous in age were also more
homogeneous in terms of education. Also, Hypothesis 5c predicted that acquaintance
would moderate the relationship between personality and agreement, but it is possible
that personality variables related to acquaintance (e.g., extraverts may have greater
acquaintance associated with them). I investigated this question and found that the
relationships between the personality variables and acquaintance were small. The

strongest relationship was found for the dimension of extraversion/introversion and
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average group acquaintance (7 (6,303) =-.07, p <.001 for peers and r (5,876) =-.10, p <
.001 for subordinates, suggesting that there is a weak tendency for managers who are
more extraverted to have higher levels of acquaintance with their raters.

In addition, although I did not hypothesize that the focal manager’s demographic
characteristics would impact within-source agreement, I regressed the 16 dimensions of
within-source agreement onto the focal manager’s gender, age, tenure, race,
organizational level, and level of experience (see Table 6 for peers and Table 7 for
subordinates). The purpose of these analyses was to determine whether the focal
manager’s characteristics should be used as control variables for subsequent analyses.
Generally, the relationships between the focal manager’s characteristics and within-
source agreement were negligible. The focal manager’s race, level of experience, and
organizational level were generally unrelated to within-source agreement among peers
and subordinates. Male focal managers had virtually identical agreement associated with
them (M = .84) as female managers (M = .83); the correlations between gender and
agreement ranged between -.01 and .05 (M = .04). I also found a very small trend
suggesting that younger focal managers, on average, had somewhat higher within-source
agreement than older focal managers with correlations ranging between -.06 and .02 (M =
-.03). In addition, managers with longer organizational tenure rather than shorter
organizational tenure had, on average, slightly higher agreement among their peers and
subordinates; correlations ranged between -.02 and .07 (M = .02). Although I found some
statistically significant relationships for the focal manager’s gender, age, and tenure, the
relationships were very small. Moreover, these relationships were not always

directionally consistent (e.g., correlation coefficients were both positive and negative).
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Regression models with all of the focal manager’s characteristics did not account for
more than 1% of the variance of within-source agreement, and for this reason, the focal
manager’s characteristics were not used as control variables when testing my hypotheses.

I performed exploratory analyses to assess the means, standard deviations, and
normality of the predictor variables (see Table 8). In all cases, the kurtosis and skew
indices were in the acceptable +/-2.0 range (Field, 2005). However, the most problematic
set of predictors with respect to kurtosis and skew, were the binary MBTI scores which
had an average kurtosis of -1.45. Fortunately, the continuous MBTI scores did not have
this problem, with an average kurtosis of -.58. For this reason, I decided to test the
personality hypotheses using the continuous MBTI scores rather than the binary MBTI
types. In addition, histograms of the gender and racial diversity variables showed that
rating groups clustered around a few discrete values. These proportional variables were a
function of group size, and therefore, the possible values of these proportions were
limited to only a few discrete values (e.g., .00, .25, .50 for groups of four). Because of
this type of distribution, I decided to compare extreme groups using a t-test, in addition to
performing regression analyses.

Comparison of a,, and r,,. This is the first study to calculate both a,,, and r,,, in a
multisource feedback setting. As such, I compared the two indices in terms of their
magnitudes, standard deviations, skew, and kurtosis which are presented for each of the
Benchmarks® dimensions in Table 9 and 10 for peers and subordinates, respectively. I
also compared the consistency of the indices and the extent that the magnitude of the
indices related to the observed group mean and the size of the rater group. For all of these

comparisons, the groups with a,,, are those that had at least four raters per rating
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dimension and whose observed mean was inside the interpretable range, whereas 7y, "
and r,,, " were calculated for all rater groups (similar to LeBreton et al.’s (2003)
methodology).

When comparing agreement magnitude, I expected that the mean values of 7,,,™"
would exceed those of a,,,. This hypothesis was based on Brown and Hauenstein’s (2005)
demonstration that values of a,,, decreased as the group mean diverged from the scale
midpoint, whereas values of r,, remained constant irrespective of the observed mean. The
average agreement among peers across all 16 Benchmarks® dimensions was .85 (range =
77 - .88) for ayg, .85 (range = .80 - .89) for r,,, " and .69 (range = .61 - .76) for r,,, .
For subordinates, the mean agreement across all 16 Benchmarks® dimensions was
81(range = .73 - .86) for a,,, .83 (range = .78 - .88) for r,,; " and .65 (range = .57 - .75)
for r,,,™. Thus, for both rating sources, agreement levels were very similar for a,,, and
rwg ' but lower for r,,,™. The lower level of agreement for r,,, ™ is because this index
accounts for agreement due to chance or response bias, whereas the other two indices do
not account for such biases.

I examined the proportion of rater groups who had high levels of agreement and
the proportion with low levels of agreement for each rating dimension (see Table 11).
Brown and Hauenstein (2005) stated that rater groups with agreement equal or greater to
.80 should be classified as having high agreement. I found that across all rating
dimensions, an average of 74% of peers and 63% of subordinates had high levels of
agreement based on this standard. In particular, there was the highest level of agreement
for the Resourcefulness dimension (84% of peers and 77% of subordinates had high

agreement). Low levels of agreement among rater groups, defined as groups with
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agreement less than .60 (Brown & Hauenstein, 2005), were found for an average of 5%
of peers and 10% of subordinates. The Putting People at Ease dimension had the lowest
level of agreement for both peers and subordinates (16% of peers and 22% of
subordinates had low levels of agreement). These fairly frequent occurrences of low
agreement are particularly notable because it may not be appropriate to aggregate
responses when agreement is less than .60 (Brown & Hauenstein, 2005).

Comparing the relative variation of the agreement indices was important because
the purpose of this research was to predict variation in agreement among rating groups.
Thus, higher standard deviations in the agreement indices would allow for more variation
to be explained. For peer raters, the average standard deviation of agreement was .13
(range = .10 - .19) for a, .16 (range = .12 - .20) for r,,, " and .27 (range = .22 - .31) for
rwe . For subordinates, the average standard deviation of agreement was .16 (range =
12 - .21) for ayyg, .18 (range = .13 - .22) for r,,, " and .29 (range = .24 - .33) for r,,, .
On average, the variation among all agreement indices was low. The a,,, indices had the
smallest average standard deviations, followed by 7™, and then r,,, ™. One implication
of the low standard deviations of the agreement indices is that there is little variance that
can be explained by the proposed predictors. This problem is especially a concern for the
ayg index, hence making it more difficult to find support for my research hypotheses
using this index of agreement.

I also examined the distribution of the agreement indices by calculating skewness
and kurtosis. The average skewness of agreement indices among peers was -1.79 for a,,,,
-2.29 for r,,, " and -1.13 for r,,, ™. For subordinates, the average skewness of agreement

indices was -1.68 for a,,g, -2.10 for r,,, " and -.95 for r,,, ™. These negative values
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indicate that scores were concentrated at higher levels of agreement, which has been
reported by other researchers (e.g., Mount, 1984). The r,,, " index exceeded the +/- 2.0
range that is generally deemed acceptable for skewness (Field, 2005), whereas a,,, and
rwe " were within this acceptable range. The average kurtosis for agreement indices
among peers was 5.32 for a,,, 7.25 for r,, " and .55 for r,,,". For subordinates, the
average kurtosis of agreement indices was 4.65 for a,,, 5.67 for r,,, " and -.03 for r,,, ™.
These numbers indicate that the distributions of a,,; and r,,, " were leptokurtic, or that the
distributions tended to be pointy. The kurtosis indices for both agreement indices were
also larger than what is generally acceptable (i.e., +/- 2.0 range; Field, 2005); however,
the kurtosis for r,, ™ was in the acceptable range. Based on the skewness and kurtosis of
the agreement indices, r,,, " was the most normally distributed index, followed by a,,,
and then r,,,™". The r,,, ™ index was the most normally distributed index as a
consequence of rescaling agreement to reflect a moderately skewed response bias.
Despite some of the differences in the distributions of the three indices, prior
research suggests that the agreement indices are highly correlated (Roberson et al., 2007).
Specifically, Roberson et al., using a Monte Carlo simulation, found that the correlation
between a,,, and r,,, was .96. I found similarly high levels of consistency between a,,, and
we 1n the present study. I calculated the Pearson correlations between the indices for each
rating dimension. The average correlation between a,,, and r,,, " was .98 for peers and
.97 for subordinates and between a,,, and r,,, " the average correlation was .94 for peers

and .92 for subordinates. These findings suggest that the agreement indices are highly

consistent despite some variations in magnitude.
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One of the largest benefits of calculating a,,, instead of r,,, concerns the
relationship of the agreement index to the group’s mean rating. Brown and Hauenstein
(2005) demonstrated that r,,, had a stronger association with the location of the group
mean than a,, (1.€., 1, 1(89) = .63, p <.05; a,,, r(87) = -.03, p > .05) for job relevance
ratings made by 27 experts. In their analyses, they reflected mean ratings that were below
the scale midpoint so that the deviations were unidirectional. I replicated this analysis.
First, mean ratings below the scale mean (3.0) were reflected. Then I compared
correlations between the mean rating for each Benchmarks® dimension and a,,; and
rwg . The average correlation between a,,, and the scale mean was r = .11 for both peers
and subordinates (all but one relationship was significant at the p < .01 level). The
average relationship between the mean rating and r,,, " was r = .25 for peers and r = .32
for subordinates (see Table 12); all relationships were significant at the p < .01 level. The
relationship between the observed mean and agreement was stronger for r,,, than a,,,;
however, the magnitude difference was considerably smaller than Brown and
Hauenstein’s (2005) findings.

I also examined the extent to which values of a,,, and r,,, " varied as a function of
group size. Because the interpretable range increases for a,,, as rating groups get larger, I
would expect that values of a,,, would generally decrease with larger groups. Indeed, a,.,
was negatively related to group size, with an average correlation of » = -.16 for both peers
and subordinates. Group size had a negligible relationship with the values of ;"
(average r = -.03 for peers and » = -.04 for subordinates). In terms of agreement
magnitude, I examined the level of agreement for groups larger than 10. I selected groups

of 10 because Brown and Hauenstein (2005) claim that this is the smallest group for
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which r,,, should be calculated, and it also provides a relatively wide interpretable range
for a,, (i.e., between 1.4 and 4.6). For groups of at least 10 peers, the mean agreement
was .81 for a,, versus .84 for r,,, . Agreement among groups of 10 or more subordinates
was .75 for a,,, and .80 for r,,,"". This pattern of lower agreement for a,, is indicative of
the fact that the interpretable range for the a,,, index increases for larger groups, and
consequently a,,, accounts for lower possible variance at these extremes. Thus, the values
of the two indices are less similar when calculated for larger groups because a,, accounts
for lower possible variance at rating scale extremes whereas r,,, does not.

The comparison of a,,, and r,, indices suggests that there are some trade-offs
among these indices of agreement. Compared to values of r,,,"", a,, is more restricted in
range and less normally distributed. Thus, the distribution of a,,, posed some problems
for testing hypotheses which require adequate levels of variance across rater groups
(Cohen et al., 2003). In addition, a,, could not be calculated for a large number of rater
groups whose means were outside of the interpretable range. In contrast, one large benefit
of a,, 1s that it 1s less related to the observed group mean than both r,,, indices, and
consequently, does not violate the regression assumption of homoscedasticity as the 7,
indices do. In conclusion, on one hand, using a,, could be problematic because of its
distribution and range restriction. On the other hand, r,,, indices are more influenced by
rating magnitude and violate the assumption of homoscedasticity. Based on this analysis
of agreement indices, I decided that the violation of the homoscedasticity assumption was
unacceptable to properly test the hypotheses. Therefore, a,,, seemed to be the best

available agreement index with which to test my hypotheses.
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To address some of the shortcomings of a,,,, I investigated whether performing a
transformation would ameliorate the range restriction problem. I performed a natural log
transformation after eliminating negative scores and reversing agreement scores (Field,
2005). This transformation improved the kurtosis and skewness of the agreement indices.
However, the transformed variables were still restricted in range as Cohen et al. (2003)
suggested is often the case. Based on my findings and theoretical reasons for a non-
normal distribution, I chose to report analyses that used a,,, as a dependent variable rather
than the transformed a,,,; however, the conclusions regarding my hypotheses were the
same regardless of whether I tested my hypotheses using a,, or the transformed a,,,.

Tests of hypotheses. To test Hypothesis 1, which predicted that a rater group’s
mean level of acquaintance with the focal manager would predict within-source
agreement among peers and subordinates, I computed Pearson bivariate correlations.
Generally, the correlation coefficients were near zero, with a range in magnitude between
-.06 to 0.0 for peers and -.04 and 0.0 for subordinates. Table 4 for peers and Table 5 for
subordinates report these relationships for each Benchmarks® dimension. Although some
of the correlation coefficients were statistically significant (11 dimensions were
significant for peers and 10 dimensions were significant for subordinates), the
relationships were not practically significant and did not approach weak effect sizes.
Moreover, the trend was toward a negative relationship between agreement and
acquaintance, which is directionally inconsistent with my hypothesis.

It is possible that the relatively low variation of the group acquaintance variable
may have obscured the predicted relationships. I conducted supplemental analyses to

contrast within-source agreement for groups with high and low group acquaintance. I



Predicting within-source agreement 121

used an independent samples t-test to contrast rater groups who were more than one
standard deviation below the group average for acquaintance with those whose level of
acquaintance exceeded the group average by more than one standard deviation (see Table
13 for peers and Table 14 for subordinates). Among peers, I found that the low
acquaintance groups were significantly different for eight Benchmarks® dimensions. For
seven of these eight dimensions, groups with low acquaintance had higher levels of
agreement than the high acquaintance groups. Similarly, I found that among subordinates,
there were significantly higher levels of agreement associated with the low acquaintance
groups, rather than the high acquaintance groups for 6 of the 16 dimensions. The effect
sizes for these relationships were very small (7s ranged between .04 to .08 for the
significant relationships). However, I found consistent and significant patterns for the
dimensions of Confronting Problem Employees, Balance Between Personal and Work
Life, and Self-Awareness for both peers and subordinates. These three dimensions were
also rated as being low opportunity-to-observe dimensions for both peers and
subordinates (with the exception of Balance Between Personal and Work Life for peers,
which was not classified due to low interrater agreement).

One possible reason for higher agreement being associated with lower levels of
acquaintance for low opportunity-to-observe dimensions is that raters used stereotypes to
make their ratings in the absence of adequate acquaintance and first-hand knowledge of
the behavioral domain being rated. To examine this possibility, I performed a series of
post-hoc ANOVAs to examine the relationship between rating groups that had high
versus low acquaintance with the focal manager and the focal manager’s gender in

predicting agreement on the Confronting Problem Employees, Balance Between Personal
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and Work Life, and Self-Awareness dimensions (see Table 15 for peers and Table 16 for
subordinates). There are theoretical reasons why these three dimensions could be
associated with gender stereotypes. Men, who are typically thought to embody more
agentic traits may be perceived to be better at confronting employees, whereas women
who are often associated with communal traits may be perceived to be better at balancing
their work and family life (Heilman, 1995; Heilman, Block, Martell, & Simon, 1989). In
addition, there is evidence that women tend to be more self-aware than men in assessing
their managerial competence (Fletcher, 1999). As expected, I found significant main
effects for acquaintance level predicting within-source agreement. I also found a positive
main effect for focal manager gender predicting peer agreement for the Balance Between
Personal and Work Life, F(1, 2796) = 26.67, p < .001, n°= .10 and Self-Awareness, F(1,
3504) = 6.66, p < .01, °= .04 dimensions. In both cases, men had higher levels of
agreement associated with them when compared to their female counterparts; this finding
is consistent with exploratory analyses that indicated that raters had slightly higher
agreement when rating a male manager rather than a female manager. However, I did not
find any significant interactions between level of acquaintance and focal manager gender.
Hypothesis 2 predicted that the diversity of the rater group in terms of gender,
race, education, and age would be negatively related within-source source agreement. To
test this hypothesis, I entered these four predictors into the regression model separately
for peers and subordinates for each dependent variable. The findings are shown in Tables
16 and 17 for peers and subordinates, respectively. For peers, racial diversity and gender
diversity were small but significant predictors of agreement for each of the 16 rating

dimensions and age diversity was significant in predicting 12 indices. Diversity in
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education only predicted one dimension of agreement. For subordinates, racial diversity
and age diversity significantly predicted all 16 rating dimensions, and educational
diversity was significant in predicting 13 indices. Diversity in gender among subordinates
only significantly predicted agreement for three dimensions. For all significant findings, I
found that higher levels of diversity were associated with lower levels of agreement, as
hypothesized. However, the effect sizes of these relationships were very small. At most,
the R” of the regression model only accounted for 1% of the variance in within-source
agreement.

The distributions of gender and racial diversity variables were not normal; values
clustered around a few discrete proportions. Therefore, regression analyses using these
variables may have resulted in inaccurate estimates of the relationship between
agreement and the group composition of these variables. Instead, I felt that it was more
appropriate to contrast groups that had high versus low diversity in terms of gender and
race. Specifically, I contrasted groups that were more than one standard deviation below
the group average for gender and racial composition with those whose level of gender
and racial composition exceeded the group average by more than one standard deviation
using an independent samples t-test. I found that groups with low diversity in terms of
gender had significantly higher agreement for 15 rating dimension among peers (see
Table 19) and for 8 dimensions among subordinates (see Table 20). Also, I found that
peer and subordinate groups who were less racially diverse had higher agreement than
more diverse groups for 15 of the 16 rating dimensions (see Tables 21 and 22,
respectively). Thus, these supplemental analyses further support a directionally consistent

relationship between agreement and group composition in terms of gender and race,
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however, the size of these effects were still very small, with rs ranging between .03 and
.08 for significant t-tests.

Hypothesis 3a stated that agreement would be higher for peers rather than
subordinates. To test this hypothesis, I performed a dependent #-test between the
agreement of peers and subordinates for each Benchmarks® rating dimension. Tenure
information was not available for raters, and therefore, I was unable to control for rater
tenure before performing this analysis as I had originally planned. Despite this limitation,
I found support for this hypothesis. On average, peers had small but significantly higher
levels of within-source agreement (M = .85, SD = .03) than subordinates (M = .81, SD =
.03), (#(15) =-13.87, p < .001; the effect size of this relationship was large (r = .96).

Hypothesis 3b stated that rater group source would moderate the relationship
between demographic characteristics and agreement such that the relationship between
demographic diversity and agreement would be stronger for subordinates than for peers.
However, because I did not find practically significant relationships between
demographic characteristics and agreement for either rater source, I did not test for a
moderating relationship between demographic characteristics and agreement.

Hypothesis 4 stated that agreement would be higher for high opportunity-to-
observe rating dimensions than for low opportunity-to-observe rating dimensions. To test
this hypothesis, I contrasted the mean within-source agreement for the high opportunity-
to-observe dimensions with the low opportunity-to-observe rating dimensions using an
independent #-test. For peers, within-source agreement for high opportunity-to-observe
dimensions (M = .86, SD = .02) was not significantly higher than agreement for low

opportunity-to-observe dimensions (M = .84, SD = .04), t(11) = 1.04, p > .05); although
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it did represent a medium effect size ( = .30). For subordinates, within-source agreement
for high opportunity-to-observe dimensions (M = .83, SD = .01) was not significantly
different from the agreement associated with low opportunity-to-observe dimensions (M
=.81,SD=.03), t(11) = .83, p > .05, r = .24), however, the relationship did approach a
medium effect size. Although the t-tests were not statistically significant for these
analyses, the power of this statistical analysis was very low because so few dimensions
were contrasted. Thus, it is notable to mention that the means were directionally
consistent with my hypotheses and the effect sizes were medium in magnitude.
Hypothesis 5a predicted that the focal manager’s level of extraversion,
agreeableness, and conscientiousness would positively relate to within-source agreement.
To test this hypothesis, I entered the focal manager’s MBTI scores for the extraversion-
introversion, thinking-feeling (Agreeableness), and judging-perceiving
(conscientiousness) dimensions simultaneously in a regression equation to predict peer
and subordinate agreement (see Table 23 for peers and Table 24 for subordinates).
Although the personality traits of the focal manager significantly predicted agreement
among peers for five Benchmarks® dimensions and two dimensions for subordinates, the
R? for these regression models ranged between .001 and .006, suggesting that the
relationship between the focal manager’s personality and within-source agreement has
little practical significance. One trend, despite these small effects was that focal managers
who endorsed the Thinking (low Agreeableness) style had higher levels of agreement
among peers for the Doing Whatever it Takes, Leading Employees, and Confronting
Problem Employees dimensions. The effect sizes for these three dimensions were

extremely small and counter to my hypothesis that Agreeableness would positively relate
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to agreement. The personality traits of EI (extraversion) and JP (conscientiousness) did
not show any consistent relationships with agreement across the Benchmarks®
dimensions. Moreover, I conducted supplemental analyses to examine if there were
differences in the levels of within-source agreement for managers who were on the
extreme ends of these personality dimensions, but I did not find any notable patterns.

Hypothesis 5b stated that the relationship between extraversion and agreement
would be stronger for rating dimensions that have previously shown to relate to the focal
manager’s level of extraversion. I did not test this hypothesis because I found only one
statistically significant relationship between extraversion and agreement out of 32
separate analyses.

Research Question 1 asked whether other personality traits related to within-
source agreement. To test this hypothesis, I entered the focal manager’s MBTI Sensing-
Intuition scale and the FIRO-B inclusion, control and affection scales simultaneously in a
regression equation to predict peer and subordinate agreement (see Table 25 for peers and
Table 26 for subordinates). Though the personality variables did significantly predict
agreement for 8 of 16 dimensions for peers and 3 of 16 dimensions for subordinates, the
relationships were very small and inconsistent across rating dimensions. At most, the R>
for these regression models accounted for only 1% of the variance in within-source
agreement. The focal manager’s need for inclusion was positively related to agreement
for six of the dimensions for peers and two dimensions for subordinates. The focal
manager’s need for affection was negatively related to agreement for five rating
dimensions among peers, but was unrelated to agreement among subordinates. The focal

manager’s need for control was not related to agreement among peers, but was negatively
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related to subordinate agreement for three dimensions. Focal managers who were sensing
types had higher levels of agreement associated with them among their peers for four
rating dimensions, but this trait was unrelated to agreement among subordinates. I also
examined the relationship between the target manager’s self-awareness and peer and
subordinate agreement. The correlation coefficients between the target manager’s self
ratings on the Self-Awareness dimension and agreement were near zero, with a range in
magnitude between -.01 to .02 (M = .00) for peers and -.02 and .01 (M =-.01) for
subordinates

Hypothesis 5c¢ predicted that the relationship between personality and agreement
would be moderated by the extent that raters were acquainted with the focal manager,
such that personality would have a stronger impact in predicting agreement with lower
levels of acquaintance. To test this hypothesis, I added the focal managers’ MBTI scores
in Step 1. I entered the rater group acquaintance with the focal manager in Step 2. In Step
3, I entered the cross-products of personality scores and mean acquaintance. Tables 26
and 27 (for peers and subordinates, respectively) summarize the findings of regressions
predicting the averaged a,,, across all 16 Benchmarks® dimensions. These models did
not indicate any significant interaction effects. Similarly, analyses were repeated for each
individual rating dimension for peers and subordinates without finding evidence of an
interaction between personality and acquaintance and thus, these 32 analyses are not
reported in the interest of conserving space.

I found support for Hypothesis 6, which predicted a positive relationship between
the focal manager’s overall managerial effectiveness rating and within-source agreement

for peers and subordinates. The correlations between managerial effectiveness and
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agreement (a,,) ranged between .00 and .11 (M = .06) for peers and .00 and .08 (M = .06)
for subordinates (see Table 4 for peers and Table 5 for subordinates). With the exception
of the Balance Between Life and Work dimension, all other dimensions were significantly
correlated with overall effectiveness at the p < .01 level. In particular, agreement among
peers on the Self~Awareness (r = .11) and the Doing Whatever it Takes (r = .10)
dimensions were the most highly correlated the supervisor effectiveness ratings. Among
subordinates, agreement on the Resourcefulness (r = .08) and the Doing Whatever it
Takes (r = .08) dimensions were the most highly correlated with the supervisor’s overall
effectiveness ratings.

Research Question 2 asked about the relative strength of the predictors tested. To
answer this question, I planned to perform relative weights analyses. However, because |
did not find strong support for my individual research hypotheses, comparing the strength
of these predictors was not necessary.

In addition to my proposed analyses, I also conducted some supplemental
analyses to assess the extent that some target managers were more judgable than others. I
found that the intercorrelations among the agreement indices for each Benchmarks®
dimension were relatively high (a = .94 for peers and a = .95 for subordinates). This
finding indicates that raters consistently agreed on target managers from one behavioral
domain to another. I was also curious whether peers and subordinates were consistent in
the extent that they agreed when rating a particular target. I examined the
intercorrelations between the a,,, indices for peers and subordinates. On average, the
correlation between peer and subordinate agreement on each corresponding

Benchmarks® dimension was » =.08, with a range between .05 - .12. This finding does
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suggest that there is a small relationship between peer and subordinate agreement, or that
peers and subordinates tended to agree on the same focal managers. In particular, the
correlation between peer and subordinate agreement exceeded .10 for the dimensions of
Resourcefulness (r = .12), Doing Whatever it Takes (r = .10), Building and Mending
Relationships (r = .10), and Differences Matter (r = .11).

I carried out a number of additional analyses that are not reported, and which did
not affect the overall conclusions regarding the predicted relationships. Specifically, I
examined the relationships between the predictors and three additional sets of agreement
indices: (1) the natural log transformation of @, (2) 7", and (3) e . T tested
hypotheses with a transformed a,,,, because of problems with range restriction and skew.
However, this transformation did not solve the issue of range restriction (Cohen, 2003),
and would hinder the interpretation of agreement among rater groups. [ was also
concerned that removing a large portion of rater groups from my sample when
calculating a,,, due to uninterpretable ranges could potentially affect the generalizability
of my findings. For this reason, I performed all analyses with 7,,," and r,,, " as my
dependent variables. These two dependent variables had similar relationships with the
predictor variables as a,,, and thus reporting the results of these analyses would be

redundant.
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CHAPTER 5: Discussion

The aim of the present research was to examine when rater groups are likely to
agree on their multisource feedback ratings of a focal manager. Kenny’s (1991) WAM of
consensus was used as a framework to identify predictors of agreement, which included
characteristics of the rater group, the ratee, and the dimension being rated. I found some
support for my research hypotheses, including the finding that more effective managers
tended to have higher levels of agreement associated with them than less effective
managers. I also found that peers tended to agree with one another more than did
subordinates.

Although I found patterns consistent with my hypothesis that diversity in
demographic characteristics would negatively relate to within-source agreement, the
effects were very small. There were hypotheses for which I failed to find support. I did
not find a relationship between the opportunity to observe managerial behaviors and
within-source agreement. In addition, rater group acquaintance with the focal manager
and the focal manager’s personality traits did not relate to within-source agreement.
Table 29 provides an overview of findings for each hypothesis.

The present research provided evidence that rater groups generally have high
within-source agreement, which has been disputed by other researchers (e.g., Greguras &
Robie, 1998). In addition, I was the first to assess agreement among MSF rater groups
using the relatively new a,,, index. I also used the empirically developed Benchmarks®
multisource feedback instrument and analyzed MSF data from a very large sample of
focal managers, and thus, the results of the present research should be highly

generalizable to other MSF instruments.
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Level of agreement. The present study was the first to assess within-source
agreement using a,, in a MSF context. On average, agreement was generally above
Brown and Hauenstein’s (2005) .80 criterion, or the level that represents a high level of
agreement. Specifically, I found that about three-quarters of peer groups and almost two-
thirds of subordinate groups exceeded the .80 criterion. This finding is somewhat
contradictory from prior research studies that found low levels of rater group agreement
using other statistical indices (e.g., Greguras & Robie, 1998).

However, it is worth noting that I found that weak and unacceptable levels of
agreement (a,,, < .60) occurred for an average of 5% of peer and 10% of subordinate
groups. Furthermore, some rating dimensions had more frequent incidences of low
agreement than did others. In particular, for the Putting People at Ease dimension, 16%
of peer groups and 22% of subordinate groups had unacceptable levels of agreement.
Perhaps certain types of managerial behaviors, such as those captured in the Putting
People at Ease dimension are more subjective or difficult to observe, and subsequently,
raters agree with one another less often in their ratings. These relatively high incidences
of unacceptable agreement are notable. Brown and Hauenstein (2005) stated that it is not
appropriate to aggregate responses with values of a,,, less than .60. Thus, it is
questionable whether an averaged feedback score is the most appropriate representation
of rater feedback for these types of managerial behaviors.

Review of the research findings. One of the most notable findings of the present
research was that there were higher levels of agreement associated with effective focal
managers than ineffective managers. To the best of my knowledge only one prior study

has examined the link between rater agreement and leadership ratings (e.g., Feinberg et
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al., 2005). Although Feinberg et al.’s study found that raters had higher levels of
agreement when rating more transformational leaders, the study’s design was flawed
because agreement and ratings of leader effectiveness were obtained from the same rating
source. In addition, agreement was assessed using ryg, which has been shown to be
related to the group mean (Brown & Hauenstein, 2005). However, the present research
did not have these methodological weaknesses; ratings of the focal manager’s
effectiveness were made by the focal manager’s supervisor, and therefore were
independent from peer and subordinate agreement. Moreover, the present research used
ayg, Which is not as highly correlated with the location of the group mean as is 7.
Despite the differences from Feinberg et al.’s (2005) study, the results were
similar. I found significant and directionally consistent relationships between the
supervisor’s rating of overall effectiveness and all indices of agreement among peers and
subordinates, with the exception of the Balance Between Work and Life dimension; some
of these relationships approached a small effect size. Peer raters had correlations that
were at least .10 between overall effectiveness and the dimensions of Doing Whatever it
Takes and Self-Awareness. These findings suggest that focal managers who are seen as
generally effective by their supervisors tend to have peers who agree on their tenacity,
vision, and ability to effectively seek and apply feedback from others. This explanation is
consistent with Kenny’s (1991) WAM which stated that higher agreement should occur
when rating a more consistent person. Effective managers are likely to be more consistent
because they have less variable track records than less effective managers who may

perform well in some situations, but falter in others.
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Another notable finding of the present research was the relative agreement of
peers and subordinates. Other researchers have discussed ratings vis-a-vis the relative
abilities of peers versus subordinates (e.g., Bates, 2002; London & Wohlers, 1991),
concluding that subordinate raters may be less experienced or qualified to provide
feedback ratings. I found some support for this notion; peers had higher levels of
agreement than subordinate raters. This finding raises the question of whether
subordinate ratings have more error than peer ratings. Perhaps agreement was lower
among subordinates because they were less experienced than peers in providing high
quality ratings or they may not have observed their supervisors performing relevant
managerial behaviors as often as did peer raters. Also, some subordinates may be
uncomfortable providing upward feedback regarding their supervisor’s managerial
abilities (London & Wohlers, 1991). These are all possible reasons why I found a greater
tendency for peers to agree with one another than subordinates.

I generally found patterns consistent with my hypothesis that diversity in
demographic characteristics would negatively relate to within-source agreement,
although the effects were very small. Specifically, I found consistent relationships
between within-source agreement and age, gender and racial diversity for peer raters and
age, racial, and educational diversity for subordinate raters. In addition, when I contrasted
extreme groups on gender, I found that agreement for eight rating dimensions was related
to gender composition for subordinate groups, or that there was somewhat lower
agreement among more diverse groups in terms of gender. Generally, there was no
relationship between educational diversity and peer agreement. Incidentally, peer groups

tended to be more homogeneous in educational degrees than subordinates, which may be
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one reason for the lack of relationship between educational diversity and peer agreement.
Again, the relationships I found were consistent with this hypothesis, but in practical
terms, these relationships were very small.

I hypothesized that there would be higher levels of agreement when rating
behaviors for which raters have a greater opportunity to observe. This hypothesis was not
supported. However, the patterns of agreement and observability were consistent across
peers and subordinates. Although agreement was slightly higher among the Aigh
opportunity-to-observe dimensions rather than the low opportunity-to-observe
dimensions, this difference was not statistically significant. However, I had very low
power to detect differences between the two groups of dimensions.

I expected that rater groups who were better acquainted with the focal manager
would have higher levels of agreement than groups with lower levels of acquaintance, as
has been found by some prior research (Rothstein, 1990). One reason for the lack of a
relationship between agreement and acquaintance could be because a vast majority of the
raters in the Benchmarks© sample had adequate levels of knowledge regarding the focal
manager. This scenario is particularly plausible given that prior research has found that
raters can make reliable and accurate ratings of a target with very low levels of
acquaintance (Funder & Colvin, 1988; Kenny & Albright, 1994; Rothstein, 1990).
Moreover, both peer and subordinate groups reported having a relatively high level of
acquaintance with the focal manager (an average acquaintance level of 3.1 on a scale
from 1 to 4).

Despite the general lack of a relationship between acquaintance and agreement,

comparisons with high and low acquaintance groups revealed very small but consistent
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negative relationships between acquaintance and agreement that were counter to my
hypothesis. Specifically, I found evidence that groups with low levels of acquaintance
tended to have higher levels of agreement than groups with high levels of acquaintance.
Despite the small effect size, it is interesting to note that the three dimensions that had
consistent relationships across peers and subordinates, Confronting Problem Employees,
Balance Between Personal and Work Life, and Self-Awareness, were also classified as
low opportunity-to-observe dimensions in the pretest for both groups (with the exception
of Balance Between Personal and Work Life for subordinates, which was removed from
the analysis due to low interrater agreement). Thus, these dimensions represent types of
behaviors that are generally difficult to observe. Perhaps rater groups were more likely to
apply stereotypes, thereby inflating agreement, when rating an unfamiliar focal manager
on behavioral domains for which they had little opportunity to observe the focal manager
performing. Another explanation for the relationship between lower levels of agreement
among high acquaintance groups is that raters who are highly acquainted with target
managers may have highly individualized relationships that are expressed through
disparate ratings (Kenny & Albright, 1987; London & Smither, 1995). Thus, lack of
agreement among high acquaintance groups could reflect the use of more specific or
individualized behavioral cues rather than the more general surface-level cues that are
used by raters with lower levels of acquaintance.

I did not find any indication that the focal manager’s personality traits related to
the level of agreement among raters. Although I found a slight trend that linked low
levels of Agreeableness to higher levels of agreement, the relationships were very small

and the pattern only occurred for 4 out of 32 Benchmarks® dimensions. Moreover, these
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relationships were counter to my prediction. The exploratory personality traits that I
examined also had very small effects, which were inconsistent across the dependent
variables. Moreover, I did not find support for an interaction between the level of
acquaintance and personality traits.

Methodological implications. My comparison of a,,, and r,,, suggests that there
are some trade-offs to consider when choosing a method for assessing agreement. At first
glance, a,,; was highly consistent with r,,, " and r,,,"", which has been shown previously
(Roberson et al., 2007). The magnitudes, ranges, and standard deviations were highly
consistent across the a,,, and r,,, " indices. Though r,,," was consistent with a,,, it had a
smaller mean, a larger standard deviation and was more normally distributed than a,,, as a
function of being rescaled to account for response biases. Despite these similarities,
proponents of a,, cited a number of benefits of a,,, over r,, (e.g., Brown & Hauenstein,
2005), including a lack of scale dependency and that fewer raters are needed to calculate
ayg than r,,. I evaluated these claims and found mixed results.

First, I compared the two indices in the extent that they were confounded with the
observed mean. Unlike Brown and Hauenstein’s (2005) comparison of a,,, and r,, for job
relevance ratings of situational judgment items, I did not find a strong relationship
between r,,, and the observed mean (i.e., » = .63; Brown & Hauenstein, 2005). Instead, I
found the relationship was of medium strength (» = .25 for peers and » = .32 for
subordinates). Moreover, I found a weak relationship between a,,, and the observed mean
(r=.11) whereas Brown and Hauenstein found no relationship. A possible reason for
finding a weaker relationship between r,,, and the observed mean in the present research

is that there was some range restriction in the agreement indices, which may have
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downwardly biased the relationship between the mean and r,,,. However, range
restriction does not explain why I found evidence of a relationship between a,,, and the
mean rating, albeit a weak one.

Being able to calculate a,,, for groups of 4 raters rather 10 (as is recommended for
T'wg) Was not without its problems. Brown and Hauenstein (2005) did not fully explain the
impact of small group size on a,, calculations. The size of the rater group determines the
range for which a,,, can be calculated. In the current study, this meant eliminating groups
of four with observed means that were less than 2.0 or more than 4.0, groups of five with
observed means that were less than 1.8 or more than 4.2, and so forth. Among rater
groups that had four or more raters, a considerable portion (32% of peers and 40% of
subordinates) were removed because their group means fell into an uninterpretable range.

The less obvious implication of calculating a,,, for small groups is that the lack of
scale dependence for a,, is not fully realized for small groups. Although the formula for
ayg downwardly adjusts the possible variance as the observed mean moves further from
the scale midpoint, this benefit is moot if there is a large portion of the rating scale for
which a,,, cannot be calculated. Put another way, values of a,,; and r,,,"" are identical
when the group’s observed mean is equal to the scale midpoint (Brown & Hauenstein,
2005). However, values of a,,, become smaller relative to 7, " when the group’s mean
moves closer to either scale extreme because the formula for a,,, accounts for the
decreased variability at the scale extremes. The scale extremes are where there should be
the greatest divergence between a,,, and 7, ", and are precisely the areas outside of the
interpretable range. This problem has the largest impact on the calculations for smaller

groups.
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Thus, it is not surprising that I found the average magnitude of a,, to be very
similar to ryg " (.85 versus .85, respectively for peers and .83 versus .81 respectively for
subordinates). There were some rating scenarios for which a,,, and r,,,*" were less
similar. I found that values of a,,, decreased with larger groups, whereas values of r,,; "
did not relate to group size. The relationship between group size and magnitude of
agreement occurred because larger groups have larger interpretable ranges, and thus, the
maximum possible variance decreases as the group’s mean moves further from the scale
midpoint. Therefore, the benefits of a,,, over r,, " are only likely to be realized for
groups that are relatively large. Perhaps Brown and Hauenstein’s (2005) guidelines for
calculating agreement for groups one less than the number of response options are not
conservative enough. In particular, many group means are likely to fall into an
uninterpretable range in situations similar to MSF ratings — where rating groups are small
and observed means approach either the lower or upper rating boundary.

This critique is not intended to discourage the use of a,,,; however, one should
consider the research question and the rating scenario when choosing an agreement
index. When using agreement as a dependent variable, as in the present research, a,, is
advantageous over r,, in that it does not violate the regression assumption of
homoscedasticity. However, for other research purposes, such as verifying levels of
agreement in order to justify aggregation (e.g., Klein, et al., 2001), the possibility of not
being able to calculate a,, for a large portion of rater groups may be unacceptable. In
such cases r,,, may be the preferred and more appropriate index of agreement.

Implications for theory. 1 applied Kenny’s (1991) weighted-average model of

consensus as a framework for identifying conditions that relate to rater agreement. The
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goal was to better understand how attributes of the focal manager, the rater group, and the
content domain being rated related to within-source agreement. Although I failed to find
robust predictors of agreement across all of these variables, I did find some consistent
patterns that suggest potential contributions to theory.

I found evidence that some focal managers were more judgable, or that raters
agreed about some focal managers more than others. I found significant correlations
among the 16 agreement indices for both peers and subordinates, which suggest that rater
groups who agree on one rating dimension also agree on others. Moreover, I found a
small but significant correlation between peer and subordinate agreement on the same
rating dimension. This finding indicates that regardless of rating source, raters tend to
agree on the same focal managers. Moreover, similar to prior research (e.g., Feinberg et
al., 2005), my findings indicate that a focal manager’s effectiveness relates to his or her
judgability. Specifically, I found that focal managers who were rated as more effective by
their supervisors also had higher levels of peer and subordinate agreement. This
relationship between effectiveness and rater agreement may indicate that it is easier to
rate a very high performing focal manager who consistently delivers excellent results,
compared to a mediocre manager who has a more variable track record. Thus, the
variable track record of less effective managers may increase the level of rating
complexity, which ultimately results in higher disagreement among raters. This
explanation is consistent with Kenny’s (1991) WAM which stated that agreement among
raters should be higher when rating a target who is behaviorally consistent.

Alternately, there are other possible reasons for the relationship between overall

managerial effectiveness and rater agreement. Raters may be aware that these highly
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effective managers are labeled as ‘high potentials’ by their supervisors or organization.
The elevated status of these high potential managers may have activated heuristics that
lead the raters to inflate their ratings. However, this explanation is more likely to impact
the magnitude of the ratings, rather than the agreement among raters. Moreover, a,, has
been shown not to correlate with the mean rating to the extent that other agreement
indices do (Brown & Hauenstein, 2005), and thus, the use of a,,, to assess agreement
should minimize this possible confound.

Another area of theoretical contribution of this study concerns how characteristics
of the rater group may predict agreement. I hypothesized that the demographic diversity
of the rater group would negatively relate to within-source agreement. The basis for this
hypothesis was twofold. First, the findings of prior research suggested that individuals
who share similar backgrounds and experiences in the workplace are apt to interpret the
behaviors of others more similarly than more diverse rating groups (e.g., Deal, 2005;
Rentsch & Klimoski, 2001). Second, groups who share similar characteristics may be
more likely to communicate about the focal manager with one another as compared to
more diverse groups (Smith et al., 1994; Zenger & Lawrence, 1989). Although the
patterns of agreement that I found were directionally consistent with this prediction for
racial diversity, gender diversity, and age diversity among peers and racial diversity, age
diversity, and educational diversity among subordinates, the relationships were very
weak. Based on these findings I would conclude that the demographic composition of the
rater group does not appear to have a substantial impact on within-source agreement, at
least in these data. Because prior research found that deeper levels of diversity were

better predictors of group outcomes than surface-level demographic traits (e.g., Harrison
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et al., 1998), it is possible that more direct tests of the underlying processes for which
demographic variables are proxies may better predict within-source agreement.

Another characteristic of the rating group that I examined was the mean level of
acquaintance. The small trend that I found between lower levels of acquaintance and
higher levels of agreement suggests that the theorized positive relationship between rater
acquaintance and interrater agreement may not be as simple as the results from prior
research have suggested (e.g., Rothstein, 1990). In particular, it may be useful to consider
how the opportunity to observe the content domain interacts with the rater’s acquaintance
with the target manager. In addition, a number of researchers have noted that readily
observable behaviors and clearly defined performance standards result in higher quality
ratings than vague or poorly defined standards (e.g., Guion, 1998; Landy & Farr, 1980;
Latham & Wexley, 1977). Thus, if there are some rating dimensions that are inherently
less concrete or more difficult to observe, it makes sense that raters who are not well
acquainted with a focal manager may rely on some sort of stereotype. This explanation is
similar to the lens model (Brunswik, 1952; Schmitt et al., 1986) which states that inflated
reliability or agreement may be the result of raters applying information that is unrelated
to performance, such as shared stereotypes or biases. Further examination of the
relationship between the content domain being rated and level of acquaintance may help
to identify situations where interrater agreement does not logically reflect accuracy, but
instead is an indicator of bias.

Implications for practice. 1 found some evidence that raters within peer and
subordinate groups tend to agree with one another in their ratings of focal managers. This

finding confirms one of the key assumptions underlying the use of multisource feedback -
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that agreement among raters from the same source is adequately high (Borman, 1997).
However, I also found that there was still a sizeable proportion of rater groups,
approximately 5% of peers and 10% of subordinates, who failed to agree with one
another at a level needed to aggregate responses (Brown & Hauenstein, 2005). This lack
of agreement was considerably more frequent for the rating dimensions Putting People at
Ease, Self-Awareness, Balance Between Personal and Work Life. These three rating
dimensions represent personal traits and behaviors that may be more difficult for raters to
observe than more concrete dimensions such as Resourcefulness. One implication is that
information about rater agreement could be used in the development of multisource
feedback instruments. For example, practitioners should consider minimizing their use of
rating dimensions for which there is likely to be a high level of disagreement within the
rater group.

Another related implication of this research is that when there is low agreement
for a rating, the mean rating may not accurately convey the feedback that the separate
raters provided (Chan, 1998). For example, if two raters rated the focal manager very low
on Leading Others whereas two other raters made very high ratings, the mean of the four
ratings will obscure the underlying bimodal distribution (Chan, 1998). Therefore, the
potential effectiveness of MSF feedback is questionable for groups with low levels of
agreement. Moreover, because I found some indication that weaker focal managers
tended to have lower levels of agreement associated with them, it is possible that the
effectiveness of MSF may be systematically lower for less effective managers. Ironically,
the managers who could gain the most from valid developmental feedback may be less

likely to receive it.
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Because the level of rater agreement could influence the effectiveness of MSF,
focal managers should be informed of the rater group’s level of agreement during the
feedback process. Most multisource feedback instruments provide some indication of the
variance of a source’s ratings (London & Smither, 1995). For example, the Benchmarks®
feedback report provides the standard deviations of peer and subordinate ratings for each
rating dimension. However, in addition to providing a manager with the agreement or
variation of the raters, some guidelines for interpreting the level of agreement among
raters should also be given. First, focal managers should be given norms for what level of
agreement is typical. Second, focal managers should be coached on how to use
information about agreement for their development. For example, feedback sessions often
ask focal managers to examine areas where there are discrepancies among rating sources,
which can highlight potential developmental needs. Similarly, having focal managers
examine areas where there is relatively low agreement within a source could suggest
some targeted action aimed at a specific rating source. For instance, if there is low
agreement among subordinates about how much development the focal manager is
providing, the focal manager may want to reflect on the extent to which he or she is
developmentally stretching each direct report. It is possible that this type of discrepancy
may uncover the need to provide better development to his or her entire team. Thus,
information about the extent of agreement should be considered along with the average
rating score to help the focal manager triangulate areas for development. Providing the
level of agreement will present more targeted and precise information to the focal
manager. By including this information, focal managers can formulate more nuanced

personal development plans that integrate feedback regarding the magnitude of ratings as
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well as the variance of these ratings. Thus, incorporating rater agreement into feedback
may complicate the process, but the end result may be well worth it.

Another practical implication of the present research concerns the opportunity that
different rating constituents have to view the focal manager performing all of the
managerial behaviors that are captured in a typical MSF instrument. The results of the
pretest suggest that peers and subordinates have different opportunities to observe various
types of managerial behaviors. Being able to observe these behavioral domains is likely
to pose the greatest problem when a rater is not well acquainted with the focal manager.
In such situations, the ratings will most likely be of poor quality. The ratings may be
based more on hearsay or stereotypes than the focal manager’s actual behavior.

As a solution, MSF instruments could be tailored so that rating groups only rate
behavioral domains that are relevant to their relationship with the focal manager. For
instance, based on the present study’s pretest, raters felt that subordinates generally have
more opportunities than peers to see the focal manager leading others. In addition, peers
were rated to have more information about the focal manager’s career management skills
than subordinates. Additional research, using a larger sample of managers could confirm
whether these findings generalize to a managerial population. The results of such a study
could be used to create a more tailored MSF instrument. An alternate solution would be
to have individual raters determine whether they have enough information to make
specific types of ratings. A MSF instrument could be designed with a “not enough
information” response option so that raters only assign a rating when they have enough

information to make a valid rating. Both solutions could result in a more accurate
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assessment of the focal manager by eliminating ratings that are based on best guesses
rather than actual behavioral evidence.

Limitations and future research. One goal of the present research was to examine
the level of agreement within MSF rating groups using the relatively new a,,,. Although
there were some benefits to using this method for assessing agreement, there were also
some inherent limitations. One important limitation was the inability to calculate
agreement for rating groups whose mean ratings were outside of the interpretable range
of values. Another more general limitation was the relative lack of variation in agreement
across rating groups, which was problematic in testing my hypotheses.

Eliminating between 30 and 40% of rater groups because their ratings fell outside
of the interpretable range begs the question of whether the sample of rater groups with
ayg indices is representative of the agreement of the larger sample. In particular, rating
dimensions that had higher mean ratings also had more rater groups removed for a,,
calculations because their observed mean was more likely to fall outside of the
interpretable range (e.g., the Differences Matter and Being a Quick Study dimensions).
Despite this systematic lack of agreement data, I feel confident that the sample of rater
groups with a,,, scores did not bias the findings of the present study. I compared a,,, with
rwe indices, which were calculated for all rater groups, regardless of group size or mean
rating. First, r,,, indices were very highly correlated with a,, indices. Also, I tested my
hypotheses using both r,,, indices and found similar outcomes as analyses with a,,.
Therefore, the large proportion of rating groups who were removed from my sample
should not be a concern for interpreting my research findings. Still, researchers who

choose to assess agreement using a,,, in the future should weigh the benefits of this index



Predicting within-source agreement 146

(e.g., lack of scale dependency) against some of the potential drawbacks such as narrow
interpretable ranges for small rater groups.

A more general limitation of the present research was the skewed distribution of
ayg. Findings from prior MSF studies suggest that ratings tend to be negatively skewed
(e.g., Mount, 1984). Moreover, the Benchmarks® instrument is often used for the
development of managers who are relatively accomplished (LeBreton et al, 2003), and as
such, the within-source agreement may have had more range restriction than it would
have for less accomplished managers. The inherent limitation with the negatively skewed
distribution of a,,, was that it limited the magnitude of relationships that I was able to find
with the predictor variables. Correlation coefficients generally decrease as the range, and
consequently, the standard deviation of a variable decreases (Cohen et al., 2003). Thus,
one major limitation of the present research was in my ability to find meaningful
relationships between my predictors and within-source agreement because of the lack of
variation in within-source agreement.

In addition to the range restriction issue, prior research has demonstrated that
analyses with a,,, may be especially prone to committing a Type II error (Roberson et al.,
2007), or failing to find a significant effect when one exists. Comparing indices of
agreement (1.€., 7yg, 7 *,g, SD, AD, V), Roberson et al. (2007) examined the probability for
committing Type II errors using a Monte Carlo simulation. Generally, agreement indices
had a high incidence of committing a Type II error when testing for a strength effect. A
strength effect is similar to the design of the present research which tested the
relationships between group-level constructs (e.g., acquaintance, diversity) and the

group’s level of agreement. Specifically, Roberson et al. found that, “true relationships
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will be detected less than 30% of the time” (p. 584). Even more troubling was their
finding that a,,, (and V) performed poorly relative to the other indices in terms of
committing a Type II error. Taken together, Roberson et al.’s conclusions suggest that the
power to detect relationships between a,,; and the predictors of the present research may
have been quite low. Thus, even finding small relationships between the predictors and
agreement, especially when these relationships were consistent across most of the 16
rating dimensions, should be interpreted as notable given the high level of range
restriction for a,,, and a high probability of committing a Type II error. Therefore, it is
possible that the strength of some relationships reported for the present research may
have been obscured as a consequence of using the a,,, index.

One challenge in the present research was the difficulty in disentangling
agreement that may have been result of response bias from agreement that accurately
reflects the focal manager’s behavior. Although job performance ratings may never be
completely free from rating bias, the use of assessment center ratings could be helpful in
disentangling these issues. Some prior research has demonstrated the validity of
assessment center ratings (Kolk, Born, & van der Flier, 2002; Lievens, 2002). These
ratings may also be less motivationally biased than MSF ratings because the assessors do
not have a working relationship with focal managers. Thus, future research could
compare assessment center ratings with MSF ratings to further investigate the complex
relationship between rater agreement and accuracy.

Another limitation of the present research was that a few of the predictor variables
were proxy variables that did not directly measure the constructs of interest. For example,

the demographic diversity variables were proxies for the extent to which rater groups
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would differently interpret and rate a focal rater’s performance. Although prior research
suggests that individuals who are demographically different are less likely to
communicate with one another and interpret information differently (Rentsch &
Klimoski, 2001; Zenger & Lawrence, 1989), it would be preferable to directly measure
the diversity of a rater group in terms of how they interpret and rate performance. This
type of research could be especially valuable because I found consistent, albeit very weak
relationships between some demographic composition variables and within-source
agreement. Measuring process variables may result in finding stronger relationships
between deep-level diversity and within-source agreement, as has been shown by prior
research (e.g., Harrison et al., 1998).

In addition, the conceptualization of demographic composition was limited in that
it only accounted for a group’s composition across a demographic variable and did not
make specific predictions about how the composition of specific status characteristics
might uniquely influence the level of agreement among groups, as some researchers
recommend investigating (DiTomaso, Post, & Parks-Yancy, 2007; Hewstone et al., 2006;
van Knippenberg & Schippers, 2007). For instance, it is possible that a homogenous
group of women might differ from a homogenous group of men in their level of
agreement with one another. By ignoring status characteristics associated with gender and
race, the unique effects of these characteristics were not tested. Moreover, I chose to
focus on the rater group’s composition. However, it is possible that the composition of
the rater groups may interact with the characteristics of the focal manager as has been
discussed by other researchers (Chattopadhyay, Tluchowska, & George, 2004; Somech,

2003; Tsui, Egan, & Xin, 1995; Tsui & O'Reilly, 1989). For example, the level of
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agreement among a group of women rating a female manager might systematically differ
from women rating a male manager. Taken together, future research should be designed
to further examine the relationship between demographic composition and within-source
agreement by including 1) process effects and deep-level forms of diversity (e.g.,
leadership preferences) and 2) the specific effects of particular demographic
characteristics.

Other process-related variables should be examined in the future as they relate to
within-source agreement. For instance, I found a small, negative relationship between
acquaintance and within-source agreement. One way to explain this contradictory finding
is that raters who have low levels of acquaintance may make biased ratings, particularly
for content areas where they have little firsthand knowledge of the behaviors being rated.
To directly test this hypothesis, future research could be designed to measure the extent
to which individual raters are able to observe specific types of behavior. In addition,
being relatively inexperienced at rating may explain why subordinates have lower
agreement (e.g., Bates, 2002). Future research could test this hypothesis by examining
how organizational level and years of experience relate to agreement. By controlling for
level and experience, we could learn whether these factors account for the differences in
agreement that I found between peers and subordinates.

Another limitation of the present research was the use of MBTI to measure
personality. The research hypotheses regarding extraversion, agreement, and
conscientiousness were based on prior research on the Big 5 personality factors (e.g.,
Colvin, 1993) measured by the NEO PI-R (Costa & McCrae, 1992). The present

research, in contrast, used the MBTI personality measures to test hypotheses. Although
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research by Furnham et al, (2003) suggested that the MBTI factors relate to the Big 5
dimensions, some factors are only moderately correlated (i.e., agreeableness and
conscientiousness). Thus, some relationships between personality traits and judgability
may not have been fully tested in the present research. Future research should further
explore the relationship between focal manager personality and agreement using the Big
5 personality traits, as well as other personality measures.

This study examined characteristics of the rater group, the focal manager, and
rating dimensions that differentiate high levels of agreement from low levels of
agreement. However, it is possible that there are other predictors of agreement that were
not tested in the present research. For instance, the quality of subordinates’ leader-
member exchange relationships may predict within-source agreement (London &
Wohlers, 1991). Similarity in the quality of LMX relationships among subordinates
might relate to higher agreement as opposed to groups that have LMX relationships of
varying quality. Other personality traits may also relate to within-source agreement. For
example, a manager who is a high self-monitor may actively adjust his or her style to the
particular rater. If this is the case, it is likely that agreement would be lower for a
manager who is a high self-monitor compared to a low self-monitor.

Conclusion. With the widespread use of multisource feedback tools (Chappelow,
1994), it is important to understand some of the underlying assumptions that contribute to
the effectiveness of multisource instruments. One assumption, the relatively high
agreement of raters within rating sources (e.g., Borman, 1997), has largely been ignored
by a majority of prior research on MSF. However, the present research suggests that

understanding within-source agreement is important. Although I found indications that
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rater groups generally agreed with one another, there was still a fairly large portion of
rater groups who failed to reach acceptable levels of agreement. In addition, I found that
higher levels of agreement were associated with more effective managers, suggesting that
highly effective managers may be easier to rate than managers who have more variable
track records. My findings underscore the importance of understanding the predictors of
agreement among raters and how levels of agreement may influence the effectiveness of

MSF instruments.
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Table 1

Demographic Characteristics of Focal Managers

Characteristic n %
Gender
Female 10,770 32.0
Male 22,873 67.9
Missing 53 0.2
Race
African American 1,394 4.1
American Indian or Alaskan Nat 129 0.4
Asian or Pacific Islander 1,200 3.6
Caucasian 27,644 82.0
Hispanic 869 2.6
Multiracial 252 0.7
Other 1,040 3.1
Missing 1,168 3.5
Highest education level completed
High school 2,421 7.2
Associate's degree 1,256 3.7
Bachelor’s degree 15,532 46.1
Master's degree 11,073 329
Doctorate or professional degree 2,775 8.2
Missing 639 1.9
Organizational level
First level 707 2.1
Middle 8,538 253
Upper middle 13,882 41.2
Executive 7,950 23.6
Top management 1,287 3.8
Missing 1,332 4.0
Level of experience in job
No experience 8,051 23.9
Moderately experienced 18,672 55.4
Very experienced 6,696 19.9
Missing 277 0.8

Note: N = 33,696.
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Table 2

The Number and Proportion of Peer Rater Groups Who Met Requirements For
Calculating a,.q

Groups where

Total number Groups with four .
of rater groups or more raters caleulations N Fa,
were possible

Benchmarks® Scale n n % n %
Resourcefulness 32,356 17,742 55 10,981 34
Doing Whatever it Takes 32,351 17,639 55 11,737 36
Being a Quick Study 32,352 17,536 54 9,860 30
Decisiveness 32,352 17,676 55 12,129 37
Leading Employees 32,316 16,717 52 13,274 41
Confronting Employees 32,217 15,320 48 12,821 40
Building/Mending Relationships 32,356 17,724 55 12,563 39
Compassion and Sensitivity 32,268 15,959 49 11,656 36
Straightforwardness 32,357 17,831 55 12,223 38
Balance b/w Life & Work 32,318 16,894 52 10,644 33
Self-Awareness 32,340 17,326 54 13,387 41
Putting People at Ease 32,363 17,970 56 8,873 27
Differences Matter 32,328 17,060 53 8,744 27
Participative Management 32,339 17,474 54 12,951 40
Career Management 32,310 16,377 51 12,604 39
Change Management 32,325 17,155 53 13,128 41
M 32,328 17,150 53 11,723 36

Note: Percentages are based on the proportion of group compared to the total number of rater groups.

Calculations of @, were possible if the rater group had a least four raters and the group mean was within
the interpretable range of values.
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Table 3

The Number and Proportion of Subordinate Rater Groups Who Met Requirements For
Calculating a,.q

Total . Groups where

number Groups with four .

of rater or more raters calculations ° fa,

were possible

groups
Benchmarks® Scale n n % n %
Resourcefulness 29,961 17,002 57 8,127 27
Doing Whatever it Takes 29,963 16,996 57 8,967 30
Being a Quick Study 29,953 16,824 56 7,955 27
Decisiveness 29,965 17,049 57 9,777 33
Leading Employees 29,958 17,054 57 11,793 39
Confronting Employees 29,840 16,083 54 12,421 42
Building/Mending Relationships 29,961 16,957 57 10,709 36
Compassion and Sensitivity 29,944 16,866 56 10,626 35
Straightforwardness 29,969 17,130 57 10,108 34
Balance b/w Life & Work 29,929 16,388 55 10,434 35
Self-Awareness 29,951 16,723 56 11,840 40
Putting People at Ease 29,975 17,203 57 8,332 28
Differences Matter 29,949 16,824 56 7,766 26
Participative Management 29,958 17,050 57 11,254 38
Career Management 29,925 16,323 55 11,330 38
Change Management 29,942 16,847 56 11,110 37
M 29,946 16,832 56 10,159 34

Note: Percentages are based on the proportion of group compared to the total number of rater groups.

Calculations of @, were possible if the rater group had a least four raters and the group mean was within the
interpretable range of values.



Table 4

Means, Standard Deviations, and Intercorrelations for Peer Within-Source Agreement (a,,,) and Predictor Variables

Variable M SD N 1 2 3 4 5 6 7 8 9 10 11 12 13
1. Resourcefulness a,, 0.88 0.10 10,981 -
2. Doing Whatever it Takes a,, 0.87 011 11,737 .74(*®) -
3. Being a Quick Study @, 0.84  0.15 9860  .59(**)  .59(**) -
4. Decisiveness @, 085 003 12,129  .53(*%)  .60(**)  .45(**) -
5. Leading Employees a,,, 0.88  0.11 13274  .68(**)  .68(**)  .50(**)  .50(**) -
6. Confronting Employees d,., 086 0.12 12,821  .53(¥%)  54(%%)  37(%)  AT(*¥)  60(**) -
7. Building/Mending Relationships a,, ~ 0.86 012 12,563  .70(**)  .62(**)  A8(**)  A46(**)  T2(*¥)  47(*%) -
8. Compassion and Sensitivity a,,, 0.87 0.11 11,656 .52(**)  49(**)  39(**%)  37(*%)  .68(**)  .43(**)  .61(**) -
9. Straightforwardness Qg 0.83 0.14 12,223 ST(F*) S1(%%) A40(**) A2(**) ST(F%) A40(**) L66(**) A49(**) -
10. Balance b/w Life & Work 0.82  0.16 10,644  28(**)  25(**)  25(**)  25(**)  32(**)  23(**)  31(**)  36(**)  .28(*%) -
11. Self-Awareness a,,, 0.82  0.16 13387  .58(**)  .55(*%)  45(**)  40(**)  .63(**)  43(**)  .67(**)  54(**)  .56(**)  .30(**%) -
12. Putting People at Ease a,, 0.77  0.19 8,873  44(**)  39(¥%)  29(¥%)  29(k%)  AT(¥E)  28(¥%)  58(FE)  52(%%)  AT(RE)  31(%%)  45(+%) -
13. Differences Matter @, 0.83  0.15 8,744  A48(**)  45(*%)  39(*%)  36(*%)  55(*%)  39(¥%)  55(¥%)  59(kE)  AB(E)  32(%%)  A9(®)  A3(+*) -
14. Participative Management 0.86  0.12 12,951  .64(*F)  S8(RF)  A46(*F)  AT(RF)  TIRE) AT(RR) IS(RF)65(RF)  ST(RR) 31(MF)  64(RF)  A8(FF)  58(**)
15. Career Management a,, 0.87 0.1 12,604  .62(%%)  .60(**)  A44(**%)  A44(F)  68(*F)  AT(F)  .66(*F)  .61(F)  SI(F)  B1(*F)  .62(**)  A5(*Y)  .53(*%)
16. Change Management a,, 0.88 0.1 13,128  .71(**)  71(**)  .53(**)  56(**)  TAC%)  56(**)  73(**)  .63(**)  .60(**)  31(**)  61(**)  45(**)  58(*%)
17. Average of 16 Dimensions @, 0.88  0.11 20,181  .8I(**)  .79(**)  .70(**)  .69(**)  .85(**)  .69(**)  85(**)  TI(**)  I5(**)  58(**)  J9(**)  .69(**)  .73(**)
18. Average Acquaintance 313 036 32,008 -04(**)  -0.01 0.00 000  -03(**)  -05(**)  -02(*)  -03(**)  -.02(*)  -06(**) -05(*%) 000  -03(*%)
19. Gender Diversity 022 017 13,572 -03(**) -04(**) -05(**) -03(**) -04(**)  -0.02  -03(**) -04(**) -05(**) -.05(**) -.03(**) -.05(**) -.05(**)
20. Racial Diversity 0.13  0.16 12,743 -04(**)  -04(**) -04(**) -03(**) -04(**)  -.02(*)  -05(**) -05(**) -04(**) -05(**) -.02(*) -05(**) -.08(**)
21. Age Diversity 0.15 007 12,732 -0.02  -05(**) -04(**)  -02(*) -05(**) -.03(**) -04(**) -05(**¥) -03(**) -.03(**) -04(**)  -0.02 -.03(%)
22. Educational Diversity 024 016 13482  -03(**) -03(**)  -0.01 2001 —03(%F)  —03(*%)  —03(*%)  -02(%)  -04(**)  -0.01 S02(%)  -.03(%) 0.00
23. Extrovert/Introvert (MBTI) -3.66  16.05 6,636 -0.02 0.00 -0.01 -0.03 -0.02 0.00 -0.03 -0.02 -.04(*%) -0.02 0.01 -0.01 -.05(*)
24. Sensing/iNtuition (MBTI) -1.76  14.01 6,636 -0.01 -.06(**) -0.02 -0.03 -0.03 0.00 -0.02 -0.02 0.00 -0.02 -.05(*%%) -.05(*%) -0.01
25. Thinking/Feeling (MBTI) 942 1239 6,636 -0.03 -.06(**) -0.03 -.04(*) -07(%*%)  -.07(**) -0.04 -0.03 -0.01 -0.02 -0.04 -0.04 0.00
26. Judging/Perceiving (MBTI) -598  15.30 6,636 -0.01 -0.01 0.00 -0.03 -0.01 -0.01 0.01 -0.02 0.00 -0.01 -0.02 -0.02 0.00
27. Total Inclusion (FIRO) 7.88 4.82 6,638 L06(**) 0.02 0.02 0.01 05(**) 0.02 0.03 0.03 0.02 -0.01 0.00 0.03 0.01
28. Total Control (FIRO) 7.43 321 6,638 0.02 0.01 0.01 0.01 0.02 0.00 0.02 0.01 0.00 -0.01 -0.01 0.02 -0.02
29. Total Affection (FIRO) 9.60 4.03 6,638 0.00 -0.03 -0.02 0.00 0.01 0.00 0.00 0.01 -0.02 -0.01 -0.03 0.00 0.00
30. Overall Managerial Effectiveness 400 078 30,083 .09C*%)  .10(**)  .08(**)  .07(**)  .07(**)  .06(**)  .08(**)  .03(*%)  .06(**) 0.00 J1(%) 04(%%) .05(**)

*p< .05 **p<.0l.
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Table 4 continued

Means, Standard Deviations, and Intercorrelations for Peer Within-Source Agreement (a,,,) and Predictor Variables

Variable 14 15 16 17 18 19 20 21 22 23 24 25 26 27 28 29
1. Resourcefulness a,,
2. Doing Whatever it Takes a,,,
3. Being a Quick Study a,,,
4. Decisiveness a,,
5. Leading Employees a,,,
6. Confronting Employees a,,
7. Building/Mending Relationships a,,,
8. Compassion and Sensitivity a,,
9. Straightforwardness a,,,
10. Balance b/w Life & Work a,,,
11. Self-Awareness a,,,
12. Putting People at Ease a,,
13. Differences Matter a,,,
14. Participative Management a,,, -
15. Career Management a,,, 70(**) -
16. Change Management a,,, T8CRF) 72(%%) -
17. Average of 16 Dimensions a,,, 84(k*)  80(**)  .86(**) -
18. Average Acquaintance -0.01 S03(%F)  -.02(%)  -.02(%%) -
19. Gender Diversity S04(KF)  S03(*F)  -03(%%)  -04(*%)  -.03(**%) -
20. Racial Diversity S03(K%)  -0A(*®)  -05(%%)  -06(*¥)  -03(%%)  .03(**) -
21. Age Diversity S04(F%)  S05(FF)  -05(*%)  -05(*%)  -.02(%)  .04(**) 0.02 -
22. Educational Diversity S030%%)  -02(%)  -03(*F)  -03(FF)  -02(%%)  .02(**) 0.00 11(%*) -
23. Extrovert/Introvert (MBTI) 0.00 -0.01 -0.02 -0.01 -07(**) 0.02 0.00 -0.02 .04(*) -
24. Sensing/iNtuition (MBTI) -06(**)  -0.01 0.02  -04C*%)  -0.02 0.03 05(%%)  -06(**)  -0.03  -.14(**) -
25. Thinking/Feeling (MBTI) -0.02 -0.02 20.03  -05(*%)  .05(*%)  .08(*¥)  .05(**) 0.00 04(%)  -170%)  29(+*) -
26. Judging/Perceiving (MBTI) -0.01 0.02 -0.02 -0.02 0.02 0.02 0.03 -0.03 0.03  -08(**)  42(**¥)  24(*) -
27. Total Inclusion (FIRO) 0.02 0.01 0.03 0.00 0.01 -0.03 -0.02 -0.02 -04(*)  -47(*%)  10(**) J4(*%) .04(**) -
28. Total Control (FIRO) 0.00 0.01 0.00 0.00 .03(*%*) -0.01 -0.03 0.00 -0.02 - 15(*%) 0.02 -03(*¥*)  -.04(**)  .26(**) --
29. Total Affection (FIRO) -0.03 -0.01 -0.01 -0.02 L05(*%*) 0.01 0.01 0.01 -.04(*)  -46(**) A10R*) 28(*%*) 05(**) O2(F%)  14(**) --
30. Overall Managerial Effectiveness 06(%)  08(**)  .08(**)  .05(**)  .08(*%) 0.00  -03(**)  0.00 0.00 001 -04(**)  -03(*)  -03(*)  -0.01 -0.01  .03(%)

*p

<.05. **p<.0l.
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Table 5

Means, Standard Deviations, and Intercorrelations for Subordinate Within-Source Agreement (a,,,) and Predictor Variables

Variable M SD N 1 2 3 4 5 6 7 8 9 10 11 12 13
1. Resourcefulness a,, 0.86 0.12 8,127 --
2. Doing Whatever it Takes a,, 0.84 0.13 8,967  .79(**) -
3. Being a Quick Study a,,, 0.81 0.17 7,955  .62(*%) L63(**) -
4. Decisiveness a,, 0.81 0.16 9,777  .58(**) L64(**) A49(+*) -
5. Leading Employees a,,, 0.82 0.15 11,793 .72(**)  .73(**)  .52(**)  .53(**) -
6. Confronting Employees a,, 0.82 0.15 12,421 .59(**)  .60(**)  A43(**)  .50(**)  .60(**) -
7. Building/Mending Relationships a,.,  0.84 0.14 10,709  .77(**) 72(%%) 54(%*) .53(*%) TT(*) .56(**) -
8. Compassion and Sensitivity g 0.82 0.15 10,626 ST(F*) 56(**) AL(**) A41(*%) T1(**) AB(**) OT(**) -
9. Straightforwardness a,., 0.80  0.16 10,108  .60(**)  .56(**)  A4(*F)  AT(**)  60(*F)  AS(RER)  66(*F)  52(**) -
10. Balance b/w Life & Work 0.77  0.18 10434  32(%%)  30(*%)  28(**%)  30(**)  34(*%)  27(*%)  36(**) A1) 32(%) -
11. Self-Awareness ,, 078 0.19 11,840  .63(%*%)  .60(*%)  A6(**)  A6(**)  .69(**)  SI(*F)  J0(*F)  60(**F)  .S8(FF)  34(**) -
12. Putting People at Ease d,, 0.73 021 8332 AO(*F)  AS(KR)  34(%F)  34(k%) ST(RR) 37(RF)62(%%)  6L(KF)  SI(RF) 35(F%) 52(%*) -
13. Differences Matter a,,, 0.78 0.19 7,766 .57(**) S3(**) AS(F*) A3(*%) 62(**) AT () 63 (**) L63(*¥%) S53(*%%) 37(*%) S5(%) S1(F%) -
14. Participative Management a,,, 0.82 015 11254  .68(%F)  .64(*%)  AS(*)  S2(**)  9(F)  S3(RF)  T6(**)  TI(RF) S8(RF)  36(FY)  L6T(KF)  S6(FK)  L6A(*F)
15. Career Management @, 0.83 014 11330  .68(*%)  .66(*%)  AS(**)  SI(*R)  TACF)  55(F%)  72(%%)  65(*F)  56(%F)  35(*F)  6T(*F)  54(%F) 62(*F)
16. Change Management a,, 0.85 013 ILII0  76(%%)  .76(**)  57(**)  .6I(**)  79CF)  63(F)  TI(HR) 68(*F)  .62(%F)  36(*F)  .66(*F)  53(**F)  .66(**)
17. Average of 16 Dimensions @, 0.84  0.14 17,741  .84(%*%)  83(*%)  JI(*F)  72(*%)  8T(*F)  T2(**)  88(**)  .80(*¥)  T6(**F)  .60(**)  8I(*F)  T3(RF)  TT(RF)
18. Average Acquaintance 314 036 29,658  -.03(**)  -.03(**) .00 -.03(**%) -.02 -.04(*) -01 -01 S03(%*%)  —03(*%)  -.04(**) .00 -.04(*%)
19. Gender Diversity 023 017 13507  -0.01 -0.02 -0.02 -0.01 S03(%)  -.04(%*) -01 -.02(*) .00 -.04(%*) -01 -01 -.04(*%)
20. Racial Diversity 0.15 016 12,779  -05(*%) -.03(**)  -.03(*) 2002 -06(*%)  -05(*%)  -05(**)  -05(**)  -05(**)  -05(**)  -05(**)  -05(**) -.08(**)
21. Age Diversity 0.18 0.08 12,695  -.05(**) -.03(%) -.05(*%%) -.03(*%) -06(**%)  -06(**)  -.06(**)  -.08(**)  -.04(**)  -.06(**%)  -.06(**)  -.04(**)  -.06(**)
22. Educational Diversity 0.30 0.19 13,407  -.05(**%)  -.04(**) -.03(*%) -0.02 =03(*%)  -05(**)  -.05(**)  -.05(**%)  -.05(**) -.02(%) -.03(**) -.03(*%) -.04(**)
23. Extrovert/Introvert (MBTI) -3.66  16.05 6,636 -.03 .01 .00 .01 .00 .01 .00 -.03 .00 .02 .00 -.03 .01
24. Sensing/iNtuition (MBTI) -1.76  14.01 6,636 -.01 .00 -.02 .02 .02 .02 .01 .03 -.01 .03 .01 .01 .03
25. Thinking/Feeling (MBTI) 942 1239 6,636 -.01 -.03 .00 -.02 -.01 -.03 .01 .00 -.03 .00 -.02 -.07(**) -.03
26. Judging/Perceiving (MBTI) -5.98 15.30 6,636 .01 -.02 -.02 .01 .02 -.02 .01 .04(*) .00 .04 .02 .01 .01
27. Total Inclusion (FIRO) 7.88 4.82 6,638 .05 .03 .04 -.01 .00 -.01 .04(*) .03 .01 .01 .01 .02 .00
28. Total Control (FIRO) 7.43 3.21 6,638 -.05(%) -.03 -.06(*) -.04 .00 -.05(*%*) -.02 -.01 -.02 -.03 .00 .00 .00
29. Total Affection (FIRO) 9.60 4.03 6,638 .02 .02 .01 .01 .01 .01 05(%) .01 .02 -.02 .02 .00 -.03
30. Overall Managerial Effectiveness 400 078 30,083 .08(**)  .08(*%)  .07(**)  .05(**)  .06(**)  .04(**)  07(**)  .05(**¥)  .07(*%) .00 06(*%)  .05(*%)  .06(**)

*p< .05 *p<.0l.
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Table 5 continued
Means, Standard Deviations, and Intercorrelations for Subordinate Within-Source Agreement (a,., and Predictor Variables

Variable 14 15 16 17 18 19 20 21 22 23 24 25 26 27 28 29
1. Resourcefulness a,,
2. Doing Whatever it Takes a,,
3. Being a Quick Study a,,,
4. Decisiveness a,,
5. Leading Employees a,,,
6. Confronting Employees a,,
7. Building/Mending Relationships a,,,
8. Compassion and Sensitivity a,,,
9. Straightforwardness a,,
10. Balance b/w Life & Work a,,
11. Self-Awareness a,,
12. Putting People at Ease a,,
13. Differences Matter a,,,
14. Participative Management a,,, --
15. Career Management a,,, T6(**) -
16. Change Management a,,, B1(k*)  T7(*F*) -
17. Average of 16 Dimensions a,, 86(F*)  .84(**)  .89(**) -
18. Average Acquaintance -0.01 S03(%*)  -.02(*)  -.03(*%) -
19. Gender Diversity -0.01 -0.02 -0.01 -.02(*) 0.01 -
20. Racial Diversity S05(*%)  -04(**%)  -06(**)  -06(**)  -06(**)  .04(**) -
21. Age Diversity S06(F%)  —06(*F)  —.05(*¥)  —08(**)  -05(**)  .03(**)  .02(%) -
22. Educational Diversity S05(*%)  -04(**%)  -05(**)  -05(**)  -02(*)  -0.01  -0.01  .12(*%) -
23. Extrovert/Introvert (MBTI) 0.00 0.01 0.01 2001 -10(**)  -001  -001  0.01 0.02 -
24. Sensing/iNtuition (MBTTI) 0.01 0.03 0.03 0.01 0.00 0.02 0.02  -05(%)  -05(**)  -.14(**) -
25. Thinking/Feeling (MBTI) 20.01 0.00 -0.01 0.02 06(*%) 0.02 0.02 0.00 03(%)  -17¢%)  29(**) -
26. Judging/Perceiving (MBTI) 0.00 0.03 0.01 0.03 0.02 0.00 0.03  -.05(*)  -0.01  -08(**)  42(**)  24(**) -
27. Total Inclusion (FIRO) 0.02 0.02 0.01 0.00 0.00 0.02 0.01 0.01 -0.03 - 47(%*) 10(**) 14(*%) .04(**) -
28. Total Control (FIRO) 0.01 -0.03 -0.03 -.04(*%*) 0.00 -0.02 -0.01 -0.02 -0.03 - 15(%%) 0.02 S03(%%)  -.04(%F)  .26(**) -
29. Total Affection (FIRO) 0.01 0.00 0.00 0.02 06(*%) 0.0l 0.02 0.02 002 -A6(F)  LI(KK)  28(FF)  05(%%)  .62(**)  .14(*¥) -
30. Overall Managerial Effectiveness O5(4%) 07(*%)  .06(**)  .03(**)  .04(**) 0.0l 000 001  -02(**)  -0.01  -04(**)  -03(*)  -03(*)  -0.01 001 .03(%
*p<.05. **p<.0l.

QGT JUOWIIAISE J0INOS-UIYIIM FUNIIPAIJ



Table 6

Regression Analyses Predicting Peer Agreement with Focal Manager Demographic Characteristics

Benchmarks® Dimension

Resour Doing Quick Decisiv Leadin Confr Build Compa Straigh ~ Balanc SelfA Putting Differ Partic Career Chang
Predictor
Variables
Age -.06%** U N 07 Sk X S N 1 [ bl I R ol -.02%* -.Q5%%* -.02 -.03%* -.01 S04%% L 05¥FE Q5 kkE _ Q5HE
Tenure 06H** 06%** .04%* .04%* L5H** .02% O7H** LQ5H** .03%* -.02 LO5H** .03* 04%* 06%** Q5H** LQ5H**
Gender 03%* L03%* LQ5HH* .00 Q5% .02% LQ5HH* 06*** L04HH% O7%%% Q5% **  Q7*** Q4%x* .04 HH* Q4% L04HH*
Experience .00 .00 .00 .00 .02 .01 -.01 .01 .02 -.02 .00 -.01 -.02 .00 .00 .01
Race .00 .01 .00 -.02 -.01 -.02 -.01 .00 -.01 .00 .00 .01 .02 -.01 -.01 -.01
Org. level -.02% -.01 .00 -.01 .00 -.03%* .00 .03* -01%* -.01 -.03* .03* .00 .00 .01 -.01
N 9932 10656 8884 10990 12075 11681 11409 10599 11060 9662 12182 8053 7934 11756 11471 11922
Summary
statistics
R .08 .07 .07 .07 .07 .07 .09 .08 .07 .07 .08 .08 .07 .08 .07 .07
R’ .01 .01 .01 .01 .01 .00 .01 .01 .00 .01 .01 .01 .01 .01 .00 .01

Note: Entries are standardized beta weights;
Resour = Resourcefulness, Doing = Doing Whatever it Takes, Quick = Being a Quick Study, Decisiv = Decisiveness, Leadin = Leading
Employees, Confr = Confronting Employees, Build = Building/Mending Relationships, Compa = Compassion and Sensitivity, Straigh =
Straightforwardness, Balanc = Balance Between Life and Work, SelfA = Self-Awareness, Putting = Putting People at Ease, Differ = Differences

Matter, Partic = Participative Management, Career = Career Management, Chang = Change Management.

*p <.05. ¥*p<.01. ***p <.001.
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Table 7

Regression Analyses Predicting Subordinate Agreement with Focal Manager Demographic Characteristics

Benchmarks® Dimension

Resour Doing Quick Decisiv Leadin Confr Build Compa Straigh  Balanc SelfA Putting Differ Partic Career Chang
Predictor
Variables
Age _07*** _08*** _06*** _07*** _06*** _08*** _07*** _05*** _07*** _0] _06*** _06*** _06*** _07*** _07*** _06***
Tenure LQ5H** 06*** LQ5H** .03* LQ5H** 04x** 06H** LO5H** L04x** .01 L04H%* .03* L04%* 06*** .04%* LO5H**
Gender LQ5HH* .01 .04%* .02%* LQ5HH* .01 L06*** L08H** LQ5HH* 06H** LQ5HH* LQ7HH* 06*** Q4% .04 HH% .03**
Experience .01 .02 .01 .01 .01 LQ3HH* .01 .03%* .01 .00 .02 .00 .00 .01 .01 .02%
Race .02% .00 .03* .01 .01 .01 .02% .00 .02% .01 .01 .01 .02 .00 .02 .01
Org. level -.02 .02 -.03* -.02* -.04%** -.02% .03%* LQ5HH* .02 -.01 .01 .01 .00 .03%* .02%* .02%
N 7308 8096 7169 8865 10684 11258 9679 9591 9112 9439 10706 7502 6999 10185 10240 10051
Summary
statistics
R .10 .08 .09 .08 .08 .08 .10 11 .09 .06 .08 .09 .09 .08 .08 .07
R’ .01 .01 .01 .01 .01 .01 .01 .01 .01 .00 .01 .01 .01 .01 .01 .01

Note: Entries are standardized beta weights;
Resour = Resourcefulness, Doing = Doing Whatever it Takes, Quick = Being a Quick Study, Decisiv = Decisiveness, Leadin = Leading
Employees, Confr = Confronting Employees, Build = Building/Mending Relationships, Compa = Compassion and Sensitivity, Straigh =
Straightforwardness, Balanc = Balance Between Life and Work, SelfA = Self-Awareness, Putting = Putting People at Ease, Differ = Differences

Matter, Partic = Participative Management, Career = Career Management, Chang = Change Management.

*p<.05. ¥*p<.01. ***p <.001.
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Table 8

Means, Standard Deviations, Skewness, and Kurtosis of Predictor Variables for Peers and Subordinates

Peers Subordinates
Predictor Variable M SD Skewness  Kurtosis M SD Skewness Kurtosis
Average Acquaintance 3.13 0.36 0.00 1.21 3.14 0.36 -0.07 1.29
Age Diversity 0.15 0.07 0.78 1.53 0.18 0.08 0.75 1.26
Gender Diversity 0.22 0.17 0.07 -1.16 0.23 0.17 0.00 -1.16
Educational Diversity 0.24 0.16 0.79 0.31 0.30 0.19 0.31 -0.64
Racial Diversity 0.13 0.16 0.91 -0.30 0.15 0.16 0.64 -0.77
TypeEI (MBTI) 0.58 0.49 -0.31 -1.90 0.58 0.49 -0.31 -1.90
TypelP (MBTI) 0.62 0.49 -0.47 -1.78 0.62 0.49 -0.47 -1.78
TypeSN (MBTI) 0.56 0.50 -0.24 -1.94 0.56 0.50 -0.24 -1.94
TypeTF (MBTI) 0.78 0.41 -1.35 -0.17 0.78 0.41 -1.35 -0.17
Extrovert/Introvert Total (MBTI) -3.66 16.05 0.14 -0.84 -3.66 16.05 0.14 -0.84
Judging/Perceiving Total (MBTI) -5.98 15.30 0.11 -0.91 -5.98 15.30 0.11 -0.91
Sensing/iNtuition Total (MBTI) -1.76 14.01 0.11 -0.41 -1.76 14.01 0.11 -0.41
Thinking/Feeling Total (MBTI) -9.42 12.39 0.35 -0.15 -9.42 12.39 0.35 -0.15
Total Affection (FIRO) 9.60 4.03 0.17 -0.52 9.60 4.03 0.17 -0.52
Total Control (FIRO) 7.43 3.21 0.11 -0.44 7.43 3.21 0.11 -0.44
Total Inclusion (FIRO) 4.20 2.16 0.08 -1.23 7.88 4.82 0.08 -1.23
Overall Effectiveness 4.00 0.78 -0.79 0.29 4.00 0.78 -0.79 0.29

Note: Ns ranged between 6,636 and 30,083.
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Table 9

Means, Standard Deviations, Skewness, and Kurtosis of Peer Agreement Indices

-un

-ms

Awe Twe Twe
Benchmarks® Scale M SD  Skewness Kurtosis M SD Skewness Kurtosis M SD Skewness Kurtosis
Resourcefulness 0.88 0.10 -2.26 9.32 0.89 0.12 -2.79 12.16 0.76 0.22 -1.57 2.32
Doing Whatever it Takes 0.87 0.11 -1.87 5.71 0.88 0.13 -2.57 9.90 0.74 0.24 -1.41 1.60
Being a Quick Study 0.84 0.15 -1.77 5.11 0.85 0.16 -2.33 7.38 0.69 0.27 -1.10 0.42
Decisiveness 0.85 0.13 -1.69 4.79 0.84 0.16 -2.16 6.19 0.67 0.28 -1.04 0.18
Leading Employees 0.88 0.11 -1.83 5.21 0.87 0.14 -2.40 8.22 0.72 0.25 -1.29 1.03
Confronting Problem Employees 0.86 0.12 -1.77 4.82 0.84 0.17 -2.12 5.76 0.66 0.29 -0.98 -0.04
Building/Mending Relationships 0.86 0.12 -1.84 5.19 0.86 0.15 -2.39 7.78 0.71 0.26 -1.23 0.75
Compassion/Sensitivity 0.87 0.11 -1.82 5.43 0.87 0.14 -2.38 8.12 0.72 0.26 -1.27 0.97
Straightforwardness and Composure 0.83 0.14 -1.55 3.68 0.83 0.17 -2.10 5.61 0.65 0.29 -0.94 -0.12
Balance Between Personal and Work Life 0.82 0.16 -1.68 451 0.82 0.18 -2.10 541 0.64 0.29 -0.89 -0.24
Self-Awareness 0.82 0.16 -1.67 3.94 0.81 0.19 -1.95 4.37 0.63 0.31 -0.79 -0.51
Putting People at Ease 0.77 0.19 -1.36 2.93 0.80 0.20 -1.82 3.70 0.61 031 -0.70 -0.71
Differences Matter 0.83 0.15 -1.80 5.14 0.85 0.16 -2.40 7.68 0.69 0.27 -1.14 0.51
Participative Management 0.86 0.12 -1.90 6.34 0.86 0.15 -2.29 7.17 0.70 0.27 -1.18 0.62
Career Management 0.87 0.11 -1.86 5.98 0.86 0.14 -2.34 7.72 0.71 0.26 -1.22 0.81
Change Management 0.88 0.11 -2.02 7.05 0.87 0.13 -2.45 8.77 0.73 0.25 -1.34 1.26
M 0.85 0.13 -1.79 5.32 0.85 0.16 -2.29 7.25 0.69 0.27 -1.13 0.55

Note: Ns ranged between 8,744-13,387 for a,, and between 30,324-31,074 for ry, indices.
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Table 10

Means, Standard Deviations, Skewness, and Kurtosis of Subordinate Agreement Indices

-un

-ms

Awe Twe Twe
Benchmarks® Scale M SD  Skewness Kurtosis M SD Skewness Kurtosis M SD Skewness Kurtosis
Resourcefulness 0.86 0.12 -2.21 9.73 0.88 0.13 -2.72 10.91 0.75 0.24 -1.52 1.97
Doing Whatever it Takes 0.84 0.13 -2.01 7.19 0.87 0.14 -2.56 9.10 0.72 0.25 -1.33 1.14
Being a Quick Study 0.81 0.17 -1.86 6.29 0.84 0.17 -2.28 6.79 0.67 0.28 -1.02 0.18
Decisiveness 0.81 0.16 -1.66 4.47 0.83 0.17 -2.11 5.51 0.65 0.29 -0.94 -0.13
Leading Employees 0.82 0.15 -1.73 4.47 0.82 0.18 -2.05 5.07 0.64 0.30 -0.90 -0.27
Confronting Problem Employees 0.82 0.15 -1.58 3.76 0.81 0.19 -1.89 4.24 0.62 031 -0.77 -0.55
Building/Mending Relationships 0.84 0.14 -1.87 5.72 0.85 0.16 -2.28 6.71 0.69 0.28 -1.14 0.38
Compassion/Sensitivity 0.82 0.15 -1.59 3.71 0.83 0.17 -2.08 5.36 0.66 0.29 -0.95 -0.10
Straightforwardness and Composure 0.80 0.16 -1.58 4.14 0.82 0.18 -2.00 4.83 0.63 0.30 -0.85 -0.38
Balance Between Personal and Work Life 0.77 0.18 -1.26 2.05 0.79 0.21 -1.69 2.99 0.58 0.32 -0.59 -0.92
Self-Awareness 0.78 0.19 -1.55 3.57 0.78 0.21 -1.67 2.83 0.57 0.32 -0.56 -0.97
Putting People at Ease 0.73 0.21 -1.29 2.34 0.79 0.22 -1.72 2.96 0.59 0.33 -0.61 -0.92
Differences Matter 0.78 0.19 -1.63 3.92 0.83 0.18 -2.19 5.70 0.65 0.29 -0.98 -0.07
Participative Management 0.82 0.15 -1.62 3.63 0.83 0.18 -2.04 5.07 0.65 0.29 -0.92 -0.20
Career Management 0.83 0.14 -1.66 4.24 0.83 0.17 -2.10 5.72 0.66 0.28 -0.96 -0.03
Change Management 0.85 0.13 -1.84 5.16 0.85 0.15 -2.25 6.97 0.69 0.27 -1.12 0.45
M 0.81 0.16 -1.68 4.65 0.83 0.18 -2.10 5.67 0.65 0.29 -0.95 -0.03

Note: Ns ranged between 7,766-12,421 for a,, and between 28,199-28,620 for ry, indices.

€91 JUSWAAITE SDINOS-UIYIIM FUIIIPAI



Table 11

Proportion of Peers and Subordinates with High and Low Levels of Agreement

Benchmarks® Scale

Resourcefulness

Doing Whatever it Takes

Being a Quick Study

Decisiveness

Leading Employees

Confronting Problem Employees
Building/Mending Relationships
Compassion/Sensitivity
Straightforwardness and Composure
Balance Between Personal and Work Life
Self-Awareness

Putting People at Ease

Differences Matter

Participative Management

Career Management

Change Management

M

Proportion of Groups

Proportion of Groups

with High Agreement with Low Agreement
(awg> .80) (awg < .60)

Peers  Subordinates Peers Subordinates
84.2 76.6 2.1 42
81.4 72.5 2.5 5.3
70.3 62.5 6.0 9.3
71.8 63.0 5.2 9.1
82.0 65.5 2.5 8.5
75.7 64.8 4.4 8.2
76.3 70.0 43 6.5
80.2 65.0 2.9 8.3
67.5 60.3 6.5 10.5
65.5 52.4 8.0 15.0
65.8 55.0 8.7 14.9
50.7 43.7 15.8 21.7
68.1 55.0 7.0 14.3
76.5 64.9 3.9 8.7
79.6 69.1 3.0 6.3
82.8 72.8 2.5 5.2
73.6 63.3 5.3 9.7
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Table 12

Correlations Between Agreement and the Observed Mean for Peers and Subordinates

-un

Awg Twe
Benchmarks® Scale Peers  Subordinates Peers Subordinates

Resourcefulness 0.10%* 0.14%* 0.25%* 0.33%*
Doing Whatever it Takes 0.09%* 0.12%** 0.24%** 0.33%*
Being a Quick Study 0.14%* 0.12%* 0.28%* 0.34%*
Decisiveness 0.15%* 0.15%* 0.27** 0.33%*
Leading Employees 0.06** 0.12%* 0.16** 0.30%*
Confronting Problem Employees 0.05%* 0.10%** 0.15%* 0.23%*
Building/Mending Relationships 0.15%* 0.13** 0.29** 0.32%*
Compassion/Sensitivity 0.04%** 0.09%* 0.18** 0.31%*
Straightforwardness and Composure 0.14%* 0.12%%* 0.29** 0.34%%*
Balance Between Personal and Work Life  0.16** 0.10** 0.30%** 0.34%*
Self-Awareness 0.19%* 0.14%* 0.28%* 0.31%*
Putting People at Ease 0.06** 0.05%** 0.40%** 0.46**
Differences Matter 0.14%* 0.16** 0.31%* 0.41%*
Participative Management 0.12%* 0.12%** 0.23** 0.30%*
Career Management 0.02* 0.04** 0.16** 0.22%*
Change Management 0.07%* 0.06** 0.15%* 0.21%*
M 0.11 0.11 0.25 0.32

Note: Observed means below scale midpoint (3.0) were reflected. Ns ranged between 7,766-13,387 for a,, and between 28,197-31,074
for ry, ™"
*p<.05. **p<.0l.
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Table 13

Within-Source Agreement Differences Between Peer Groups with Low Acquaintance and Those with High Acquaintance

Low Acquaintance High Acquaintance
Benchmarks® Scale M SD M SD df t r

Resourcefulness 0.89 0.10 0.87 0.13 2,801 2.71**  0.05
Doing Whatever it Takes 0.88 0.11 0.87 0.12 2,991 0.55 0.01
Being a Quick Study 0.84 0.15 0.85 0.16 2,572 -1.85 0.04
Decisiveness 0.85 0.13 0.85 0.15 3,171 -0.86 0.02
Leading Employees 0.88 0.10 0.87 0.11 3,415 2.77** 0.05
Confronting Problem Employees 0.86 0.12 0.85 0.14 3,359 3.53***%  0.06
Building/Mending Relationships 0.86 0.12 0.86 0.13 3,223 1.11 0.02
Compassion/Sensitivity 0.88 0.11 0.87 0.12 2,972 2.10%  0.04
Straightforwardness and Composure 0.84 0.14 0.84 0.15 3,261 0.79 0.01
Balance Between Personal and Work Life 0.84 0.15 0.82 0.18 2,801 3.51***  0.07
Self-Awareness 0.84 0.15 0.82 0.17 3,510 3.19%%  0.05
Putting People at Ease 0.76 0.19 0.78 0.19 2,342 -2.35*%  0.05
Differences Matter 0.84 0.14 0.83 0.17 2,188 0.76 0.02
Participative Management 0.86 0.12 0.86 0.13 3,350 -0.24 0.00
Career Management 0.87 0.11 0.86 0.12 3,260 2.16%* 0.04
Change Management 0.88 0.11 0.88 0.12 3,382 0.74 0.01
M 0.85 0.13 0.85 0.14

*p <.05. ** p <.01. ***p <.001.

99] JUSWISAITE S0INOS-UIYIIM FUNIIPAIJ



Table 14

Within-Source Agreement Differences Between Subordinate Groups with Low Acquaintance and Those with High Acquaintance

Low Acquaintance High Acquaintance
Benchmarks® Scale M SD M SD df t r

Resourcefulness 0.86 0.13 0.84 0.14 1,646 1.91 0.05
Doing Whatever it Takes 0.85 0.13 0.83 0.15 1,793 2.46%* 0.06
Being a Quick Study 0.81 0.18 0.82 0.17 1,631 -0.69 0.02
Decisiveness 0.82 0.15 0.80 0.17 1,965 1.93 0.04
Leading Employees 0.82 0.15 0.82 0.16 2,318 0.29 0.01
Confronting Problem Employees 0.83 0.15 0.81 0.14 2,394 2.41% 0.05
Building/Mending Relationships 0.83 0.15 0.83 0.15 2,131 0.15 0.00
Compassion/Sensitivity 0.82 0.15 0.82 0.16 2,102 -0.24 0.01
Straightforwardness and Composure 0.81 0.16 0.80 0.17 2,075 2.06* 0.05
Balance Between Personal and Work Life 0.79 0.18 0.77 0.19 2,078 2.03* 0.04
Self-Awareness 0.79 0.18 0.77 0.20 2,324 2.82%%* 0.06
Putting People at Ease 0.73 0.21 0.74 0.22 1,718 -1.11 0.03
Differences Matter 0.95 0.09 0.95 0.10 1,550 2.99%* 0.08
Participative Management 0.79 0.17 0.76 0.20 2,246 -0.37 0.01
Career Management 0.81 0.16 0.82 0.16 2,185 1.93 0.04
Change Management 0.84 0.14 0.82 0.15 2,182 0.64 0.01
M 0.82 0.14 0.84 0.14

*p <.05. **p<.01.
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Table 15

Main Effects and Interaction Effects of Peer Acquaintance and Focal Manager Gender on Within-Source Agreement

ANOVA
Confronting Balance Self-Awareness
Variable F (1,3352) F (1,2796) F (1, 3504)
Acquaintance Level (A) 11.88%%** 14.57%%* 10.29%%**
Focal Manager Gender (G) 0.18 26.67*** 6.66**
AxG 0.33 2.74 0.31

Note. F ratios are Wilk’s approximation of Fs. ANOVA = univariate analysis of variance; Confronting = Confronting Problem
Employees; Balance = Balance Between Personal and Work Life.
** p <.01. ***p <.001.
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Table 16

Main Effects and Interaction Effects of Subordinate Acquaintance and Focal Manager Gender on Within-Source Agreement

ANOVA
Confronting Balance Self-Awareness
Variable F (1, 2388) F (1,2072) F (1,2318)
Acquaintance Level (A) 7.14%* 4.02%* 6.94**
Focal Manager Gender (G) 0.42 0.64 1.01
AxG 1.35 0.13 0.03

Note. F ratios are Wilk’s approximation of Fs. ANOVA = univariate analysis of variance; Confronting = Confronting Problem
Employees; Balance = Balance Between Personal and Work Life.

*p <.05. **p <.0l.
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Table 17

Regression Analyses Predicting Peer Agreement with Demographic Composition Variables

Benchmarks® Scale
Resour Doing Quick Decisiv  Leadin  Confr Build Compa  Straigh  Balanc SelfA  Putting Differ Partic Career Chang

Predictor Variable

Age Diversity -.02 S04%%% (4% -.02 S04 %k (03%* Q4% F 5%k _ (3F* -.02 -.03%** -.01 -.03%* -.03* S04 H% - (O5kHk

Gender Diversity S05%Hk  _Q5FRE QKR E L Q5¥k 04k 2% L Q4% Hk L 5kxEk _Q5kkk 5%k _ (3% Q5%kk _Q5%Ek L (4kxk Q4% -.03%*

Racial Diversity S04k O4kkx L Q4%k S03%%k L 5%k 2% - Q5Hk* L Q5¥Ek L 5kkk 5Kk L (03% L Q6*FE - Q7R L (03%* - 4kxEk 5Kk

Education Diversity -.02 -.01 -.00 .00 -.02 -.02 -.02 -.01 -.03* -.01 -.01 -.02 -.01 -.02 -.01 -.02
N 7983 8478 6741 8434 9680 9234 9086 8388 8547 7466 9271 6195 6185 9337 9159 9457
Summary statistics

R .07 .08 .08 .06 .08 .05 .08 .08 .08 .07 .06 .08 .10 .07 .07 .08

R? .01 .01 .01 .00 .01 .00 .01 .01 .01 .01 .00 .01 .01 .01 .01 .01

Note: Entries are standardized beta weights;

Resour = Resourcefulness, Doing = Doing Whatever it Takes, Quick = Being a Quick Study, Decisiv = Decisiveness, Leadin = Leading
Employees, Confr = Confronting Employees, Build = Building/Mending Relationships, Compa = Compassion and Sensitivity, Straigh =
Straightforwardness, Balanc = Balance Between Life and Work, SelfA = Self-Awareness, Putting = Putting People at Ease, Differ = Differences

Matter, Partic = Participative Management, Career = Career Management, Chang = Change Management.

*p <.05.** p<.01. ***p < .001.
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Table 18

Regression Analyses Predicting Subordinate Agreement with Demographic Composition Variables

Benchmarks® Scale

Resour Doing Quick  Decisiv  Leadin  Confr Build Compa Straigh Balanc  SelfA

Putting  Differ Partic Career  Chang

Predictor Variable

Age DlVeI‘Slty _05*** _03* _05*** _02* _06*** _05*** _05*** _08*** _04** _05*** _06*** _04** _06*** _06*** _06*** _05***

Gender Diversity -01 -.02 -02 -01 -02 -3 -0l -02 -0l —04%r -0l 00 -04%F  -00 -.02 -01

RaClal DlVerSlty _05*** _03* _03* _02* _06*** _05*** _05*** _05*** _04*** _04*** _05*** _05*** _08*** _06*** _04** _06***

Education Diversity -.05kx* -.04%* -.03* .01 -.02% S04%FE - Q4xFk_ SFKE_ ()5KE* -.01 -.02% -.02 -.03%* -.Q5%** -.04%% -.04%**
N 6197 6786 5764 7201 9029 9417 8161 8038 7425 7784 8801 6202 5871 8538 8638 8410
Summary statistics

R .09 .06 .07 .04 .09 .09 .09 11 .08 .08 .08 .07 A1 .10 .08 .09

R2 .01 .00 .01 .00 .01 .01 .01 .01 .01 .01 .01 .01 .01 .01 .01 .01

Note: Entries are standardized beta weights;

Resour = Resourcefulness, Doing = Doing Whatever it Takes, Quick = Being a Quick Study, Decisiv = Decisiveness, Leadin = Leading
Employees, Confr = Confronting Employees, Build = Building/Mending Relationships, Compa = Compassion and Sensitivity, Straigh =

Straightforwardness, Balanc = Balance Between Life and Work, SelfA = Self-Awareness, Putting = Putting People at Ease, Differ = Differences

Matter, Partic = Participative Management, Career = Career Management, Chang = Change Management.

*p<.05. ¥*p<.01. ***p <.001.
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Table 19

Within-Source Agreement Differences Between Peer Groups with High Gender Diversity and Those with Low Gender Diversity

High Diversity Low Diversity
Benchmarks® Scale M SD M SD df t r

Resourcefulness 0.89 0.10 0.88 0.10 4,794 3.28%%* 0.05
Doing Whatever it Takes 0.88 0.10 0.87 0.11 5,157 3.79%**% (.05
Being a Quick Study 0.84 0.13 0.82 0.15 4,038 4.84%*%* (.08
Decisiveness 0.84 0.13 0.83 0.13 5,100 3.18%* 0.04
Leading Employees 0.88 0.10 0.87 0.11 5,923 3.82%*%* (.05
Confronting Problem Employees 0.86 0.12 0.85 0.12 5,664 1.82 0.02
Building/Mending Relationships 0.86 0.12 0.85 0.12 5,556 3.39%**  0.05
Compassion/Sensitivity 0.88 0.10 0.86 0.11 5,111 4.13*¥**  0.06
Straightforwardness and Composure 0.83 0.13 0.82 0.14 5,164 4.36%**  0.06
Balance Between Personal and Work Life 0.82 0.15 0.80 0.16 4,509 4. 27*** 0.06
Self-Awareness 0.82 0.15 0.81 0.16 5,681 3.27%* 0.04
Putting People at Ease 0.77 0.17 0.75 0.19 3,752 3.34%*%* (.05
Differences Matter 0.83 0.14 0.82 0.15 3,705 3. 45%%%* 0.06
Participative Management 0.87 0.11 0.85 0.12 5,735 3.79*** (.05
Career Management 0.87 0.10 0.86 0.11 5,613 3.47**%* 0.05
Change Management 0.88 0.10 0.87 0.11 5,762 3.27%* 0.04
M 0.85 0.12 0.84 0.13

Note: High Diversity = less than or equal to .05; Low Diversity = greater than .41.
** p <.01. ***p <.001.
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Table 20

Within-Source Agreement Differences Between Subordinate Groups with High Gender Diversity and Those with Low Gender

Diversity
High Diversity Low Diversity
Benchmarks® Scale M SD M SD df t r

Resourcefulness 0.86 0.13 0.85 0.12 2,778 0.95 0.02
Doing Whatever it Takes 0.85 0.13 0.83 0.14 3,044 2.07* 0.04
Being a Quick Study 0.81 0.16 0.79 0.16 2,527 2.64%%* 0.05
Decisiveness 0.81 0.16 0.80 0.17 3,235 1.37 0.02
Leading Employees 0.82 0.15 0.81 0.15 4,118 2.61%* 0.04
Confronting Problem Employees 0.83 0.15 0.81 0.15 4,270 3.53%**% (.05
Building/Mending Relationships 0.84 0.15 0.83 0.14 3,706 1.76* 0.03
Compassion/Sensitivity 0.82 0.15 0.81 0.15 3,656 2.32% 0.04
Straightforwardness and Composure 0.79 0.16 0.80 0.16 3,376 -0.33 0.01
Balance Between Personal and Work Life 0.77 0.17 0.75 0.18 3,519 3.9]%** 0.07
Self-Awareness 0.77 0.19 0.76 0.19 3,999 1.51 0.02
Putting People at Ease 0.72 0.20 0.72 0.20 2,882 0.75 0.01
Differences Matter 0.79 0.18 0.76 0.18 2,611 2.81** 0.05
Participative Management 0.82 0.15 0.81 0.15 3,872 0.79 0.01
Career Management 0.84 0.14 0.83 0.14 3,958 1.88 0.03
Change Management 0.85 0.14 0.84 0.13 3,779 1.17 0.02
M 0.81 0.16 0.80 0.16

Note: High Diversity = less than or equal to .06; Low Diversity = greater than .42.

*p <.05. ** p <.01. ***p <.001.
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Table 21

Within-Source Agreement Differences Between Peer Groups with High Racial Diversity and Those with Low Racial Diversity

High Diversity Low Diversity
Benchmarks® Scale M SD M SD df t r

Resourcefulness 0.88 0.10 0.87 0.11 5,323 4.16%* 0.06
Doing Whatever it Takes 0.87 0.10 0.86 0.11 6,545 4.37** 0.05
Being a Quick Study 0.83 0.14 0.82 0.14 6,597 3.00%* 0.04
Decisiveness 0.84 0.13 0.83 0.13 6,814 4.27%* 0.05
Leading Employees 0.88 0.10 0.87 0.11 6,024 4.55%%*  0.06
Confronting Problem Employees 0.85 0.12 0.85 0.12 6,687 1.68 0.02
Building/Mending Relationships 0.86 0.12 0.84 0.13 6,024 2.72%*%%  0.03
Compassion/Sensitivity 0.87 0.11 0.86 0.11 4,474 5.24***% 0.08
Straightforwardness and Composure 0.83 0.13 0.81 0.14 6,054 3.23**%* (.04
Balance Between Personal and Work Life 0.81 0.15 0.79 0.16 6,969 3.95%** 0.05
Self-Awareness 0.81 0.15 0.80 0.15 6,731 2.94% 0.04
Putting People at Ease 0.76 0.18 0.73 0.18 4,478 4.25%** (.06
Differences Matter 0.83 0.14 0.80 0.16 4,789 2.89%** 0.04
Participative Management 0.86 0.12 0.85 0.13 5,698 2.89%* 0.04
Career Management 0.87 0.11 0.86 0.11 6,686 2.32%%* 0.03
Change Management 0.88 0.10 0.87 0.11 6,141 3.91***  0.05
M 0.85 0.12 0.83 0.13

Note: High Diversity = less than or equal to .13; Low Diversity = greater than .29.

*p <.05. ** p <.01. ***p <.001.
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Table 22

Within-Source Agreement Differences Between Subordinate Groups with High Racial Diversity and Those with Low Racial Diversity

High Diversity Low Diversity
Benchmarks® Scale M SD M SD df t r

Resourcefulness 0.86 0.12 0.84 0.13 4,400 3.30%* 0.05
Doing Whatever it Takes 0.84 0.13 0.83 0.13 4,813 2.34% 0.03
Being a Quick Study 0.80 0.16 0.78 0.16 4,088 2.71%%* 0.04
Decisiveness 0.80 0.16 0.79 0.15 5,085 1.74 0.02
Leading Employees 0.82 0.14 0.80 0.15 6,374 5.76¥*%*  0.07
Confronting Problem Employees 0.82 0.14 0.80 0.16 6,638 5.13*%**% (.06
Building/Mending Relationships 0.84 0.14 0.82 0.14 5,796 4.46%**  0.06
Compassion/Sensitivity 0.82 0.14 0.80 0.16 5,703 4.13*%** (.05
Straightforwardness and Composure 0.80 0.16 0.78 0.16 5,254 3.79***  0.05
Balance Between Personal and Work Life 0.77 0.17 0.75 0.17 5,501 4. 12%** 0.06
Self-Awareness 0.77 0.18 0.75 0.19 6,226 4.11%%*  0.05
Putting People at Ease 0.72 0.20 0.70 0.20 4,406 3.17** 0.05
Differences Matter 0.78 0.17 0.75 0.19 4,206 5.53 %% 0.08
Participative Management 0.82 0.15 0.80 0.15 6,090 4.47%*%* 0.06
Career Management 0.84 0.13 0.82 0.13 6,121 3.04%* 0.04
Change Management 0.85 0.13 0.83 0.14 5,975 5.23***x 0.07
M 0.81 0.15 0.79 0.16

Note: High Diversity = less than or equal to .15; Low Diversity = greater than .33.

*p <.05. ** p <.01. ***p <.001.
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Table 23

Regression Analyses Predicting Peer Agreement with Personality Variables

Benchmarks® Dimension

Resour Doing Quick Decisiv Leadin  Confr  Build Compa Straigh Balanc SelfA Putting Differ Partic Career Chang

Predictor
Variables
El -.03 -.01 -.02 -.04 -.03 -.01 -.03 -.03 -.04 -.02 .01 -.02 -.05% -.01 -.01 -.02
TF -.03 -.06%* -.03 -.04 -Q7F** -.08*** -.05* -.03 -.02 -.03 -.03 -.04 -.01 -.03 -.02 -.03
JP -.01 -.01 -.00 -.02 .00 -.01 -.02 -.02 -.00 -.01 -.02 -.01 -.00 -.01 -.02 -.02
N 2,281 2,426 1,961 2,472 2,849 2,763 2,692 2,476 2,544 2262 2,810 1,913 1,810 2,758 2,679 2,790
Summary
statistics
R .04 .06 .03 .06 .07 .08 .05 .05 .04 .03 .04 .05 .05 .03 .03 .04
R? .00 .00 .00 .00 .01 .01 .00 .00 .00 .00 .00 .00 .00 .00 .00 .00

Note: Entries are standardized beta weights;

Resour = Resourcefulness, Doing = Doing Whatever it Takes, Quick = Being a Quick Study, Decisiv = Decisiveness, Leadin = Leading
Employees, Confr = Confronting Employees, Build = Building/Mending Relationships, Compa = Compassion and Sensitivity, Straigh =
Straightforwardness, Balanc = Balance Between Life and Work, SelfA = Self-Awareness, Putting = Putting People at Ease, Differ = Differences
Matter, Partic = Participative Management, Career = Career Management, Chang = Change Management.

*p<.05. ¥*p<.01. ***p <.001.
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Table 24

Regression Analyses Predicting Subordinate Agreement with Personality Variables

Benchmarks® Dimension

Resour Doing Quick Decisiv Leadin Confr Build Compa Straigh Balanc SelfA Putting Differ Partic Career Chang

Predictor
Variables
EI -.03 -.00 .00 .00 .00 .01 .01 -.03 -.01 .02 .00 -.04 .01 .00 .01 .01
TF -.02 -.02 .01 -.03 -.01 -.03 .01 -.02 -.04 -.01 -.03 -.09** -.03 -.01 -.01 -.01
JP .02 -.01 -.02 -.02 .02 -.01 .01 .05* .01 .05* .02 .03 .02 .00 .03 -.02
N 1,613 1,798 1,591 1,967 2,449 2,580 2,252 2,187 2,084 2,177 2439 1,764 1,549 2319 2352 2268
Summary
statistics

R .04 .03 .01 .03 .02 .04 .01 .06 .04 .05 .03 .09 .04 .01 .03 .02

R’ .00 .00 .00 .00 .00 .00 .00 .00 .00 .00 .00 .01 .00 .00 .00 .00

Note: Entries are standardized beta weights;

Resour = Resourcefulness, Doing = Doing Whatever it Takes, Quick = Being a Quick Study, Decisiv = Decisiveness, Leadin = Leading
Employees, Confr = Confronting Employees, Build = Building/Mending Relationships, Compa = Compassion and Sensitivity, Straigh =
Straightforwardness, Balanc = Balance Between Life and Work, SelfA = Self-Awareness, Putting = Putting People at Ease, Differ = Differences

Matter, Partic = Participative Management, Career = Career Management, Chang = Change Management.

*p<.05.**p<.01.
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Table 25

Exploratory Regression Analyses Predicting Peer Agreement with Personality Variables

Benchmarks® Dimension

Resour Doing Quick Decisiv Leadin Confr Build Compa Straigh Balanc SelfA Putting Differ Partic Career Chang

Predictor
Variables
Inclusion  .09*** .07* .05 .03 .08%* .03 .04 .04 .06* .01 .04 .06 .02 .06* .03 .05%*
Control .01 .01 .01 .01 .01 -.01 .02 .00 -.01 -.01 -.02 .02 -.02 -.01 .00 -.01
Affection -.05% -.06* -.04 -.02 -.04 -.02 -.02 -.01 -.05% -.02 -.05% -.04 -.01 -.06* -.02 -.03
SN -.02 -.06%* -.03 -.03 -.03 .00 -.03 -.03 .00 -.02 -.05%* -.05% -.01 -.06%* -.01 -.02
N 2,281 2,426 1,961 2,472 2,849 2,763 2,692 2,476 2,544 2,262 2,810 1,913 1,810 2,758 2,679 2,790
Summary
statistics

R .08 .08 .05 .04 .07 .03 .05 .04 .05 .03 .07 .07 .02 .08 .03 .04

R? .01 .01 .00 .00 .01 .00 .00 .00 .00 .00 .01 .01 .00 .01 .00 .00

Note: Entries are standardized beta weights;

Resour = Resourcefulness, Doing = Doing Whatever it Takes, Quick = Being a Quick Study, Decisiv = Decisiveness, Leadin = Leading
Employees, Confr = Confronting Employees, Build = Building/Mending Relationships, Compa = Compassion and Sensitivity, Straigh =
Straightforwardness, Balanc = Balance Between Life and Work, SelfA = Self-Awareness, Putting = Putting People at Ease, Differ = Differences

Matter, Partic = Participative Management, Career = Career Management, Chang = Change Management.
*p <.05. ¥*p<.01.***p <.001.
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Table 26

Exploratory Regression Analyses Predicting Subordinate Agreement with Personality Variables

Benchmarks® Dimension

Resour Doing Quick Decisiv Leadin Confr Build Compa Straigh Balanc SelfA Putting Differ Partic Career Chang

Predictor
Variables
Inclusion .07* .03 .08* -.01 .00 -.01 .03 .05 -.01 .04 .03 .03 .03 .02 .03 .02
Control -.07** -.04 -.08** -.04 -.01 -.05% -.03 -.02 -.02 -.04 -.01 -.01 .00 .01 -.04 -.04
Affection -.01 .01 -.02 .02 .01 .02 .03 -.03 .03 -.04 .02 -.02 -.05 .00 -.02 -01
SN -.01 -.01 -.03 .02 .02 .02 .00 .03 -.01 .03 .01 .01 .03 -.01 .03 .03
N 1,613 1,798 1,591 1,967 2,449 2,580 2,252 2,187 2,084 2,177 2,439 1,764 1,549 2,319 2,352 2,268
Summary
statistics
R .08 .05 .09 .05 .02 .06 .06 .05 .03 .06 .02 .03 .05 .02 .05 .04
R? .01 .00 .01 .00 .00 .00 .00 .00 .00 .00 .00 .00 .00 .00 .00 .00

Note: Entries are standardized beta weights;

Resour = Resourcefulness, Doing = Doing Whatever it Takes, Quick = Being a Quick Study, Decisiv = Decisiveness, Leadin = Leading
Employees, Confr = Confronting Employees, Build = Building/Mending Relationships, Compa = Compassion and Sensitivity, Straigh =
Straightforwardness, Balanc = Balance Between Life and Work, SelfA = Self-Awareness, Putting = Putting People at Ease, Differ = Differences

Matter, Partic = Participative Management, Career = Career Management, Chang = Change Management.
*p<.05. %% p<.01.
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Table 27

Summary of Multiple Regression Analyses Predicting Average Within-Source Agreement among
Peers with Personality and Acquaintance

Predictor Variables
0] 2) 3)
Step 1°
EIl -0.02 -0.02 -0.08
TF -0.05**  -0.05** -0.07
JP -0.01 -0.01 0.16
Step 2
Mean Acquaintance -.04* -.04
Step 3
EI x Acquaintance 0.06
TF x Acquaintance 0.02
JP x Acquaintance -0.17
Summary statistics "
Multiple R 0.05 0.06 0.06
Multiple R? 0.00 0.00 0.00
Multiple R? change for 0.00 0.00 0.00
last step
F change for last step 3.59* 4.93* 0.40

Note: * Entries are standardized beta weights from full models; n = 4,077,
®Entries are for full models except for those indicated as change statistics.
*p<.05.*%*%p<.0l.
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Table 28

Summary of Multiple Regression Analyses Predicting Average Within-Source Agreement
among Subordinates with Personality and Acquaintance

Predictor Variables
(1) 2) 3)
Step 1°
EIl -0.01 -0.01 0.01
TF 0.01 0.01 0.18
JP 0.02 0.02 -0.03
Step 2
Mean Acquaintance -.03 -.04
Step 3
EI x Acquaintance -0.02
TF x Acquaintance -0.16
JP x Acquaintance 0.06
Summary statistics "
Multiple R 0.03 0.04 0.04
Multiple R? 0.00 0.00 0.00
Multiple R? change for 0.00 0.00 0.00
Last step
F change for last step 1.11 2.87 0.27

Note: * Entries are standardized beta weights from full models; n = 3,616;
®Entries are for full models except for those indicated as change statistics.
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Table 29

Overview of Findings by Research Hypothesis
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Hypothesis Finding Details Dependent
Variable
H1: The mean level of Not supported Highest Awg:
acquaintance within rating groups magnitude r = - 16
will be positively related to .06; trend was dimensions
within-source agreement. inconsistent with | peers &
hypothesis subs.
H2: The diversity of the rating Not supported; Very small Byt
group will be negatively related to | significant effects significant effects | 16
within-source agreement. were very small, Maximum dimensions
although in the R=.11;R* = 01 peers &
predicted direction subs.
H3a: Within-source agreement Supported Peer ay,, = .85 Average
will be higher for peers than Sub ay,, = .81 awg of peers
subordinates. contrasted
with subs.
H3b: Rater-group source will N/A — 1 did not test Awg:
moderate the relationship between | because I did not find 16
demographic characteristics and a relationship dimensions
within-source agreement. between diversity and (peers &
agreement subs. Will
be used
together)
H4: Within peer and subordinate | Not supported Not significant, High
groups, agreement will be higher but directionally | opportunity
for rating dimensions in which the consistent for to observe
rater group has a greater peers (.86 vs. .84) | dimensions
opportunity to observe the and subordinates | vs. Low
behavioral domain as opposed to (.83 vs. .81); low | opportunity
dimensions with fewer power to test to observe
opportunities to observe effect dimensions
representative behaviors.
H5a: The level of focal Not supported Maximum Awg:
manager’s extraversion, R=.09;R*=.01;n0 |16
agreeableness and consistent dimensions
conscientiousness will be relationships peers &
positively related to within-source between subs.

agreement.

personality and
agreement




agreement
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H5b: The relationship between N/A -1 did not test Byt
within-source agreement for peers | because I did not find 16
and subordinates and the focal a relationship dimensions
manager’s extraversion will be between extraversion peers &
stronger for rating dimensions and agreement subs.
that are more contingent on
extraverted behaviors.
HS5c: The relationship between the | Not supported By’
focal manager’s personality and 16
within-source agreement will be dimensions
moderated by the extent that peers peers &
and subordinates are acquainted subs.
with the target such that the
relationship between personality
traits and agreement will be
stronger with lower average levels
of acquaintance.
RQI: Do other personality traits | Not supported Maximum Awg:
(SN, inclusion, control, and R=.08;R*=.01;n0 |16
affection) of the focal manager consistent dimensions
relate to within-source relationships peers &
agreement? between subs.
personality and
agreement
H6: The mean performance rating | Supported Significant, small | ay,:
of the focal manager will be correlations for 16
positively related to within-source all dimensions but | dimensions
agreement. W-L Balance peers &
(average of .05 subs.
for peers and .06
for subordinates)
RQ2: Which of the proposed N/A

predictors will contribute the most
to our understanding of within-
source agreement for peers and
subordinates?
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Appendix A

Pilot Study: Peer’s and Subordinate’s Opportunity to Observe 16 Benchmarks®
Dimensions

Instructions: Mark how frequently you think a manager is ableto directly observe
hisher peers(i.e., other managers who are at the same organizational level) performing
the following managerial behaviors. If you are uncertain about a particular type of
behavior, try your best to mark an answer.

Behavior

Z 8 z
> B £ 5
R
= = R
2L I I I
-5 A N
1. Has solid working relationships with higher 1 2 3 4
management.
2. Is a visionary able to excite other people to work 1 2 3 4
hard.
3. Quickly masters new technical knowledge 1 2 3 4
needed to do the job.
4. Is action-oriented. 1 2 3 4
5. Is willing to delegate important tasks, not just 1 2 3 4
things he/she doesn’t want to do.
6. Can deal effectively with resistant employees. 1 2 3 4
7. Gains commitment from others before 1 2 3 4
implementing changes.
8. Is straightforward with individuals about 1 2 3 4
consequences of an expected action or decision.
9. Relates to all kinds of individuals tactfully from 1 2 3 4
the shop floor to top executives.
10.  Is willing to help an employee with personal 1 2 3 4
problems.
11.  Remains calm when crises occur. 1 2 3 4
12.  Does not let job demands cause family problems. 1 2 3 4
13.  Does an honest self-assessment. 1 2 3 4
14.  Has a warm personality that puts people at ease. 1 2 3 4
15. Understands and respects cultural, religious, 1 2 3 4
gender, and racial differences.
16.  Actively seeks opportunities to develop 1 2 3 4

Note: Benchmarks® items are copyrighted material and therefore, only one item per dimension is
presented for demonstrative purposes. The actual pretest consisted of 40 items.

professional relationships with others.

Very frequently

5=

9]

9]
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Instructions: Mark how frequently you think employees are able to directly observe
their supervisor performing the following managerial behaviors. If you are uncertain
about a particular type of behavior, try your best to mark an answer.

Behavior

Z 8 z
g £ g g
5 -
2 2 I I I
[ ™ e <
1. Has solid working relationships with higher 1 2 3 4
management.
2. Is a visionary able to excite other people to 1 2 3 4
work hard.
3. Quickly masters new technical knowledge 1 2 3 4
needed to do the job.
4. Is action-oriented. 1 2 3 4
5. Is willing to delegate important tasks, not just 1 2 3 4
things he/she doesn’t want to do.
6. Can deal effectively with resistant 1 2 3 4
employees.
7. Gains commitment from others before 1 2 3 4
implementing changes.
8. Is straightforward with individuals about 1 2 3 4
consequences of an expected action or
decision.
9. Relates to all kinds of individuals tactfully 1 2 3 4
from the shop floor to top executives.
10.  Is willing to help an employee with personal 1 2 3 4
problems.
11.  Remains calm when crises occur. 1 2 3 4
12. Does not let job demands cause family 1 2 3 4
problems.
13.  Does an honest self-assessment. 1 2 3 4
14. Has a warm personality that puts people at 1 2 3 4
ease.
15.  Understands and respects cultural, religious, 1 2 3 4
gender, and racial differences.
16.  Actively seeks opportunities to develop 1 2 3 4

professional relationships with others.

Note: Benchmarks® items are copyrighted material and therefore, only one item per dimension is
presented for demonstrative purposes. The actual pretest consisted of 40 items.

Very frequently

5

9]
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Appendix B

Benchmarks® Section 1 Scales and Sample Items

Benchmarks® Scale

Sample Item

1) Resourcefulness (10 items) = Has solid working relationships with
higher management.

2) Doing Whatever it Takes (9 = [s avisionary able to excite other people

items) to work hard.

3) Being a Quick Study (4 items) *  Quickly masters new technical
knowledge needed to do the job.

4) Decisiveness (4 items) = [s action-oriented.

5) Leading Employees (14 items) = [s willing to delegate important tasks, not
just things he/she doesn’t want to do.

6) Confronting Problem = (Can deal effectively with resistant

Employees (6 items) employees.

7) Participative Management (10 = Gains commitment from others before

items) implementing changes.

8) Change Management (9 items) = s straightforward with individuals about
consequences of an expected action or
decision.

9) Building/Mending = Relates to all kinds of individuals

Relationships (11 items)

tactfully from the shop floor to top
executives.

10) Compassion and Sensitivity (7
items)

Is willing to help an employee with
personal problems.

11) Straightforwardness and
Composure (4 items)

Remains calm when crises occur.

12) Balance Between Life and
Work (4 items)

Does not let job demands cause family
problems.

13) Self-Awareness (4 items)

Does an honest self-assessment.

14) Putting People At Ease (4
items)

Has a warm personality that puts people
at ease.

15) Differences Matter (6 items)

Understands and respects cultural,
religious, gender, and racial differences.

16) Career Management (9 items)

Actively seeks opportunities to develop
professional relationships with others.
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Appendix C

Lower and Upper Boundaries for Calculating ay, by Group Size

Group Size Lower boundary Upper boundary

4 2.00 4.00
5 1.80 4.20
6 1.67 4.33
7 1.57 4.43
8 1.50 4.50
9 1.44 4.56
10 1.40 4.60
11 1.36 4.64
12 1.33 4.67
13 1.31 4.69
14 1.29 4.71
15 1.27 4.73
16 1.25 4.75
17 1.24 4.77
18 1.22 4.78
19 1.21 4.79
20 1.20 4.80
21 1.19 4.81
22 1.18 4.82
23 1.17 4.83
24 1.17 4.83
25 1.16 4.84

Note: Groups whose mean ratings fell outside of this range were removed from the
sample with the exception of those whose mean equaled 5.0 or had perfect agreement.
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