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The Determination of The U.S. Internet Users’ Characteristics,
Dynamic Preference Change and
Rendering of The Leading Edge Internet Users By an Econometric Study
By

Aydogan Durmus
Advisor: Professor Salih Neftci
This study contributes to the literature on the Internet users’ characteristics and

Leading Edge Internet Users in U.S. There are two essays;

The first essay advocates that the U.S. is leading the world in the use of
information technology. However, in U.S., some regions and segments of the population
are more likely to have access to this technology than others. The dichotomy between
those that have and those that do not have access to information technology is referred to
as the “digital divide”. Policy makers or analyst that focus on the digital divide consider
the issue important because modem social interaction “e-society” requires increased use
of computers and information systems. Third industrial revolution in U.S. brings a major
contribution to the U.S. economic growth since last decade “e-business”. In this study,
we try to summarize the U.S. Internet users profile showing how Intenet users profile
changed during 29 months period. Monthly data were provided by Media-Metrix
Company. Data were categorized by sex, region, household income, household size, age
group, web page category, domain name, and utilization frequency. Data contain two
sections; the first group is actual data sets (it comes from tracking meter at the end of
each month) and the second group is potential data sets. A methodology was utilized to

create time series to provide time-base-change for any demographic characteristics during
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29 months, and to identify online users’ monthly web-site preference and changes month

by month.

The second essay: Lead users are users whose present needs will become general
in a marketplace in the future. Since lead users are familiar with conditions, they can
serve as a need-forecasting laboratory for market research. For marketing purposes, such
as determining right audiences for right product, leading edge users must be found out to
address the target groups’ needs correctly. Also by monitoring leading edge group, next
generation customer needs can be fulfilled which in tum will save time, cost and human
efforts. We tried to analyze leading edge Internet users to identify the most notable users’
characteristics. Data set, which covers 29 months regarding US online users, was
provided by Media-Metrix. The econometric method utilized in this study has enabled us
to find out that leading edge users have the following characteristics; have household
income level ($25K-$40K), have children (or no children), household size 5+, have
connected the Intermet from Pacific region, were Female 18+ and Male 18+ shows.
Hypothesis test carried out on the leading edge Internet users using leading group
variable on the leading index proved that leading group prediction was highly close to
actual Internet Users data. These results shall be utilized by online marketing companies
to predict potential customers’ future needs and demands. This approach is expected to
save time and to reduce the cost associated with advertisement campaigns, which are

unplanned rightly or targeting right user groups.
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Glossary

Ad Clicks :Number of times users click on an ad banner.

Ad Click Rate :Sometimes referred to as "click-through,” this is the percentage of
ad views that resulted in an ad click.

Ad Views (Impressions): Number of times an ad banner is downloaded and presumably
seen by visitors. If the same ad appears on multiple pages simultaneously, this statistic
may understate the number of ad impressions, due to browser caching. Corresponds to
net impressions in traditional media. There is currently no way of knowing if an ad was
actually loaded. Most servers record an ad as served even if it was not.

Cyberspace :Coined by author William Gibson in his 1984 novel
“Neuromancer,” cyberspace is now used to describe all of the information available
through computer networks.

Domain Name :The unique name of an Intermet site; for example
www.cyberatlas.com. There are six top-level domains widely used in the US: .com
(commercial) .edu (educational),.net (network operations), .gov (US government), .mil
(US military) and .org (organization). Other, two letter domains represent countries; thus;
.uk for the United Kingdom and so on.

Gross Exposures: :Each time a Web server sends a file to a browser, it is recorded in
the server log file as a "hit." Hits are generated for every element of a requested page
(including graphics, text and interactive items). If a page containing two graphics is
viewed by a user, three hits will be recorded - one for the page itself and one for each
graphic. Webmasters use hits to measure their server's work load. Because page designs
vary greatly, hits are a poor guide for traffic measurement.

Hit :Each time a Web server sends a file to a browser, it is recorded in
the server log file as a "hit". Hits are generated for every element of a requested page
(including graphics, text and interactive items). If a page containing two graphics is
viewed by a user, three hits will be recorded - one for the page itself and one for each
graphic. Webmasters use hits to measure their server's work load. Because page designs
vary greatly, hits are a poor guide for traffic measurement.

Host :An Internet host used to be a single machine connected to the
Intemet (which meant it had a unique IP address). As a host it made available to other
machines on the network certain services. However virtual hosting has now meant that
one physical host can now be actually many virtual hosts.

Internet :A collection of approximately 60,000 independent, inter-

connected networks that use the TCP/IP protocols and that evolved from ARPANet of the
late '60s and early ‘70s.

Xiv
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http://www.cyberatlas.com

IP address :Intemet Protocal address. Every system connected to the Intemet
has a unique IP address, which consists of a number in the format A.B.C.D where each of
the four sections is a decimal number from 0 to 255. Most people use Domain Names
instead and the resolution between Domain Names and IP addresses is handled by the

network and the Domain Name Servers. With virtual hosting, a single machine can act
like multiple machines (with multiple domain names and IP addresses).

Page :All Web sites are a collection of electronic "pages.” Each Web
page is a document formatted in HTML (Hypertext Markup Language) that contains text,
images or media objects such as RealAudio player files, QuickTime videos or Java
applets. The "home page” is typically a visitor's first point of entry and features a site
index. Pages can be static or dynamically generated. All frames and frame parent
documents are counted as pages.

Page Views :Number of times a userrequestsa pagethat may contain a particular
ad. Indicative of the number of times an ad was potentially seen, or "gross impressions."
Page views may overstate ad impressions if users choose to turn off graphics (often done
to speed browsing).

Server :A machine that makes services available on a network to client
programs. A file server makes files available. A WAIS server makes full-text information
available through the WAIS protocol (although WAIS uses the term source
interchangeably with server).

Unique Users :The number of different individuals who visit a site within a
specific time period. To identify unique users, Web sites rely on some form of user
registration or identification system.

Visits :A sequence of requests made by one user at one site. If a visitor
does not request any new information for a period of time, known as the "time-out"

period, then the next request by the visitor is considered a new visit. To enable
comparisons among sites, /PRO uses a 30-minute time-out.

Xv
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Essay 1

The Determination of The U.S. Internet Users’ Characteristics,
Dynamic Preference Change

Chapter 1
1. Introduction

Technological progress comes in waves. The British Industrial Revolution (1760-1850)
ushered in Cort’s puddling and rolling process for making iron, Crompton’s mule for spinning
cotton, and the Watt steam engine. The second Industrial revolution (1890-1930) witnessed
the rise of electricity, the internal-combustion engine, and the chemical industry. The birth of
information technology may hear the start of a Third Industrial Revolution, said by Jeremy

Greenwood at recent article (May 1999), at Rochester University.

In the early 1960s, US Department of Defense was developed computer networks
that could withstand nuclear attack. Main object was that if one route was damaged or
destroyed, the network could send the data to the same point over a different alternative
path. This idea was a fundamental architectural base for the basic feature of the Internet.
Cold war competition was created a better communication system among computers.
Later on US academic research institutions were involved for developing better Internet
system at 1973 and then it was extended to the UK. During the 1980s, the Internet began
to take shape with Internet standards. First thing come out standard communication
protocol being established (IP). By the 1990s the Internet started to move from
government and academic network to a mass-market network. In 1992, a British
Scientist, Tim Bernes Lee, began working on the World Wide Web project (WWW).

Netscape and Microsoft Internet Explorer browser came out and make it
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easy and cheap to use Internet for anyone. In 1995, the control of shifted away from academia

and towards the commercial market.
1.1. Macroeconomic point of Internet Economics

Something has happened to the US economy. An economy has begun to lag behind the
other industrialized countries somehow managed to find a renewed strength in the 1990s and
widen the prosperity gap to its peers. The exact opposite of what should be happening
according to the convergence hypothesis, “which predicts that countries with a lower initial per-capita
GDP should grow more rapidly than these with a higher initial per-capita GDP (Romer 1996) Otherwise
the 1990s were a decade of disaster and stagnation for much of the global economy, with
crises in Mexico, Asia, Russia and elsewhere having global repercussions. (See IMF 1999a). A
number of phenomena on both the supply side and the demand side support the US
Economy’s longest ever expansion, which began back in early 1991. (Romer 1996) One key
factor has been the investment boom seen in the 1990s,with businesses heavily, especially in
informadon technology. In real terms, gross capital investments have almost doubled since
1991. One explanation for the greater willingness to invest is that productivity growth has also
begun to climb in recent years. The most common measure of productivity, output per man-
hour in the non-farm business sector, accelerated during the 1990s. Annual productivity
growth averaged around 2 per cent over the decade as a whole and has averaged more than 2.5
per cent over the last three years, which is back at the levels seen during the “Golden Age”

Figure L.1. The investment boom has led to a process of “capital deepening” —an increase in
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capital per employee. (See, Council of Economic Advisers, 1999). The rapid improvement in

productivity has meant that profits have been maintained and real wages have risen.

One of the well known topics in macroeconomics is total factor productivity (TFP),
which depends on factors other than just increases in inputs of labor or capital and tends to be
linked with technological development and organizatonal improvement (also called the
“Solow residual”). The change in TFP in recent years has given rise to hopes that the
introduction of new technology, especially information technology, has begun to make step
forward. According to the Federal Reserve, at least a third of productivity growth since 1995

can be attributed to TFP. (See, Bureau of Labor Statistics (1999)).

Figure L.1. Output per man-hour (non-farm economy)
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Time Period Source: Bureau of Labo Sts.

High levels of saving and increasing amounts of capital employed per employee are not
enough to explain growth in the longer term. If capital is to be employed per employee are not
enough to explain growth in the longer term. If capital is to be employed effectively by the

workforce, a technology factor (Solow residual) is needed to offer an ever better way of
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creating and exploiting capital. The new growth theory (endogenous growth) defines this
technology factor as innovations that constantly increase the productivity of both workforce
and capital or as human capital, comprising all the knowledge that we can accumulate ad
infinitum with a view to becoming more efficient and achieving increasingly high standards of
welfare (Lucas 1988). According to this argument, growth depends on how many innovations
are made, how efficiendy they are exploited and how efficiently individuals accumulate and
transfer knowledge (Barro, Sala-i Martin 1995). If we believe in a constant rate of growth over
the long term, we could imagine a steady, “natural” rate of innovaton and knowledge
acquisition leading to steady growth rate.

According to Robert J. Gordon recent article (February 2002) the American latest
achievement was the maintenance of low inflation in the presence of a decline in the
unemployment rate to the lowest level reached in three decades. The sources of the US
macroeconomic miracle of 1995-2000 was the post-1995 technological acceleration,
particularly in information technology (IT) and complementary revival of productivity growth,
directly contributed both to faster output growth and to holding down the inflation rate, but
inflation was also held down by a substantial decline in real non-oil import prices, by low
energy prices through early 1999, and by a temporary ending in 1996-98 of inflation in real
medical care prices. In turn low inflation allowed the Fed to maintain an easy monetary policy
that fueled rapid growth in real demand, profits, and stock prices, which fed back into growth
of consumption in excess of growth in income. The technological acceleration was made

possible in part by permanent sources of American advantage over Europe and Japan, most
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notably the mixed system of government- and privately-funded research universities, the large
role of US government agencies providing research funding based on peer review, the strong
tradition of patent and securities regulation, the leading worldwide position of US business
schools and US-owned investment banking, accounting, and management-consulting firms,
and the particular importance of the capital market for high-tech financing led by a uniquely
dynamic venture capital industry. While these advantages help to explain why the IT boom
happened in the United States, they did not prevent the US from experiencing a dismal period
of slow productivity growth between 1972 and 1995 nor from falling behind in numerous
industries outside the IT sector. The 1995-2000 productivity growth revival was fragile, both
because a portion rested on unsustainably rapid output growth in 1999-2000, and because
much of the rest was the result of a doubling in the growth rate of computer investment after
1995 that could not continue forever. The web could only be invented once, Y2K artificially
compressed the computer replacement cycle, and some IT purchases were made by dot-com’s
that by early 2001 were bankrupt. As an invention, the web provided abundant consumer
surplus but no recipe for most dot-com’s to make a profit from providing free services. High-
tech also included a boom in biotech and medical technology, which also provided consumer
surplus without necessarily creating higher productivity, at least within the feasible scope of

output measurement.

New Economy skeptics such as Gordon (2000) agree that in computers,
telecommunications, and other areas of durable manufacturing, technology has been

improving at a rapid rate. Outside of durable manufacturing, however, our results contrast
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sharply with those of Gordon, who argues that the acceleration in labor productivity largely
reflects cyclical factors. Gordon uses the quarterly labor-productivity data for the private
business and durable manufacturing sectors to “back out” a series on labor productivity
outside of durable manufacturing, which he then attempts to decompose econometrically into
trend versus cycle. Because of data limitations, Gordon’s mapping is not necessarily precise —
output in durable manufacturing is a gross output measure, whereas private business output is
a measure of final sales (or value added). Changes in the materals-output ratio will, for
example, change the mapping. Our industry data and the form of our utilization correction are

also important differences.

Basu and M.Shapiro (2001) provide added support for the view that recent increase in the
pace of productivity does correspond to an increase in technology: The corrections for
utilization and adjustment have subtle effects on the timing of growth in the 1990s, but do not
explain the notable acceleration in the latter half of the 1990s. Is the increase in the growth of
technology sustainable? Basu and M.Shapiro results do not provide evidence one way other or
the other. Nothing in our technique of calculating technical change can detect momentum.
They framework does, however, provide one forecast that is favorable for the level of
technology. Suppose the investment boom experienced in the 1990s is reversed. They
framework suggests, all other things equal, such a reversal will provide a once-and-for-all boost
to the estimated level of productive capacity. During the boom, resoutces are being diverted to

adjustment. If this pace of adjustment slows, those resources will be available permanenty for
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production. While the effect on the growth rate is temporary, the effect on the level of output

is permanent.

John Zysman and Steven Weber (2001) article give us great summary for E-conomy.
Driven by two fundamental processes, rapid technological change as well as social innovaton
and reorganization, a new digital economy, the E-conomy, is emerging. Rather than merely
adding an Internert sector to the economy, the E-conomy has brought about tools for thought,
tools that transform every sector of the economy by amplifying brainpower the way steam
engines amplified muscle power during the Industrial Revolution. For analytic purposes, the
rise of the E-conomy can be told as a story composed of 1) networks and tools, 2) e-business
and e-society, 3) the productivity dilemma resolved, and 4) governance and politics. In the
short run, the transformative processes unleashed by the E-conomy are likely to lead to new
bargains among existing coalitions and interest groups. In the long run, the changes underway
promise to fundamentally alter the political sociology of huge communities, give rise to new
interests and coalitions, and transform the institutional foundation of social, economic and
political life. Stories about the digital economy, the E-conomy, have moved from specialty
journals to the business pages and from there to the front pages of mainstream newspapers.
The issues have evolved from the narrowly technical discussions of how best to configure a
data network and the narrowly legal issues of patents and copyrights into significant policy
battles over taxes, privacy, and intellectual property that have significance for the character of

the marketplace.
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1.2. Networks and Tools - the Infrastructure of the E-conomy

The equipment of this new Internet economy rests on advanced data networks and is
facilitated by new software tools. The transformation of network communications underpins
and expresses the evolving e-commerce and e-society story. The new Internet based economy
grew extraordinarily quickly in comparison with earlier communications and transportation
technologies. It took telephone technology 38 years to reach a penetraton level of 30 percent
of U.S. households. Television was faster, reaching 30 percent of households after about 17
years. The Internet, however, surpasses any previous communications technology in diffusion

speed by accomplishing the same penetration in less than 7 years, (Figure 1.2).

One of the main reasons for this rapid diffusion is that the new technological system, the
Internet/web system for linking and addressing computers, could be initally deployed over the
older, existing infrastructure for voice communication, telephones. This technologically-driven
transformation interacted with and fueled a move away from the older voice infrastructure,
plain old telephones (POTS) over a switched analog, then later switched digital network, in a
public utility, or regulated monopoly, model, and toward competing public providers, private
data networks, and “networks of networks” linked by routing data. Expected network system
growth will be huge next ten years to get connected all around world. Wireless communication
growth rate and advantage to create the best efficient network system make it easy to reach all

small place in the world to get involved any small community.
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Figure 1.2: Years taken to reach 50 million users in the US (Dept. Of. Commerce)
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1.3. E-business, E-society and E-generation

How new generations will demand and value credentaling; what changes are necessary to
meet new demands, how changes will impact credentialing and how industry will respond.
Those question answer not easy to answer now its needs more academic work to identfy e-

generation characters, preferences and difference than traditional customer.

Our society may ultimately be transformed by digital tools for thought and the data
networks that connect the now universal computers. It is important to remember that we are
stll in the earliest days of technological innovation, with only the first glimmers of the
commercial and social implications to come. Although there is much speculation on the
subject, the question of how new communities will be shaped by the new technological
possibilities is, inherently, unknowable — there are simply too many degrees of freedom. The
telephone was proposed to be a means of listening to symphonies, before switched signals

made it a tool for social and business communication. Business to business (B2B) and business
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to consumer (B2C) projects have induced the development of a new data communications
infrastructure. If significant changes in the broad dynamics of the E-conomy emerge in the
first half of the decade, it appears that they will begin with the transformation of business. This
transformation goes far beyond the introduction of computers into the workplace: as Erik
Brynjolssen and Lauren Hitt point out, for every dollar spent on computers or other
information technology equipment, businesses spend about ten dollars to reorganize their
information, production, and social systems in order to use the new technology most
efficiently. The real story is thus not about technology as such, but in the way technology

enables and induces reorganization.

Department of Commerce publish recent study to show that how new innovations have
been integrated into society ever more quickly. Figure I.1. shows how each new innovation
engaged has needed less time than its predecessors to secure a broad distribution in the US.
One of the big causes of a permanent shift in the growth rate is a change in the social and
institutional picture. Such changes reflect a kind of improved “social technology” that impacts
on the very core of the knowledge and innovation creation process: the behaviors of individual
people. By better institutions we might mean a better climate for innovation and a better

return on, or better subsidies for, the achievement of knowledge. (Romer 1990)

In the last decade has been the development of the IT sector, which accounted for just
over 6 per cent of total GDP in 1993 but a third of GDP growth in 1995-97. Productivity

growth in the sector has been extremely high, averaging 41.7 per cent per annum between1995

10
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and 1999 (see, US Government Working on Electronic Commerce (1998) and US Department
of Commerce (1999a). The last few years have seen this increasingly intensive computerization
and connectivity within businesses begin complemented by the Internet, which in the form of
e-commerce, is creating an integrated system between businesses and their customers and
suppliers. The rise of the Internet and e-commerce suggest yet another technological edge for
the US over Europe. Currently 55 per cent of key personnel in European businesses have e-
mail facilities and only 60 per cent have access to the Internet. According to various estimates,
US customers accounted for as much as 80 per cent of world e-commerce in 1999, compared
with just over 15 per cent for Europe. However the number of Internet users is growing even
faster than in the US, with e-commerce forecast to explode from just a few billion US 1999 to
USD 250 billion in 2002. The next generation of Internet applications is expected to involve

mobile soluton.

Nielsen/ Net Ratings, Internet audience measurement service and Harris interactive a
global leader in Internet-based market research, April 2001 reported that nearly half or 100.2
million people of the US adult population have made a purchase online. Finding from the
Nielsen/NetRating and Harris interactive eCommerce Pulse, drawing online purchases from
48.2 percent of all Americans over 18 years old or 100.2 million people. Furthermore, more
than 81.2 percent of all adults with Web access have made a purchase online since they started
using the Internet. “Online shopping is not trivial when more than 80 percent of all Web
surfers and nearly one out of every two Americans are involved — eCommerce has gone

mainstream,” said Sean Kaldor, vice president of eCommerce at NetRatings. More than $3.5
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billion was spent online in March 20001, jumping 35.6 percent from $2.6 billion in April 2000.
Two product categories accounted for more than half of this growth. Online travel spiked 58.5
percent to more than one billion dollars in March 2001, while clothing and apparel jumped

122.3 percent to $368 million.

The Internet economy is also compared today to the Industrial Revolution in potental
scope and size. While the physical aspects of any economy are still based on raw materials like
steel, oil, and gas the Internet economy is fundamentally different. This new economy relies on
high-speed networks based on the Internet Protocol, Internet applications, new marketing and
business tools, and electronic intermediaries to increase the efficiency of internet-driven

markets.
1.4. Internet Users in the US

Ever communications medium in the 20* Century has evolved over some period of time
from an infant stage to a fully adult stage of development. Almost all media have been
revolutionary for their time. The telephone, radio, television, cable, satellites and others all
made deep changes in how Americans work, play and socialize. But a strong case can be made
that no medium prior to the Internet has grown so quickly to touch the daily lives of so many
peoples. According to Inteco, 1998 was a year of critical breakthroughs for the Internet and
the surge of users on the World Wide Web cannot entirely be attributed only to the increased
popularity of online shopping during the last holiday shopping season. The Internet revolution

in the commercial, social and civic life of America also appears to be accelerating technological

12

Reproduced with permission of the copyright owner. Further reproduction prohibited without permission.



innovation and the convergence of various technologies into an entirely new communications

environment.

Many studies have utilized database that are based on small sample sizes, and most of the
data sample size is between 1200 o 3000. Responses obtained from several Internet users
belonging to different regions, and characteristics such as household size, income level, sex,
and age group reflect the general US Internet users’ profile. This database mostly generated by
personal interviews, phone calls, or Internet surveys. Although the aforementioned techniques
have some advantages such as getting detailed data and easiness to reach to the user, they
present certain disadvantages. These drawbacks include getting accurate information from the
end users due to person’s shyness which could source from being on adult web sites or
gambling online casinos, or hard to remember past activities on the internet such as how many

hours spent on the internet daily, or time spent per web sites, or types of web sites they visited.

The most reliable series of surveys done to determine the characteristics of average US
Internet user have been carried out by the Center for Communicaton Policy at University
California at Los Angeles (2001). The latest survey results were published in November 2001.
The appealing feature of these study series, which covers more than two thousand households
across America, is related to the fact that they continuously observe the preferencal changes in
the same household Internet user for a year. Another interesting aspect of the UCLA Internet

Project is that the study looks at the social impact of the Intemet, which comprehensively
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tracks a wide range of values, behavior, atitudes, and perceptions. In addition, the project

focuses on Internet non-users as well as users.

However the UCLA study lacks four important aspects. Firstly, it is based on small
sample size. Secondly, it only predicts yearly changes not on a monthly observaton, which
would have present more realistic results. Furthermore, it is very difficult to establish time
series for behavioral changes. Lastly, it is very doubtful to get reliable answers from one-on-
one household interviews because of the facts that end-user may change his responses for

personal and family matters, and hard to remember entire yearly Internet activities.

Media-Metrix Company is a leader in Internet usage measurement. Media Metrix operates
three samples of Web users (over 78,000 individual in all) that have installed a tracking meter
on the computers that they use to access the Internet from both their residence and from
work. They are very interested with our project and provided us all necessary database to see
our project results. Data sets cover 29 months Since August 1998 to December 2000. Data
covers total number of Internet users in the US monthly actvity base on sex, region,
household income, household size, age group, and web page category and domain name. Data
contain two section first group is actual data sets (its comes from tracking meter end of each

month) and second group is potential data sets.

In this study, we try to summarize the US Internet users profile and showing that how
Internet users profile changed during 29 months. Base on regional difference, sex (male,

female, teenage, children), age group, household income level, and household size for the US
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Interner users. Bring together our data results and some major study to figure out why people
connected Internet and what kind of activity they are doing during online connection. In this
study, we have information that average minutes per users per month and average page views
per user per month. Both are key indicators of the “stickiness” or attractiveness of a Web site
or property. Average minutes represent the average amount of time the average visitor to the
site spends on the site during the month. For example, Mail.com network recorded 130
minutes per users per month, meaning that the average visitor to Mail.com network in
December 1999 spent over two hours on the site during the month. Average page views
represent the average number of pages on a Web site or property viewed by the average visitor
to the site during the month. For example, DoubleClick Network recorded 29 pages views per
users in December 1999, meaning that the average visitor to DoubleClick Network viewed an
average 29 pages during the month. The page views metric it’s a critical measurement for

Internet advertising contracts are based on impression or page view guarantees.
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Chapter 11

2. Review of Journal for US Intemet Users Characteristics

2.1. Microeconomic point of Intemet Economics:

Kridel, Rappoport and Taylor (1998), identify a number of important drivers for Internet
access, using a logit modeling technique. Their model shows price elasticities for Interet
access in the range -0.18 to —0.38, which they observe are higher then would be expected for
access to the regular telephone network. Given the size of the estimated Internet price
elasticities, they conclude that while price is an important factor in the current volatle growth
in the number of Intemet users, growth is substandally and endogenous process fuelled by
network and usage externalities. They obtain an income elasticity of 0.36. Usage of advanced
telecommunications services is shown positively correlated with the Internet access, as is
education level and professional employment. Negative demographic influences are identified
as age, household size, being married rather than single and perhaps surprisingly, living in a

rural location.

Madden and Savage (1998), they studied the demand for Internet use for households in
Western Australia and they used Logit model. They primarily focus on the impact of price
structure on demand, where they found that flat rate price policy had a positve effect on
usage, while time based charging acted as a disincentive. And plus they one other finding is
that length of Internet subscription had a positive effect on usage and implying that a learning

effect was obvious. There are interesting results regarding the relationship between income and

16

Reproduced with permission of the copyright owner. Further reproduction prohibited without permission.



usage with high and low income variables being significant, and the strongest effects emerging
in the middle of income range. This result reflects an observation in Cracknell (Cracknell, D.,
1999, the changing market for inland and international calls. In ‘The Future of the
Telecommunications Industry: Forecasting and Demand Analysis’, D.G.Loomis and
L.D.Taylor, Chapter 5.) The study also shows a negative correlation between age and level of
usage, and a positive effect through being male. The type of usage made of the Intemet and
indicates the strongest demand from those primary usages is usage of chat line, followed by

those who use file transfer, those who browse, and those who use email.

David Cracknell, Sumit Majumdar and Nimeshh Patel (2000) obtain quantification of the
drivers of Residential Internet demand for UK Their econometric models were fitted to the
monthly British Telecom (BT) voice and Internet local call minute data since January 1996 to
January 2000. Otrdinary least squares regression model were developed relating call minutes
per day to the following set of potential driver variables: System sige, this was allowed for by
modeling calls per main line. The economy, UK consumer spending at constant price was used in
the models. Price, The measure used was revenue per minute, deflated by the UK Retail Price
Index. VValue for Money, Past experience has shown that customers are prepared to make more
calls when their perception of whether BT offers good value for money is higher. The number of
mobile handsets, 1o investigate effects of substitution from fixed telephony to mobile. The number
of Internet users- a market research based measure of the percentage of households with access

to Internet. And Internet traffic was tested in the voice model, to find substitution effects.
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For voice and Intemet price elasticity are higher than might be expected given previous
UK studies of local call minutes and tendency of prices to fall in real terms in recent years
leading to consequent fall in elasticity. The latest modeling suggests that the Voice elasticity has
remained steady over the1950 and that Internet minutes are more prices elastic than voice.
This latter result is given the recent debate in the UK about impact of telephone chargers on
Internet development and the suggestion than the current lack of US style unmeasured price
option for local calls is a significant deterrent. It also corroborates the US findings of Kridel
and Rappoport and Taylor that the price elasticity for Intemet access is higher than for voice

aCCess.

The economy has a weak effect on Internet minutes and no effect on voice minutes these
results contrasts with Cracknell (1994), which gives an elasticity of 0.69, and the significant
income effects established. It is likely that the steady growth, which occurred in the UK in the
period under examination, provides insufficient statistical variation to give a reliable estimate
of true effects. Nevertheless, it is likely that if customers regard the Internet as more of a
luxury good than voice communication then the economic elasticity might be expected to be
higher. This would be suggested by analogy with Kridel, Rappoport and Taylor study, where
the income elasticity obtained was higher than the price elasticity. The Madden and Savage
model indicates, however, that the link between income an usage maybe more complex, with
strong elasticities in the middle income range, but weak effects amongst high and low eamers.
These, potendally conflicting, results indicate that the relationship between Internet demand

and income is one that might warrant fuller investigation
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The number of users is also important for the Intemet, but the elasticity at 0.198 indicates
that new users are likely to log onto the net for less time per day than established users. Also
logit model confirms the result. Value for money perception is an important driver for voice
minutes, but appears to be less significant for Internet. A possible conclusion that could be
drawn from this is that Voice usage is more likely to influence customer choice of
telecommunications operator. Substitution effects are starting to show through, and will
become more important features of the market as the time passes. At present, there is a small
substitution effect between fixed and mobile, but this may be expected to become stronger
over time. The modeling also provides an estimate of the substitution effect between Voice
and Internet, indicating 1 Voice minute lost for each 8.8 Internet minutes generated. A part of
this loss may represent migration from fixed onto mobile networks. The relationship between
Internet demand and system size is, in reality, more complicated than implied by the modeling

work. Internet is a significant driver in demand for additional Residential lines.

In this study also that database provides information on Internet usage, and a number of
demographic characteristics. The sex of a person is a significant feature, with the proportion of
males from the sample set accessing the internet from home being dominant compared to
proportions for females, and both sexes are experiencing similar growth rates. Access to the
Internet at home is strong amongst all age groups. High Income bracket households were
dominant amongst those connected to the Internet. Disparity between low and medium
income households is not as much as might be expected and hence one can conclude that the

Internet is no longer just for the high/medium income earners. Affordability of computers is
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no longer a huge deterrent in accessing the Intemet due to ever increasing reductions in prices.
As might be expected, the highest proportion of Internet users is to be found amongst those

with high call bills.

Internet demand can also generate demand for other services-we have noted that around
15% of Residential users have installed a second fixed line for Internet usage, and that a
number of the voice calls which appear to be lost when such usage increases may migrate onto
mobile networks. As usage increase, more service, such as banking, may increasingly encourage

web access to save costs.

UCLA Center for Communication Policy report at November 2001 created a base profile
of behavior and attitudes about Internet use and non-use. It’s a comprehensive, year-to-year
examination of the impact of online technology on America. And also explore how the
Internet influences the social, political, and economic behavior of users and non-users. The
project surveys more than 2000 households across America. Each year they contact same
households to explore how online technology affects the lives of those who are continuing
Internet users, those who remain non-users, and those who move from being non-users to

usets.

We could list some major finding from that report. 72.3 percent of Americans in 2001 go
online, an increase from 66.9 percent in 2000. Users in 2001 go online about 9.8 hours per
week, up from 9.4 hours per week in 2000. The top five most popular Internet activities are

using email and instant messaging, web browsing, buying online, finding entertainment
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information and reading news. Top reason why users started to use the Internet is to obtain
information quickly, followed by work needs, and then access to e-mail. 48.9 percent of
Internet users purchased online in 2001, down from 50.7 percent in 2000. Very experienced
Internet users spend a larger proportion of time online spending e-mail, doing professional
work, looking for news, or trading stocks. New Internet users spend a greater proportion of

their time visiting chat rooms, playing games, and browsing online.

The primary reason why 27.7 percent of Americans are not online is “no computer” or
“Lack of access to adequate computer.” The number of non-users who are “not interested” is
declining. Intemet users watch 4.5 hours per week less television than non-users. And,
television-viewing decreases as Internet experience increase. Internet users may find the time
to go online by reducing their television viewing. Increasing number of users say the Intemet is
an important source of information. Even new users believe that the Intemet is a very
important or extremely important source of information. 58 percent of users in 2001 believe

that most or all of the informadon online is teliable and accurate.

While attitudes may be changing, one point found in the 2001 survey remains paramount:
almost half of Intemnet users purchased online in 2001. In spite of a declining economy,
uncertainty in online retailing, and continuing concerns about online privacy, 48.9 percent of
Internet users made at least one online purchase in 2001. When asked why users wait to make
their first online purchase, concern about fraud and deception rank among the top reasons.

Internet users deep concerns about privacy among all users; prominent among the privacy

21

Reproduced with permission of the copyright owner. Further reproduction prohibited without permission.



issues was concern about credit card security. Growing numbers of users say that e-mail helps
them communicate with people they could not normally connect with otherwise. Although
Internet users consider e-mail a powerful tool stay in touch with people they know, they do

not believe in it is easier to meet new people online than in person.

When asked if “people who go online put their privacy at risk” more than half of Internet
users and nearly three-quarters (74.5 percent) of non-users in 2001 either agree or strongly
agree. Nearly all respondents (94.5 percent) report some level of concern about the privacy of

their personal information when or if they buy online.

Internet users overall believe that the Internet either has no influence on the amount of
time they spend together with household members, or positively influences household time
together. If the question asked “How does the Internet affect time with family and friends?”
Internet users spend more time than non-users socializing with friends, and almost as much
time socializing with family members. Users and non-users report similar amount of tme
involved in actvities with household members; the only decline was time spent watching
television. Almost one-quarter of children are now watching less TV then before they started
using the Internet. The grades of children in their household have stayed the same. Users in
2001 in 2001 says the Internet continues to be an important resources for gathering
information about political issues, but declining numbers believe that the Internet gives them
more political power, or helps them influence political decisions and government officials.

Does the Internet affect workplace productivity’’? Most users say the Internet is a mechanism
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for workplace productivity. Of employees who say the Internet makes them less productivity,

the most frequently cited reason for lower productivity is spending time on the Internet doing

things unrelated to their jobs

Reproduced with permission of the copyright owner. Further reproduction prohibited without permission.



Chapter 111

3. Methodology
3.1. Data base source and Methodology

Media Metrix is a leading provider of Internet and Digital Media measurement products
and services. The company starts to measure usage of the entire digital landscape, including its
largest segments. In the market their measurement data met with huge demand by advertising
agencies, new and traditional media companies, e-marketers, technology companies and
financial institutions. They have currently interational operation too. Company is setting the
global standard for Internet and Digital Media audience measurement. Media Metrix data are
used to buy, sell and plan advertising, support marketing and commerce initiatives, Asses

partnerships and distribution strategies and analyze competitors.

Mcdia. Metrix patented metering methodology, which collects actual usage data from
randomly recruited, representative samples of tens-of-thousands of people in homes and
business around the world. The meter is a software application that works with the PC
operating system to passively monitor all user activity in real time click-by-click, page-by-page,
and minute-by-minute. The usage data are aggregated to create the most extensive and
comprehensive database of actrual Digital Media usage available today. Whole Universe is
defined as all those individuals who used the Internet or any Digital Media at home, at work or
at college during the past 30 days. Media Metrix takes two complementary approaches to the

measurement of banner advertising, a sample approach (The Ad Network Report), and a
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competitive tracking approach (Ad-Relevance). Our data source comes from The Ad Network
Report. Using audience measurement methodology. Media Metrix records each file requested
by a user. All banner ads being viewed by the sample and classify them according to the
network responsible for the distribution, for example AdSmart, Flycast Network. Actual and
potential reach of each of the major network data available. Ad Networks and their channel
are tracked across key measurement criteria including measures (Reach % and Unique Visitor
(000)) and frequency measures (Day, Pages, Time, Spent Per Person). Also audience estimates
and audience composition are provided across age within gender demographic groupings and
household demographics. Monthly report intervals are between First day of Month and last
day of Month. When [ say April 1999 reports includes data from April 1, 1999 through April

31, 1999.

For our study we used 15-major Ad Sales Network and this report divided two major
secdons Actual Reach and Potental Reach data sets, there are two way to measure Ad
Networks. Potential Reach one of the way of estimating the reach and audience composition
of an Ad Network is to sum up the unique audience across all the sites in the Ad Network as a
whole and Ad Network Channels, individually. Ad Sales Networks has contracted with Media
Metrix and signed an agreement stating the company understands and will comply with the
guidelines established by Media Metrix. Actual Reach second method to estimated the reach
and audience composition of an Ad Network is to count the audience that received an ad
provided by a third party ad server. For the real-time panel, Media Metrix has the technical

capability of measuring when a user receives an ad and, therefore, has the ability to calculate
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Actual Reach. They are using real-time software, that software contains all data representing
the origin of all the sources. This ability to evaluate third-party ad server activity on all websites

enables performance measurement. It is an accurate measure of the ads viewed.

Media Metrix is using two similar tracking meters are used to collect web usage activity.
One-third of the panel currently uses the Media Metrix real-time tracking software to detain
and transmit the web usage activity. Internet users install the software on all computers that
the Household members use to access the Web in their place of residence and their place of
work. Each household member chooses himself or herself from list of software’s user
identification screen. The software passively records all Webs browsing actvity, sending all
clickstream data, user demographic and computer information to Media Metrix servers in real-
time, as the user moves about the Web. If the computer has been inactive for more than 30
minutes, the meter requires indicating again who is at the computer. Second tracking software
name is Media Metrix PC Meter software; users also install on all computer in the at home and
primary computer at work. On the first day of each month, a retrieval disk arrives via mail at
the respondent’s home and place of work, with instructions how to download the collected
data. The disks are returned to Media Metrix for reading, processing, coding, and tabulation

over the following several weeks.
3.2. Calculating the Estimates

In order to accurately measure total computer usage, Media Metrix recruits a sample of

households and requests each individual in the household to install and use the meter at all
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locations where he or she uses a computer. Cooperation rates differ between At Home and At

Work installation. Some people will install the meter At Home but not At Work.

Likewise, there are those who install At Work but not At Home. Estimate the Aggregates
and Combine Media Metrix uses an Estimate the Aggregates approach for producing the
integrated estimate of computer usage and thus, Digital Media usage. Given that Media Metrix
presently operates the largest sample of At-Home users, it can produce very reliable estimates
of the number of people using a computer, or any Digital Media, At Home. Incorporated are
each and every respondent in the sample including those in cells 1, 2, and 3. This sample
naturally distributes itself among those who also use a computer At Work and those who do
not also use a computer At Work. Whether or not they are also measured At Work is
irrelevant when the objective is to produce as reliable an estimate as possible of At Home
usage. Media Metrix also operates the largest sample of At Work users. That sample can be
similarly projected to produce estimates of the number of people using a computer, or any
Digital Media, At Work. Again, the behavior of each individual under measurement
(regardless of At Home usage, and regardless of whether or not they are measured At Home)

can and should be included.

The two samples do overlap, with a portion of the At Work measured respondents that
also installed the meter At Home. The both sample can also be projected to its universe
estimate. These three terms (At Home, At Work, At Both) can be combined to produce an

estimate of the total number of people using a computer, any application, any online service,
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the World Wide Web, or any Website At Home or At Work. If we know how many different
people used At Home and how many different people used At Work, we can combine the two
estimates to get a total. That total, however, will have double counted people who used in
both locations. The estmate of the number of persons who used in both locations is
produced, however, and can be subtracted from the duplicated total resulting in the Net

Unduplicated Audience.
3.3. Calculating Other Home/Work Measures

Duplication must be managed throughout the reporting process, taking into account
reporting detail, ime and the specific measurements or estimates being produced. In the
course of a month, the standard Media Metrix reporting period, an user can visit a
site/channel/application both from home and from work, so the duplicaton must be taken
into account when estimating the number of unique site/channel/application visitors. Further,
estimates of duplication must be addressed at all reporting levels: The total medium (all Digital
Media for example), and for reported aggregations such as categories of sites, site
consolidations, individual websites, entire online services, channels within online services,

applications, etc. The following section gives us brief description of technical definition.

Unique Visitors: Consider the estimate of the number of unique visitors to Proprietary
Online Services. A user who used America Online from Home on the fifth of the month and
CompuServe from Work on the tenth would be considered duplicated users of Proprietary

Online Services in the month, but not duplicated users of America Online or CompuServe.
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Unique Visitors (UV) =Visitors*Weights

Usage Days: When estimating the average number of Usage Days Per Person user estimates
must be unduplicated at the individual day level. A user, who visits I-Village At Work on the
fifth of the month, and I-Village At Home on the sixth of the month, has visited I-Village on
wo different days - one user, two visiting days. If that same person visited Lycos on the

seventh At Work and on the same day did so At Home, the user must be credited for one day

Time: Only Unique Visitors and Usage Days need to be unduplicated. Time is simply
additve. If a user spends 15 minutes on USA Today At Work, and that same night spends
another 30 minutes on USA Today At Home, the total amount of time spent viewing is 45
minutes (15 minutes plus 30 minutes) -- one user, one day, 45 minutes This technique is used
in this Ratings Report for all Home/Work Integrated Estimates Usage Days Per Person. The
average number of different calendar days during the course of the month on which a user

visited a Website, channel or an application.
3.4. Measures Unduplicated Audience

Digital Media Reach %: The percentage of projected individuals that visited a specific
website, category, channel, or application among the total number of projected individuals

using any Digital Media during the course of the reporting period.
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WWW Reach %: The percentage of projected individuals that visited a specific website or
channel among the total number of projected individuals using the World Wide Web during

the course of the reporting period. Reach (%) = UV (demo)/ Universe Size (demo)
3.5. Frequency Measures

Average Daily Unique Visitors (000): The estimated average number of different individuals
(in thousands) that visited any content of a website, a category, a channel, or an application per

day during the course of the reporting period.
Average Daily Unique Visitors = (UV*Avg. Days)/#days in period)

Average Usage Days per Visitor per Month: The average number of different days in the
month, per person, in which a Website, category, channel, or application was visited. A person
is defined as a visitor if they access at least one page of content within the Website, category,

channel, or applicadon. A day is defined as 12:00 midnight through 11:59:59 PM
Avg. Usage Days per Visitor per Month=((Visitor*(total unique pages)*Weights)/ UV

Average Unique Pages per Visitor in a Day: The average number of different URLs made per
day by those persons visiting the Website, category or channel. A unique page request is
defined as a specific URL that was successfully loaded by the browser at least once in the day.
Even if the page was viewed many times, the page is counted only once under the unique page
request definition. In the case of non-web content, unique pages are the equivalent of unique

Window Titles, if applicable, and if not, are undefined and set to zero.
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Average Unique Pages per Visitor in 2 Month: The average number of different page requests
made per day over the course of the month by those persons visiting the Website, category,

channel, or application.
Avg.(Daily)unique pages per visitor per Month =(Visitor(total unique pages)*weight)/ UV

Total Usage Minutes (000): The total number of usage minutes spent at the Website, category,

channel, or application during the course of the reporting period.

Average Minutes per Usage Day: The average number of minutes spent on the Website,

category, channel, or application during the day, per visiting person.

Average Minutes per Usage Month: The average total number of minutes spent on the
Website, category, channel, or application during the month, per visiting person.

Avg. Minutes per Visitor per Usage Month=(Visitor (total minutes)*Weight)/UV

Average Minutes Spent Per Unique Page: The average number of minutes spent on each
unique page during the day.

Avg. (Daily) Unique Pages per Visitor per Month= ((Visitor (total unique pages@Home) *
Home Weight) + (Visitor (total unique pages @ Work)*Work Weight))/ Combined UV

Average Daily Unique Visitors= (UV*Avg. Days)/#days in period)

Composition: The percentage of a Website, category, channel, or application’s visitors that
belong to a specific demographic grouping. Composition (o) = UV (Demo)/UV (All)
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Chapter IV
4. U.S. Online Users®’ Characteristics.

In this study our simple objectives are threefold 1) Provide interested pardes —
consumers, market researchers, Internet-based business interests, - with the accurate baseline
numbers and marketing insights necessary to aid decision-making and stimulate inquiry in this
complex and rapidly changing environment 2) demonstrate the difficulties and indeterminacies
inherent in estimating a complex and moving target. 3) create a time series to provide time

base change demographic characteristics.

The rate of growth of Internet use in the United States is currenty 1,5 to 2 million new
Internet users per month. Individuals continue to expand their use of computers and the
Internet. As of September 2001, 174 million people or 65.6 percent of the U.S. populaton
were computer users. One hundred forty three million people or 53.9 percent of the

population used the Internet according to NTIA.

One other number for online user’s population is from UCLA reports say 72.3 percent of
Americans in 2001 go online. Nielsen rating company announced Intemet users in US is 166
million almost 60 percent of American is online currently as of March 29, 2002. Children and
teenagers are the most likely to use the Internet and computers. Ninety percent of children
between the ages of 5 and 17 (48 million) now use computers, the study found. Three-quarters

of 14 to 17-year-olds and 65 percent of 10 to 13-year-olds use the Internet. It's no surprise,
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then, that households with children under age 18 are more likely to have Internet access than

those without children (62 percent versus 53 percent).

Dial-up access is still the norm for most Americans that access the Internet, with 80
percent of residential Internet using dial-up. But the survey found that from August 2000 to
September 2001, residential use of broadband Internet access doubled from 4 percent to 11

percent of all individuals, and from 11 to 20 percent of Internet users.

The most popular use for the Internet is still e-mail, which is used by 45 percent of the
overall population, up from 35 percent in 2000. According to NTIA study, approximately one-
third of Americans use the Intemnet to search for products and service informaton (36
percent, up from 26 percent in 2000). Among Internet users, 39 percent are making online

purchases and 35 percent are searching for health information.

The study also offers evidence that use of the Internet and computers has spread from
work to the home. Approximately 24 million of the 65 million employed adults who use a
computer at their job also work on a computer at home. The presence in a household of
someone who uses a computer at work makes it far more likely (by a margin of approximately

77 percent to 35 percent) that the household owns a computer or uses the Internet at home.
4.1. The World's Online Populations

CyberAtlas research staff tries to maintain Intemet users for countries around the world

using by CIA population statistics, ISP data sources and also online users in any giving country
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from Nielsen/Rating data source. Table IV-1 shows that current estimate number of online
users on the world is around 445 million or one other research says 535 million. More than 30
percent of online users live in US. The Highest ration for Intemet users versus Country
population is over 50 percent only for US, Sweden, UK, Switzerland, and Canada. Most
countries’ online users are less than 10 percent of population. Second information on the same
table is number of Intemet Service Providers (ISP). US have more than 7500 ISP’s then next
biggest number of ISP from Canada 760, Australia 718 and 245 ISPs from UK. More than 12
countries have only 1 ISPs. The feature that will drive E-commerce is free product delivery

(98%), On-time delivery guarantees (95%), No sale tax is 95% Table IV.3.

4.2. Web Pages by Language

According to Forrester Research Table IV-2, 50 percent of all online sales will be sold
outside the US by 2004, meaning that muldlingual sites are a must for companies looking to
succeed in the new economy. What languages dominate the Web? It should come as no
surprise that English still dominates the Web, with more than two-thirds of the Web's pages
being in English. According to a study by Vilaweb, a Web site in the language Catalan,
Japanese is the second most popular language of Web sites. Although 30 percent of online

users on the live in US, dominate language is still English.
4.3. US Online Population by Gender

In 1998, males were more likely than females to be Internet users. Between February

2000 and December 2000, this difference disappeared In September 1998; the Internet use rate
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was almost equal 40 percent for both male and female age over 18 as of December 2000. 12

percent teens and 8 percent kids online users measured.

4.4. Male

The number of female at-home Intemet users in the United States grew faster than the
overall Internet population. American men still spend more time online than women,
Nielsen//NetRatings found. In December 2001, men spent 24 percent more time online at
home than women, averaging 11 hours (a 17 percent increase from a year ago). Females access
the Internet, on average, 17 times in December 2001, a 13 percent increase from a year earlier.
Men viewed 40 more pages on average than women, 801 pages versus 573 pages.

Table IV.3. Internet Usage Patterns by Gender Dec. 2001, U.S. At-Home Users

Dec. 2000 Dec. 2001
Males Females Males Females
Avg. Time Spent (hemin:sec) 9:42:14 7:44.57 11:20:27 9:06:51
Number of Sessions 18 15 21 17
Avg. Pages Viewed 667 503 801 573

Source: Nielsen/NetRatings

Figure IV-3 shows brief distribution by age for Men 18+, August 1998, Men online users
almost 50 percent than decreased to 40 percent as of December 2000. Age of 25-49 group of
Men Online population is decreased from 35 percent to 24 percent end Of December 2000
(Figure IV-5). Total online users increased more rapidly than Men 18+ group online users.
Men age group monthly changed amount steady and almost same among 5 age groups.

Dominant Men Online users age group is 25-49.
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Average Intemet used compared at Table IV.4. between Canada and USA. Both
countries online users are spending same amount of time online per month (9:35:00). Duraton
of a page viewed is almost same again, 47second. Canadian online users spend same time
online with US users but they visited more site than US users. 20 times connecting online each

month from Canada for US is 18.
4.5. Female

According to 2 survey of online women by NetSmartAmerica 58 percent of the new
Internet Users in the US are women and predicting that at current growth levels women will
lead men in Internet access 60 percent to 40 percent by 2002. As August 1998 women online
users are 22 million, after 29 months growth by 37 percent and end of December 2000,
32million women age over 18 populations in the US. (Figure IV. 4). Thos most active age
bracket for woman age bracket is 25-49 (more than 35 million online users), 25 percent of
woman within this age bracket. Age is more than 55+ for woman also steady increased to 5

percent end of December 2000. (Figure IV-6)

According to Harris Interactive and Proctor & Gamble survey the average online
woman is more likely to be married than single and women control 80 percent of all
purchasing decisions. Gina Garrubbo from Women.com said” Women have created an online
revolution that has closed the Web’s gender gap, and have become the dominant force on the

internet today”. 41 percent of today’s 55 million Internet shoppers are women.
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4.6. What Makes Women Click?

According to NetSmart III - What Makes Women Click are relationship-building
strategies. Result of survey found that new products are the primary reason woman click on ad

banners (74%) and view new Web sites (79%).
4.7. Teens

12 percent of online users (10 million users) are teenager; it’s faster growing online users
population recent years by Figure IV-7 and Figure IV-8.  During the last 29 months
performance teenage composition increased 4 percent from 8 percent to 12 percent. Growth

rate of teenage users is much highest than any other user group.

Teachers Say Internet Improves Quality of Education: Mote than eight out of ten teachers (84 percent)
believe that computers and access to the Internet improve the quality of education, according
to a survey by education technology nonprofit NetDay, and 75 percent of teachers said the
Internet is an important tool for finding new resources to meet new standards. According to a
recent survey by PricewaterhouseCoopers results shows that while teens access the Internet
for a vadety of reasons, shopping is seldom one of them. In fact, most teens regularly go
online to send or receive e-mail and nearly half indicate that e-mail is the primary reason they
go online (44%) Table IV.6. While just over one-fourth of online teens cite shopping as a
reason for regularly going online, only 2 percent indicate that shopping is their primary reason

for going online.
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4.8. Kids

As of December 2000, more than 8 million children in the US are online FigureIV.7. and
9 percent of users are children Figure [V-8. Recent study from Grunwald Associates says 40
percent of American children are online. The report, "Children, Families, and the Internet
2000," found that teenagers are online the most, with 70 percent accessing the Net regularly. It
also found that 14 million children go online from school, while nearly 18 million children are
online from home (many children go online from both locations). In 55 percent of the
households surveyed, at least one parent uses the Internet from locations such as work and

home. Figure IV.5 shows what kids do online and almost 80% play a game and 72% use email.

By 2005, the report predicts, almost 44 million children ages 2 to 17 will be using the
Internet. The Zandl Group survey also found some signs of an e-commerce future among
younger Internet users. Half of them have checked out something online and then gone to a
store to buy it. For these kids, the barriers to online purchasing include parental permission (56
percent), the risk of buying something without examining it first (36 percent), access to credit
cards (32 percent), high prices (20 percent), confusing procedures (16 percent), and the

difficulty of returning merchandise (14 percent).
4.9. Distribution of US Online Users by Age

One would expect to see the current plateau for Internet use among those ages 25 to 55
extend to older ages over time because the overall upward shift in the age distribution shown

Figure IV.5 and Figure IV.6. The first result is an absolute increase in Internet use by people
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and the second is a cohort effect. The cohort effect describes the fact that the people who are
in the 55- year-old age cohort in September 2001 are not the same people who were in this age
group in earlier surveys. The 55 year olds of September 2001 were mosdy 51 year olds when
Census first asked about Internet use in October 1997. People who used the Internet when

they were younger will likely continue to do so as they age.
4.10. Household Income Distribution of US Online Users

The biggest percent of online users’ income segment bracket is (§25K-$59.9K) and it’s
around 28 percent during 29 months time period, Figure IV-9. More than 20 million online
users’ income level between §40K-$59.9K represent the biggest segment and Income level of
bracket (under $25K) has a steady and the highest growth performance since August 1998,
Figure IV-10. The poorest segment (incomes of less than $25,000) will represent only 11
million online users. Recent study shows that lower income level online users interest growing

much faster than any other income level.

4.10.1. Lower-Income Households Moving Online

While the number of Internet users with annual household incomes of less than $25,000
has grown nearly 50 percent, (Nielsen Group study) outpacing the growth of total Internet
users, they still only represent 11 percent of the overall online population, lower-income Web
users, generally newer to the Internet, tend to be less experienced Web surfers and spend more
tme online (about 13 hours per month) viewing more unique pages of content. Higher-

income users, on the other hand, tend to be more experienced surfers, spending less time --
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just over 9 hours - and viewing less content (about 550 pages per month in June 2000,

compared to 700 for low-income users).

Between December 1998 and December 2000, Internet use by individuals in the lowest
income households (those earning less than $25,000 per year) increased at a 25 percent annual
growth rate. Internet use among individuals in the highest-income households (those earning
$75,000 per year or more) increased from a higher base but at a much slower 11 percent
annual growth rate. Internet use is growing faster among people in lower family income
brackets Internet use among people who live in households where family income is less than
$25,000 grew at an annual rate of 25 percent between December 1998 and December 2000
Over the same period Internet use grew at an annual rate of 11 percent among people living in

households where
4.11. Household Size Distribution of US Online Users

Four family household sizes is dominant online users characteristics but on the other
hand it’s decreased from 301 percent at August 1998 to 25 percent at December 2000, number
of online users around 20 million (Figure IV-11). Two-person household is 20 percent of
whole online population. 4 people family size composition decreased when 2 people family
size composition and fastest growing household size is one-person household and its start
increased 5 percent to 10 percent of whole online population end of December 2000. (Figure

IV.12).
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4.12. Regional Distribution of US Online Users

The most active region is Pacific region and almost 20 million online users from Pacific
region and its makes 20 percent of whole online population; the lowest online user population
is in East Sought Central region, (Figure IV.13 and Figure IV.14). Growth rate of online
user’s population for all 9 regions’ is almost same. As we find on the second essay, Pacific

region users are very active have leading characteristics.
ry g
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Chapter V
5. User Dynamic Behavior and Preference Change
5.1. Frequency Measures

5.1.1. Average Usage Days per Visitors

US Web surfers nearly 50 average minutes spent per usage days at home and work in
December 2000, it’s 65 percent more time spent when we compared to August 1998 average
time spending. Web surfers spend more ume at work then home. At work average minutes

spending almost 50 minutes but at home is 45 minutes. Figure V.1

Monthly statstics for average minutes spending was 725 in November 2000 then
decreased to 625 in December 2000. Its 120 percent more than august 1998 monthly spending
in Home and Work together measured. US web surfers spent more than in work then home
almost 40 percent more time spending at work monthly, Figure V.2. US Web surfer visiting
average 30 web pages daily in August 1998 and then start increasing to visiting more web page
and end of December 2000, They visited almost 50 pages per day, its 60 percent increased

since August 1998. At work they visit 50 page daily and at Home 42 pages, Figure V.4.

Monthly US online users are visiting to around 700 unique pages as of December 2000.
At work they are visiting 600 pages, at home 500 pages monthly. During the summer time,
slightly decreased average number of unique page visits and then starts increased after August.

Almost 100 percent more web pages visited when we compare to August 1998 result. Figure
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V.5. Average Internet usage days per visitors were 11 pages in August 1998 and then end of

December 2000 was 14 days, Figure V.1.

Data from Media Metrix given us under different Domain Name which is those company
provide web hosting and advertisement service. There are many web sites under the each
domain name and we do have monthly database on number of visitor for each domain name.
Figure V.6, on the figure shows monthly online visitor for each domain name. LinkExchange
Nerwork (174 percent of growth rate of online populaton since August 1998), 24/7 Media (87
petcent online users population growth rate), Xoom Network (43 percent), DoubleClick (66

percent growth rate).

US online users Web Site preference plug into the Figure V.7. The most attractive or
useful web site category is Search engine web category. 15 web site category users population
increased steadily. August 1998 total online users population were 60 million and for each web
site category average online users less than 20 million. End of December 2000, total online
population was 80 million and average online visitor for each web category were 40 million.
Arn&Entertainment, Search Engine, and Computer Technology web category were the most

popular sites.

On the Table V.1 top three popular web categories ranked among the 15 web sites by
region. First region on the table is New England. In August 1998 6 million visits to Search
engine, second highest interested for Art & Entertainment 3 and half million and Third highest

category for Computer & Technology and 2.9 million visitors. During 1999 travel, Art, and
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Search engine category most popular sites. Year 2000 in New England online users interest
shift to Business & Finance web category, Art and Travel web site. On the table listed for each
region to show first three highest preference web site names. Table V.2 give us idea the most
Internet users comes from which region base on date. At the first time of data we found East
North users more active and live their online users are more than any other region’s online
users population. Online users population become dominates in Pacific region. As we define

second essay pacific region is the most attractive region for online sector.

US census 2000 and Media-Metrix 2000 comparison listed on the Figure V.8 through
Figure V.12.First Figure V.9 plug in to their US2000census populaton for both Male and
Female age is over 18, Figure V.10 second data from Media-Metrix for December 2000 online
users population for each gender. 100 million men age is over 18 and 30 percent of US male
population using online (31 million men 18+). 108 million women age is over 18 and 31
percent of women population in US using Internet. Percent distribution by age bracket for
both gender also listed on the Table. 48 percent of Women 18+ and 46 percent of men 18+
and age bracket 25-49 the most popular online users’ age level. Second active age group for

both genders is 18-24 age group online users.

Figure V.11 and Figure V.12 last US census shows 22 percent of family income level is
within $50-875K. Second highest income group is $35K-$50K by 17 percent. Media Metrix
dara finding is 26 percent of online users income level within $40K-$60K, 29 percent of online

users income level is less than $40K. Lower income family is using more Internets.
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Figure V.13 and Figure V.14 briefly shows distribution of population by region using US-
Census 2000 data and Media Metrix data. 40 percent of online users from New England, 38
percent from West North Central, 30 percent online users from Mountain, 32 percent from
Pacific region. 5 percent of US population lives in New England area and 40 percent of New
England population connects to Internet. 16 percent of US population lives in Pacific region
and 31 percent of Pacific region residents connect to Internet. More than 14 million people are

using Internet in pacific region.
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Chapter VI
6.1. Summary and Conclusion

The Internet has become a tool that is accessible to and adopted by Americans in
communities across the nation. Approximately two million more people become Internet users
every month, and over half of the population is now online. 30 percent of online users on the
live in US, dominant language is English. Male spent more time online at home than women,
averaging 11 hours and men viewed 40 more pages on average than women, 801 pages versus
573 pages. 12 percent of online users are teenager, its faster growing online users population
recent years. The biggest percent of online users’ income segment bracket is ($25K-$60K) it’s
around 28 percent. Lower income level people interest growth much faster than any other
income group. Two-pirson household is 20 percent of whole online population and fastest
growing household size is one-person household. The most active online users’ population
lives in Pacific region, almost 20 percent of US online users live in pacific. US web surfer-
visiting average 30 web pages daily in August 1998 and then start increasing to visiting more
web page and end of December 2000; they visited almost 50 pages per day. Monthly average
minutes spending 625 in December 2000. Top three-web page category is Art-Entertainment,

search engine and computer &technology.

People of lower income levels, lower education levels, or the eldetly are among the fastest
adopters of this new technology. As a result, we are more and more becoming a nation online:

a nation that can take advantage of the information resources provided by the Internet, as well
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as a nation developing the technical skills to compete in our global economy. The expanding
use of the Internet at schools, work, and libraries has played a significant role in this
development. Young people are now active users of this technology. This report has
demonstrated that the presence of computers and Intemet access at schools is making these
resources available to children who lack them at home. This means that our children will gain
the skills and familiarity with new technologies that will allow them to find jobs in our new
economy. Spent time online and visiting number of web site, duration time, online population

all together increased steady rate during August 1998 to December 2000.

Americans has passed a significant milestone now that the majority of Americans use
computers and the Internet for their daily activities. This trend is enriching our world,

facilitating our work lives, and providing a skill set needed for a growing economy.
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6.2. Appendices
6.2.1. Demographics

Location of Use: Home versus Work. All college usage is classified into the Home category.
Household Size: Total number of persons in the household, regardless of age or Web usage.
Presence of Children: Households with children under the age of 18 years old.

Household Income: Annual income reported for the household.

6.2.2. Census Regions

New England: Connecticut, Maine, Massachusetts, New Hampshire, Rhode Island, Vermont
Middle Atantic: New Jersey, New York, Pennsylvania

South Atlantic: Delaware, District of Columbia, Florida, Georgia, Maryland, North Carolina,
South Carolina, Virginia, West Virginia

East South Central: Alabama, Kentucky, Mississippi, Tennessee
West South Central: Arkansas, Louisiana, Oklahoma, Texas
East North Central: Illinois, Indiana, Michigan, Ohio, Wisconsin

West North Central: lowa, Kansas, Minnesota, Missouri, Nebraska, North Dakota,South
Dakota.

Mountain: Arizona, Colorado, Idaho, Montana, Nevada, New Mexico, Utah, Wyoming

Pacific: Alaska, California, Hawaii, Oregon, Washington
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6.3. Measures
6.3.1. Unduplicated Audience

Unique Visitors (000): The estimated number of different individuals (in thousands) that
visited any content of a Website, a category, a channel, or an application during the course of

the reporting period.

Digital Media Reach %: The percentage of projected individuals that visited a specific
website, category, channel, or application among the total number of projected individuals

using any Digital Media during the course of the reporting period.

WWW Reach %: The percentage of projected individuals that visited a specific website or
channel among the total number of projected individuals using the World Wide Web during
the course of the reporting period.

6.3.2.Frequency Measures

Average Daily Unique Visitors (000): The estimated average number of different individuals
(in thousands) that visited any content of a website, a category, a channel, or an application per

day during the course of the reporting period.

Average Usage Days per Visitor per Month: The average number of different days in the
month, per person, in which a Website, category, channel, or application was visited. A person
is defined as a visitor if they access at least one “page” of content within the Website, category,
channel, or application. A day is defined as 12:00 midnight through 11:59:59 PM.

Average Unique Pages per Visitor in a Day: The average number of different URLs made
per day by those persons visiting the Website, category or channel. A unique page request is
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defined as a specific URL that was successfully loaded by the browser at least once in the day.
Even if the page was viewed many times, the page is counted only once under the unique page
request definition. In the case of non-web content, unique pages are the equivalent of unique

Window Titles, if applicable, and if not, are undefined and set to zero.

Average Unique Pages per Visitor in 2 Month: The average number of different page
requests made per day over the course of the month by those persons visiting the Website,

category, channel, or application.

Total Usage Minutes (000): The total number of usage minutes spent at the Website,
category, channel, or application during the course of the reporting period.

Average Minutes Per Usage Day: The average number of minutes spent on the website,
category, channel, or application during the day, per visiting person.

Average Minutes Per Usage Month: The average total number of minutes spent on the
Website, category, channel, or application during the month, per visiting person.

Average Minutes Spent Per Unique Page: The average number of minutes spent on each
unique page during the day.

Composition: The percentage of a Website, category, channel, or application’s visitors that

belong to a specific demographic grouping.

Index: The composition of the Website, category, channel, or application compared to the

demographic composition of the universe.
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6.4.Methodology Limitations

A. Non-cooperating and non-reporting households place limitations on the extent to which
the panel can be considered a true probability sample.

B. Non-cooperating and non-reporting households may have some effect on the survey
results to the extent that the computer usage habits of non-cooperating and non-reporting
panelists may preclude proper representation of certain household groups within the
population.

C. Darta obtained from the Census and Claritas are subject to defects and limitations, such as
sampling, processing, and recording errors.

D. The household and person data upon which Media Metrix has based its Sample Weighting
may not be precise, due to errors in the data supplied by panelists, or errors introduced during
data storage and retrieval.

E. Errors in human coding of data and in transferring data between media may have occurred.
F. Logical analysis and processing of the data may affect some of the data collected before
final processing.

G. Usable households are limited by the ability of Media Metrix to track all computer usage
on all computers where panelists may use the Digital Media applicatdons. Although

Media Metrix takes numerous steps to ensure completeness; there are instances where usage
goes unmeasured. Due to some technical constraints and the possibility that panel members
may not disclose all computers, or may not allow monitoring usage on all computers they use
to access the Intemet, 100% of all computers are not measurable. Media Metrix continues to
tracking software to capture each URL on all computers. The extent to which unmeasured
usage would impact the imp rove the overall Digital Media usage data is unknown.

H. These data are only estimates. Due to limitations described above the accuracy of these
numbers cannot be determined to any precise mathematical degree.

Note: Cells with N/A in the report means that the data is not applicable

Cells with ellipses (...) in the report means that there is insufficient data.
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Figure 1V.1.Monthly Distribution of Online Users with Children
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Figure 1V.2.Mohtly Distribution Of Online Users for Kids and Teens
August 1998 to December 2000
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Figure IV.3.Monthly Distibution of Online Users by Age for Men 18+
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Figure IV.4. Distribution of Online Users by Age for Women 18+ A
August 998 to December 2000 ‘
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Figure IV.7.internet Users' Composition by Male,Female,Kids
and Teens (08/98 to 12/00)
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( Figure IV.8.Internet Users' Composition by Male,Female,Kids
60 and Teens (08/98 to 12/00)
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Figure 1IV.9.Household Income Distribution of US Online Users
August 1998 to December 2000
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Figure IV.13.Internet Users' Composition by Regions
08/98 to 12/00
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Figure V.4.Average Minutes Spents Per Usage Day,
August 1998 to December 2000
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[ Figure V.6. US Online Population by Domain Name,
August 1998 to December 2000
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Figure V.8.Men, internet Users' Population and Comparision
with UScensus2000
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Figure V.11. Household Income Distribution base on US census2000
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Figure V.13. US-census2000 and MedianMetrix Data as 0f12/31/2000
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Table IV.1.Global Ounline Popuintions
m:," — Projection or 2080 7091
heMarhens) 353 mollon [l eMachoten) 943 ullen
lc. t hubastry Absuase) {Camputse hbustry Admsmx)
Active Users
Natisn Population Internet Users (Source) (NescniNtRatings) ISPs
Argestio 37.4 million __|2.0 million ('Alsssio IROL) 1.9 million 33
[Australia 19.4 million 5 million (eMarketer) 5.6 million 718
Aunstria 8.2 million 2.7 mitlion (Austrian Intcraet Mositor)  ]1.3 million 37
Babrain 645.361 <40,000 (DIT net) NA 1
10.4 million 100,000 (Belars Eqbassy) NA 4
10.3 million 2.7 million (IaSies) 1.6 million 61
174.5 million  [6.1 million (eMamketer) 6.0 million 50
7.7 million 585.000 (GFX-Bulgaria) 386,000 (BBSSYNA 26
31.6 million 14.2 million (Media Metris Canade)  [8.8 million 760
[Chile 15.3 million 1.8 million (i1 Telocom. Union) NA 7
1.3 billion 33.7 million (CNNIC) NA 3
Colomnbsi 40.3 million 700,000 (1DC) INA 18
[Croatia 4.3 million 300,000 (IDC) NA 9
|Cuba 11.2 million 40,000 (Cubea Government) 60.000 (11 [NA 4
Carch 10.2 million 2.2 million (GIK) NA >300
5.4 million 1.6 million (NetVaka) 1.6 million 13
ti 460,700 <1,000 (Djibouti Dept. of Statistics) NA 1
70 million 455,000 (DIT.met) NA 50
Estosia Lamillion  ]462000 ONS lseractive) _______|NA 8
Finknnd 5.2 million 2.0 million (eMarketer) 2.15 million (T41.0 million 23
Framce 60 million 11 million (Nielsen//NetRatings) 5.5 million 62
rEaRy 83 million 26 million (Forsa) 15.1 million 123
10.6 million 1.3 million (VPRC) NA 27
7.2 million 3.9 million (Nieisea//NetRatings) NA 17
10.1 million 730,000 (NetSrvey) NA 16
278,000 167.000 (Iat1 Telecom Union) NA 7
1 billion 5.0 million (NASSCOM) NA 43
4.0 million 1.0 million (A h 560.000 22
6.0 million 1.2 million (eMarketer) 976.000 21
57.7 million 11.0 million (Nielsea//NaRuings) 18.3 million 93
126.8 million 22 million (eMarketer) |20 million 3
5.2 million 25.000 0 30,000 (Humas Rights Wasch) [NA 5
2 million {63,000 (eMarketer) NA 3
3.6 million ___|approx. 420.000 (Arsb Advi NA 73
5.2 million 7.500 (Interwet Arsb Warld) NA 1
3.6 million 320,000 (SIC Gallup Mesdia) NA 14
J22.2 million 2 million (IDC Malaysi NA 7
101.8 million 2.3 million (eMarketer) 1.7 million Sl
30.6 million 50,000 Arsb Warld) NA 8
New Zealand 3.8 million 1.3 million (Nielsew/NetRatings) | million 36
Fﬂ 4.5 million |22 million (Nortk Gallop) 1.4 millicn 13
Netheriands |16 million 6.8 million (Ni ings) 4.5 million 52
2.6 million 50,000 (DIT.met) NA 1
182.8 millioa 2.0 million (DigitalFilipino com) NA 33
Portugal 110.1 million 3.055 million (ICP/Aascom) NA 16
tar I769.(l!) 47.000 (Iseraet Arab World) NA 1
Romasia 22_4 million 630.000 (Ewopean Survey of the Iafo. Said NA 38
Russin 145 million 7.5 million (Computer Industry Almsasc) INA 3s
Arnbia 22.8 million 300,000 (imcrnet Arab Workl) NA 42
4.3 million 1.3 million (Siagepors IDA) 956,000 9
lovakia 5.4 million {approx. 700,000 (TNS Factum) NA 6
1.9 million approx. 400,000 (RINE Project) NA 7]
Africa 43.6 million 1.5 million (Nielsew/NetRatings) 61 1.000 4
th Kores 47.9 million 16.7 million (Gertaey Dutacpuest) 13.1 million 11
40.0 million 7 million (Telefonica) 4 million 56
ri Lanka 19.4 million <50,000 (NUA) INA 5
36.0 million 10,000 (!ntermet Arsb Workd) NA 1
weden 8.9 million 4.5 million (Nielsea//NetRatings) 3.0 million 29
witserisad 7.3 million IJ.J million (Nieisew/NetRatings) 1.8 million “
16.7 million 120,000 (Intermet Arsh Warkd) NA 1
alwan 22.3 million 6.4 million (iamesis) 5.0 million 8
61.8 million___|4.6 million (Baaghok Poll Center) NA 15
9.7 million <120.000 (Internet Arsb WorkS) NA 1
66.5 million 3.7 million (IBS) NA 22
AE 2.4 million 920,000 (EIM) NA !
48.8 million 750.000 (Commitiee on Comen sad Info ) INA 32
mited 59.6 million 33.0 million tupuer MMXD) _ 13.0 million 245
nited States 278.0 miltion 149 miliion (Computer industry Almanec) |102.0 million 7.500
80.0 million 22,000 (CoonemesceNet) NA ]
enezoels 24 million 1.2 million (Caveom-¢) NA 16
emen 18.0 million 12,600 (Internet Arsb Workf) NA 1
*  :Pepulstion data is provided by CIA Statistics
*e ;ISP statistics from CIA repert
*se . Ouline waers statistics from Nieisen Rating and Different sources
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Table IV.2. Web Pages By Language
Language Web Pages Percent of Total
English 214,250,996 68.39
Tapanese 18,335,739 5.85
German 18,069,744 5.77
|Chinese 12,113,803 3.87
French 9,262,663 2.96
Spanish 7.573,064 242
Russian 5,900,956 1.88
Italian 4,883,497 1.56
Portuguese 4,291,237 1.37
Korean 4,046,530 1.29
Dutch 3,161,844 1.01
Sweden 2,929,241 0.93
Danish 1,374,886 0.44
Norwegian 1,259,189 04
Finnish 1,198,956 0.38
Czech 991,075 0.32
Polish 848,672 0.27
Hungarian 498,625 0.16
Catalan 443,301 0.14
Turkish 430,996 0.14
|Greek 287,980 0.09
Hebrew 198,030] 0.06
Estonian 173,265 0.06
Romanian 141,587 0.05
Icelandic 136,788 0.04
Slovenian 134,454 0.04
Arabic 127,565 0.04
Lithuanian 82,829 0.03
Latvian 60,959 0.02
Bulgarian 51,336 0.02
Basque 36,321 001
Source: Vilaweb
orester Research: www.Forester.com
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Table IV.3.Features That Will Drive E-Commerce

Feature Percent of Internet

Purchasers
Free product delivery 98%
[On-time delivery guarantees 95%
[No sales tax 91%
Coupons/promotions 83%
oll-free customer assistance 68%
Live, online customer assistance 62%
|Customers reviews or recommendations 62%
[Helpful hints for colors, sizes, etc. 58%
Free gift wrapping 58%
Gift s%&sﬁg_ns 46%

: Andersen Consulting

Table IV.4.Average Internet Usage, Canada vs. US May 2000

Canada|United States
Number of sessions per month 20 18
Number of unique sites visited 18 10}
[Page views per month 726 662
Number of sessions per month 20 18
[Page views per surfing session 37 36
Time spent per month 9:35:00 9:05:24
Time spent during surfing session 0:29:16 0:29:50
Duration of a page viewed 0:00:47 0:00:50
Average click rate for top banners 0.37 0.49
Active Internet universe (actually surfed) 8.1 million{82.7 million
|Current universe estimate (had access, but did not go online) 13.1 million] 134.2 million
[Wm: Nielsen/NetRatings
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Table I'V.5.What Kids Do Online Age 8 to 12
{Play games 80%
E-Mail 72%
[Chat/message boards 58%
Schoolwork 54%
Download music 42%
Shop/Buy Stuff 22%
Enter contests 18%
|Soum: Zand] Group
Table IV.6.Reasons Teens Go Online Primary Reason
Send/receive e-mail 44%
Research/get information 19%
[Play games 10%
Use chat rooms 10%
Download music/videos 6%
Send electronic greeting card 0%
Shop 2%
Read news/sports/other 4%
[Other 5%

[Sourec: PricewaterhouseCoopers
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Jional Web Page Category Preferences (Top Three Rank)

New

England
sarch
,080.8
sarch ISP art omp
6894 | 27316 | 286112 | 4659.2 2,751.3 2,202.4
siness ant Auto |Business art Auto
1358 | 64856 | 58812 | 84601 | 64258 | 56675
ravel | Search ant Search | Travel ant
631.0 | 2310 | 14490 | 38670 | 3,303.0 ] 25230
ravel | Search Search | Travel
988.0 2.834.0 1484.0 5,299.0 2,878.0 2,837.0
ravel | Search Search ant
965.0 | 2,480.0 1,451.0 5,289.0 3,365.0 2,787.0
ravel | Search [Computer] Search [Co ant
365.0 | 3.252.0 2,265.0 8,291.0 5,046.0 4,587.0
ravel | Search ant Search [Computer] art
150.0 | 46070 | 26790 { 9.261.0 6,044.0 5.673.0
ravel | Search art Search [Computer] Business
4590 | 3.399.0 | 16860 | 7.4100 | 4.0420 | 39330
'avel | Search ant Search |Business art
0560 | 46630 | 21790 | 108080 | 52710 | 5034.0
avel | Search art Search art Business
2700 ) 47570 | 27820 | 11.5090 ] 6.0960 ) 55350 )
‘avel | Search |Business] Search art Travel
4080 | 59780 | 23720 | 133080 | 7.9050 | 6,1920
avel | Search art Search art Travel
036.0 | 50000 | 33540 ) 105680 | 7.7010 | 58830 |
avel | Search art Search art Travel
534.0 | 45430 | 34120 ] 96150 | 69160 | 5954.0
avel | Search art Search ant Travel
232.0 | 4.9200 3,588.0 11_1438.0 7.569.0 6,133.0 ‘
avel | Search art art Business
D64.0 | 4,083.0 ] 38440 | 86450 ) 7.6250 | 6.378.0
avel | Search ant Search art
092.0 | 4,1950 | 23,0540 ] 90050 ] 6.278.0 6,266.0
avel |Business Business]Shopping
169.0 | 4,035.0 3,703.0 8.228.0 7.302.0 6,190.0
avel | Search Search | Travel
318.0 | 4,276.0 3,687.0 8.198.0 7,9350 | 7.437.0
avel |Business art Business]Co ant
577.0 | 4.383.0 | 4.1200 | 9.189.0 8,783.0 8,684.0
wel | Search art Search art
75.0 3,814.0 3,484.0 8,540.0 8,290.0 8,050.0
wel | Search |Shopping] Search ort Shopphgﬂ
116.0 5,207.0 4,352.0 9,909.0 9,518.0 8,450.0 ‘
el st |Co art Travel
80.0 4334.0 3,875.0 7.689.0 | 4.428.0
wel ant Search
90 | 75320 4,851.0 9.347.0 6.691.0
vel ant Business art Business
240 | 70130 | 48130 ) 13.169.0 | 9.597.0 8.929.0
nt Business ant Business
570 | 44180 33000 | 12,8290 | 8.647.0 6,465.0
L "
rn Travel |Business art Business
350 | 72250 | 5.449.0 | 16,050.0 | 10.916.0 | 92910
nt Travel |Business art Business
M0 | 63570 ] 5,951.0 | 13.688.0 | 10.253.0 | 9.660.0
| Travel [Business] art Business
1.0 | 60230 ] 3,713.0 | 136800 | 87710 7.378.0
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Essay 2
Rendering of The Leading Edge Intemet Users By an Econometric Study

Chapter VII
7. Introduction

7.1 Leading Edge Users

Lead users are users whose present strong needs will become general in a marketplace
months or years in the future. Since lead users are familiar with conditions, which lie in the
future for most others, they can serve as a need-forecasting laboratory for market research.
Moreover, since lead users often attempt to fill the need they experience, they can provide new
product concept and design data as well. How lead users can be systematically identified, and
how their perceptions and preferences incorporated into industrial and consumer marketing
research analyses of emerging needs for new products, processes and services is examined in

Chapter 9 by summarizing major article in this field.

It is very important to answer the question why to disclose leading edge users is needed.
For marketing purposes, such as determining right audiences for right products, leading edge
users must be found out to address the target group correctly. Having figuring out the targeted
leading edge users, one can predict future trends in the market for the specific product. By
monitoring leading edge group, next generation customer needs can be fulfilled, which in turn
will save time, cost and human efforts. Even though the research on leading edge users has
found many interests in academic arena, there has not yet been successful and substantial
outcome. The main reasons behind these unsuccessful attempts are that a widely accepted
theoretical background has not been laid out, and it requires dedicated team work over long

time periods with detailed, large size
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database. For these reasons, it has been difficult to encounter academically sound study cases.
In this study, we have focused on determining the lead edge users for US Intemet users by
running the regression more than 5000 times and minimized sum of square error and

maximized R-square to bring together relatively close attributes.

When we determine leading group, it will give us information regarding market future
trend and Intemet user’s preferences. Using that information marketing for product will be

more profitable and developing new good base on future needs of customer has low cost for

company.

In this study, to determine the Leading edge users we used two major Econometric
methods first one is Single Variable Estimation and second one is LAG (1) operation. Sample
size is covering 29 months and we run more than 5000 regression equations to find similar
attributes. Firstly minimized sum of square error and then maximized the R-square. Attempt to
find the best group of attributes characteristics and those attributes shows similarity with
whole number of Internet users. We did not attempt to look at exact person who is represent
our leading group, we only concemed to find that leading group general character (age level,

income level, household size, region)

7.2. At the Leading Edge of the Leading Edge

After 1990 the biggest and unexpected growth of the Intemet obliged to both High-
Performance Computing (HPC) development and wide is network service development. From
IDC corporation analyst C.Willard and N.Kaufman (2000) research point out that Users of
technical high-performance computing (HPC) have historically played a leading role in

advancing the state of computer science. The list of innovations that were initially developed
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either by or for technical computer users includes the Intemet, Web browser technology,
parallel computing, reduced instruction set computer (RISC) architectural concepts, distributed
computing, and hierarchical storage management systems. A majority of the innovations that
arise from the broader HPC market can be attributed to the scientific research community; this
subset of the market includes educatonal institutions, national laboratories, privately funded
research institutions, and research and large industrial development centers. These
organizations have several characteristics that position them at the leading edge of technology
development. Professor R. Gitlin (2000) last study shows importance of Network system and
future estimate. This next-generation network, Public Switched Telecommunications Network
(PSTN), will be a multi-service, high performance network, will support rapid service creation,
and will provide a quality of service that is matched to the applications it carries. Extraordinary
rates of progress in semiconductor, photonic, and software technologies have fueled an
unparalleled level of expectations about this converged Voice and data, wireline and wireless
"network of networks.”" Last century, almost 100 years it took to install the world’s first 700
million phone lines; next 15-20 years an additional 700 million lines will be deployed. And also
we will meet big change in the world next 15-20 years. For example, currenty 250 million
wireless subscribers in the wortld, next 15-20 years 700 million more subscribers will be added.
Cable TV subscribers will be changed within 15-20 years from 200 million to 300 million. Base
on 2001 data, The Internet users experiencing a 1000% per year growth, if this trend

continues, by 2004 more than 95% of the world’s bandwidth will be Net traffic.

That estimate shows there are still huge demand on the market, and also big competition.
On the demand side some consumer has leading characteristics to created new product
demand and they always capture this new product before than most of the people. Among the
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competitors some of them always will be Leading Edge Company and have a big competitive
advantage because of working with leading consumer group or predicting the best way future
markets needs. On the below we summarized a cup of great work effort to figure out who has

leading characters and advantage of the working with leading edge group.

7.3. Together, Leading Edge Company 3M and Leading Edge University MIT
Started working with Eric von Hippel at MIT in 1995, taking a year to develop a lead-
user process for all 3M divisions. After 5 years they looked back to see what they got. The
only way to know Lead User Method whether a method is really effective is to do a
comparison study similar to those done to test the effectiveness of new medicines. Recently,
3M got to the point of having enough data on a big enough samples of innovation projects to
enable academics to do such a study. This study compared the outcomes of the Lead User
method as compared to idea generation methods traditionally used by 3M. 3M is known for
its innovation capabilites - and study group find that the lead user process improves upon
those capabilities. That results show that annual sales of lead user product ideas generated for
the average lead user project at 3M are conservatively projected to be $146 million after 5
years - more than eight times higher than sales for the average contemporaneously-conducted
"traditional" project. Each funded lead user project created a major product line for a 3M
division. As a direct result, divisions funding lead user project ideas experienced their highest
rate of major product line generation in the past 50 years. After that successful results and
experience a number of major firms also interested for lead Users project and they also
completed very successfully. Some name of the company is listed here, Verizon, Nortel

Networks, Phillips, Pitney-Bowes, Nestle and Kellogg.
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Chapter VIII

8. Literature Review

8.1. Theoretical Background:

8.1.1. Innovative Theory

The concept of use Internet may be explained by Innovative theory that is associated with
users’ choice of a new medium. There are many academic study suggested innovators
frequendy differ from later adopters in terms of their demographics (Luthje, 2000),
(Robertson, 1971). Innovation means a renewal of elements in production organizations.
Everett Rogers (1962,pp. 1-20) has defined the concept in one the classics of innovation
theory. Rogers sees innovation as a process, which starts with the invention of a new element.
The invention leads to the idea of practical development of the element for commercial use.
Persons, groups or institutions implement this process, which is usually associated with a
struggle to get the new element recognized by surrounding world and to develop it for
commercial use. It must be both practically useful and economical. After this a single company
or every few companies begin to introduce the new element, and gradually others begin to
imitate these first companies and introduce the new element. In time more join in and there is
a general social diffusion process in accordance with the “S-curve”. That invention captured
firstly leading group users for any sectors and they response help to improved new invention
product later on get to know by most people. Innovation process might be short depends on
Leading group experience and success. Inventions take on no economic significance if they are

not introducing as commercial element.
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Innovation is also defined in Schumpeter’s (1943, p.66) original terms, innovation as one
or more of the following events:
1) Introduce of a new product or a new product quality. i) Introduction of a new production method i) The
gpening up of a new market  iv) The gpening up of a new sources for raw material whether the source has
existed before.  v) The creation of a new organiz=tional structure in industry.
Schumpeter’s definition is that innovation is an effort made by one or more people, which

produce an economic gain either by reducing cost or creating extra income. A qualitative

change is necessary before it can be called innovation. Innovation can be following types:

1) A new product or a new service  iz) A new production process  iii) A new organizational or management
structure  iv) A new type of marketing or overall behavior on the market.

The Innovation can also have different characters:

1) Technological is) Intellectual  iti) Physical movement, new transport (but without a change in technology).
iv) Behavior new strategy for the company’s market bebavior or a new organizational structure.

Russian economist Kondratiev (1935) stated that the capitalist economy moves in certain long
cycles, which are regular. These cycles come regularly because they are caused by certain
permanent evolutionary factors, which must necessarily cause a boom after a recession. There
are two big discussion questions: Is there really regular cycles in the economy and in the
second discussion question was whether the waves are borne up by particular causal factors, by
means of which the cycles can be explained rather than only described as historically random
variation. Later on come up two more discussion question which indicators can best be used

to describe the waves and length of the waves.

Innovation is essential cause of the Kondratiev cycles but there are some other cause
exists. These innovations provide the economy with a dynamic and give it a boost. However,

the dynamic abates and the growth declines
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Table VIII.1.Kondratiev Business Cycle and by Innovation Factors

First Second Third Fourth Fifth
Kondratiev Kondrative Kondrative Kondrative Kondrative
1770-1836 1836-1883 1883-1937 1937-1983 1983-?

Recovery  1770-1782 1836-1845  1883-1892  1937-1948 1983-1994
Prosperity 1782-1802 1845-1866  1892-1913  1948-1966 1994-?
Recession  1815-1825 1866-1873  1920-1929  1966-1973

Depression 1825-1836 1873-1883  1929-1937  1973-1983

Innovation is very important factor when the waves reach prosperity. Qur century latest
prosperity lived 1995-2000; it’s a time of Information age. People of that time period easily
reach information and share idea to create more innovative product and bring new
competition, quality and good life quality. Some of the leading group always discovers
something much early than rest of the people and be ahead of us. Those people carry big

mission for technological innovation to bring good thing our life.

8.1.2. Industrial Innovations by Lead Users

Von Hippel found that users are often the developers of industrial products and
equipment processes that become commercially successful (1988). Two of his studies showed
an especially high proportion of user developed products. In one of them, he focused on four
important instruments used by scientists and others to collect and analyze data. In the second,
his focus was on two classes of process equipment used in the electronics industry. His
research findings showed that users were the developer’s seventy-seven percent scientific
instrument innovations studied, and the developers of sixty-seven percent of the process
machinery innovations studied. Studies done by numerous other researchers have found users
to be the developers of many or the majority of commercially successful industrial innovations

in a range of fields. Some of the major user-innovations that have been discovered by authors
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of these studies are summarized in the Table 8.2. Notice that the user-innovations listed
are in both low and high technology fields - and in many of these fields, users were
responsible for developing over half of the products that eventually became commercially

successful.

Table VIII.2.Summary of Data from Studies on the Role of Users
in Product Development Innovation Product developed by:

Study Author Nature of Innovations N a}; Other
Klligh, Compster Systems reaching new performance o o
inmovations,1944-62 | high 3] 25% ) 7%

-Systems with radical structural
innovations. 18 33% 67%
Enos Freeman :Major Pctroleum processing 7 14% 43%
innovations.
Chemical processes and process
equipment available for license, 810 70% 0%
1967.
Lionetta All pultrusion processing
machinery innovations first
introduced commercially, 1940 - 13 85% 15%
1976 which offered users a major
increment in functional utility
von Hi Scientific instrument innovations
ppel et of wpe 4 100% | 0%
Major functional improvements 44 82% 18%
Minor functional improvements 63 70% 70%
von Hipl)el Semiconductor and electronic
assembly manufacturing equipment:
- First of type used in commercial
production 7 100% | 0%
Major functional improvements 22 63% 21%
Minor functional improvements 20 59% 29%
VanderWerf Wire stripping and connector o
attachment equipment 2 1% 33%

Sources: Mary Sonnack Von Hippel, Performance Assessment of the Lead User Idea Generation Process
for New Product development MIT Sloan School of Management Working Paper # 4151 January, 2001

b) Personality

Behavior studies focused on factors influencing the decision-making process.
Personality traits have been suggested to be one of the more, important factors that

influence consumer behavior for decision-making. Some studies have used personality
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type variables in searching for an individual’s consumption Moorman, Miner (1997), Homey,
(1958). Psychological research has identified key dimensions of attributes that compose a
person’s personality Gordon, (1999). Attribution theory is as central to personality psychology
as it is to social psychology. Attibutions as determinants of trait inferences, individual
differences in causal ascriptions, self-esteem main-tenance, attributional determinants of
expectancy of success and behavior change. Creativity is highly desirable quality for any
person. Leading character, innovative personality and creativity is the highest feature of any
industry group in present time. Those attributes bring competition for our market and it makes
better life quality. The work of Sterberg and Lubart (1991) bring creativity to economic term
under the name of “investment theory of creativity”. Economic interpretations tend to view
the creative individual as someone who invests in “human capital” pertaining to a particular
enterprise secondly take exceptional risk to achieve exceptional goals and last one possess the
personal resources, including the optimal character, to make the risky investments pay off.
Personality is invoked to explain and to predict behavior by measuring personality attributes.
Rotter (1966) proposed a measure of personality by examining the degree of external and
internal locus of control. Intemnalisers are those who feel that they control their own lives and
actions, whereas externalisers believe others control tneir lives. Thus, this school of thought is
incorporated into the research design in order to explain the personality attributes of Intemet

users.
8.1.4.The thearetical model for 3M ead User Project

End of the 3M project both side have huge benefit, 3M Company find a new product
development method for academic area maybe first time theoretical method come out for lead

users and innovation process. We are here summarizing that theoretical model.
94

Reproduced with permission of the copyright owner. Further reproduction prohibited without permission.



There may be one or very few innovative users in a population of firms or individuals.
Innovation is depending on the degree of rvalry — give innovative users a competitive
advantage in their respective industry. The classical prediction concerning these users is that
they will keep their innovations secret or use other methods of appropriation by which they
can assure themselves of a high share of the total surplus generated by the innovation. But the
empirical evidence developed above shows that this expectation is at least sometimes not met.
Defying the conventional wisdom, innovative users may decide to openly reveal their

innovation to all users and manufacturers.

Rival users are then in a position to reproduce the innovation in-house and benefit from
using it and manufacturers are in a position to refine the innovation and sell it to all users,
including competitors of the user revealing its innovaton. Von Hippel study group never try
to model explicitly how the heterogeneity among product users emerges, i.e., why some of
them are endowed with innovations in that model and others are not. They purposes was that,
it doesn’t matter whether innovative users have reached their position by chance or, for
example, by a special ability to engage in marketing research that enables them to generate
particularly precise predictions about the nature and extent of future demand.

There are two users, first user having developed an innovation and user second not

having done so. User 1’s gain and also has a competitive effect for user 2. The strength of

competition showed by & and specify the impact of the innovation on the other user's profit

as — 0® where 0<0<1. As we know in a fully developed oligopoly model, o, would be a
function of technical and economic determinants. Note that a more dramatic improvement of
the innovator's position is likely to hurt its competitors more than a marginal improvement

would. The innovative user 1 may decide to reveal the innovation to a manufacturer of the
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improved good. Revealing may have the advantage that the manufacturer can produce the
product at lower cost than the innovator itself, or that it may have specific expertise in
improving the product further, which the innovator may lack. In this case, Von Hippel assume
that after revealing the innovation, the direct effect of the improved or less costly innovation
on the user's profit is given by A=(1+p)d with p>0. The second user firm will also profit
from the innovaton, but to a lesser extent than the innovator. This effect is due to the fact
that the innovator will have tilored the innovation optimally to its own production
environment. Hence, the other user will only enjoy a marginal direct payoff of YA with y=<1.
The case of Y=1 denotes one of complete Generality of the innovation, while =0 denotes the
polar case of complete specificity. The impact of competition enters the payoffs again by
subtraction of the other user's payoff times the competiion parameter @ hence, once the
innovator has revealed the innovation, and once his competitor has adopted it, the innovator's
payoff is given by A-ocyA. While the other firm enjoys a payoff of YA-OA. Given that one user
has developed an innovation and the other has not, what would be the outcomes of the
revelation and adoption decisions? First of all note that adoption by user 2 will not always
occur. Comparing payoffs (conditional on revelaton by user 1) main finding is that for
adoption to occur we have to have; YA-0A>-d

Notation:

8- Payoff to innovator without adoption by competitor

A- Payoff to innovator with revelation and adoption by competitor,A=(1+p)d

o- Degree of competition (0<a<1)

Y- Generality/transferability of innovation (0<y<1)
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YM - Level of generality chosen by manufacturer (y<yM<1)

Intuitively, if generality is too low, the adopting user 2 would not gain much in direct
payoffs from the adopted technology, but the competitive impact of user 1 enjoying a large
improvement in its competitive position would create a large indirect negative effect. Thus, ¥
has to be sufficiendy large and & and p have to be sufficienty small to let user 2 adopt the
technology. Thus, the combined condition for observing revelation of the innovation by user 1

and adoption by user 2 is given by op/(1+p)<y<(1/a)p/(1+p).

An interesting situation arises if both user firms have developed an innovation.

In this study assume that symmetry with respect to the size of the innovation, hence each
user would profit by 8 if the information were not revealed. The duopoly payoffs are then

given by 8—ad. Of particular interest are the cases in the lower right-hand corner of the sub-
matrix. If, both users innovate, one of them reveals the innovation, and the second user
chooses to adopt the other user's innovation once it has been improved by the manufacturer,
the innovator's payoff is A—OtyAwhile the adopter enjoys a payoff of YA—0A. The own
innovation by user 2 does not express additional benefits. If both users innovate and reveal,
the manufacturer has to choose one version of the innovation to be implemented in his
improved products.

Competition, both users are endowed with an innovation, may lead to secrecy if the
innovations are sufficiently specific or if the manufacturer’s contribution p is sufficiently small.
If the innovations are sufficiendy general and if the manufacturer can provide valuable

improvements, firms will profit from coordinating their behavior.
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8.2. Historical Review of Leading Edge User

8.2.1. Lead-User Research at 3M

Professor Eric von Hippel developed the “Lead User” basic process at MIT. The
process was then greatly refined and made practical for routine industrial use by collaboration
among von Hippel and Dr. Joan Churchill of LUCI, and Mary Sonnack, then a Division
Scientist at 3M Corporation. Professor von Hippel (2000) discloses very simple way how to
work Lead User process. That process brings client project teams systematically and quickly
to the "bleeding edge” of technologies, market application areas or strategy arenas of client
interest. It then helps teams to work directly with Lead Users in those fields - users that are
typically not customers of your firm - to bring back information on radically new needs and
radically new prototype solutions that Lead Users have developed. A Lead User project
typically requires 15 hours per week from 4-5 very experienced and capable client employees
for a period of 4 to 6 months. Lead User projects are therefore most approprtiate for product

or service or strategy development projects that are of major importance to the client.

8.2.2.How does the Lead User process differ from traditional idea generation processes?

Traditional idea generation techniques based on customer input usually collect
information on new product needs from a random or typical set of customers. The “lead user
process” takes a different approach. It collects information about both needs and solutions
from users at the leading edges of the target market, as well as from users in other markets
that face similar problems in 2 more extreme form. All processes designed to generate new
ideas for products begin with information collected from users. What separates companies is

the kind of information they collect and who they collect it from. Teams are usually taught to
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collect information from users at the center of their target market. They try to learn what
people at the center need by conducting focus groups and analyzing sales data, reports from
the field, customer complaints and requests, and so on. Then they rely on their own creative
powers to brainstorm their way to new ideas. Teams following this approach assume that it is
the role of users to provide information about what they need and the job of in-house
developers to use that information to create new product ideas. The lead user process takes a
fundamentally different approach. It is designed to collect information about both needs and
solutions from the leading edges of the target market and from markets that face similar
problems in a more extreme form. Teams using this approach assume that lead users outside
the company have already generated innovations and that their job is to track down especially
promising lead users and adapt their ideas to the business's needs. Lead users with
breakthroughs of commercial value are rare. To find them quickly and efficiently, Lead User
Concepts has developed a telephone interviewing technique that enables project teams to
network their way into contact with experts on the leading edge of the target market.
Networking is effective because people with a serious interest in any topic tend to know of
others who know even more than they do. Team members begin by briefly explaining their
problem to individuals they believe to have some expertise - for example, authors who have
written about the topic. Then, they ask for a referral to someone who has even more relevant
knowledge. It's usually not long before a team reaches lead users at the front of the target
market. The next step is to continue networking untl lead users are found in "advanced
analog" markets and fields that face similar problems but in different and often more extreme
forms. Those people can help teams discover truly novel, "out-of-the-box" solutions to needs

in the target market.
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The only way to know Lead User Method whether a method is really effective is to do a
comparison study similar to those done to test the effectiveness of new medicines. Recently,
3M got to the point of having enough data on a big enough samples of innovation projects to
enable academics to do such a study. This study compared the outcomes of the Lead User
method as compared to idea generation methods traditionally used by 3M. In order to insure
objectivity, the senior author of the study was a well-known academic with no previous
connection to the Lead User method. Eric Von Hippel, Mary Sonnack (2001) they were
summarizes what was found: "3M is known for its innovation capabilities - and we find that
the lead user process improves upon those capabilities. Our results show that annual sales of
lead user product ideas generated for the average lead user project at 3M are conservatively
projected to be $146 million after 5 years - more than eight times higher than sales for the
average contemporaneously-conducted "traditional" project. Each funded lead user project
created a major product line for a 3M division. As a direct result, divisions funding lead user
project ideas experienced their highest rate of major product line generation in the past 50
years." Funded ideas from a total of only 5 LU idea generation projects are conservatively

projected to yield $730m in incremental annual sales for 3M.

In this study they developed two data collection instruments, outcome survey and process
survey. Base on previous experience they prepare a New Product Idea Description Form. For
Process Survey method, they developed new methodology to measure individual skills in idea
generation activities, individual characteristics such as job level, personality traits. Using web-
based version of Myers-Brigg’s Personality Inventory they developed items for the individual
skills identified in the literature to be associated with generating new product ideas and from

interviews with lead user team leaders and their primary LU trainer.
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Collection data process takes a long time of period first thing they did face-to-face
interview meetings with each LU project team leader for all funded projects. During these
interview meetings they asked each project leader to: (a) identify and recruit the members of
their team as respondents; (b) identify and recruit appropriate respondents within the same
division to provide non LU idea method data; and (c) describe the New Product Development
goals and outputs from the LU project, provide organizational information about their
division, and provide process information. After the meetings with team leaders, that research
group contacted the respondents identified in (a) and (b) above. The respondents from non-
LU idea generation methods provided detailed information both on funded ideas as well as on
process data. Respondents returned all (100%) of the Idea Description Forms for LU projects
and 79% for non-LU projects, and 94% of the Process Measure Forms for LU 14 projects and
86% for non-LU projects. These response rates are sufficiendy high to suggest that validity
checks for non-response bias are not needed. Also they did one more thing to collected data
on major new product ideas developed early in the 1950-2000 period through in-depth
interviews conducted with long-tenure employees in each of the LU study-divisions who had a
good knowledge of their division’s and product line histories. They converted all historical
dollar figures to 1999-dollar equivalents using U.S. consumer price index data Main result was
that the average “sales in year 5” for LU major product lines (n=5), is §146m, while the similar
figure for major product lines generated by non LU methods (n=16, as they were only able to
obtain detailed data on only 16 of the 21 non LU major product lines) is $62m. Using that
information test whether the mean LU major product line yields higher sales than those
derived from non-LU sources. At the p = .05 level they reject the hypothesis that these values

are equivalent
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Here is the major hypothesis during that Lead User Project.

H1: Lead user methods will generate ideas with greater commercial potential than will
Non-LU methods

H2: Lead user methods will increase the overall rate at which the organization generates major
new product lines

H3: LU methods will cost more in money and time than Non-LU methods to generate ideas
forming the basis for funded projects

Profiles of the 5 LU major product lines and the 16 non-LU major product lines for
which they were able to collect data, they find that the ideas for major new product lines
developed by LU and non-LU methods are relatively similar on most dimensions examined.
To test the hypothesis that the LU method produce major new product line ideas at a higher
rate than do non LU methods (H2), look at the entire 4-year period during which the LU
process was implemented at 3M and compare it with all other four-year periods during 1950-
2000. The average rate of major product line development during this half-century for the
divisions study was 1.64 per 4-year period. Rejected the hypothesis (H3) regarding a significant

difference between LU and non-LU major product lines on this matter.

There were 6 lead-user projects; one of the project names was the medical products
project, they started 1995 and completed first time that project in 1997. We could try to
summarize here briefly that project process step by step from Mary Sonnack work (2000). First
thing, expert person and lead-user interviews such as developer new surgical technique for
preventing skin contamination. Figuring out emerging trends and future health care needs.
Contact with users who needs extremely for portable, flexible and inexpensive products. 3M
division visits in Asia and Latin America. Also they visit in over their hospital, operation
rooms, centers in microbiology and centers in infection prevention. Purpose of that visit to

observe product and service needs in “high risk” regions of the word and learn from leading
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practitioners how to provide products and service to “cost-conscious” countries. Then start
screening workshop participants. Someone is expertise relevant top different aspect of task,
Innovatve and leading edge solution ideas to offer. Candidate who has strong personal interest
in finding innovative solutions and willing to sign over “ownership ideas” to company. During
the workshop main goal was concepts for an economical system of products to reduce patient
infection during surgery. It’s a special process to work with users with extreme needs. They
keep included target market experts to keep the sessions focused on the objective- in this case
low cost surgical drapes. 11 lead users and leading experts plus project team and other
company personnel attended. First those people get together in small groups to create some
solution. After show solution come out from different small group, everyone get together to
discuss and evaluate one more times those solution to see improvement. Get idea from
expertise person regarding for new product, it should be easy to use on skin, safe on varied
skin types and works on body contours. Low-cost infection prevention, minimum of materials
needed, effective under high-risk conditions. In that small group team worked sometimes 4 to
6 months with marketing people who knows what markets needs and technical people who
know the technologies and cost. During that time they only focus on gathering needs and
solution information from leading edge users. It’s a really interactive data gathering methods.
Rich information on emerging and future need. Higher quality and often breakthrough
concepts. Product and service development process takes 1-2 years to 3-6 months end of

project the biggest challenges is efficiently finding the “right” lead users.

3M Company’s scientist Mary Sonnack summarized LU project (2000). She said
outcomes from 6 lead-user projects and traditional outcome of 6 same projects, in 3M
Divisions. In past have generated 1 major new product line every 6 years on average. Major
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outcomes of lead user studies, in 4 of 6 studies, new “breakthrough” strategies and related
product line concepts were generated that are being actively developed by 3M Divisions
management. Business analyses to date project $1.2 billion in new sales (total for the 4
Divisions) from the Lead User-generated concepts in 5 years at significantly higher margins
than current Divisions averages. Lead User-Project expected outcomes almost equal total 1999
sales of those 4 Divisions- $1.4 billion. End of 3M project, one result come out and to classify
the Lead Users under three categories. It is useful to think about three different categories of
lead users that can provide important information to lead user project teams. During a lead
user study, team members systematically contact each type in order to get the best possible
information for their project. The three types of lead users are:

1) Lead users in the farget application and market,
2) Lead users of similar applications in advanced “analsg” markets,

3) Lead users with respect to important affributes of problems faced by users in the target
market. To illustrate these three types of lead users: Suppose that a manufacturer of medical X-
ray systems decides to form a lead user project team to identify concepts for new products in
that field. The team researches the target market and finds two important trends. One trend is
towards images with higher resolution; another was towards better methods for recognizing
subtle patterns in images that are medically important ~ for example, patterns that indicate
possible early-stage tumors. In this example, the team might go on to identify and learn from

the three

8.2.3. More Leading Edge User Study on the Literature

The most important function of marketing research is to precisely understand user needs

for potential new products. The success of new products in the market depends on essential
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input to the new product development process. In some fields, users have been shown to be
the actual developers of most of the successful new products eventually commercialized by
manufacturers. For example, users were found to be the actual developers of 82% of all
commercialized scientific instruments studied and 63% of all semiconductor and electronic
subassembly manufacturing equipment innovations studied. (Eric von Hippel, 1976) There
are some methods to identify leading users which are Similarity-dissimilarity ranking method
and focus group methods. In similarity-dissimilarity ranking, inviting a sample of consumers to
compare products in that category and assess their similarity and dissimilarity generates data
regarding the perceptual dimensions by which consumers characterize a product category. The
consumer simply provides similarity and difference rankings, and the market analyst
determines, the important perceptual dimensions that “must” be motivating the consumer
rankings obtained. The method clearly depends heavily on an analyst’s qualitative ability to

interpret the data and correctly identify all the critical dimensions.

In focus group methods, market analysts bring together a group of consumers familiar
with a product category for a qualitative discussion of perhaps two hours’ duration. Analyst
sets the topic and discussion is recorded, transcribed, and later reviewed by the analyst whose
task it is to identfy the important product attributes, which have implicitly or explicitly

surfaced during the conversation.

Von Hippel (1986) has proposed that analysis of need and solution data from” lead
users” can improve the productivity of new product development in fields characterized by
rapid change. Lead users are users whose present strong needs will become general in a
marketplace months or years in the future. Since lead users are familiar with conditions, which

lie in the future for most others, von Hippel hypothesizes that they can serve as a need-
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forecasting laboratory for marketing research. Moreover, since lead users often attempt to fill
the need they experience, in the hypothesize that they can provide valuable new product
concept and design data to inquiring manufacturers in addition to need data. In this article
von Hippel picked computer-aided design (CAD) system for case study. Because it is a large,
growing and rapidly changing market. This market grew at over 35 percent per-year. They
specifically examine the CAD systems used to design the printed circuit chips PC-CAD and
other electronic products. First step in investigating lead user dara in PC-CAD was to identify
an “important” trend in that field. They identified experts by telephoning interview with
companies. In order to identify lead users of PC-CAD systems capable of designing high
density printed circuit boards he had to find that subsets of users who were designing very
high density board density and gain high benefit from increases in board density. 136 persons
answered the question. High proportion of user-innovators, which he found in sample, is
probably representative of the general population of PC-CAD users. Sample size was well
dispersed across the self-stated scale with respect to innovativeness (24 percent indicated they
were on the leading edge of technology, 38 percent up to date, 25 percent in the mainstream,
and 13 percent adopting only after the technology is cleatly established). Von Hippel
conducted a cluster analysis of broadcast questionnaire data relating to the hypothesized lead
user characteristics in an attempt to identify a lead user group. In the rwo-cluster solution, the
lead user cluster is cleardy distinct from cluster on all attributes measured. Many more
respondents in the lead user group report building their own PC-CAD system judge himself
or herself to be more innovative (3.3 versus 2.4 on the four-point scale with higher values
more innovative), are earlier adopters, and are more dissatisfied with commercially available
systems (4.1 versus 5.3 with higher values indicating satisfaction). Twenty eight percent of our

respondents are classified in this lead user cluster. The two clusters explained 24 percent of
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the variation in the data. Given the robustness of the lead user profile across both clustering,
Von Hippel selected the two-cluster solution as the more economical basis for further
analysis. A discriminate analysis on lead group membership indicated that “build own system”
was the most important indicator of the lead user cluster. The discriminate analysis had 95.6
percent correct classification of cluster membership and the standardized discriminate
function coefficients were: Built own 0.94, self-stated innovativeness 0.27, average number of

layers 0.25, satisfaction -0.23, year adoption —0.16 surface mounting 0.15.

Concept of questionnaire showed that respondents strongly preferred the lead user
group PC-CAD system concept to any other. 78.6 percent of the sample selected the lead
user creative group concept as their first choice. The constant sum scaled preference value
was 2.60 for the concept developed by the lead user group. This was thirty nine percent
greater than users’ preference for their own current system and more than twice as great as
the preference for the most advanced existing commercially available product offering. For
the lead user concept, the probability of purchase increases from 51.7 percent to 63.0 percent
when the price is decreased from $150,000 to $100,000 and drops to 37.7 percent when the
price is increased to $200,000. The preference for the lead user group concept was

significantly higher than other alternatives at all price levels.

If lead user data is to be valuable for the design of products, which will be successful in
the wider marketplace, it is important that the product preferences of the typical users are
now similar to the preferences of lead users. Von Hippel showed that the preference of lead

and non-lead users are similar. They look at lead and non-lead user clusters separately. While
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both groups preferred the concept developed by the lead user creative group, a slightly higher

proportion of lead users selected that concept as their first choice.

Lead user methodology is a logically straightforward combination of three components,
and each of these components has been empirically tested in other contexts. First, the lead
user method assumes that users who have experience with a need are better able to give
accurate information regarding it than those without such experience. Both common sense
and several empirical studies on problem solving support this assumption (von Hippel 1986).
Second, it requires that, in fields where need-related trends exist, some people will experience
a need under study before others- they will “lead” with respect to the trend. Third and finally,
the method assumes that users will differ on the amount of benefit which they can expect
from a solution to a need, and that the amount of effort which they will exert to understand

and resolve it will vary with the expected benefit.

8.2.4. Lead user and dynamic information (Nortel networks)

From Harvard Business School Professor Clayton Christensen introduced the idea of
innovator’s dilemma. “When best firms succeeded they did so because they listened
responsively to their customers and incorporated the voice of the customer into their next
generation products. Paradoxically, when best firms failed, they did so because they listened
responsively to the customers and incorporated the voice of the customer into their next

generation products.”

Eric Von Hippel, Professor, MIT Sloan School of Management, says, “The lead user
process is among the most effective techniques to build a best-in-class innovation process.

Anthony Hall, Director of The Future Human-Centric Solutons (FHCS), says, “Nortel
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Network has a vast amount of experience in end-user research. Lead user research will be an

important tool for Nortel Networks to discover breakthrough concepts quickly.”

FHCS team at Nortel Networks and Dr.von Hippel’s team works together to identify
three main objectives. First objective was to discover the critical needs of lead users second
one was to find out potential solutions that address lead user critical needs and last one was to
test hypothesis that the DPT (Dynamic Information Transfer) concept is a potential solution
for mobile lead users. Given the objectives and the details in the mobility landscape, the team
defined an application space helped determine the identfication of lead users. As we know
that all lead users were to have one or more of these characteristics: Need for real ime data
transfer, need for location base information, and need for data and voice integration, wireless
internet user and critical issues with profound implications for life. From these characteristics,
the aim was to find users who expressed an extreme need for one or more of the

characteristics. Lead users would also be innovating solutions to address these critical issues.

There are two main steps to find lead users for that project. First thing is that to find lead
users. Interview them to categorize their critical needs and find out the degree to which they
innovate to meet those needs. The crucial point is that lead users are rare; the success of this
phase depends on the ability to network and reach them. The second procedure was to bring
together this unique group of lead users to work together collaboratively to solve specific

problems in the defined application space.

They contact many people from different industry group who needs or using wireless
communication system. By talking with many users, the team was able to find the lead users
among the contact. Once they make first preliminary contact, the team member evaluates the
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level of knowledge and the level of innovaton for the users. If the team member believed that
the user wasn’t a lead user, they asked for referrals of colleagues who better fit into the lead-
user category. End of the first procedure the FHCS team was able to identify more than
twenty lead users. Next phase of the lead-user process was to bring together the lead users 1o
collaborate and assist in the design of solutions to address their extreme needs. The FHCS
team brought together nine lead users, a subset of the more than twenty lead users identfied
and interviewed, to explore the dynamic attach, store-and-forward caching, ad DIT concepts.

Also team would plot a roadmap forward from today’s mobile infrastructure.

Lead users get bring together who can articulate their critical needs and had planned
extremely innovative solutions to meet those needs. For the workshop those people invited for
lead user group member, animal tracker, storm chasers, a next generation law enforcement
technologist, an aviation specialist, a mobile telemedicine researcher and broadcast engineer.
They described themselves the challenges they face in their work, a key innovation. The FHCS
team created a lead user expedition. This scenario placed the lead users in a made up world
that enable them to work on tangible problems outside of their domains of expertise Two
team established and first team member focus on to design the dynamic tether concept and
second group is designing the store-and forward caching concept. For each group was asked to
design the network and devices given the requirements of the expedition scenario. During that
workshop as a result, innovations started to emerge. The creative portion of the workshop
ended with a list of key innovations. End of the workshop each group created a solution idea
for wireless infrastructure to support voice, data and video communicatons.  The
infrastructure was represented by a number of elements. The first element was a human

communicator device for each explorer. This device would transmit and receive voice, data,
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and video and it included location tracking. The second element was an autonomous
data/video device that collected data and transmitted. Other element was a satellite uplink
from the base camp to the outside world. Three days workshop ended with a presentation of
the Dynamic Information Transfer concept. All of the lead users found a DIT to be a useful
concept with endless applications. The lead users presented insight, including consideration for
the variety of data and control over the activation of the DIT capability. Standard will be

important to define the chain of events and information model for DIT.

End of the workshop; lead users were successful to idendify opportunities in mobile
services, device, and technologies across multiple industries. Dr. Christensen (1997) states, “
Disruptive technologies bring to a market a very different value proportion than had been
available previously. Generally, disruptive technologies under-perform established products in
mainstream markets. But they have other features that a few fringe (and generally new)
customer value Products based on distuptive technologies are typically cheaper, simpler,
smaller, and frequently more convenient to use”. By adopting and integrating the process with

other research and methodologies, Nortel Networks demonstrated that the DIT concept is a

disruptive innovation for the future wireless Internet.
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Chapter IX

9. Methodology and Data Set

Media Metrix is a leading provider of Internet and Digital Media measurement products
and services. The company starts to measure usage of the entire digital landscape, including its
largest segments. In the market their measurement data met with huge demand by advertising
agencies, new and traditional media companies, e-marketers, technology companies and
financial institudons. They have currently international operation too. Company is setting the
global standard for Interet and Digital Media audience measurement. Media Metrix data are
used to buy, sell and plan advertising, support marketing and commerce initiatives, Asses

partnerships and distribution strategies and analyze competitors.

Media Metrix patented metering methodology, which collects actual usage data from
randomly recruited, representative samples of tens-of-thousands of people in homes and
business around the world. The meter is a software application that works with the PC
operating system to passively monitor all user activity in real time click-by-click, page-by-page,
and minute-by-minute. The usage data are aggregated to create the most extensive and
comprehensive database of actual Digital Media usage available today. Whole Universe is
defined as all those individuals who used the Intemnet or any Digjtal Media at home, at work or
at college during the past 30 days. Media Metrix takes two complementary approaches to the
measurement of banner advertising, a sample approach (The Ad Network Report), and a
competitive tracking approach (AdRelevance). Our data source comes from The Ad Network
Report. Using audience measurement Methodology, Media Metrix records each file requested
by a user. All banner ads being viewed by the sample and classify them according to the

Network responsible for the distribution, for example AdSmart, Flycast Network. Actual and
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potential reach of each of the major network data available. Ad Networks and their channel
are tracked across key measurement criteria including measures (Reach % and Unique Visitor
(000)) and frequency measures (Day, Pages, Time, and Spent per Person). Also audience
estimates and audience composition are provided across age within gender demographic
groupings and household demographics. Monthly report intervals are between First day of
Month and last day of Month. When I say April 1999 reports includes data from April 1, 1999

through April 31, 1999.

For our study we used 15-major Ad Sales Network and this report divided two major
sections Actual Reach and Potential Reach data sets, there are two way to measure Ad
Networks. Potential Reach one of the way of estimating the reach and audience composition
of an Ad Network is to sum up the unique audience across all the sites in the Ad Network as a
whole and Ad Network Channels, individually. Ad Sales Networks has contracted with Media
Metrix and signed an agreement stating the company understands and will comply with the
guidelines established by Media Metrix. Actual Reach second method to estimated the reach
and audience composition of an Ad Network is to count the audience that received an ad
provided by a third party ad server. For the real-time panel, Media Metrix has the technical
capability of measuring when a user receives an ad and, therefore, has the ability to calculate
Actual Reach. They are using real-time software, that software contains all data representing
the origin of all the sources. This ability to evaluate third-party ad server activity on all websites

enables performance measurement. It is an accurate measure of the ads viewed.

Media Metrix is using two similar tracking meters are used to collect web usage activity.

One-third of the panel currently uses the Media Metrix real-time tracking software to detain
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and transmit the web usage activity. Internet users install the software on all computers that
the Household members use to access the Web in their place of residence and their place of
work. Each household member chooses himself or herself from list of software’s user
identification screen. The software passively records all Webs browsing activity, sending all
clickstream data, user demographic and computer information to Media Metrix servers in real-
time, as the user moves about the Web. If the computer has been inactive for more than 30
minutes, the meter requires indicating again who is at the computer. Second tracking software
name is Media Metrix PC Meter software; users also install on all computer in the at home and
primary computer sat work. On the first day of each month, a retrieval disk arrives via mail at
the respondent’s home and place of work, with instructions n how to download the collected
data. The disks are returned to Media Metrix for reading, processing, coding, and tabulation

over the following several weeks.

Projecting the Samples each quarter, Media Metrix uses probability sampling and random-
digit dialing methodology to specify the people in the U.S. who use the World Wide Web on a
monthly basis. From this enumeration, estimates of the number of Web Users and their
demographic characteristics are derived. Universe estimates are updated on a quarterly basis to
see the rapid growth of Web users. The sample of users who used both at home and at work
are weighted on a grid composed of age, gender, and presence of children, household size and
household income. As is normal in research practices, the weights of all panelists in each
demographic category will differ slightly from the target population. The targets for the

demographic categories are show in the Table 9.2.
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Table IX.1.World Wide Web and Digital Media Umversc Estimates

World Wide Web and Digital Media Universe ke
Media Media Media
1. Persons 2+, Used the Web At Home past 30 days 74054 |76443| 75359 | 77714 | 75,783 ] 78,073
. Adults 18+, Used the Web At Work past 30 days 26,990 |27,546] 27622 | 28,135 | 27,787 | 28317
3. Aduits 18+, Used the Web At Both past 30 days 23,605 |24,130| 24447 | 25.192 24,809 | 25,406
All: Persons 2+, Used the Web At Either Home or Work past 30 days 77,439 | 79,859 | 78534 | 80,657 78,761 80,984

Sources: Media Metrix World Wide Web Audience Ratings, October 2000. Ad Sales Network Report

Work with the Home and Work Samples, in order to measure total computer usage, all
person whoever recruited should install the Media Metrix meter at all locations where she or

he uses a computer and connect to the Web. But some people will install the meter at home

Table IX.2.Media-Metrix Data Sets Key Demographic list

EMOGRAPHICS une ‘00 UNIVERSE |DEMOGRAPHICS June "00 UNIVERSE

Pop. (000) % Pop. (000) %
ales 12+ 35,2371 46% ecw England 53 7%
12-17 4637 6% [Middle Adantc 989§ 13%
18-34 142491 19% [South Adantic 124971 16%
3549 10,03} 13% t South Central 3,788 5%
50+ 6,321] 8% [West South Central 7,581 10%
emales 12+ 35,3 46% |East North Central 10,645 14%
1217 4442 6% [West North Central 6,71 9%
18-34 127971 17% ountain 5201 7%
3549 11,921 16% [Pacific 14,65 19%
50+ 6,158 8% 1
hildren 2-11 5,79 8% |< $25,000 7449 10%
1$25,000 - $39,999 122458 19%
20,828 27%
9,685 13%
8 10,5004 14%
2 persons 19,653 26% [$100,000 + 13,6471 18%
3 persons 14674 19% B o
4 persons 19,193 25% [Yes — Children 42031 55%
5+ persons 16,8571 22% [No Children 34329 45%
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but not at work. The same, some people install at work but not at home. Three terms (at
home, at work and at both) can be combined to produce an estimate of the total number of
people using the World Wide Web, at home or at work. If we know how many different
people used at home and how many different people used at work and then if we combine
these two numbers to gets total users. For those total users we do have list of demographic
information. Demographic variable list also listed on the Table 9.2. There is a biggest possible
problem is that some people will have double counted who used in places, home and wok.
The estimate of the number of persons who used in both place is produced, however, and can

be subtracted from the duplicated total resulting in the Net Unduplicated Audience.
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Chapter X

10. Leading Edge Users for the US Internet Users

Media Metrix Company has been the largest data supplier since 1996. Its branches in
both domestic and international locations have placed two tracking software into their clients
Internet users’ computers to obtain monthly activity reports. This software is called (i.e. The
media Metrix Real Time Tracking Software and PC Meter Software) and in turn, clients whose
daily Internet activities are monitored and they were paid a monthly fee by Media Metrix as

part of deal.

As expected, Internet service providers (ISP) were very few when they started emerged in
1996. In this study we used the data pertaining to after August 1998 untl December 2000.
These 29 months of data in Ms.Excel format has been udilized in this dissertation. Data from
1996 to August 1998 is not available for this study. Supplied data was originated from top 15
Internet Service Providers. Although some of the data set covered whole 29-month period.
Some of them did not because some companies established after August 1998. Processing of
the aforementoned data required intensive computer time and manual labor time. There is no
fixed format for each data file. This monthly data are composed of actual and potential data.
10.1. Econometric Model

In this study, our goal is to find leading demographic characteristics of online users in
which their behaviors significantdy close to all of the online users’ preferences. Our
methodology and capacity is not able to find exact individual person to call him or her as a

leading edge person for online usage purpose. Based on our available data set, we could only
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figure out focus groups’ demographic characteristics by using advanced econometrics (i.e.,

Robust Estimation, LAG operation), statistical tools, and data analysis techniques.

In this study our main difficulty is, for 29 months separate data file, to put in order any
variable under the category of months, domain name, web page name, gender, household
characteristics, income level, age and regions. Success of econometric results depends on
appropriate time series. Monthly data sets had been created under different Domain Company
Names and all major web sites data are listed under the main web category. For any web
category we do have the data to show how many users visit for each month, frequency table,
gender information, household demographic characteristics and the number of online users
from each region to visit them web sites. 24/7 Media group, Doubleclick, Burst Media group,
Xoom domain name data is available most of the 29 months period. When we started to
create time period for each domain, time series varied base on domain name. It takes a lot of
time to create time series under five main constraints. On the ume series, we spent too much
attention to put nicely everything in order, under the same domain name, and ever-separate

month, put them data to the row carefully below.

Universe=>Actual Data or Potential Data<>Month of Data set?Domain Name=> Name of
Web category=>Name of Web Sites<> and more than 42 attributes of online users data listed
on the column for number of online users and percent of composition (Reach & Frequency
Distribution, Gender by age, household information, Regions). To get the results in the first
part, data’s were sorted under those categories and graphs and tables were created for each

darta group separately.

From main data set those data group created
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1) Actual data for All Domain name  2) Potental data sets for All Domain name.
3) Actual data for web site by category 4) Potential data by web site category.

Coverage of those four data group’s variable is exactly the same variable for each data group
(see list of variable Table 9.2). First and second group data sets include only All Domain Name
information. There are 15 major domain names. Third and fourth data group coverage area is
only web page. On the data set there are more than 100 different web page categories. We
created only 14 new web-pages data group by using those 100 web sites. Again same as first
and second group there are 42 variable for this data group also. For each web-page category or
Domain name we run single equation regression to find R* for each variable. Depended
variable is always same, Y total number of internet visitor, from home and work for explicit

domain name or web page category.

Single-variable regression equation
Yir = aix+ Bit Xi(+eit (1)

In economics the dependence of a variable Y on another variable X (the explanatory variable)
is rarely instantaneous. Very often, Y responds to X with a lapse of time. Such a lapse of time
is called a lag. Psychological reasons, technological reason or any other reason people not show
reaction immediately. People respond comes later on next month or next year. On the Internet
market any changed brings instantaneous respond, to make is short to decide for any new
result or changed. One month time period is enough time periods to decide to show respond
for any new web site changed. That’s why we used Lag (1) equation to see Internet users

preferences changed and behaviors, (equation 2).
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LAG (1) equation is show below

Y=o+ B, X, te,

Y, : Base on certain web-site category total online visitor giving month (t).

X,...: from list of variable on the Table 9.2, for each variable, total online monthly visitors as of

previous months.

We bring here one-regression results to discuss methodology; data sample group from
Web Site category is automotive related web sites, (Table 10.1). From different domain all
automotive related web site information collected. Data is Potential Data sets and again cover
29 months period. In this study we run one variable regression and got coefficient and R* for
each variable. We have 42 Varable coefficients and regression results for each domain name
or web page category. After we have all regression results (it’s approximately 5000 regression
results), first thing we did, and short each single variable regression variable R> number by
descending and determine the first top 8 variable names and R®s. After we completed the
same procedure for all variables (almost 5000 times) we put together first 8 highest R* variable
results on the table. And then we started counting each variable, which is repeated within the
first eight top groups. Purpose of this process showed us which variable was repeated the most
of the times. For example, on the Table X.2, New England is 2, it’s mean that after we run
5000 regression only and only 2 times New England variable counted within first top 8
variable groups. Using those summary tables, we tried to put together all results on one big
table to get the final number for each variable which is showed, which variable is the most
repeated or counted during the whole process. In order to see variable rank simply, we decided

to use 8 different colors for each R* to show its rank within first 8 variables. For example, if we
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see a red color for any variable, it means, that variable’s R? is the highest one, blue color means

fifth highest R® value.

Table X.1. Single Variable Regression resuit for Automobile

99.1% irst Highest R-square
Home X4 9.1% § Second Highest R-square
s.of IR
ildren YesChildren X38 99.1%  [SSMEMEERIThird Highest R-square
omen Women 18+ X32 98.8% - ourth Highest R-square
Home/Work X2 98.6% &\\\\\E\\% ifth Highest R-square
iWomen 2549 X35 98.3% %//// ixth Highest R-square
[w eventh  Highest R-
omen 35-54 X36 97.9% EBE=p
fincome Level _[§60k-74.9k x48 | 97.8% [[lEsgnn rignest m-square
Data Potential Data Set
Time Period 08/98 to 12/00
Number of
Variables 42

Number of Sample 147

End of the econometric analysis, all result summarized in one big table, Table X.2, and
this table include three data category. First group named “All Domain Name Category”, “Web
Site Categories” and last data category called “Ranking” which is i’s a combination of first two
data category. On the third category, last column give explanation which variable has leading
characteristics.

On the last column ranking all variable from highest to lowest, highest mean how many
times a variable yielded a highest R-square results. (R-square is coming out end of each Single-

Variable Regression), for example, first number on the last column is 63, name of varable
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called “Home” (Home stand for online user connected internet at home) 63 times get the
greatest R-square value. On the last column for each unique variable we found a number using
both first and second data category. Those numbers demonstrate the greatest number of R-
square is yielded. Second highest number on the last column is Female 18+ variable. It’s 50
times second greatest R-square occurs. Third highest number on the last column is Male18+,

it’s 44 times counted as a third greatest R-square results. And so on.

Last column is ranked from highest to lowest result (results meaning, a variable the
greatest number of R-square is yielded). Instead of using only that indicator we added second
indicator to help us to see easily greatest result among 42 variables is the color-coding, also
black and white coding (color keys are provided on the Table X.2, same code used for black-
white version first highest require by black color, then gray %40 color, gray 25% color, gray
6.5% color, reverse diagonal stripe, thin diagonal stripe, thin horizontal stripe, thin vertical
stripe). Color-coding one other advantage is that make it easy to comparison among variable to
see close relatonship among variables. Red color indicates the greatest R-square result and
following color second greatest R-square yellow and so on. Same thing for black-white coding
is black color indicates the greatest R-square, gray 40% color second highest R-square and so

on.

On the Table X.2 first two data category combined to produce last data category that
shows variable rank. First data category, it’s called “All Domain Name Category” (its comes
from Table X.3, Table X.4, Table X.5 and Table X.6 results) this group result comes from 15
Domain name’s regression result. Using the same 42 varables one by one on the single-

variable regression for each Domain name, for each single-regression result picked the highest
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first eight R-square’s variable. Same process is repeated for LAG (1) regression operation to
get first 8 highest R-square results. On the second data category results comes from “Web site
Categories”. On the existing data sets there are 14 web-page categories. There are two sets data
group, actual data and potential data, for each web-page category plus there are 42 variable for
each web-page category. Ranked those variables’s R-square from highest to lowest.(Table X.7

and Table X.8).

In order to get third data category, from first group for first variable “Home” counted R-
square 13 times as a first highest R-square, 4 times second highest, 9 times third highest result
so on. When we look at second data category for the same variable “Home” 7 times counted
as a second highest R-square, 2 times third highest R-square and so on. In order to get last
final data result, first highest result for all domain category and combined it first highest result
of the web site category for same varable to get the first highest number in the third data
category “Ranking” and so on. After that we combined all number on the same row in the
third group in order to get sum columns (Last Column on the third data category). After
repeating the process for each row, sum column ranked from highest to lowest to see which

variable has strong leading characteristics among 42 variables.

First eight variable Sums’ has highest-ranking occurrence of varable, therefore, those
eight variables demonstrate leading character. Listed variable’s name from highest to lowest
rank as Home, Females18-+, Males18+, NoChildren, Household size 5+persons, YesChildren,
Household Income $25K-$39,999, Pacific Region, Home-Work Internet Users, and next three
variable has a potental leading characteristic. On the first two data category again first eight

focus group almost same as final leading group variable only difference is household income
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level less than $25K varable is counted on the first eight for first date category (All Domain
Name). For Web-Page data category regression result again first eight variable almost same as
final leading group except Household Income level ($60K-$75K) is counted as a leading group

varable. (Table X.9)

Table X.10 shows ranking base on variable category (Gender, Household Demographics
and Region). The most important age category for Males and Females are the same within the
first second and third highest-ranking list. Household size (5+People) variable is the most
important variable for household Size category and second one is household size 2 people. For
Income level, the greatest variable bracket is ($25K-340K) and second one is income level less
than $25K household has important leading character. And final variable group is from

Region. Pacific region Internet users have important leading behavior.

10.2. Leading Index

In order to test final leading variable’s group (eight variables, Table X.9) we established
Leading Index. In order to test hypothesis, take first 8 variables, leading characteristics
variable, and plug into multivariable regression equation to show the best predicted Y, (see

equation #3, #4).
First Leading equation;

Y=-21829+1.38*(Men18+)+1.86*(5+People) +0.53*(Female25-49) +0.33*(YesChildren) +e (3)
(6.62) (6.32) (2.49) (1.23)
And second Leading Index equation is:

Y= 9328+0.68*(Women18+) + 0.03*(Pacific) +1.31*(NoChildren) + ¢ )
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(4.45) 0.37) (11.46)
First leading equation prediction very strong as we can see on the Figure X.1 and Figure X.2.
Number is in the parenthesis indicated t-values and computed t-values exceeds the critical t-
value, we may reject the null hypothesis and say that B’s coefficient are statistically significant,
that is, significantly different from zero. F-test has significance result to show all coefficients
statistically significant (Table X.11 and Table X.12). Leading index regression result listed on

the Figure X.1 and Figure X.2.

Those eight the best-selected variable are our focus group or leading group for marketing
strategy. It’s very useful for marketing purposes in order to narrow downs matketing strategy
so that one does not need to concentrate those 42 variables. What information you get from
those 42 variable, one can just focus on eight get the same result and information. This allows
for marketing advertiser to pin point their marketing strategies smaller domain and yield same
results. Secondary benefit to use those leading group is saved research effort, time and

expenses.

Online ad spending has huge growth potential. As of June 2000 in North America ad
spending total amount was $5 billion. And forecast ad spending in year 2005 will be $16
billion, from Jupiter Communication estimated ad report, Table 10. For successful
advertisement strategy require to know users preference and target some select users group to
get better acquired forecast result at this point our leading edge group information will be

useful to give better idea.
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The top sectors for online ad spending in 2001 were Retail (§533.3 million) and Media
and Advertising (8450.5 million). Yahoo held on to its position as the top property for online

advertising revenue with more than $344 million for the year, Table X.13-15.

Chapter X1

11. Summary and Conclusion

11.1. Conclusion

Using traditional techniques new idea generation base on customer input collect
information on new product needs from a random or typical set of customers, collect
information from users at the center of the target market. Many firms generate new product
ideas based on information collected from current or potential users. In the traditional idea
generation paradigm, idea generation involves first identifying and quantfying the intensity of
needs shared by many users and then having internal manufacturer personnel strive to create
an idea for a novel product that users will find responsive to those general needs. The lead user
process collects information about both needs and solutions from users at the leading edge of
the target market. New methods to obtain information from lead users, and build that

information into commercially new product and service offerings.

Early and gradual (though thoroughgoing) deregulation made the U.S. the leading
economy for innovation. In sharp contrast, in most of Europe and Asia the dominant
govemnment owned monopolist (even in 2000) exerted undue influence. The flat-rate tariff
structure for local phone calls was remarkably important for the diffusion of online services

and the uptake of the Internet in the home market. The macro-level deregulation created a
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powerful competition that drove bandwidth costs down, encouraging ever-greater use of the
telecommunications system and the Internet. The leading US economy needs a leading users,
or focus group. There are many ways to find leading group base on study. Our leading edge
study required using econometric method to maximize R-square and then ranked the most
repeated variable by highest R-square number. First eight top numbers, which is, repeated the
most of the times and we called those eight variables as a leading group. Leading index help us
to test our finding and its shows the best estimate result. More than half of the US population
connects to Intemet. It’s very difficult to identify certain people as a leading edge group
member. Instead of find a certain people, we tried to describing charactetistic of leading group.
Our 8 leading group variables have also dominant characteristics on the First essay. On the
First essay we showed that pacific region users are the most active online users, and more than
50 percent of US online users are Women, and age group between 25-49 is the most active
users age. If online user family does not have child, they do have more time for online and
they have much stronger leading characteristics then that has children. Household size more
than 5 person also leading characteristics to help us identify next step of Internet marketing
strategy. Household income $25K to $40K level mid-income level family using more Intemet
than any other group but low level income family interest growing faster then any other group.
Also important thing to find very active income level family to focus on those groups for
marketing purpose. Male (age over 18) has strong leading characteristic same as Women and

25-49 age group for Men also very active online users group.
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11.2. Appendices

11.2.1. About eCommerce-Pulse:

The eCommerce-Pulse service integrates eCommerce survey data collected from Harris
Interactive’s online panel of more than seven million users with data and insights from
Nielsen/NetRatings’ Internet audience measurement panel. ECommercePulse is the first
single-source eCommerce intelligent service for merchants, investors and suppliers. Covering
more than 300 eCommerce sites across 14 key vertical markets, eCommercePulse provides
integrated monthly reports on eCommercePulse behavior, trends and spending. Critical
informaton on purchaser and revenue share, and customer satisfaction metrics, including
market-level and site-level traffic enables companies to make informed, strategic business

decisions.

11.2.2. About Harris Interactive:

Harns Interactive (HPOL), the global leader in online market research, uses Internet-
based and traditional methodologies to provide its clients with critical knowledge concerning
the views, experiences, behaviors and attitudes of people worldwide. Known for the Harris
Poll, Harris Interactive has 45 years of experience in providing its clients with market research
and polling services including custom, mult-client and service bureau research, as well as

customer relationship management services. Through its US and Global Newwotk offices,
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Harris Interactive conducts research around the world, in multple, localized languages, using
its proprietary technology to survey its database of more than 7 million online panelist.

Company’s web site is at www.harrisinteracive.com.

11.2.3. About Net-Ratings, Inc.
NetRatings, Inc. (NTRT) is a leading provider of Internet audience measurement information

and analysis. Its products and service enable customers to make informed business-critical
decisions regarding their Internet strategies. NetRatings has strategic relatdonships with both
Nielsen Media Research, the leading source of television audience measurement and related
services in the US and Canada, and ACNielsen, a leading provider of market research

information and analysis to the consumer products and services industries.

11.2.4. About Nielsen/ [ Net Ratings:
Nielsen//NetRatings, the audience measurement service from Nielsen Media Research and

NetRatings, Inc., collects real-time data from more than 70,000 panel members in the United
States. The US panel sample consists of 62,000 at home users and 8,000 at work users. These
panels collectively represent the largest representative media research sample of Internet users
in the Industry. Worldwide, measure the Internet experiences of more than 220,000 Internet

usefrs.
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Table X.2. US Online Users Leading Edge Group Summary Table
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Table X.3.Actual Data Sets for All Domain Names
Period: Agust 1998 to December 2000
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Table X.4.Actual Data Sets ( LAG 1) For All Domain Names
Period: Agust 1998 to December 2000

From Highest R-square to Lower R-square Ranking List
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Table X.7. Rnnklng First El!m Variable Usln! Potential Data Set by Web PagLCa ory (08/98 to 12/00)
1 2 3 4 § ] 7 L]
14 Web-Site
Artsd Computer
?m u’::::‘: v;:;:” Entenainmentd Automolve Tech &
) Data Music & Sports Inernet
UNOUE VISITOR [ romewort Presence of Chadren_ |Chidren Present__ [x38 o No Chilren Present [x38 No Children Present 438 Prasance of Chiaren
REACH FREQUENCY [MomeWonk No Children Present [x39 Presence ol Chidren |Children Present 238 Presence of ChidChildren Present 239
REACH FREQUENCY |Home 44 WOMEN 18+ Women 18+ 132 { $40k- 59 9k 47 :{Women 18+ 232
REACH FREQUENCY |work x48 10.9079 Home x2 _|0.9857 5+ Paople x44 25-48 235 |
UNWQUE VISITOR __ [Home x47 7777 Reach Home/. Work X1 277 2 People x41 |D88T3, 3553 38|06
UNAOUE VISITOR _ [wons x46 NN 25-49 [x35 NN $60k- 74 0% x48 |0, 2 People x4l
{HOmeWork a4t 35-54 x38 Reach ™ Homa! Wark x1 {0.8838-—]5« Paocple x44 MEN 18¢
Home x2 $80k- 74 Bk 248 55+ 231 9.} $E0K. 74 S x48 Ja9
work Reach % x1 X MEN 18+ Men 18+ {x26 Home %2 |0.88 Men 18+ x26_J0L 9817
| Househod Size 1Person w0 |4 5+ People 4 25-49 235 |9 Js25h-_396h 246 Ja9813] | [fRescn s
Home $75h-899 Ok x40 |0.9842 2. People x41 10.9721 $25k- 39 9k 246 10.9777 !S75k-$99 O 149 10.9785
Wok Pacific x50 10,0832 $751-$00 Oh 249 10.97% $750-$00 Dk 349 10.9766 Pacitic 259 10.9762
jHoma/MWork 4People 243 10.9813 $40k- 59 9h 247 ]0.9655 MEN 18+ Men 18+ 226 10.9743 25-34 =34 10.8732
Home MEN 18¢ Men 18+ x26 ]0.9758 $100h+ x50 |0.9851 25-34 234 10.9732 4 People 133 10.9731
Work $100h ¢ x50 10.9733 25-48 229 |0.9837 3 Peopis 232 10.9719 $40k- 599K x47 10,9722
{Homework WOMEN 18+ Women 18+ x32 {0.9725 4 People 243 10,9623 4 Peopls x43 10.9718 1_Person 140 10.9719
Home Household Income Under $25k x43 [0.9725 25-34 234 _£0.9804 35-54 236 |0.9714 JHome 12 |0.9709
Work 35.54 %30 109713 1 _Person x40 10.9477 WOMEN 18+ JWomen 18+ x32 ]0.9712 le\v x50 [0.9681
Home/MWork 25-48 x35 10.9692 Househokd Suze 25-34 228 10.9438 35-54 230 |0.9672 Migdle Atlanuc 2652 10.9689 House UK 1N C e
Home Middie Atlantic x52 [0.9689 Work 1x3__10.9374 1_Person x40 |0.9595 J\west South Cental [255 [0.9655 WOIEN 18
Work 55¢ x31_}0.9636 Pacific x59 {0.7631 Household Size_|Pacific x59 10.9567 South Atantic x51 10.9653 Househokt Sure
Home/Work 35-54 %36 |0.9636 Home/ Work y 18-24 x33 [0.9554 25-34 x28 10.9626
Home 25.34 x34 [0.9815 \Vistors (000} Home! Work x6 West South Central [x55 {0.952 35-54 230 |0.9613
Work 25-49 x20 10.953 per Vistor Home a7 Work x) |0.9514 25-49 %29 ]0.959
Kas  2-14 Work %3 10.9451 Work 8 25-49 229 [0.9457 Under _$25k x45 10.9547
Teens12.17 Kids _ 2-11 x24 lo.om Home/ Work 28 25-34 128 10.9228 Watk L5 10.9525
Aten 18+ 25-34 x28 ]0.9229 pos Visdor i a Day |Home x10 18-24 x27 10.84% Mountain 158 |0.9508
1624 New Eggland x51 ]?).’223 Work x11 Teens12-17 x25 |0.7379 55+ 231 10.9358
25-34 Consus on 18-24 x27 |0.’||l Home/ Work x12 Home/! Work y 18-24 127 |0.9162
25-49 55¢ x37 _]0.9048 per Visitor in a Monih [Home x13 Visdors {000) Home! Work x6 3 Peopie 242 ]0.8984
15-54 Teens12.17 125 [(0.0010 Work ALY Dot Visdos Home a7 Work 2} 10.8946
55+ 18-24 233 |0.8576 Home,. Work 15 Work 28 Teens12.17 225 10.8717 \ig.1015 (0001
Women 18« Home/Work y Per Ungue Page Home 216 Home! Work 2D New England x51 |0.8345 por Visior
1824 Vissors (000} Home/Work x6 Work a7 M Vistos i a D4{HOme x10 Home/ Work
25-M4 t Vesstor Home x7 Home! Work #ﬂ Work x11 Home/ Work x8
2543 Work 28 Pet Usage Day Hoine 219 1 Home! Work 212 Home 7 por vinior w1 a Day
15-54 Home/Work x9 Work x20 t Viszor in a M Home x13 Work 28
58 Det Visaor w1 2 Day Home x10 Home’. Work 21 Work x14 Home/ Work x8
Chwidren Work x11 Pet Usage Monih Home x22 Home/_Work x Home x10 por Visitor 10 a Manih
450 Chwigren Home/Work x12 Work n23 Per Unque Page Home x1 Work a1l
1Person Visaor i a Month [Home x13 Kids 211 n24 Work x1 Homel Work x12
2People Work x14 Teens12.17 x25 Home/ Work x18 Home 213 Per Lnigus Paje
IPeopie Home/Work x5 18-24 x27 Per Usage Day_JHome x19 Work 514
4People Per Unigus P. Home x168 35-54 230 Work x20 Home/ Work x15
Se Work 17 {55¢ 239 Home/ Work x21 Home 16 Pet Uisage Day
Unoer$25h Home/Work n18 118-24 %33 Par Montr| Home 222 Work 217
$254-39 & Per 0. Home x19 55¢ x37 Work 223 Home/ Work x18
$400-59 9% Work 1x20 3 People x42 Kids  2-11 224 Home x19 Par Usage Month
36074 9k Home/Work Fx2| Under $25k x45 55¢ Fu Work 220
$75k-$99 Oh Pac Manth Home %22 tousahont incoma {825k 38 Gk x48 Under 325k 245 Home: Work %21
$100K Work %23 New England 251 HOusanoKd mmglsmou 250 Home 222
New England IPeople x42 Census Regon Miodle Atlantic x52 New England x51 Work 223
Midie Attantc South Atlantic x53 South Atlantic 253 Consus Regon_|Middie Atlantic 252 Kids 211 x24 Cansus Regon
South Atlantic East South Central _|x54 |Eas| South Cenral {254 South Attantic x53 18-23 32
€ a3t Souh IWesl South Central_|x55 Wes! South Cenuad {x55 lEm South Central 154 55+« a7
Wesl South East North Central__ |x56 East North Central 1256 East North Central 256 East South Central 254
East North West North Central_ |57 Wesi North Central_]x57 Wesi North Central [x57 East Notth Central 258
West Noan Mountan x58 {Mountain x58 Mountan 258 West North Centrat__[x57
Mounian
Pactc 1 R
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Table X.7. Ranking First Eight Variable Using Potential Data Set by Web Page Caleggry (08/98 to 12/00)
3

1 2 4 L] [ 7 ]
Games & Reference
Heam Gameg & IsPrPora SEducaton Ecammerce
Hobby 8 Leanu
Chidren Present  [x38 MEN 18+ Men 18+ %26 b OMEN 18« iWomen 18+ x32 No Chutdren Presq 39 6 Prosence of Chird Cheddren Present (538
No Chiren Prese(x39 $256- 39 9k x46 25-49 %35 Presance of Chidren |Cluidren Present (238 No Chulgren Presqdx39
SA0K- 59 9x 247 | @ 360, 74 9k x48 MEN 18+ Men 18+ 226 [0.9008: :. $25k- 39 Gk 246 |0.90: MEN 18+ Men 18+ x26_10.9924
5+ Psople 244 |0.91 ZL‘ [Reach Home/."Work 21 |0.9729 35-54 x36 |0.984 +_People x44 10,989 $650h- 74 Ok x48 ]0.989
$560K-. T4 Gh 148 10.9917 No Children Prese]x39 |0.9727 35-54 x30 |0.979 Peopie x41_10.9887 $40h- 59 9h 147 J0.988 Ruacn *
$25K-539 9k 46 |0:004E\]Presence of Cruaren[Crildren Present [x38 [0-39088 ~JReacn % Home! . Work xt K NN S40k- 590k [x47 [0-0A8T .. $25h- 396k |x46 [0.9881
Men 18¢ x26_|0.0836 Pacific x59 i 25-34 x34 1083F8—Roach Home/ Work 11 100864 35-54 230 - JIUEN 18
35-54 30 Home x2 Home x2 MEN 18+ Men 18+ x26 }0.! South Atlantic x53 10.8882 ]
$754-399 On x49 35-54 x30 25-49 x29 35-54 238 2 Peopie x41 l@.__
Home/"Work x! $40K- .59 Ok 247 18-24 x27 4 People x43 Home x2  |D9BAS— T
Pacific 159 {0.9848 25-49 x29 10.9611 No Chikiren Present |x39 [0.9634 $60k- 74 9k x48 109816 Reach % Home/ Work x1 10.9844
Home 12 |0.9829 $75k-$99 Ok x49 |0.9587 25-34 x28 [0.9613 Pacific x59 |0.9808 Pacific x59 10983 [WOMEN 18+
2. People 241 |0.9828 $100K+ x50 |0.9511 Childcen Present x38 10.9605 Home x2 j0.9798 S+ People x44 10.9828
3 Peopie 132 [0.9821 JHousenoks Swce  [10°Person x40 {0.9401  |Presence of 2..Peopie Fu 0.9542 Househod Suze 1_Person x40 |0.9798 25-48 x29 [0.9827
2549 x20 10.9811 IWOMEN 18+ [Women 18¢ x32 10.9483 $60k-. 74 Bk x48 |0.9493 $75k-$99 9k x49 109787 WOMEN 18+ Women 18¢ 232 10.9826
$ 100k + x50 10.9792 ]Soum Attantic [xS3 _10.9457 55+ 1!31 0.9472 35-54 230 10.9784 Middie Atantc _ {x52 10.9828
4 - People x43 [0.978 2i_People x41 [0.943 Em-sm h x49 [0.9426 15100+ x50 [0.978 $75h-$99 9% x40 [0.9809
tUnder. $25k x45 [0.9778  JHousehod income  [Under. . $25k x45 10.9414 1_Person 240 [0.9412 WOMEN 18+ Women 18¢ x32 |0.9757 4 People x43 10.9787
Women 18+ x3)2 {0977 Middie Atiantic x52 |0.9385 Household Sue [S‘M' x50 {0.939% Household Income Under. $25k x45 10.9747 $100h x50 10.9759
1" Person x40 10.9765 25-49 x35_ {0.9362 Middie Allantic x52 10.9378 25-49 29 [0.9739 35-54 216 _|0.9754
35-54 x38_10.9747 35.54 x38 (0.9337 Work %3 10.9373 Work x3_[o.9723 Housenold Income |Under $25k 245 10.9734
2549 x35 |0.9726 5¢..People xd44 109334 West South Central |x55 [0.9183 25-49 x35 |0.9685 25-49 x15 10.973
25-34 x28 |0.9680 4:.People x43 _]0.9261 Home/. 'Work y 3:.People x42 0.9643 Work x5 10.9729 HOusetukt IN ot
Work x3)_|0.9658 25-34 x28 [0.9139 Vishors (000} Home/. Work x6 25-34 x28 10.9621 West South Centr{x55 [0.9705
[Wast South Centralz55 |0.9637 West South Centrdx55 |0.9137 per Vistor Home x7 _{west South Centr{x55 [0.9611 25-34 x28 10.9698 Census Regun
55¢ 131 _|0.0834 Work 2} |0.0918 Work 8 55¢ x31 09548 Househokl Size 1 _Person x40 10.9694
25-34 x34 10.9484 Jvisaors (000} Home/ . Work Home/..Work x9 18-24 x27 |0.9527 Mounitan x58 {0.9658
18-24 x27 10.9323 Visor Home/. :Work x6 i Visso i 3 DaHome hw Teensi2:17 x23 10.9329 18-24 127 10.9597
Teensi12-17 x25 10.92¢8 F" Home a7 Work [x11 Visstors (000) Home/ Work 3 People 242 |0.9573 Prasence of Chiaren
rds __2.11 24 fosss2 | Work 17-_3 |Homes Work x12 1t Vistor Home! Work _ [x6 2534 234 [0.9568
Home!. Work y IE Visaorn 3 Cay |Home/ Work xg Joet Vistor n a tAdHome FIJ F Home x7 West North Centr{x57 10.9501 1aousenoks Sie
Home/” Work L Home 210 (Work x14 l Work %8 Work x3  10.0479
Home 27 1 Work x11 Home/. Work x5 FM vistor i aDay  [Home! Work |29 55+ x31 (09477
Work x8 Visaor i a MonthjHome/ Work %12 Per Unque Page [Home 216 Home 210 East North Centrqx56 0.9432
Home/ Work G Home x13 Worth x17 Work a1 18-24 233 109124
Home x10 Work x14 Home/ Work 218 pot Visdol i a tonin_|Home/ Work x12 Kuds 2.1 x24 [0.8979
Work a1 Per Unque Page Home/ Work x15 Per Usage Day {Home x19 Home %13 Teens12-17 225 10.8867 Vistors (000)
Home/ Work x12 Home x16 Work %20 Work 214 Visitors (000) Home/ Work y et Visiot
Home x13 Work x17 Home/. Work 21 Pet Unque Page Home! Work x15 per Visdor Home! Work xb
Work x14 Per Usage Day Home/ Work __ [x18 Per Usage Montii] Home x22 Home x16 Home 7
Home/ Work x15 Home x19 Work 223 Work x17 Work 28 1 \isitor in a Day
Home x16 Work 1x20 Kids 2.1 x24 Pet Lisage Dby Home/ Work 218 r Visior in 3 Day|Home! Work 29
Work x17 Per Usage Monin__[Homes: Work _ [x21 Teens 1217 x25 Home 219 Home x10
Home/ :Work x18 Home x22 18-24 x33 Work x20 Work all ot Viador in @ Month
Home 219 Work x23 §55¢ 237 Per Usage Moath Home/. Work x21 Jpot Vistor in a Mon{Home/ Work x12
Work 220 Kids 2.1 x24 3 Poople 242 Home %22 Home x13
Home/. Work x21 Teens12-17 x25 4~ People x43 (Work x23 Work x14 Pe: Ungue Page
Home 122 16-24 x27 5¢." Peopie x44 Kigs 2-11 x24 [Per Unque Page [Home/ Work x15
Work 223 55¢ x31 Under $25k x45 18-24 [x33 Home %16
18-24 %33 18-24 x33 Housenokt Incom| $25k-. 38 Sk x48 25-34 Ip‘ Work a7 Par Usage Day
55¢ x37 25-34 ﬂ'-:u $40k- 59 Ok x47 55¢ 237 Per Usage Day __|Home! Work x18
New England x51 55¢ J:I? New England x51 Consus Regon New England x51 Home x19
Misde Atlantic 252 3. Pacple x42 Consus R South Atlantic x53 Middie Atlantic |52 Work 220 Par Lisage Month
South Atlantic 153 Census Reguon New England x5 [Easl South Central |54 [South Atlantc x53 'ar Usage Montn [Home! Wark 221
East South Central 154 East South Centrala54 East North Central _ |x56 IEasl South Centax54 Home 222
'Es! North Central {156 Ea3t North Centragx38 West North Cenvral 357 East North Cenualx56 Wotk 223
West North Centrai]a 57 West North Centrg]x57 lMounlam 258 Wesl Noith CentsdaS7 55¢ =37
Mountan x58 IMounmn x58 Pacfic 259 Mountain 158 Census Regon New England 251
East South Centri]x54
L I
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Table X.7.Ranking First Eight Variabie Using Potential Data Set by Web Par Cal {08/98 to 12/00)
1 2 3 4 L] [ 7 8
Teens & News & Travel &
Young m informaton Ouung & Women
Aduit &Media Leswre

$25h- "39 9k 246 ¥ Presence of Crutaren _[Chidren Present  1x38 Children Present x38 [MEN 18+ {Men 18+ b6 $25k._ 30 0% x46 JUCPET:
$40k- 59 Gh 147 No Chudren Presengx9 No Chilaren Present [x39 No Chilkdren Presen $40k- 59 9k x47 [0
Pacific x59 MEN 18¢ Men 18¢ %26 1Men 18¢ x26 o . JPresence of Chudrerd Cluldren Present  [0.9805 Pacitic x59 10.9694
$60k- 74 9% 148 [0.9821 JWOMEN 13+ Women 18+ x32 [0.9712 JHome/. .Work x1 _ |0.9859 25-49 D.9738 $60h- 74 Oh x48 |0.9693
Home/~Work xl 9812 $754-$99 h x49 |0.9682 {S40x- 59 9k x47 10.9598 $60k-. 74 Bk 0.9733 Home x2 9632
3 Poopls 242 109808 fReacns Home/ Work x1_|0.9618 12 People 241 10.9574 [WOMEN 18+ Women 18¢ 0.9709 $756-599 Ok 48 109578
Men 18+ 326 10.9803 125-49 x35 [0.9599 JWomen 18+ x32 ]0.9528 Reach % Home/: Work 9890 5+ People x44 |0.9558
South Attantic 153 |0.9778 LSGOK 74 9% x40 [0.9588 [$25k-.:39 Ok x46_10.952% 35-54 9841 [Housenok income |Under $25k x45 10.953
Muidie Atlant.c x52_10.9764 25-49 x20 [0.9581 ]35-54 x30_|0.9519 25-34 8592 fWOMEN 18« Women 18¢ x32 |0.9486
Home x2 10.9781 35-54 x30 [0.9572 [Pacific x59 {0.9518 35-54 0.9569 2 _People x41 85
[§75&-59§ .3 x49 10.9738 2. .People 241 ]0.957 Home x2  10.9502 25-49 0.9557 3 People x42 10.9462
Women 18+ 232 |0.9729 ]8¢.:People x44 10.9482 [860k...74 9% 148 |0.9492 Home 0.9530  {Househoxa Sue |1 Person x40 {0.9432
25-49 %29 10.9718 35-54 x36 [0.9477 |5+ People x44 10.9488 2. People 0.9525 35-54 x36 |0.9379
35-54 230 [0.8705 25-34 x34 {0.9453  [$754-300 0k x40 10.9485 $40k- '59 Ok 0.9387 $100h+ x50 [0.9378
4~ People x43 [0.9476 Home x2 0.9443 [25-49 x35 10.9448 4..People 0.9331 25-49 x35 (08372
West South Central  |258 {0.965 $25%.039 9k x46 |0.9411  ]35-54 x38 10.9448 Middie Atlaniic 0.9318 Middle Atlantic x52 [0.9343
E‘Tﬁ' 150 ]0.9648 Pacific x50 [0.939 25-49 x29 _|0.9408 South Atlantic 0.9291 4 _People x43 |0.9298
25-49 235 |0.9838 l!tlnw x50 10.9383 [Middie Atiantc x52 10.9343 Housahokt Suze 1 .Person 0.9232 25-34 x34 {0.9148
35-54 %368 [0.9601 [Household Sus 15 Person x40 10.9358 Il. -People x43 10.9262 $25k- :38 Sk 0.9224 IMEN 18+ Men 18¢ x26 10.9078
5+ People 144 _10.9601 4. :Pecple x43 10.9358 ]25-34 x28 10.922¢ SeiP 0.9217 West South Centrafx55 10.9029
East North Central  [256 10.9588 25-34 x28 1. Person x40 |0.9159 $75h-$99 Ok 0.9201 Work x3 |0.8996
2. Py 241 10.9540 Work x5 x34 10,8988 25-34 0.9116 35-54 230 |0.8897
Under “$25k 145 10.9533 Mountan x58 242 ]0.0961 155+ 0.8844 25-49 x29 10.879
25-34 128 ]0.9528 18-24 x27 x50 10.8917 Visdots (000) Work 0.8645 55¢ x31 10.8762
New England x51 |0.9405 Work x3 x31 |0.8885 Work 0.8284 South Atlantic x51 ]0.8578
Work x5  10.9488  Jvisaocs (000} Home/ Work y Work 25 ]0.8863 18-24 0.8139 25-34 x28 ]0.8329
No Chiaren Present |19 |0.9438 Visaor Home/.. Work x6 Work x)  |0.8348 Visaors (000) Home! Work Vrsaors (000) Home! Work y

West North Central  [x57 10.9408 Home x? 18-24 x27 ]0.8321 per Visaor Home/” Work par Visitor Home! Work x8

Chidren Present  [x38 Jo93se | Work x8 Mountain x58_]0.8309 Home Hone: 7

25-34 134 109354 Visor i a D Home/. . Work 9 18-24 233 [0.7217 ‘Work Work 2B

1.:Person x40 10.9341 I Home x10 Home/. Work 1 Visos in a Day |Home! Work pet Visdo n a Day|Home! Work 29

85¢ a3t fosas | Work x11 Home! “Work x8 F Home Home x10

Work 2310922 Jour Vistor i a Montn[Home!!:Work hnz Home x7 1 Work Work x11

18-24 x27_[0.9037 Home Ix13 (Work x8 hv-uu n a Moni{Home/_ Work per Vistor in a Mor{Home! Work x12

18-24 x33 [0.8042 Work Fu Home!..Work 29 Home Home x13

Teens12-17 225 [0.7264 [Pet Unque Page Homa/ “Work xt5 Home x10 Work Work 214
Home/."Work y Home |x18 Work x4 Per Unque Page |Home! Work Per Unaue Page |Home/ Work x15

Home/. Work 26 Work n17 Home/ Work x12 Home Home x16

Home a7 Por Usage Day Home!~Work x18 Home x13 Work Work 17

Work 18 Home x19 Work x14 Per Usage Day Home/. Work Per Usage Day Home! Work x18

Home/. - Work 19 Work x20 Home/ Work x15 Home Home 219

Home 210 Per Usage Month Home/ : Work x21 Home x18 Work Work x20

Work x11 Home x22 Work x17 Pe: Usage Month _|Home/. Work Por Usage Monin Home! Wark x21

Home! Work 112 Work x23 Home/ .Work x18 Home Home x22

Home =13 Kids  2-11 24 Home x19 Work Work x23

Work, x14 Teens12.17 x25 Work 220 Kids _ 2-11 x24

Home/ "Work 215 55+ x3 Home/: ' Work 221 Teens12-17 %25

Home 118 18-24 x33 Home a22 18-24 227

Work 7 JED |37 [Work x23 18-24 233

Home/~ Work 18 3. x42 Kids  2-11 x24 Kids  2.11 55¢ %37

Home x19 Househokd income Under."$25k x45 Teens12-17 x25 Teens12-17 Prasence of Chadrd Chuldren Present  [x38

Work «20 $40k- 59 9k x47 55¢ 237 18-24 No Chuldren Presen{39

Home/ Work 221 Consus Regon New England 51 Under..$25k 245 55+ Census Regon  |New England 251

Home x22 Middle Atiandc I-sz INew Englang x51 3. People East South Central [x54

Work x23 South Atlantic x53 South Atlantic x53 t Income_{Under: . $25k East North Centrat |x56

Kids 2.1 224 East South Central {x54 East South Central _[x54 $100k+ West North Central{a57

55+ 237 West South Central [x55 West South Central {55 Census Regon New England M x58

Fasl South Central _[x54 East North Central [x58 East North Central _ [x58 East South Central

Mountain x58 West North Central [x57 West North Central _ [x57 West South Central

| 1 |
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Table X.8.Ranking First Elﬂvmahlo Using Actual Data Set by w.b-PagLo Catogory (08/98 to 12/00)

4 5 6 7 8
14 Web-Site Ants&
Category Resuit Entertainment&M Automotive
Using Actual Data usic&Sports
fuNiQUE VISITOR  [Home/Work REACH FREQUE]Home/Work x1 098 REACH FREQUENQHome/Work x1 0.9 REACH FREQUENC]|
JREACH FREQUENCY]Home/Work No Children Present |{x21 18-24 x15 REACH FREQUENC|
|reacH FReQUENCY]Home Children Present |20 SEARIREACH FREQUEN(Home x2_ 10:9813.. .
JREACH FREQUENCY|Work REACH FREQUE[Home x2 25-49 x11_10.9129
JuniQue visitor — [Home 5+People x26 Women 18+ x14 09121
Junicue visitor — [work 25-49 x17 25-49 x17 ]0.9083
Kids 2-11 $25k-39.9k x28 Men 18+ x8  10.693 - -
Teens12-17 Women 18+ x14_|0I196 35-54 x18 _ |D.8B21
Men 18+ Men 18+ x8 |09 REACH FREQUENG]Work x3  |D.87n17
18-24 Pacific x41 [0[96B4 1Person x22 |87
25-34 $40k-59.9k x29 [0/9¢ West South Central [x37  [DL88024
25-49 $60k-74.9k x30 |0.9576 5+People x26 10.8266
35-54 2People x23 [0.9571 Chikdren Present x20 ]0.8259
55+ 35-54 x12 }(0.954 No Chikdren Prasent |x21 [(0.8194
Women 18+ 3 People x24 10.9538 25-34 x10 |0.8139 |REACH FREQUENC
18-24 35-54 x18 {0.9524 $75k-$99.9k x31 ]0.8049
25-34 Under. $25k x27 10.9516 35-54 x12 ]0.7974
25-49 UNIQUE VISITORWork x5 0.9509 $100k+ x32 (0.784
35-54 25-49 x11  ]0.9492 Pacific x41 10.782
55+ $75k-899.9k x31 |0.9487 $40k- 59.9k x29 {0.7809
Children Present $100k+ x32 ]0.9475 South Atlantic x35 [0.7783
No Children Present 4. People x25 10.9354 3. People x24 |0.7558
1Person 25-34 x16 10.9286 $25k- 39.9Kk x28 10.7522
2People REACH FREQUE]Work x3 0.9137 Under $25k x27 10.7352
3People 1_Person x22 |0.9124 25-34 x16  10.7261
4People 55+ x13 ]0.9049 $60k- 74.9k x30 ]0.709
5+People 18-24 x9 10.8928 4 People x25 10.7044
Under$25k 25-34 x10 ]0.8928 55+ x19 10.6635
$25k-39.9k Middle Atlantic x34 ]0.8906 2 People x23 10.6543
$40k-59.9k South Atiantic x35 [0.8859 18-24 x9 0.5703
$60k-74.9k Teens12-17 x7 0.8598 55+ x13 ]0.5608
$75k-$99.9k Kids 2-11 x6 |0.8412 Mountain x40 ]0.5458
$100k+ 55+ x19 10.8412 Teens12-17 x7 0.5392
New England Mountain x40 10.8399 Middle Atiantic x34 10.5189
Middle Atlantic 18-24 x15 ]0.7329 Kids 2-11 x6 0.4955
South Atlantic East North Central  |x38 |0.7081 East North Centrat  {x38 ]0.3818
East South Central west South Central |x37 |0.6753 East South Centrat  {x36 [0.2574
Waest South Central New England x33 10.6192 New England x33 {0.2257
East North Central waest North Central [x39 |0.6071 West North Central  [x39  [0.2213
Waest North Central East South Central  |x36 [0.4317 UNIQUE VISITOR  |Home/Work y UNIQUE VISITOR
Mountain
Pacific




‘uoissiwiad noypm payqiyosd uononpoidal Jayung “Joumo ybuAdos aui jo uoissiwied yum peonpoidsey

6¢1

cont.... Table X.8. Ranking First Eight Variable Using Actual Data Set by w.b¥ﬂe Cau!ory (08/98 to 12/00)

1 2 3 4 5 6 7 8
Computer& . Games&G
Tech.& fii‘::llty\ aming&
intemet
Home/Work x1 REACH FREQUHome/. Work x1 R REACH FREQU§Home/Work x1 0.976 Men 18+ x8
Home x2 REACH FREQUHome x2 |No Chikdren Presen|x21 REACH FREQUENHome/Work x1
Women 18+ x14 5+.:People %26 i |men 18+ x8  [0:9873:REACH FREQUENHOme x2
Men 18+ x8 Women 18+ x14 10.97 [Chitdren Present  [x20 {0.9646 25-49 x11 0.
35-54 x18 |0.9716 25-49 x17 10.9688 REACH FREQU{Home x2 ]0.9641 35-54 x12 10.96 REACH FREQUY
No Children Present  [x21 Men 18+ X8 |0,08020 Women 18+ x14 [0;953\ $60k- 749k [x30 [0.9821 |REACH FREQU
25-49 x17 [Ehsﬁ\\? 35-54 x18 [&%ﬁx‘:@;\; 5+People x26 [0.9519:; Women 18+ |x14 |0.9429
Children Present x20 N\ $25k- 39.9k x28 oo JUNIQUE VISITO{Work x5 0496 $25k- 39 9k x28 10,942
25-49 x11 Children Present |x20 [ = 25-49 x11 [0:846%1> $75k-599 9k x31 [0.9393
5+(-People x26 [0RG0A No Chikdren Presqx21 CCASRN $25k- 39 9k x28 |0.9422 Pacific x41 10.9374
Pacific x41 S\ $75k-$99.9k x31 [OQR3L $40k- 59.9k x29 10.9419" 5+ People x26 10,9373
35-54 x12 10.9536 $60k-..74.9k x30 }10.9526 Pacific x41 10.9407 Under $25k x27 ]0.9363
$40k-{%59.9k x29 10.95243 $100k+ x32 ]0.9506 35-54 x12 ]0.9401 3 People x24 ]0.9304
$25k-."39.9k x28 10.9518 3(People x24 10.9478 $60k-. 74.9k x30 ]0.9299 West South Centdx37  10.9249
Work x3 ]0.9501 25-49 x11 10.9468 2 ,People x23 ]0.9285 35.54 x18 [0.9232
27 Peopie x23 ]0.9483 JUNIQUE VISITWork x5 ]0.9452 Under..$25k x27 [0.9254 JUNIQUE VISITOR |Work x5 ]0.9226
Under. $25k x27 10.9382 $40k- 59.9k %29 10.944 $75k-399 9k x31 10.9251 25-49 x17 10.9218
25-34 x10 10.9337 Under. :$25k x27 (0.9439 25-49 x17 10.9215 $40k- 59.9k x29 0.9107 JUNIQUE VISITO
$75k-$99.9k x31 {0.9324 Pacific x41 10.937 South Atlantic x35 ]0.9198 No Chiidren Presdx21 [0.9006 |
3.:People x24 10.9274 2!.Pecple x23 10.9345 4.:People x25 ]10.9075 $100k+ x32 10.8973 [REACH FREQU
$60k- . 74.9k x30 |0.9236 35-54 x12 {0.9334 $100k+ x32 10.8962 Children Present {x20 |0.893
Waest South Central x37 10.9164 South Atlantic  [x35 }0.9208 Waest South Central|x37 (0.8929 2 People x23 (0.8911
4 People x25 10.9043 25-34 x10 {0.9133 REACH FREQU{Work x3 {0.8928 JREACH FREQUENWork x3 ]0.8846
$100k+ x32 [0.9034 JREACH FREQUWork x3 ]0.9027 35-54 x18 }0.8881 25-34 x10 |0.8764
55+ x19 10.9015 25-34 x16 10.9014 3. ‘People x24 10.8807 4 People x25 10.8537
25-34 x16 10.889 [Middie Atlantic  [x34 {0.8983 25-34 x10 10.8746 25-34 x16 10.8264
18-24 x9 |0.8762 1.)Person x22 ]0.8936 25-34 x16 ]0.8501 55+ x13 ]0.8158
Middle Atlantic x34 |0.8753 4.;Pecple x25 10.8857 1. Person x22 0.8492 1 Person x22 10.8137
South Atlantic x35 {0.8733 55+ x13 |0.8842 Middie Atiantic x34 [0.8283 Middie Atlantic  |x34 ]0.7962
17-Person x22 ]10.8616 [Mountain x40 [0.8272 |East North Central [x38 ]0.8211 55¢ x19 ]0.7321
Mountain x40 ]0.826 55¢ x19 10.8234 Mountain x40 ]0.8104 18-24 x15 ]0.72593
55¢ x13 10.7867 Teens12-17 x7 10.8211 Teens12-17 x7  {0.8101 18-24 x9 10.7056
Kids 2-11 x6__10.7601 18-24 x9 ]0.8012 18-24 x9__|0.8067 Teens12-17 _ |x7  10.7015
18-24 x15 10.7494 West South Cent]x37 |0.7786 Kids 2-11 x6 [0.7931 Mountain x40 [0.6704
Teens12-17 x7 10.7273 |East North Centra x38 [0.7674 55+ x13 10.7626 Kids 2-11 x6 ]10.6225
New England x33 10.6689 18-24 x15 10.7267 West North Central {x39 |0.6642 South Atlantic  [x35 |0.6097
West North Central x39 (0.6388 New England x33 |0.6975 55+ x19 (0.6467 East North Centraf x38  [0.3219
East North Central x38 10.6009 Kids 2-11 x6 10.6912 New England x33 10.6172 New England x33 ]0.2636
East South Centrat x36 10.3199 Waest North Centr{x39 [0.6401 18-24 x15 10.5945 West North Centrgx39  10.2033
Home/ Work y East South Centrdx36 [0.4481 East South Central {x36 {0.5882 East South Centrdx36 |0.1205
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cont...Table X.8.Ranking First Eight Variable Usln% Actual Data Set by Web-Page Catog:ry (08/98 to 12/00)
1 2 3 4 5 6 F 7 )
News & Reference & Sear:h
ISP/Portal Information Education & Eng n;a S
&Media Leaming
Women 18+ x14 VL1 B REACH FREQUHome/Work | x 1 0.984 REACH FREHome/Work | X1 0.96 REACH FREQHome/Work  |x1 0.9 REACH FREQQHome/Work  |x1
25-49 x17 REACH FREQUHome x2 REACH FREHome x2 Men 18+ x8 JREACH FREQHome x2
35-54 x18 0:9803: Men 18+ {x8 : No Children [x21 19221 women 18+ |x14 |0.9488" | Men 18+ x8
Men 18+ x8 0.979 women 18+]x14 10.9042 Children Pre{x20 ]0.916 1 25-49 x11 ]0.9475 Pacific x41
Home x2 0.97 25-49 x17 ]0.9034 Women 18+/x14 10.9158 JREACH FREQHome x2 10.9463 $25k- 399k [x28
Home/Work x1 0.967 Pacific x41 10.9001 Men 18+ |x8 {0.9022 25-49 x17 [0.9415 Women 18+  |x14
25-34 x16 0.9579 No Children |x21 ]0.8956 35-54 x12 ]0.8784 35-54 x12 10.9195 25-49 x11
S+Peopla x26 0.9434 [REACH FREQUIWork x3 10.8936 $60k-..74.94x30 10.8655 §+ People |x26 10.9141 $60k- 74.9x  }x30
35-54 x12 0.9419 Children Pre]x20 ]0.8895 25-49 x11 ]0.8624 $100k+ x32 ]0.9139 Under $25k  [x27
$60k-74.9k x30 0.93 $75k-599.9k[x31 ]0.8854 5+ People |x26 ]0.8622 Kids 2-11 x6 |0.9055 JREACH FREQWork x3
18-24 x9 0.9283 35-54 x12 ]0.8851 REACH FREWork x3 |0.8605 35-54 x18 ]0.9021 35-54 x12
25-49 x11 0.9246 25-49 x11 ]0.8813 25-49 x17 10.8507 3. People x24 ]0.8935 25-34 x10
3. People x24 0.9244 5+()People |x26 ]0.8805 $75k-$99.9k|x31 [0.8492 $60k- 74.9x |x30 [0.8917 $100k+ x32
$75k-$99.9k x31 0.9242 35-54 x18 ]0.8792 4 People {x25 10.8448 25-34 x16 10.8662 5+ People x26
55¢ x13 0.9234 $25k-239.94x28 {0.87 1. Person |x22 (0.8429 REACH FREQWork x3 10.8564 $40k- 589k  |x29
$100k+ x32 0.9133 20:People  [x23 ]0.8483 Under .$25Kx27 ]0.8384 $75k-$99.9k [x31 ]0.8507 $75k-599 9k |x31
Under. :$25k x27 0.9102 $60k-.74.9dx30 [0.8361 Teens12-17{x7  {0.8305 Pacific x41 10.843 No Children Pre{x21
Work x5 0.8787 $100k+ x32 0.8357 2 People [x23 ]0.8236 $25k- 399k [x28 [0.8368 Children Presen{x20
Teens12-17 x7 0.8769 Under:-$25x27 10.8329 $100k+  Ix32 ]0.8234 25-34 x10 ]0.8315 25-49 x17
Work x3 0.8657 $40k-(159.94x29 10.8137 South Atant§x35 10.811 55+ x13 |0.8253 2 People x23
$25k-1"39.9k x28 0.8623 25-34 x16 ]0.8092 35.54 x18 0.8082 Under $25k |x27 ]0.8232 35.54 x18
25-34 x10 0.86 25-34 x10 |0.7977 Pacific x41 [0.8074 Chikiren Prese{x20 {0.8134 Middie Atiantic {X34
Middie Atlantic  |x34 0.857 3" People [x24 |0.792 East North dx38 |0.7965 No Children Pr{x21 0.8067 1 Person x22
55¢ x19 0.8569 4..Peopie [x25 ]0.7839 $25k- 39.94x28 ]0.786 Middle Atlantic{x34 {0.772 4 People x25
Mountain x40 0.8104 10Person  [x22 {0.7444 3 People |x24 |0.7751 South Atiantic {x35 10.7695 25-34 x16
Children Present {x20 0.8066 55+ x19 10.7311 Middle Atan{x34 10.7731 4 People x25 10.7583 3 People x24
$40k-59.9k %29 0.8053 Middie Atlan{x34 |0.7105 25-34 x10 ]0.7606 $40k- 59.9% [x29 [0.7424 South Atlantic  |x35
No Children Prese{x21 0.8013 South Atan{x35 |0.6987 West South {x37 10.7198 2 People x23 {0.7341 55+ x13
18-24 x15 0.8007 55+ x13 ]0.6892 55+ x13 |0.7178 55+ x19 ]0.727 Mountain x40
South Atlantic x35 0.7598 18-24 x9 0.6841 25-34 x16 10.6832 Mountain x40 (0.7043 18-24 x9
Kids 2-11 x6 0.7423 Teens12-17]x7 0.6483 Mountain  [x40 ]0.6655 18-24 x9 10.6484 west South Cen{x37
Wast South Centrd x37 0.7282 West South §x37 ]0.5836 18-24 x9 |0.8615 Teens12-17 {X7 |0.6195 55+ x19
1('Person x22 0.7257 Mountain  {x40 10.4812 55+ x19 10.5011 1. Person x22 {0.5734 Teens12-17  |x7
2-Peaple x23 0.7049 ids 2-11 [x6  [0.4498 18-24 x15 ]0.4926 East North Cer{x38 10.5385 East North Cent{x38
~ |Pacific x41 0.6787 East North x38 10.3803 Kids2-11 _|x6 10.4827 18-24 x15 10.5064 18-24 x15
4~People x25 0.6513 18-24 x15 [0.3324 New Englandx33 {0.4652 New England |x33 }0.5014 West North Cen{x39
New England x33 0.4156 West North {x39  10.2894 West North {x39 ]0.3902 West North Ce{x39 |0.452 New England  |x33
East North Central|x38 0.4033 New Englandx33 10.279 East South {x36 |0.3815 UNIQUE ViSI|Work x5 10.434 Kigs 2-11 x6
Waest North Centr x39 0.3981 {East South 4x36 ]0.2656 $40k-..59.94x29 |0.242 East South Cex36 |0.2696 East South Cent|x36
East South Centra|x36 0.3232 JuNIQUE VISITQHome!/.  Worly {UNIQUE VIHomes Worly UNIQUE VISi{Home/ Work |y UNIQUE VISITHome/ Work |y
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Table X.9. For Leading Group First Highest Eight Variabls From Each Data Category

Tabile X.10. First Three Highest Leading Characteristic Base on Varisble Category

% Ith Highest Is.wnd Highest Highest
Characteristics ‘ Characteristics | Characteristics
Males (18+)
Females [Age (18+)
Household Size People
Household Income $25K-$40K
jion Pasific
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Table X.11.SUMMARY OUTPUT FOR LEADING INDEX REGRESSION (Equation # 3)

= -21829+1.38*(Men18+) + 1.86°(5+People) +0.53°(F25-49)+0.33(YesChildrenPresent)
(6.62) (6.32) (2.49) (1.29)

- 1 M—L&-—H-A .."»?.-7 ,
Multiple 0. 7
R Square 0.99075799
Adjusted R Square 0.9892176S5

Standard Error 796.401466

Observations 29

ANOVA

Regression 1631835525 407958881 643.20926  5.00519E-24
Residual 24 152221271 634255.3

Total 28 1647057652

e

"-15594.42

" .21829.163  3020.858025 -7.226147 1.819E-07

Men 18+ 1.38245526 0.208587718 6.6276925 7.436E-07 0.95195146 1.8129591
S+People 1.86843556 0.295343304 6.3263177 1.S36E-06 1.258877082 2.4779941
25-49 0.53261071 0.213759762 2.4916322 0.0200235  0.0914323368 0.9737891

Children Present  0.33073202 0.267451044 1.2366077 0.2281979 -0.221259692 0.8827237

f——roreion —o=rreaces onw (SN
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Table X.12.SUMMARY OUTPUT FOR LEADING INDEX REGRESSION (Equation #4)

Y= 9328+0.68*(Women18+) + 0.03*(Pacific) +1.31*(NoChildren) + e )
(4.45) (0.37) (11.46)
Muttiple R 0.99
R Square 0.99
Adjusted R Square 0.99
Standard Error 878.43
Observations 29.00
ANOVA
Regression 3 1627766790.065 542588930.02 703.17 0.00
Residual 25 19290862.099 771634.48
Total 28 1647057652.165

Women 18+
Pacific
No Children Present
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Table X.13. Online Web_Ad Spending

Year $Millions % YtoY
1997 906 -
1998 1,500 65%
1999 3,000 100%
2000 4,500 50%
2001 7.000 55%
2002E 10,000 43%
2003E 14,000 40%
Tabie X.14.Global Online Ad Spending, 1999-2005 US Dollars (in millicas)
1999] 2000] 2001 2002 2003] 2004 2008]
North America 3,509 5.390] 7444 9,768 12237] 14623 16,913}
[Western Europe 434 906 1,535 2,258 3,118 4,111 5.263]
Asia 225 502 880] 1,375 1,922 2,556 3,324]
JLatin America 52 127 240] 402 628 888 1,168]
JAustralia/ New Zealand 24 74 135 208 288 373 462
[Other 9 28 61 118 211 351 578
‘otal 4,253 7,027 10,296 14,129 18,402] 22903] 27,7
%. Jopiter Commmnications T | | |
Table X.15.Top Sites by Online Ad Revenue
te 2001 Reven
Yahoo $344,023,858
AOL.com $319,966,842
Excite $126,839,443
ILycos $111,071,976
Netscape $108,045,556
AltaVista $77.584,031
WebCrawler $57,455.361
ESPN.com $44,115,749
MSN $33,638.416
Weather.com $31.813,112
Searce: CMRI
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4

Universe
Population

65,000,000

uDecember 1999)

Potential
Reach
Data Set

(27/7 Media
37,688,000)

Actual
Reach
Data Sets

(24/7 Media
25,219,000)

All Domain Web-Page August 1998 ... December 2000
Name Categorv List
Variables List
] Males 12+
Ant-Entern. :; Males  12-17
Auto Males 18-34
R Business-Fi Males 35-49
24/7 Media C:n'l';f“zr nance Males 500
Adsmart Family Females 12+
BurstMedia Games Females  12-17
DoubleClick ISP Females  18-34
Engagc Media Reference Females 3549
' ValueClick Shobpin Females 50+
Flycast T PPINg Children-2-11
. eens
Excflc Adv.Net. Search-Engine Household Size
Excite-Home Ad Travel
Pogo.Com News } person
Real Media Women 2 persons
Xoom Netw. 3 persons
StartPath 4 persons
Mail.Com d+ persons
. - Household Income
Link Exchange - $25.000
$25,000 - $39,999
$40,000 - §59,999
$00,000 - $74,999
$75.000 - $99,999
$ 100,000 +
Presence of
Children
Yes-Children There are 40
No-Children variables
Census Region
New England . ariall
24/7 Media Middie Atlantic Run Single Vunt:blu
Adsmart South Atlantic Regression for each
BurstMedia Arnt-Entern. East South Central ch'P“SC Category
: West South Central or Domain Name.
DoubleClick Auto . e
Engage Media Business-Finance East North Central Pick The First Eight
gage 1 Computer West North Central Highest R-square,
ValueClick X Mountain . - .
Family | for each variable
Flycast Pacific Repeated same
Excite Adv.Net. Games Connection P N -
Excite-Home Ad ISP process for LAG(1)
Pogo.Com Reference - - ¢quation.
Reﬁl Media Shopping Variables List To fmd \f'lrucl\
Xoom Netw. Teens Males 12+ variable is the most
StartPath Scarch-Engine mu:cs :il‘z of the times
. alcs ..
Mml'com Lra\'d Males 3549
Link Exchange Wc(::;:en Males S0+

Females 17+
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